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Abstract

The proliferation of misogynistic content on
social media platforms is a serious problem
that requires the development of automated de-
tection systems, which is a challenging task
for low-resource languages like Tamil. This
study investigates the effectiveness of multilin-
gual transformer models for identifying abusive
Tamil text targeting women in social media. Re-
sults indicate that such models achieve strong
baseline performance on this task. Furthermore,
an ensemble of two best performing models
was found to improve the classification perfor-
mance further. The results also highlighted the
significance of domain-specific pre-training for
improving classifier performance. The best per-
forming ensemble model achieved a weighted
F1 score of 0.83 on the test set, placing our
approach in first position in the shared task.

1 Introduction

Of late, social media has become an overwhelm-
ingly accepted medium for dissemination of ideas,
communication and entertainment. However, its
widespread prevalence has also led to harmful be-
haviours like cyber bullying, hate speech, harass-
ment etc. This has led to many adverse effects like
psychological distress, marginalization of commu-
nities based on gender, religion, race etc. These
challenges emphasize the need for developing ro-
bust detection and mitigation mechanisms to iden-
tify, prevent and reduce the harmful impacts of
abusive and toxic content in social media environ-
ments.

Hate speech directed against women has become
a pervasive issue in contemporary online spaces,
reflecting deep-seated gender biases and discrim-
inatory attitudes. Such expressions often mani-
fest in various forms, including overt sexism, the
use of vulgar or abusive language, derogatory re-
marks aimed at undermining women’s opinions and
achievements, and subtle forms of belittlement or

stereotyping. The persistence of such content poses
significant challenges to ensuring safe, inclusive,
and respectful digital environments (Madhukumar
and Mohammed A, 2023). Systems for detecting
abusive content in social media have been widely
researched and deployed for English, but there is
a significant lack of resources and models for the
same in regional Indian languages. As such, de-
veloping reliable mechanisms to identify abusive
content targeted at women in regional Indian lan-
guages is a significant research problem.

A shared task of DravidianLangTech 2026 fo-
cuses on detecting abusive Tamil text aimed at
women in social media, and the organizers have re-
leased a dataset of comments in Tamil towards the
same. The dataset contains comments sourced from
social media which are classified as either Abu-
sive of Non-Abusive (Sivagnanam et al., 2026). A
number of multilingual transformers like mBERT,
IndicBERT etc., were fine-tuned on this dataset
and their performance were evaluated. The effec-
tiveness of AbuseXLMR (Gupta et al., 2022), a
domain-adapted transformer model pre-trained on
abusive speech corpora in several Indian languages,
was also assessed on this dataset. Finally, exper-
iments were conducted with an ensemble of the
two best performing transformer models to investi-
gate potential performance improvements through
model combination. The python code for the ex-
periments can be found in GitHub. '

2 Related Work

Several works for detecting hate and abusive speech
have been carried out for English texts, but the
suitability of these methods for regional Indian
languages like Tamil is under-researched. This can
largely be attributed to the paucity of high quality
labeled datasets in Indian languages.

"https://github.com/rameezp20005 I cs/DravidianLang Tech-
2026
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Shared tasks associated with HASOC
Chakravarthi et al., 2020, 2021, Dravidian-
LangTech Priyadharshini et al., 2022, 2023;
Premjith et al., 2024; Rajiakodi et al., 2025
etc. have provided datasets in multiple Indian
languages for hate and abusive speech detection.
These datasets have contributed significantly
towards research related to hate speech detec-
tion mechanisms for monolingual, as well as
code-mixed low resource Indian languages.

Saha et al. (2021) used multilingual transformers
like XLM-RoBERTA, MuRIL and IndicBERT as
well a BERT-CNN fusion model to classify code-
mixed offensive comments in three Dravidian lan-
guages - Tamil, Kannada and Malayalam. They ob-
served that a Genetic Algorithm based ensembling
helped improve the performance of the models.

Subramanian et al. (2022) evaluated the perfor-
mance of various ML models and transformer mod-
els on a dataset of Tamil Youtube comments and
found that transformer models performed better in
the task.

Gupta et al. (2022) released the MACD dataset,
which is a large scale annotated dataset of abusive
comments in five Indian languages. They further
released AbuseXLMR, a pretrained abuse detec-
tion model based on XLM-RoBERTa model, for
social media content in Indian languages, including
Tamil.

Sreelakshmi et al. (2024) studied different mul-
tilingual transformer models with the objective
of finding a single pre-trained embedding model
which can be effective in detecting hateful and of-
fensive language in code-mixed Kannada, Tamil
and Malayalam.

Habiba and Aghila (2025) used an LSTM based
approach for detecting abusive language in code-
mixed Malayalam and Tamil languages as part of
a DravidianLangTech 2025 shared task. Hanif et
al. (Hanif and Rahman, 2025) compared the per-
formance of multilingual transformer models for
the same task and observed that IndicBERT gave
the best results for both the languages.

3 Dataset Description

The datasets provided for the task contained Tamil
language text sourced from social media. The texts
were classified as either Abusive or Non-Abusive,
depending on whether the text implied misogyny
or not. Train and test datasets were made avail-
able separately by the organizers of the task. Both

Dataset | Abusive | Non-Abusive | Total
Train 1769 1883 3652
Test 441 472 913

Table 1: Dataset statistics

datasets are nearly balanced. The dataset statistics
are as shown in Table 1.

4 Preprocessing Data

An exploratory analysis of the text provided in the
datasets indicated low code-mixing. Preprocessing
of the text was done to remove URLs, hashtags,
email addresses, and extra whitespaces. Hashtag
symbols were also removed, but the associated key-
word text were retained since it may contribute
useful signals for classification.

S Methodology

Multilingual transformer models have been found
to be effective for offensive speech detection tasks
in low-resource languages like Tamil. Five multilin-
gual transformer models - XLM-RoBERTa (Con-
neau et al., 2020), mBERT (Devlin et al., 2019),
MuRIL (Khanuja et al., 2021), IndicBERTv2 (Dod-
dapaneni et al., 2023) and AbuseXLMR (Gupta
et al., 2022) were used for the classification task.
Of these models, XLM-RoBERTa and mBERT are
pre-trained on a wide variety of languages spo-
ken worldwide. MuRIL and IndicBERTvV2 are
pre-trained in Indian languages. AbuseXLMR is
pre-trained exclusively on abusive social media
comments in five Indian languages. The models
have all been pre-trained in Tamil, which makes
them suitable to be employed for the given task.
All models were fine-tuned on 80% of the training
dataset. 20% of the training set was designated
as the validation set and the model performance
was evaluated on the same. We fine-tuned mod-
els using the Hugging Face Transformers library
with PyTorch. AdamW was used as the optimizer.
The hyperparameters used for training the models
are as shown in Table 2. They were obtained by

Hyperparameters | Values
Learning Rate 2e-5
Epochs 7
Weight Decay 0.01
Batch Size 16

Table 2: Hyperparameters used for training
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Model Accuracy | Precision | Recall | F1 Score
mBERT 0.7836 0.7438 | 0.8446 | 0.7910
XLM-RoBERTa | 0.8098 0.7961 | 0.8164 | 0.8061
AbuseXLMR 0.8194 0.7761 0.8816 | 0.8254
MuRIL 0.8276 0.8295 | 0.8107 0.82
IndicBERTV2 0.8304 0.8267 | 0.8220 | 0.8244

Table 3: Performance of multilingual transformers on the train set

Ensembling Strategy Accuracy | Precision | Recall | F1 Score
Soft Voting 0.8386 0.8172 | 0.8588 | 0.8375
Hard Voting 0.8249 0.8087 | 0.8362 0.82
Weighted Voting 0.8386 0.8172 | 0.8586 | 0.8375
Stacking - Logistic Regression | 0.8497 0.8588 | 0.8249 | 0.8415
Stacking - Random Forest 0.83 0.8452 | 0.8022 | 0.8232

Table 4: Performance of AbuseXLMR - IndicBERTV2 ensemble on train set

manual tuning, following the commonly adopted
settings for fine-tuning transformer models for text
classification tasks.

5.1 Ensembling Models

Model ensembling is often employed as an effec-
tive strategy for improving classification perfor-
mance, by leveraging the complementary strengths
of the individual models. As such, we explored
whether combining the predictions of the models
under consideration could lead to further gains in
classifier performance. As can be observed from
Table 3, AbuseXLMR and IndicBERTV2 achieved
the highest individual F1 scores. Accordingly, an
ensemble of these two best performing models
were evaluated with four different strategies:

* Soft voting - averages the predicted class prob-
abilities of the models to determine the final
classification

* Hard voting - takes a majority vote of the class
labels predicted by the models to determine
the final classification

* Weighted voting - combines predictions by
giving higher weights to the predictions of the
better performing model

* Stacking - trains meta-learners (linear regres-
sion, random forest) on the predictions of the
models

6 Results

Table 3 reports the performance metrics obtained
for the multilingual models on the classification

task. The metrics listed are accuracy, precision,
recall and macro F1 score. All the models perform
strongly on the task, as evidenced by the metrics
obtained. AbuseXLMR achieves the highest F1
score of 0.8254, followed by IndicBERTVv2 with an
F1 score of 0.8244. Since AbuseXLMR has been
pretrained on abusive texts in Tamil (among other
languages), it is able to perform marginally better
than IndicBERTv2, which itself has been trained
extensively on Indian languages. However, Abu-
seXLMR performs significantly better than its base
model, XLM-RoBERTa, underscoring the fact that
domain specific pretraining can lead to improve-
ments over general-purpose multilingual models
for abusive speech detection tasks.

Table 4 reports the performance of ensembled
configurations of the two best performing multi-
lingual models, AbuseXLMR and IndicBERTv2.
Ensemble models exhibit stronger performance on
the classification task as compared to the various
multilingual models evaluated individually, as is ev-
ident from the higher values for the various metrics.
Stacking with logistic regression strategy achieved
the highest F1 score of 0.8415, combining the
predictions from AbuseXLMR and IndicBERTv2
models. The better performance of this ensemble
may be due to the complementary strengths of the
two models - domain-specific pre-training (Abu-
seXLMR) and language-specific representations
(IndicBERTV2), which the meta-learner combines
adaptively based on prediction confidence and in-
stance characteristics.

Table 5 presents the evaluation metrics achieved
by the best performing ensemble model on the test
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Model Accuracy | Precision | Recall | Macro | Weighted
F1 Score | F1 Score
AbuseXLMR + IndicBERTV2
Ensemble (Stacking - Logistic | 0.8302 0.8310 | 0.8293 | 0.8297 0.83
Regression)

Table 5: Performance of AbuseXLLMR - IndicBERTVv2 ensemble on test set

set provided by the organizers. The model obtained
a macro F1 of 0.8297 and weighted F1 of 0.83,
placing our approach in first position in the shared
task. The second placed team obtained a macro F1
of 0.8133 and weighted F1 of 0.81, whereas the
third placed team obtained a macro F1 of 0.8103
and weighted F1 of 0.80.

7 Conclusion

This work investigates the use of multilingual
transformer models for the task of detecting abu-
sive Tamil text aimed at women in social media.
Our experiments demonstrate that pre-trained mul-
tilingual models achieve strong baseline perfor-
mance on this task. Moreover, it was observed
that a domain-adapted model, AbuseXLMR, out-
performed other models, highlighting the impor-
tance of task-specific pre-training. Ensembling
AbuseXLMR and IndicBERTv2 models led to addi-
tional performance gains, highlighting the benefits
of combining complementary model strengths. As
future work, we plan to extend this approach for
misogyny detection in other low-resource Indian
languages as well.

8 Limitations

Dataset scarcity is the main hurdle to creating ef-
fective abuse detection models for low-resource
languages like Tamil. The dataset provided for the
shared task was used as is, with minimal prepro-
cessing, for fine-tuning the models. Augmenting
the dataset, like using back-translation, synonym
replacements etc. may have improved the classi-
fication performance of the models. The models
discussed in the paper are variants of multilingual
transformers, fine tuned on the provided dataset.
An evaluation of classifiers based on conventional
machine learning models like SVM, Random For-
est etc. was not conducted. A relative comparison
of the performance of the classifiers based on these
two approaches could have been informative.

9 GenAl Usage Disclosure

Anthropic’s Claude was used exclusively for lan-
guage refinement of the manuscript and debugging
the code scripts associated with our methodology.
No original text, arguments, or experimental con-
clusions were generated by the Al
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