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Abstract

Traditional Chinese Medicine has played an indispensable role in clinical diagnosis and
treatment. The tasks of syndrome differentiation and disease diagnosis, as well as Tra-
ditional Chinese Medicine prescription generation, involve two challenging problems:
multi-label syndrome-disease classification and herbal prescription recommendation.
Due to the lack of high-quality annotated data, previous methods often rely on ex-
ternal resources, which may lead to outdated or inconsistent knowledge. To address
this, we propose a hybrid augmentation strategy that integrates large language models
with controllable text generation. Specifically, by designing data augmentation based
on vocabulary independence and fine-tuning large models for controllable text genera-
tion, a high-quality extended dataset is constructed on the basis of a small number of
annotated samples. We then apply LoRA-based fine-tuning to adapt the model to the
task. Experimental results demonstrate that our approach achieves scores of 0.553 and
0.4515, respectively, showing competitive performance without the need for additional
external data.

Keywords: Syndrome-disease classification , TCM prescription generation ,
controllable text generation , large language models , data augmentation
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