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Abstract

Annotation tools are foundational infrastruc-
ture for language documentation, yet few com-
prehensive surveys have evaluated the tool land-
scape specifically from a documentary linguis-
tics perspective. We survey 98 annotation tools
across dimensions critical to language docu-
mentation workflows: annotation support, col-
laboration features, active learning, cost and
openness, and institutional sustainability. Of
the 44 tools both free and accessible for evalua-
tion, only 15 support morpheme segmentation
and glossing, and only 6 combine morpholog-
ical annotation with remote collaboration at
no cost. We identify a structural gap between
the current tools and the requirements of field
linguists working with endangered and Indige-
nous languages. While many NLP tools pri-
oritize scalable annotation for high-resource
settings, documentary linguists need interlin-
ear glossed text (IGT) support and community-
accessible interfaces. We taxonomise the tool
landscape, present a multi-dimensional feature
matrix, suggest current tools for language doc-
umentation, and conclude with concrete recom-
mendations for tool developers and the docu-
mentary linguistics community.

1 Introduction

Language documentation is an urgent scholarly
and humanitarian endeavor. Of the roughly 7,000
languages spoken today, a substantial proportion
are endangered (Krauss, 1992; Eberhard et al.,
2026), making the creation of annotated linguistic
records essential not only for scientific research,
but also for community-based language main-
tenance and revitalization (Himmelmann, 1998;
Woodbury, 2003). A central part of document-
ing those endangered languages involves enriching
texts with detailed linguistic annotations. This is
a multi-step process involving: 1. phonetic and
orthographic transcription, 2. translation into a
high-resource language like English, 3. morpheme
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segmentation and glossing, and 4. other grammati-
cal annotation. Traditionally, these tasks have been
carried out manually, a process that is thorough but
extremely labor intensive. To reduce this burden,
linguists often use specialized annotation software
tools which are few in number. ELAN (Auer et al.,
2010) and FLEx (Rogers, 2010) are widely used
for annotation tasks such as time-aligned transcrip-
tion, free translation, and morpheme analysis, have
significant drawbacks: Both ELAN and FLEx were
originally developed in the 1990s and reflect an
earlier technological era. These tools were devel-
oped before the recent rise of text-based machine
learning and generative Al, and they are not always
well aligned with modern Al-assisted annotation
workflows. In particular, they offer limited support
for machine-in-the-loop interaction, where model
predictions can be incorporated into annotation and
iteratively corrected by human users to reduce man-
ual effort. Substantially updating such legacy plat-
forms can also be difficult and costly.

At the same time, the growing importance of
annotation in both linguistic documentation and
NLP has led to the development of many newer
annotation tools. The sheer number and diversity
of available tools makes it difficult for linguists and
community language workers to determine which
ones are actually suitable for documentation tasks.
Despite this, such tools have received compara-
tively little systematic evaluation from the perspec-
tive of language documentation and basic linguistic
analysis.

Our work presents a evaluation of language
annotation tools, aiming to provide insights that
help linguists and community language workers
make informed choices and strengthen connections
between their efforts and helpful AI. We design
rubrics and use them to systematically evaluate 98
annotation tools, focusing on their functional ca-
pabilities for linguistic analysis, sustainability, and
graphical interface design. We established a list

Proceedings of the Ninth Workshop on the Use of Computational Methods in the Study of Endangered Languages (ComputEL-9), pages 80-92

July 4, 2026 ©2026 Association for Computational Linguistics



of criteria broken into specific questions to guide
the evaluation, including active learning support!,
since such support may help reduce annotation ef-
fort in low-resource documentation workflows. We
do not include speech-oriented transcription tools
in our evaluation because they address a substan-
tially different stage of the documentation work-
flow and require different criteria than text annota-
tion, such as audio handling, time alignment, and
speech recognition performance. Our focus is on
tools for text-centered annotation tasks, particu-
larly those that may support Al-assisted workflows
for translation, segmentation, glossing, and gram-
matical analysis. A central question driving our
research is whether tools designed for NLP are
adaptable for endangered language documentation.
Our contributions are:

* A multi-dimensional feature evaluation
rubrics with particular attention to morpho-
logical annotation support (one of the most
consistently underserved requirements for
language documentation by NLP).

* A quantified gap analysis revealing that only
15 accessible tools support morpheme segmen-
tation, and only 1 combine morphology with
active learning.

Suggestions for the development of annota-
tion tools targeting the documentary linguis-
tics community.

* A curated recommendation of the currently
available free tools for different types of need
of linguists. For example, we list tools sup-
porting morpheme segmentation, with active
learning noted as a bonus criterion.

2 Background and Related Work

Here we more fully describe the text annotation
tasks of basic linguistic analysis. Then we compare
our work to similar surveys, noting our contribution
from the language documentation perspective.

2.1 Language Documentation and Annotation
Needs

Language documentation involves the creation of
a comprehensive, multi-layered record of a lan-
guage, including audio and video recordings, tran-
scriptions, translations, and morphological analy-
ses (Himmelmann, 1998; Bird and Simons, 2003).

!The ability of a tool to leverage partial model predictions
to accelerate annotation
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A central output format is the interlinear glossed
text (IGT), in which each word and morpheme is
annotated with its grammatical gloss. A Gitksan
(ISO 639-3 git) example is shown below:

Orthography: i hahla’lsdi’y goohl IBM
Segmentation: ii hahla’lst-’y goo-hl IBM

Gloss: CCNJ work-1SG.II LOC-CN IBM
Translation: And I worked for IBM.

Endangered language documentation introduces
constraints that separate it from the mainstream
NLP annotation efforts: limited annotator pools
(often community members rather than trained lin-
guists), non-standardized orthographies, polysyn-
thetic or highly agglutinative morphological sys-
tems (contrasted with simpler isolating or fusional
systems among populous Indo-European and Sino-
Tibetan languages), offline fieldwork contexts, and
ethical obligations around data sovereignty and
community ownership (Rice, 2011). These con-
ditions place specific demands on annotation tools,
which must minimally support sub-word segmenta-
tion, tier alignment, and flexible schema definition.

2.2 Prior Surveys of Annotation Tools

Several surveys have catalogued annotation tools
(Neves and Seva, 2021), but these studies largely
focus on general NLP or corpus annotation settings
and do not evaluate tools from the perspective of
documentary linguistics. This gap has been noted
from another direction in work on language doc-
umentation tools themselves. Thieberger (2009)
argues that IGT requires specialized tooling and
highlights the lack of modern, usable systems for
creating well-formed, standardized, and reusable
IGT. He further emphasizes a broader disconnect
between the computational agendas of language
technology research and the practical needs of field
linguists. More recently, Gessler et al. (2025) show
that the limited adoption of NLP in language docu-
mentation is not simply a matter of model quality,
but also of software infrastructure: documentary
linguists face substantial technical burdens, and ex-
isting language documentation software often does
not integrate smoothly with NLP systems. Our
survey addresses this gap by examining annota-
tion tools through the lens of documentary practice,
with particular attention to linguistic functional-
ity, sustainability, interface design, and Al-assisted
workflows.



3 Methodology

Our approach to surveying 98 annotation tools fo-
cused on their functional capabilities, sustainabil-
ity, and graphical interface design. Functional ca-
pabilities refers to features that support language
documentation tasks, such as morpheme or sub-
word segmentation, morpheme glossing, remote
collaboration, interoperability, and NLP-assisted
workflows. We evaluate the tools in seven key cate-
gories.

3.1 Tool Selection

We compiled an initial list of 98 tools by aggre-
gating from four sources: (1) prior annotation
tool surveys and reviews; (2) tools recommended
in language documentation literature and commu-
nity wikis; (3) websites recommending commercial
NLP annotation platforms active as of 2025; and (4)
tools cited in ComputEL and LREC proceedings.
Tools were included regardless of scope (general
NLP vs. linguistic annotation) or development sta-
tus. A full list of our investigated tools is available
through the Google spreadsheet? and Table 6.

3.2 Feature Schema

To select the ideal annotation tool, users must navi-
gate diverse specifications and purposes. Although
the work of NLP and linguistics overlap, they dif-
fer in the exact subtasks, workflows, and priori-
ties, particularly in ways that align with linguistic
or community-based goals. Not all NLP annota-
tion tools support the tasks or data needed by aca-
demic or community linguists. We developed a 32-
dimensional feature schema organized into seven
categories. The details of all features are listed in
Table 5.

1. Cost A tool’s financial model plays a critical
role in its adaptability, as academic or community
users often have limited funding. On the other hand,
paid tools may provide better technical support and
longevity.

2. Sustainability and Longevity A tool’s long-
term viability depends on active maintenance and
the nature of the entity maintaining it. Proprietary
tools tend to have more consistent maintenance,
but some open-source projects thrive thanks to ded-
icated developer communities.

Zhttps://docs. google. com/spreadsheets/d/
10-IQTC7vIK1xRqdOoIzdgAlrsedkJeIlswAeFyeiS93M/
edit?usp=sharing
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3. Portability Given the varied needs of linguis-
tic projects, it is unlikely that a single tool will
meet all needs. Therefore, data portability ensures
seamless workflows across different apps. Data
portability depends on export/import capabilities
to commonly used data schemas that thoroughly
represent the IGT data model.

4. User Friendliness When we consider the
uneven technical expertise involved in language
documentation, usability is critical. The installa-
tion process should not require advanced technical
expertise. The graphical interface should allow
users who are familiar with the tool’s purpose to
get started without needing detailed instructions.

5. Sensitivities Working with endangered lan-
guages involves unique ethical considerations re-
lated to privacy, access rights, and data ownership
(Brinklow, 2021). Software specifications should
be clear where uploaded data is stored (if not on the
user’s computer) and who has access to the data,
and how that data may be used. These considera-
tions are especially important when working with
data collected from minority communities, where
ethical and privacy standards may differ from those
in commercial and some research settings.

6. Linguistic Annotation Capabilities Rather
than focusing on the specific tasks (e.g. named en-
tity recognition or dependency parsing) that a tool
was designed for, we assess its capacity to adapt
to basic documentary tasks such as word-by-word
glossing, morpheme segmentation and glossing,
as well as linguistic tasks that are more common
in NLP such as part-of-speech (POS) tagging and
translation.

Here, we differentiate morpheme segmentation
support from IGT support: the former requires only
sub-word annotation capability, while the latter ad-
ditionally requires aligned interlinear tier display
in the documentary linguistics format.

7. Active Learning Producing annotated data
can be costly in terms of time and resources.
There’s a common goal in NLP and linguistics to
minimize costs. One strategy that minimizes hu-
man labor and maximizes the utility of computer—
annotated labels is Active Learning (AL), some-
times referred to as machine-in-the-loop in linguis-
tics settings (Bird and Yibarbuk, 2024; Moeller
and Arppe, 2024). In the AL paradigm, the ma-
chine learning model actively selects data points
from which to learn, rather than being passively
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Figure 1: Flowchart of tool selection for the survey. Of
the 98 annotation tools initially identified, tools that
could not be opened or installed were excluded, and the
main quantitative analysis was restricted to the subset
of free accessible tools.

trained on a fixed dataset. This prioritizes the most
informative examples for human annotation, reduc-
ing the overall cost and effort. In anticipation that
AL can be integrated as Al assistance to language
documentation, we assess whether a tool offers ac-
tive learning functionalities. This includes whether
users are provided with feedback on computer pre-
dictions and can add their own pre-annotations. For
instance, does the tool allow the user to import an-
notations with confidence scores from a machine
learning model or does it have functionalities itself
to train and test models?

3.3 Coding Procedure

Of the 98 tools surveyed, 32 could not be accessed
or installed, rendering them inaccessible to current
practitioners. As mentioned earlier, our focus is
on text annotation following transcription, so we
did not include primarily speech or transcription
tools. Our project budget did not allow for the eval-
uation of tools behind paywalls. Therefore, our
quantitative analysis was necessarily limited to the
44 free tools. Given that many linguists and com-
munity partners face similar resource constraints,
we consider this limitation to be consistent with
real-world conditions and therefore not detrimental
to the validity of our findings. The tool selection
procedures are shown in Figure 1.

Our analysis is based primarily on official doc-
umentation, including user manuals, project web-
sites, published papers, and other materials pro-
vided by the tool developers. We use these sources
because they represent the most complete and
authoritative descriptions of each tool’s intended
functionality, supported features, and design goals.
However, this also means that our feature compar-

isons are based on self-reported information? rather
than systematic installation and hands-on testing of
every platform (due to time and budget limitation).

Feature values were coded as Yes/No/Partial
or free text where applicable*, with qualitative
notes retained. Morpheme segmentation and gloss-
ing support was coded as Yes only where the
tool provides explicit sub-word annotation tiers or
morpheme-level labeling functionality (not merely
word-level annotation), although open-source tools
might allow adaptation to morpheme segmentation
and glossing.

Feature coding was conducted in two stages by
four annotators. All four coders have expertise in
both language documentation and NLP. One an-
notator carried out the primary coding for each
tool based on the tool’s official documentation and,
where necessary, direct inspection of the tool itself.
The other three annotators reviewed the coding de-
cisions and supporting notes. Any disagreements
or unclear cases were discussed collectively until a
consensus judgment was reached.

4 Taxonomy of Annotation Tools

We explore in more detail the 44 of the 98 tools
that are freely accessible. We organize them into
two functional categories based on primary pur-
pose of design, institutional origin, and typical use
case. Table 1 summarizes the taxonomy. While
recognizing the constraints faced by many linguists,
we are not encouraging them to only use free soft-
ware. This survey of free tools can assist identi-
fying which for-cost software should be explored
further, within budget constraints.

NLP/industry tools (e.g., INCEpTION (Klie
et al., 2018), Label Studio (Tkachenko et al., 2020),
Doccano (Nakayama et al., 2018), Brat (Stenetorp
et al., 2012), ALToolbox (Tsvigun et al., 2022)) ac-
count for 18 of the 44 free tools. They are predom-
inantly designed for high-resource text annotation
pipelines for tasks in high demand in NLP research
or industry: named entity recognition and docu-

*We therefore acknowledge that some reported features
may be incomplete, outdated, or no longer functional, espe-
cially for tools whose documentation or code has not been
actively maintained. Future work should complement this
documentation-based survey with deployment-based evalua-
tion, including testing whether each tool can still be installed
and used successfully in a contemporary computing environ-
ment.

*For example, when coding the cost feature, we find that
Labelbox has a free tier, but advanced features and larger scale
usage require a subscription.



Category # Examples

Use Case

NLP / Industry 18

Linguistic Corpus 26

INCEpTION (Klie et al., 2018), Label Studio (Tkachenko et al., 2020),
Doccano (Nakayama et al., 2018), Brat (Stenetorp et al., 2012)
EXMARaLDA (Schmidt and Worner, 2014), TEITOK (Janssen, 2016),

General NLP;
entity, relation
Corpus; morphology,

CATMA (Horstmann, 2020), MMAX2 (Miiller and Strube, 2006), PACTE (Ménard and Barriere, 2017)  syntax

Table 1: Taxonomy of the 44 free accessible annotation tools surveyed.

ment classification. Several offer active learning
support and web-based collaboration, but none of
the 18 free NLP tools support morpheme segmen-
tation, reflecting their design focus on word- and
span-level annotation for standard NLP tasks.

Linguistic corpus tools form the largest free cat-
egory with 26 tools (e.g., EXMARaLDA (Schmidt
and Worner, 2014), TEITOK (Janssen, 2016),
CATMA (Horstmann, 2020), MMAX?2 (Miiller
and Strube, 2006), PACTE (Ménard and Barriére,
2017), UAM CorpusTool (O’Donnell, 2008)). De-
veloped primarily in academic linguistics contexts,
they offer richer morphological and syntactic an-
notation support: 14 of the 26 free corpus tools
support morpheme segmentation, accounting for
all but one of the free tools with this capability.
However, collaboration infrastructure and active
learning do not often co-occur, many being desktop-
only applications with limited interoperability or
portability.

5 Main Findings and Analysis

Here we summarizes the survey’s findings, analyz-
ing the gaps documentary linguists are likely to
discover when adapting annotation tools that were
designed for NLP.

5.1 No Single Tool Meets All Linguistic Needs

No one tool provides a comprehensive solution
for all linguistic tasks, but many tools offer com-
plementary functionalities to established linguistic
software like ELAN (Auer et al., 2010) and FLEx
(Rogers, 2010). Our work reduces the decision
space by eliminating clearly irrelevant choices and
inaccessible tools. The ideal choice depends on the
user’s priorities—whether cost, ease of use, sustain-
ability, or Al support. Recognizing which criteria
are essential for a given project will enable a more
focused selection.

Table 2 presents a feature matrix for a representa-
tive selection of the 44 free tools, prioritising those
with morphological annotation support alongside
key NLP tools for comparison.
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5.2 Criteria and Trade-offs

The value of each criteria depend on the user’s
needs. Each criterion introduces notable variability
and often present trade-offs with another criteria,
reinforcing the realization that the lack of a one-
size-fits-all solution is partly due to the difficulty
of addressing all needs sufficiently in one tool. We
illustrate this with two specific examples.

Example 1: Cost, Sustainability and Longevity.
Of these 44 free tools, 31 are also open-source.
Open-source tools offer full functionality with-
out licensing fees, making them convenient for
projects with limited funding. Of the 44 free
tools, 9 tools with morpheme support are confirmed
as actively maintained: EXMARaLDA (Schmidt
and Worner, 2014), TEITOK (Janssen, 2016),
CATMA (Horstmann, 2020), MMAX2 (Miiller and
Strube, 2006), Praaline (Christodoulides, 2018),
SLATE (Kummerfeld, 2019), UAM CorpusTool
(O’Donnell, 2008), WebLicht (Ljubesi¢ et al.,
2017), and Kratylos (Kaufman and Finkel, 2018).
Several tools in this set show signs of abandon-
ment or uncertain long-term maintenance. Dexter
(Trani et al., 2014) and Emdros (Lowery, 2008)
appear to be abandoned, while The Simple Corpus
Tool (Weisser, 2016) and Lexonomy (Méchura and
Rychly, 2017) have unclear or stalled maintenance
histories. Such uncertainty raises data preservation
concerns for language documentation projects that
depend on these platforms. In contrast, for-profit
companies tend to offer consistent tool updates,
ensuring long-term usability. Open-source tools de-
pend on community involvement for maintenance,
leading to variability in update frequency. How-
ever, some open-source tools such as INCEpTION
(Klie et al., 2018) and Label Studio (Tkachenko
et al., 2020) benefit from dedicated developer com-
munities and see consistent improvements. In con-
trast, proprietary tools may risk discontinuation if
a startup fails or subscriptions lapse, undermining
long-term reliability.

Example 2: User-friendliness and linguistic cus-
tomisability. Ease of use is critical for adapt-
ability, particularly for non-technical users, but



Tool Open Free Morph IGT Collab. AL Maint.
EXMARaLDA (Schmidt and Worner, 2014) Ve v v ~ v X v
TEITOK (Janssen, 2016) v v v ~ v X v
CATMA (Horstmann, 2020) v v v X v X v
Interlinear Text Ed. (Hughes et al., 2004) v v v v X X v
Lexonomy (Méchura and Rychly, 2017) v v v X v X X
Praaline (Christodoulides, 2018) v v v ~ X X v
MMAX?2 (Miiller and Strube, 2006) v v v X X X v
SLATE (Kummerfeld, 2019) v v v X X X v
Emdros (Lowery, 2008) v v v X X X X
PACTE (Ménard and Barriere, 2017) X v v X v v v
INCEpTION (Klie et al., 2018) v v X X v v v
Label Studio (Tkachenko et al., 2020) v v X X v v v
ALToolbox (Tsvigun et al., 2022) v v X X X v v
Rubrix (https://rubrix.readthedocs.io/en/v0.4.1/#) v v X X X v v
Brat (Stenetorp et al., 2012) v v X X v X v
Doccano (Nakayama et al., 2018) v v X X v X v

Table 2: Feature matrix for selected free tools. Morph = morpheme segmentation/glossing; IGT = interlinear
glossed text support (~ = partial); Collab. = remote collaboration; AL = active learning; Maint. = actively
maintained. X = no. Top block: free tools with morpheme support; middle block: free tools with AL but no
morpheme support; bottom block: general-purpose popular free NLP tools for comparison. Full table can be seen
in https://docs.google.com/spreadsheets/d/10-IQTC7vIK1xRqdOoIzdgAlrsedkJeIswAeFyeiS93M/edit?

usp=sharing.

advanced functionality and customisability often
reduce simplicity of the user interface. Some tools
prioritise advanced functionality over simplicity.
Among the 44 free tools, 12 are web-based because
they support remote collaboration. This means
they also require minimal installation. For exam-
ple, Doccano (Nakayama et al., 2018)’s web-based
interface appeals to non-technical users but its lim-
ited flexibility makes it less suitable for handling
complex linguistic tasks. In contrast, tools like
TEITOK (Janssen, 2016)offer broader functional-
ity and customisation but require a more involved
server setup. Projects with limited IT resources
might favour user-friendly, web-based tools, while
more technically complex projects could benefit
from tools that, although harder to set up, support
rich and customised annotation workflows.

5.3 Gap Analysis

Table 3 quantifies the key gaps between free tool
capabilities and the requirements’ of language doc-
umentation practice.

5.3.1

Morpheme-level annotation is one of the critical
and consistently underserved features for language
documentation (Klimek et al., 2021; Gromann
et al., 2024; Rice et al., 2025). Among the 44

Morphological Annotation Support Gap

5As mentioned in Section 3.2, Morpheme feature requires
sub-word annotation capability, while the IGT feature addition-
ally requires aligned interlinear tier display in the documentary
linguistics format.
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Requirement Tools %0
Morpheme segmentation 15/44  34%
Morpheme + collaboration 6/44  14%
Morpheme + AL 1/44 2%
Open + morpheme + collaboration  4/44 9%
Morpheme + adjudication 3/44 7%
IGT / interlinear glossing ~3/44  <T7%

Table 3: Gap analysis: proportion of free accessi-
ble tools meeting key language documentation require-
ments.

free accessible tools, 15 support morpheme seg-
mentation and glossing. This number drops further
when combined with other requirements relevant
to documentary workflows.

Of the 15 free tools with morpheme support®,
the majority are linguistic corpus tools: EXMAR-
aLDA (Schmidt and Worner, 2014), TEITOK
(Janssen, 2016), CATMA (Horstmann, 2020), Praa-
line (Christodoulides, 2018), MMAX2 (Miiller and
Strube, 2006), and SLATE (Kummerfeld, 2019).
The Interlinear Text Editor (part of SIL’s FLEx
ecosystem) (Hughes et al., 2004) is the only explic-
itly purpose-built IGT tool in this set.

°Label Studio (Tkachenko et al., 2020) is not included here
because although it supports arbitrary text-span annotation,
including partial-word spans, but does not provide native sup-
port for morpheme segmentation and glossing as a first-class
annotation workflow.
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5.3.2 TheIGT Gap

Interlinear glossed text is the standard output for-
mat of language documentation, yet its importance
is not reflected in the supported annotation types
among free tools. This reflects a mismatch be-
tween the dominant design assumptions of current
NLP annotation tools and the practical require-
ments of language documentation. Although mod-
ern NLP tools are typically optimized for span-
level or token-level annotation in standardized text
classification or sequence labeling tasks, documen-
tary workflows require persistent alignment across
multiple linguistic tiers. The very minimal IGT
support therefore represents a distinct and founda-
tional gap in the current tool landscape.

5.3.3 The Collaboration Gap

Remote collaboration is essential for language doc-
umentation projects involving geographically dis-
persed teams or a combination of linguists and
community members fulfilling different roles. Of
the 44 free tools, 12 support remote collabora-
tion. Among free tools with morpheme sup-
port, this figure is lower: 6 of 15 offer col-
laborative functionality, including EXMARaLDA
(Schmidt and Worner, 2014), TEITOK (Janssen,
2016), CATMA (Horstmann, 2020), Lexonomy
(Méchura and Rychly, 2017), PACTE (Ménard
and Barriere, 2017), and WebLicht (Ljubesi¢
et al., 2017). Three tools—=TEITOK, CATMA, and
EXMARaLDA-offer both web-based collabora-
tion and morpheme-level annotation. They are free
but each carries significant technical setup require-
ments that may be prohibitive for community-based
projects without dedicated infrastructure.

5.3.4 The Active Learning Gap

Active learning (Settles, 2012), the ability of an an-
notation tool to leverage a partially trained model
to prioritize uncertain examples and accelerate an-
notation, has high pragmatic value in low-resource
NLP settings if its functionality can be made ac-
cessible to non-technical users in their workflow.
Of 44 free tools, 10 report some active learning
functionality, and of these, PACTE (Ménard and
Barriére, 2017) supports morpheme segmentation.
The remaining 9 AL-capable free tools (Label Stu-
dio (Tkachenko et al., 2020), INCEpTION (Klie
et al., 2018), YEDDA (Yang et al., 2018), AL-
Toolbox (Tsvigun et al., 2022), Rubrix’, Markup

7https://github.com/rasbt/rubrix?tab=
readme-ov-file
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(Dobbie et al., 2021), PAL (Skeppstedt et al., 2017),
CVAT?, Hugging Face (Jain, 2022)) are all oriented
toward standard NLP tasks such as named entity
recognition, and do not support morpheme-level
annotation. This near-complete absence of AL sup-
port for morphological annotation among free tools
represents the sharpest gap between the potential
contribution of NLP and current documentary lin-
guistics needs.

5.3.5 Data Accessibility Gap

Unfortunately, the Sensitivities criteria outlined in
Section 3.2 reveal a further structural gap: many
free tools fail the accessibility and data sovereignty
requirements of community-based documentation.
Internet-dependent architectures present barriers
for communities working in low-connectivity con-
texts. Among free tools with morphological sup-
port, Unicode coverage is generally good (>90%),
but offline operation, multi-language UI support,
and self-hostable server architectures are available
in a small subset—principally TEITOK (Janssen,
2016)and CATMA (Horstmann, 2020).

6 Suggestions for Tool Development

Given the features and gaps identified above, we
offer the following suggestions for the develop-
ment of annotation tools targeting the documentary
linguistics community.

Design a modern IGT editor. We articulate the
most pressing unmet needs in the documentary
linguistics tool landscape is a user-friendly, open-
source, browser-based IGT editor with morpheme
segmentation, gloss lookup, interlinear alignment,
and real-time collaborative editing. User-friendly
graphic interfaces accommodate users who are not
software developers. Open-source is amenable
to development sustained by the relatively small,
short-term budgets common in academia and com-
munity organizations. Browser-based tools are in-
dependent of the user’s operating system. Existing
open-source tools like INCEpTION (Klie et al.,
2018) or Label Studio (Tkachenko et al., 2020)
could be extended with IGT-specific annotation
schemas; the Ligt (Ionov, 2025) data model pro-
vides a tested and extensible IGT ontological ref-
erence architecture for a web-native reimplementa-
tion.

8https://github.com/cvat—ai/cvat?tab=
readme-ov-file
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Integrate active learning for morphological an-
notation. Investment in active learning for mor-
phological annotation, such as building on purpose-
trained morphological segmentation models or
LLM-assisted IGT annotation, could significantly
reduce the annotation bottleneck for documentation
projects. Tools like INCEpTION (Klie et al., 2018)
or TEITOK (Janssen, 2016) might be adapted to
prioritise morpheme-level active learning as an ex-
tension module, given that only one free tool cur-
rently supports both AL and morpheme annotation.

Prioritise self-hostable, offline-capable archi-
tectures. Tools designed for community-based
documentation should support offline-first opera-
tion or self-hosted server deployment, addressing
both fieldwork connectivity constraints and data
sovereignty requirements. Examples are TEITOK
(Janssen, 2016) and CATMA (Horstmann, 2020)
which already support self-hosted deployment and
could serve as a default design principle for new
tools intended for the documentation community.

Extend adjudication for community co-
annotation. For community language docu-
mentation, where multiple stakeholders, ranging
from linguists, community members, to heritage
speakers may annotate the same data, adjudication
is not merely a quality control mechanism but
a collaborative practice that respects commu-
nity expertise. Adjudication features could be
designed for collaborative negotiation to allow
flexible annotator role models and transparent
conflict resolution that treat community input as
a first-class form of linguistic knowledge. These
functionalities are highly valuable for projects
involving community members and linguists with
different types of expertise.

Address tool attrition and data portability.
Data portability is a crucial issue raised com-
pellingly over 20 years ago (Bird and Simons, 2003;
Simons and Bird, 2003). The inaccessibility of
32 tools and unclear maintenance status of sev-
eral free tools is a concern for data preservation.
Tool repositories should be archived with initia-
tives such as Software Heritage, and documenta-
tion projects should include explicit export plans in
interoperable formats (e.g., ELAN’s EAF, FLEX’s
LIFT/FLEXTEXT, Ligt’s RDF vocabulary).

The unclear maintenance status of many free
tools underscores the drawbacks of depending on
free tools, but also points to an advantage that NLP
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annotation might provide academic and commu-
nity linguists. Subscribing to a commercial tool
that supports important IGT tasks may be to be
cheaper and more sustainable long-term than a
custom-built, open-source tool. Commercial com-
panies may provide upon inquiry free subscriptions
for educational teams and others might be happy to
hear how their tools could better support scientific
and community efforts. Such interactions should be
approached with very clear understandings about
financial, time, or storage costs and the ownership
or allowable uses of the data.

7 Recommended Tools for Language
Documentation

We further provide a curated list of free tools most
suitable for language documentation workflows, fil-
tered to those supporting morpheme segmentation
and glossing. Active learning support is noted as
a bonus criterion. Among the tools in Table 4, the
following stand out for specific use cases:

Best for collaborative web-based documenta-
tion: TEITOK (Janssen, 2016) and CATMA
(Horstmann, 2020) are the strongest candidates.
Both are web-based, actively maintained, open-
source, and support morphological annotation with
server self-hosting for data sovereignty. TEITOK
(Janssen, 2016) offers IGT-adjacent tier support
suited for transcription-linked morphological anno-
tation; CATMA (Horstmann, 2020)provides flex-
ible free-form tagset definition useful for under-
described languages with non-standard grammati-
cal categories.

Best for IGT-centred workflows: The dominant
free tools for IGT-centred workflows is the Interlin-
ear Text Editor (part of SIL FLEx) (Hughes et al.,
2004). The Interlinear Text Editor is purpose-built
for interlinear glossing, though FLEX has increas-
ingly shifted toward lexicon management via IGT
rather than serving as a primary annotation envi-
ronment. This tool is desktop-only with limited
collaboration support, and none integrates an ac-
tive learning component. Despite these limitations,
they remain the de facto standard for IGT work-
flows due to the absence of any modern, web-based
alternative.

Best for active learning: PACTE (Ménard and
Barriere, 2017) is the only free tool combining mor-
phological annotation with active learning. How-
ever, it is closed-source and its AL component is



Tool Type Open Collab. AL* Maint. IGT Notes

EXMARaLDA (Schmidt and Worner, 2014) ~ Corpus v v X v ~ Multi-tier XML; self-hosted server option; strong interop with ELAN
TEITOK (Janssen, 2016) Corpus v v X v ~ ‘Web-based; server self-hostable; TEI-XML; good for transcription + morphology
CATMA (Horstmann, 2020) Corpus v v X v X Web-based; free-form tagsets; suitable for team annotation projects
Lexonomy (Méchura and Rychly, 2017) Lexicon v v X X X ‘Web-based; lexicographic focus; morpheme-level lexical entries
Interlinear Text Ed. (Hughes et al., 2004) IGT v X X v v Part of SIL FLEX; purpose-built for IGT; desktop only

Praaline (Christodoulides, 2018) Corpus v X X ' ~ Desktop; phonetic + morphological tiers; strong prosody support
MMAX?2 (Miiller and Strube, 2006) Corpus v X X v X Desktop; multi-level annotation; XML-based

SLATE (Kummerfeld, 2019) Corpus v X X v X Lightweight; command-line friendly; morpheme span annotation

UAM CorpusTool (O’Donnell, 2008) Corpus X X X v X Multi-layer annotation; flexible schema; desktop only

PACTE (Ménard and Barriere, 2017) NLP X v v v X Closed-source; only free tool AL and morpheme support

Table 4: Recommended free tools for language documentation with morpheme segmentation support. AL* = active
learning (bonus criterion); v* = supports AL. IGT = interlinear glossed text support (~ = partial). Tools are ordered
from most to least suitable for collaborative community-based documentation.

designed for parallel corpus annotation rather than
the small, single-language datasets typical of en-
dangered language fieldwork.

Tools to watch: INCEpTION (Klie et al., 2018),
while not currently supporting morpheme segmen-
tation, is open-source, actively developed, and has
a plugin architecture that makes it the most promis-
ing candidate for future extension toward IGT and
morphological active learning.

8 Conclusion and Future Work

We have presented a systematic survey of annota-
tion tools evaluated from a language documentation
perspective, focusing on the 44 free tools accessi-
ble to practitioners with constrained resources. Our
analysis across 32 feature dimensions reveals that
although several NLP tools can be recommended
for language documentation tasks a notable mis-
alignment exists between the NLP/industry tool
ecosystem and documentary linguistics needs. The
ecosystem has developed powerful annotation in-
frastructure for high-resource settings, but the
morphological annotation capabilities, community-
accessible architectures, and offline-ready designs
required for endangered and Indigenous language
documentation remain underserved.

Of 44 free tools, 15 support morpheme segmen-
tation and glossing; 6 combine this with remote col-
laboration; and 1 adds active learning (that tool is
closed-source). We provide a curated recommenda-
tion table (Table 4) to help linguists and community
language workers navigate this landscape and we
describe the categories, criteria, and trade-offs we
considered to assist informative evaluations of fu-
ture options. It should be noted that with the recent
rapid rise of Al in the form of LLMs, this landscape
may change precipitously. But we intend for the
rubrics we designed to be used to evaluate existing
tools and to guide the development of improved
platforms in the future.
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Limitations

Our evaluation is limited to tools accessible as of
2025; tool features and maintenance status may
have changed. A thorough user testing of every
tool was not feasible. Feature coding was based
on public documentation and secondary sources
rather than direct inspection, and may therefore
not fully reflect actual tool capabilities. We did
not compute inter-annotator agreement statistics;
disagreements were resolved through discussion,
which may introduce subjective bias in borderline
cases. The free/paid classification is based on pub-
licly stated pricing at time of evaluation and may
not capture all licensing nuances (e.g., freemium
tiers or institutional agreements).
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Feature Evaluation question Response type
Metadata

Tool name Name of the tool Free text
Source Where was the tool identified? (survey, workshop, wiki, etc.) Free text
Link Main website, repository, or download page Free text
Cost

Cost What is the cost model? (free / freemium / paid) Categorical
Adoption rationale Why would (or wouldn’t) a linguist adopt this tool? Free text
Sustainability and Longevity

Open source Is the source code publicly available? Binary
Maintenance status Is the tool actively maintained? Binary
Maintaining org. Type of maintaining organization (academic / non-profit / for-profit)  Categorical
Portability

Export formats What file formats does it export? Free text
Import options What file formats does it import? Free text
User Friendliness

Technical setup What are the installation requirements and difficulty? Free text
Ease of starting Can a user get started without reading documentation? Binary
Ease of instructions How easy is it to follow the documentation? Free text
UI language What languages is the Ul available in? Free text
Unicode support What Unicode/font coverage does it provide? Free text
Guideline support Can annotation guidelines be uploaded and displayed in the UI? Binary
Annotation lookup Can users look up prior annotations of the current token? Binary
Documentation quality How robust and accessible is the software documentation? Free text
Sensitivities

Data hosting Where is data hosted? Who owns it? Privacy/IPR concerns? Free text
Linguistic Annotation Capabilities

Adjudication Does it support adjudication or consensus voting across annotators?  Binary
Word glossing Token-level selection with open label list? Binary
Morpheme segmentation Sub-word segmentation and glossing? Binary
Syntactic/semantic POS, SRL, or syntactic role labeling? Binary
Transcription/translation Sentence-aligned transcription or translation? Binary
Corpus processing Can it process multiple files or corpora simultaneously? Binary
Remote collaboration Is web-based or server-synced collaboration supported? Binary
Active Learning

Any AL functionality Does the tool offer any active learning support? Binary
Built-in training Does it support built-in model training and testing? Binary
Import predictions Can it import model annotations and confidence scores? Binary
AL usability How intuitive is the AL interface for non-technical users? Free text
Prediction feedback Can users rate, comment on, or correct model predictions? Binary
AL comments Additional observations on the AL interface Free text

Table 5: Full evaluation schema used for tool assessment, grouped into seven categories. In addition to the seven
analytic categories described in Section 3.2, we also recorded basic metadata for traceability and reproducibility.
Binary features were coded Yes/No/Partial where applicable.

91



Included (n = 44)

Excluded (n = 54)

# Tool # Tool Reason
1 INCEpTION 1 Labelbox Not free
2 NLP Lab (JSL) 2 LightTag Not free
3 Label Studio 3 TagTog Not free
4 Doccano 4 Prodigy Not free
5 Brat 5 UBIAI Not free
6 CVAT 6 Labellerr Not free
7 PIAF Platform 7 Amazon SageMaker GT  Not free
8 Hugging Face 8 Dataturks Not free
9 Sloth 9 Superannotate Not free
10 Atomic 10 Google Cloud AutoML NL Not free
11 BFSU Qualitative Coder 11 Playment Not free
12 CATMA 12 Appen Not free
13 CorefAnnotator 13 @nnotate Inaccessible
14 Corpona 14 ACTRES Corpus Manager Inaccessible
15 DART 15 AMALGAM Inaccessible
16 Dexter 16 ANVIL Inaccessible
17 DISCO 17 DisMo Inaccessible
18 Emdros 18 PALinkA Inaccessible
19 EXMARaLDA 19 Sketch Engine Not free
20 Lexonomy 20 SPPAS Inaccessible
21 MMAX2 21 SPre Inaccessible
22 Praaline 22 VideoAnt Inaccessible
23 RSTTool 23  WebAnno Inaccessible
24 SLATE 24  Worldbuilder Inaccessible
25 Synpathy 25 QualCoder Inaccessible
26 The Simple Corpus Tool 26 Embedding Viewer Inaccessible
27 TreeTagger 27 Grammar Explorer Inaccessible
28 UAM CorpusTool 28 Kura Inaccessible
29 WebLicht 29 Nool Inaccessible
30 YEDDA 30 OneClick Terms Not free
31 TEITOK 31 Systemics Inaccessible
32 Sanchay 32 Encord Not free
33 Text Feature Analyser 33 SysAm Inaccessible
34 EEVEE 34 TATOE Inaccessible
35 Markup 35 Tgrep2 Inaccessible
36 MedTAG 36 TIGERSearch Inaccessible
37 PAL 37 XTrans Inaccessible
38 ALToolbox 38 Kili Not free
39 Rubrix 39 ATLAS Inaccessible
40 Interlinear Text Editor 40 Emu Speech DB System  Speech scope
41 Kratylos 41 ToBI Labelling Inaccessible
42 AGTK 42 MATE Workbench Inaccessible
43 CLaRK 43 NITE XML Toolkit Inaccessible
44 PACTE 44 PRAAT Speech scope
45 SACODEYL Transcriptor Speech scope
46 SignStream Inaccessible
47 SoundScriber Inaccessible
48 TalkBank Inaccessible
49 TASX-Annotator Inaccessible
50 Transana Speech scope
51 Transcriber Inaccessible
52 UCSB Disc. Transcription Inaccessible
53 VOCALE Inaccessible
54 wavesurfer Speech scope

Table 6: All 98 tools surveyed, split by inclusion status. Left: 44 tools included in the main analysis. Right: 54
excluded tools with reason.
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