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Abstract

The relations connecting propositions in dis-
course such as CAUSE (A because B) or CON-
CESSION (A although B) are a subject of in-
tense interest in Computational Linguistics and
Pragmatics, but challenging to study and com-
pare across languages. Recent progress in stan-
dardizing discourse relation inventories across
datasets offers the potential to facilitate such
studies, but is hindered by the complexity of
relevant data and the lack of easily accessible
interfaces to analyze it. In this paper we present
DiscoExplorer, a new open source web inter-
face, capable of running on local computers,
which we use to make datasets from the DIS-
RPT Shared Task on discourse relation classi-
fication publicly available, covering 16 differ-
ent languages. We present the query language,
search and visualization facilities for relations
and signaling devices such as connectives, as
well as some example studies.

1 Introduction

Discourse relations are the implicit and explicit se-
mantic/pragmatic connections that arise when mul-
tiple propositions are juxtaposed in a text or conver-
sation. For example, in (1), the explicit connective
‘when’ indicates a TEMPORAL relation between the
two arguments 1 and 2, while the CAUSAL relation
between 1 and 3 is understood implicitly (Jin is
upset because Kim left).

(1) [Kim left]1 [when Jin arrived.]2 [Jin is upset
now.]3

A variety of theories have attempted to describe
discourse relations and construct datasets for their
study, including Rhetorical Structure Theory (RST,
Mann and Thompson 1988), Segmented Dis-
course Representation Theory (SDRT, Asher and
Lascarides 2003), the Penn Discourse Treebank
(PDTB, Prasad et al. 2014) and discourse depen-
dencies (Morey et al., 2018). However because

each theory and dataset has tended to use distinct
relation inventories and data structures (for exam-
ple hierarchical trees, graphs, or pairs of text spans),
comparisons across languages or even datasets in
the same language have been challenging.

More recently, the DISRPT shared task (Braud
et al., 2024) has made progress in unifying data
from such formalisms by focusing on what they
have in common: the postulation of relations be-
tween parts of a text, and optional inclusion of in-
formation about signaling devices, for example the
distinction between implicit and explicit relations
above. In its most recent edition the shared task
also unified relation labels across 38 datasets in 16
different languages (Braud et al., 2025), facilitat-
ing cross-linguistic comparisons for the first time,
similarly to initiatives to consolidate labels for de-
scribing multilingual syntactic functions in projects
such as Universal Dependencies (UD, de Marneffe
et al. 2021). However what has been missing com-
pared to projects like UD is an easily accessible
interface to search and compare data, identify er-
rors, and visualize patterns in datasets. The main
contributions of this short paper aim to fill this gap:

• We provide a high performance, open source,
client-side interface in pure JavaScript that
can be run on any PC

• We make the datasets from the DISRPT
shared task searchable online for the public

• We propose a simple, flexible query language
to facilitate access for new users

2 Related work

While many local graph search tools exist for
linguistic data, such as Semgrex, Ssurgeon or
Semgrex-Plus (Tamburini, 2017; Bauer et al.,
2023), almost all are limited to searching within
sentence boundaries, and are therefore not capable
of representing relations across entire texts. Several
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online interfaces have facilitated search in syntac-
tically and even semantically annotated treebanks
(Guibon et al., 2020; Amblard et al., 2022), but
dedicated interfaces for discourse relations are rare,
and have generally been fitted to a single resource
and theory, such as the Spanish (da Cunha et al.,
2011) and Basque (Iruskieta et al., 2013) RST tree-
bank interfaces. Converters for RST data exist
to enable searching through data using ANNIS
(Krause and Zeldes, 2016), a generic multilayer
corpus search interface. However the system is
considerably heavier, slower and has a complex
query language which is not tailored to discourse
relations, and currently cannot import data from
other discourse formalisms or the DISRPT format.

Our work takes its primary inspiration from the
Grew Match search interface for UD treebanks
(Guibon et al., 2020), which leverages the consis-
tent format and label inventory of the UD project to
allow access to treebanks using a consistent query
language and architecture.

3 DiscoExplorer

3.1 Architecture

Our architecture is designed with three goals in
mind: 1. minimizing compute costs to prevent
needing a dedicated (and expensive) server; 2. mak-
ing it possible to run the interface locally for users
with proprietary data that cannot be exposed online;
and 3. running a fast and responsive search with
minimal dependencies. To achieve these goals, we
implemented a client-side solution in JavaScript
using React, without a database backend, no dedi-
cated indexing (e.g. Meilisearch) or visualization
libraries (e.g. D3.js). Instead, we focus on using
pure JavaScript, HTML and CSS wherever possible
to ensure stability and longevity of the software.

Our data model focuses on discourse relations as
the instance to be searched over, where relations are
aligned to token positions in documents and span
over two possibly discontinuous argument spans
(e.g. the cause and effect for CAUSAL relations).
Relations that do not cover entire sentences are
also associated with context spans indicating words
before, after or between the arguments within the
same sentences, ensuring that full sentence con-
text is provided with each match. Finally, relations
carry labels, a direction (1>2 or 1<2) and possi-
bly a list of typed and subtyped signal tokens, for
datasets marking connectives or other signal types.

3.2 Basic interface
The web interface is arranged around two areas: the
query form at the top of Figure 1, and the results
area at the bottom, which can display concordances
for qualitative searches, or switch to a ‘frequencies’
tab for quantitative analysis. The interface was ini-
tially tested with students in a seminar on computa-
tional models of discourse at Georgetown Univer-
sity (LING-8415), and based on student feedback,
an additional tab was added to perform compar-
isons between datasets. We are also planning to
collect feedback from CODI attendees and the DIS-
RPT community to develop additional features.

The basic query form is meant to be user friendly
by exposing the available datasets and labels in
each dataset as drop down filters. Negation of a fil-
ter is realized as a simple checkbox – for example,
selecting the label CONDITION and the negation
box for any signal type in eng.erst.gum (data
from the GUM corpus, Zeldes 2017) yields ex-
amples of implicit conditionals, as in (2). More
complex queries must utilize the DiscoExplorer
query language (DEQL) described in 3.3.

(2) [you take this painting,]1 [I want that
recorder]2 (=if you take this painting)

3.3 Query language – DEQL
Our query language aims to be simple but power-
ful, meaning on the one hand, it should respond
as expected to simply typing words in the search
box, while on the other hand allowing users to do
exact sequence or flexible match queries, queries re-
stricted to the first/second or source/target spans of
the relation, as well as leveraging token annotations.
Since DISRPT data is released with accompanying
UD annotations, we expose the UD POS tags, de-
pendency labels and lemmas directly for querying.
All queries can be restricted by the UI to a specific
relation label chosen from a drop down list (ei-
ther the universal DISRPT label, or each dataset’s
original labels, or both), specific signal types or
subtypes if available in the data (e.g. explicit con-
nectives), and relation directions. The exact query
can be saved and reproduced via a shareable link.

As an example of simple text based queries and
their interactions with argument spans, consider
the differences between the following, all executed
with the ‘exact sequence’ match turned off and the
CONDITION label selected:1

1UI filters are indicated in red and are not part of the query
string, but are stored in reproducible shareable query links.
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Figure 1: DiscoExplorer search interface: Users can input a query and select filters. Underlines show query matches
and signals are highlighted (e.g. red for discourse markers, yellow for lexical signals).

(3) CONDITION if then (finds CONDITION

relations with ‘if’ and ‘then’ anywhere)

(4) CONDITION if || then (same, but ensures
‘if’ and ‘then’ are in arg1 and arg2)

(5) CONDITION if -||> then (same, but ‘if’
must be in the relation source and ‘then’ in
the target, regardless of text order)

While in (3) we only guarantee that ‘if’ and ‘then’
appear somewhere, in (4) we require that they ap-
pear in that text order, one in each argument. By
contrast, (5) requires that ‘if’ appears in the source
of the relation (the protasis) and ‘then’ in the target
(the apodosis), regardless of their text order.

More experienced users who are familiar with
UD annotations may also want to use token anno-
tations to restrict queries. To enable this we use
the format word|lemma|pos|deprel, where each
of these elements may be lacking. If less than
three annotations are specified, the system uses the
search values to implicitly identify the key, since
POS and deprel have closed vocabularies. Thus the
following searches find:

(6) PURPOSE EXACT to|PART |VERB|advcl
-||> (PURPOSE relation with a to-infinitive)

(7) TEMPORAL EXACT when |ADJ|advcl
-||> (TEMPORAL with ‘when’ followed by
a reduced adjectival adverbial clause)

The example in (6) will find VERBs heading an
adverbial clause (UD advcl) immediately preceded
by the word ‘to’ tagged as PART. The interface au-
tomatically detects that VERB is a POS tag value
and advcl is a dependency relation. In (7) we find
reduced temporal clauses of the type ‘when pos-
sible’, since the word ‘when’ must be followed
immediately by an adjective heading an adverbial
clause. The final operator -||> ensures that both
searches only consider the source span of the rela-
tion, regardless of text order.

3.4 Frequencies interface

The frequencies tab gives raw counts, percentages
and plots of a category or numerical variable se-
lected by the user from the Breakdown drop down
(see Figure 2). Categorical variables include DIS-
RPT labels, original labels, relation direction, sig-
nal type/subtype and any available metadata (for
example genre, if known). If filters are selected for
any of these in the query, a binary yes/no break-
down of the selected feature is also available. Up-
dating the query instantly updates matches, num-
bers and plots, and raw results are also download-
able as a .tsv file.

A second drop down called ‘Cross-tabulate’ al-
lows users to select a second dimension from the
same options and generate a cross table, coupled
with a chi-squared residual plot indicating combi-
nations that appear more or less than expected, as
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Figure 2: Frequency breakdown of DISRPT labels.

well as displaying significance codes. For exam-
ple, Figure 3 shows an association plot of explicit
connective signals vs. DISRPT label in the En-
glish PDTB corpus, showing that while CONCES-
SION, CONDITION and CONJUNCTION are mostly
explicit, CAUSAL relations are more often implicit,
while CONTRAST relations are more balanced.

Figure 3: Association of explicitness vs. label in PDTB.

If a numerical variable is chosen for breakdown,
the interface will plot a boxplot (for a single vari-
able) or scatterplot (two cross-tabulated numerical
variables) or multiple boxplots (numerical cross-
tabulated with categorical). Available numerical
variables are currently argument length in tokens
and percentile position in document (for argument
1 or 2 in text order), the same for the source or
target argument (regardless of text order), distance
in tokens between arguments, and the number of
signals for the relation (if available).

3.5 Comparison interface
Based on student feedback, comparing datasets is
a desirable capability, and we implement this in a
similar way to cross-tabulation, where, instead of
using a categorical variable, we use dataset iden-
tity. However, since each dataset has its own dis-
tribution for each variable, we display results for
each value side-by-side, with the primary selected
dataset in blue and the comparison in orange with
pairwise plots, as shown for a categorical variable
(label type) with barplots in Figure 4 for a com-
parison between the eRST GUM corpus and the
eRST GENTLE corpus (Genre Tests for Linguistic
Evaluation, Aoyama et al. 2023), which follows the
same annotation scheme but includes 8 challeng-
ing genres such as medical texts, poetry and even
course syllabuses.

Figure 4: Relation labels in GUM vs. GENTLE.

The figure shows that CONJUNCTION is more
common in GENTLE (in orange), which is primar-
ily due to genres containing many lists, such as
medical notes and syllabuses. The ELABORATION

label, but contrast, is very similar in prevalence.
As with frequencies, numerical variables receive

side-by-side boxplots. Figure 5 shows the number
of signals per relation, this time filtered to show just
MODE relations (manner and means). These have
significantly fewer signals in GENTLE, largely ow-
ing to data from the poetry and medical genres.

4 Evaluation

Data We import the 38/39 DISRPT 2025 datasets
which contain discourse relations (the remaining
dataset contains only discourse unit segmenta-
tion information, without labels). The datasets
come from five different frameworks: RST, PDTB,
SDRT, eRST (Zeldes et al., 2025) and discourse
dependencies. In total, these cover over 300,000
relations across 5 million tokens in almost 10,000
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Figure 5: Signals per MODE relation compared.

documents (see Table 2 in Appendix A for full de-
tails). The largest dataset is English PDTB (Prasad
et al., 2014) with over 47K relations and 1.1M
tokens, as well as five signal types (explicit or im-
plicit connectives, alternative lexicalizations and
constructions, and a special hypohphora type for
questions). Datasets in the eRST framework also
distinguish signal subtypes, in a taxonomy of 8
major types and over 40 subtypes.

Performance While it is difficult to benchmark
our system due to a lack of directly comparable al-
ternatives, we conduct a simple timing experiment
using the GUM data in comparison to its publicly
available version in ANNIS. We note that ANNIS
can perform much more elaborate searches than
DiscoExplorer, such as dependency graph queries
between tokens (e.g. checking that a token is the
subject of a specific verb), as well as querying
other annotation layers, such as entity annotations;
here we limit comparison to simple searches for
tokens and discourse relations on a consumer lap-
top. Since our data is loaded into main memory,
query response times are close to instantaneous,
with the only added latency of loading the dataset
once, which ANNIS does not have (Table 1).

5 Discussion and Conclusion

This short paper presented DiscoExplorer, a new
browser based search interface for multilingual

Query type DEQL DiscoExp. ANNIS Hits

(load) – 2.820s – –
tok think 0.022s 3.98s 291
tok+pos+deprel think|VERB|advcl 0.027s 4.68s 17
rel+tok+pos CONJUNCTION think|VERB 0.030s 3.01s 12
neg-rel+tok+pos NOT CONJUNCTION think|VERB 0.028s 4.41s 410
rel ELABORATION 0.003s 3.45s 6812

Table 1: Query latency compared with ANNIS.

discourse relation datasets based on the DISRPT
benchmark. The interface offers a simple user-
friendly way to search for discourse relations and
examine their distributions using filters, as well as
a more complex query language to restrict matches
by tokens and their annotations. Quantitative re-
sults can be tabulated, plotted and downloaded.

A comparison of query run times with ANNIS
showed that although the interface requires an ini-
tial load time for each dataset, the approach us-
ing main memory search in JavaScript is very fast.
While some of the complex searches a system like
ANNIS would allow are not supported, tailoring
the interface to the DISRPT data model, centered
around discourse relation instances, allows for a
simple query language and data structure, and also
means we do not need a backend or any compute
resources to offer the system to the public.

A further advantage of relying on the DIS-
RPT data model is the abundance of data already
available in the shared task format (currently 38
datasets), and the likely release of further public
data in the format of the shared task, which has
been running for four iterations as of 2026.

As a result of submissions to the task, and espe-
cially the transition to multilingual models trained
on all datasets, it is also increasingly possible to
generate predicted datasets following the DISRPT
label scheme in a variety of languages. The cur-
rent best performing system for predicting rela-
tion labels, DeDisCo (Ju et al., 2025), achieves
76.13% accuracy on the DISRPT test set across lan-
guages, and 75.55% on Chinese RST (Peng et al.,
2022), 79.17% on Portuguese (Mendes and Leje-
une, 2022), or 71.39% on the PDTB framework
Georgetown Discourse Treebank (GDTB, Liu et al.
2024), suggesting that automatically tagged cor-
pora that are useful for research on discourse re-
lations across languages may not be far and could
easily be made searchable using this system.

We release the code and place the system online
for public use together with this paper, available at
https://gucorpling.org/discoexplorer.
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Limitations

This paper only presents and evaluates a search
interface in terms of responsiveness and does not
conduct a user study, though we hope to gather
some feedback on the system from participants at
the CODI workshop and the community using DIS-
RPT data. The data used by the system is provided
by DISRPT as-is, and we make no claims regarding
the accuracy of particular annotations within those
datasets. AI was not used in any way to write this
paper, though AI coding assistants were used in the
creation and debugging of the system itself.
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A Dataset details

Table 2 gives an overview of the datasets that are
currently searchable using the system. Datasets
marked by an asterisk (∗) require LDC licenses;
annotations for this data and a small subset of
eng.erst.gum coming from Reddit (Behzad and
Zeldes, 2020) can be obtained from the DISRPT
shared task repository, along with scripts to recon-
struct the underlying text.

Additional datasets can be added to the system
as long as they conform to the DISRPT shared task
format, meaning that relations are serialized in the
.rels format and token annotations are available
in a corresponding .conllu file. In particular, the
DISRPT format assumes that relations apply be-
tween flat spans of text, meaning that hierarchical
information as found in formalisms such as RST
is lost. Instead, relations are interpreted as a de-
pendency conversion of constituent structures, as
illustrated in Figure 6.

The figure shows the system representation of a
single relation, in this case a CONCESSION between
two head units:

(8) a. [this is a terrific opportunity]
b. [but we will have to wait until after the

event]

These units are only parts of the sentences they
come from, as shown in the eRST graph fragment.
Modifiers of those units which appear in the same
sentences are represented in DiscoExplorer as pre-,
inter- and post-context, depending on whether they
appear before the first argument, between the two
arguments, or after the second.

Note also that while the eRST graph on the left
highlights multiple signals, only the red discourse
marker “but” is attached to the CONCESSION rela-
tion, and that same signal is visualized in the Dis-
coExplorer search results. The cyan highlighted
syntactic signals for PURPOSE relations (‘opportu-
nity .. to improve’ and ‘wait .. to assess’) belong
to those respective relations, and would be high-
lighted in queries actually retrieving the associated
relation, rather than being highlighted in a query re-
trieving a different relation that happens to overlap
the same text.
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Corpus Language Framework Labels Relations Sentences Tokens Documents Signals

ces.rst.crdt Czech RST 17 1,249 835 14,664 54 –
deu.pdtb.pcc German PDTB 11 2,109 2,193 33,222 176 types
deu.rst.pcc German RST 16 2,882 1,944 32,836 176 –
eng.dep.covdtb English dependencies 11 4,985 2,343 60,907 300 –
eng.dep.scidtb English dependencies 14 9,903 4,202 102,534 798 –
eng.erst.gentle English eRST 17 2,552 1,334 17,979 26 subtypes
eng.erst.gum English eRST 17 30,747 14,158 254,890 255 subtypes
eng.pdtb.gentle English PDTB 12 786 1,334 17,979 26 types
eng.pdtb.gum English PDTB 13 13,879 14,158 254,890 255 types
∗eng.pdtb.pdtb English PDTB 13 47,792 48,630 1,173,379 2,162 types
eng.pdtb.tedm English PDTB 13 529 381 8,185 6 types
eng.rst.oll English RST 17 2,751 2,156 46,471 327 –
∗eng.rst.rstdt English RST 17 19,778 8,318 208,912 385 –
eng.rst.sts English RST 17 3,058 2,591 71,206 150 –
eng.rst.umuc English RST 15 4,997 2,424 61,590 87 –
eng.sdrt.msdc English SDRT 10 27,848 14,744 231,352 440 –
eng.sdrt.stac English SDRT 11 12,271 7,394 52,271 1,101 –
eus.rst.ert Basque RST 16 3,632 2,380 45,780 164 –
fas.rst.prstc Farsi RST 14 5,191 2,179 66,926 150 –
fra.sdrt.annodis French SDRT 12 3,321 1,507 32,699 86 –
ita.pdtb.luna Italian PDTB 11 1,525 3,750 25,242 60 types
nld.rst.nldt Dutch RST 16 2,264 1,651 24,898 80 –
pcm.pdtb.disconaija Naija PDTB 13 9,903 9,242 140,729 176 types
pol.iso.pdc Polish ISO 12 8,543 9,142 156,980 556 types
por.pdtb.crpc Portuguese PDTB 12 11,327 5,194 186,849 302 types
por.pdtb.tedm Portuguese PDTB 13 554 394 8,190 6 types
por.rst.cstn Portuguese RST 15 4,993 2,221 63,332 140 –
rus.rst.rrt Russian RST 15 25,095 13,131 262,495 234 –
spa.rst.rststb Spanish RST 16 3,049 2,089 58,717 267 –
spa.rst.sctb Spanish RST 16 692 516 16,515 50 –
tha.pdtb.tdtb Thai PDTB 12 10,861 6,534 256,523 180 –
∗tur.pdtb.tdb Turkish PDTB 13 3,176 31,197 496,358 197 –
tur.pdtb.tedm Turkish PDTB 13 574 410 6,286 6 types
zho.dep.scidtb Mandarin dependencies 14 1,297 500 18,761 109 –
zho.pdtb.cdtb Mandarin PDTB 9 5,270 2,891 73,314 164 –
zho.pdtb.ted Mandarin PDTB 15 13,308 8,671 181,910 72 types
zho.rst.gcdt Mandarin RST 17 8,413 2,692 62,905 50 –
zho.rst.sctb Mandarin RST 17 692 580 15,496 50 –

Total 16 6 17 311,796 257,705 5,139,564 9,890 14 datasets

Table 2: DISRPT 2025 datasets searchable in DiscoExplorer (∗ marks datasets requiring an LDC license).

B Additional use cases

In addition to exploring relation labels, DiscoEx-
plorer can be used to study the distribution of re-
lation signals (in datasets with signal annotations,
indicated in the dataset list by a lightning bolt icon
in Figure 1), relation directions and signal subtypes.
Figure 8a shows a breakdown of relation

Figure 7 shows the disparity of right-to-left
versus left-to-right temporal relations signaled by
‘when’ in English, where source of the relation
tends to precede the target, but not always – the
proportion is about 7:3 in favor of placing the TEM-
PORAL clause first.

Figure 8 shows two panels demonstrating the
breakdown of signaling devices. Panel 8a shows

major signal types signaling three relations classes:
ALTERNATION relations (such as ‘A or B’) are typ-
ically signaled by a discourse marker (dm) such
as ‘(either) or’, ‘(or) else’, ‘alternatively’ etc.; AT-
TRIBUTION relations, indicating the source of in-
formation, are typically signaled semantically by
the presence of a speaker noun phrase, or lexically
through a speech verb, but very rarely using a dm
(for example ‘As Smith had it, ...’) or with no sig-
nals (implicitly). By contrast CAUSAL relations
usually appear with a dm, and appear with no ex-
plicit signaling more often than the other relations
(column ‘None’).

Finally, Panel 8b shows discourse marker sub-
types used to signal three original labels for EXPLA-
NATION relations in the data, using a cutoff to show
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Figure 6: Original eRST graph fragment for a CONCESSION relation, visualized using rstWeb (Gessler et al., 2019)
and the corresponding output in DiscoExplorer.

Figure 7: Frequencies of TEMPORAL ‘when’ clauses in
left-to-right vs. right-to-left directions

only items appearing 20 or more times. Although
the DISRPT relation labels do not include subtypes,
we can get breakdowns for relation subtypes if the
original labels of the underlying dataset include
them, which is the case here. The biggest disparity
is the preference of EXPLANATION-EVIDENCE re-
lations to be marked by ‘for example’ and ‘as’. By
contrast, EXPLANATION-JUSTIFY favors the use of
‘and’, as in (9).

(9) [The record is replete with case law that
says exactly that,]1 [and I’m not here to
dispute that today.]2

Meanwhile EXPLANATION-MOTIVATION relations
appear disproportionally often with ‘so’, attempt-
ing to convince someone to do something using a
supporting argument, as in (10).

(10) [Good jokes have a lot of details and per-
sonality,]1 [so don’t be afraid to embel-
lish.]2

However using the interface, it is easy to find ex-
amples of ‘so’ as a discourse marker with any of
the three labels.

C Resource consumption

While the interface runs very quickly and requires
no server-side compute resources to run, an anony-
mous reviewer has inquired about the memory foot-
print of loading a large dataset. This is difficult to
quantify exactly, since we cannot trivially access
browser memory management internals, but to get
a rough benchmark, we ran Chrome on a Windows
11 64 bit machine and compared memory usage
for the browser with different datasets loaded, as
shown in Table 3.

scenario tokens relations memory ∆ idle

Chrome idle 0 0 305.9 MB 0
eng.erst.gum loaded 273,257 33,390 709.2 MB +403.3
eng.pdtb.pdtb loaded 1,173,379 47,792 750.1 MB +444.2
compare – 81,182 770.4 MB +464.5

Table 3: Memory usage in several scenarios using
Chrome.

The dataset ‘loaded’ state by default means
that a query runs to retrieve all relations, since
no filter has been selected. As the table shows,
loading a fairly large and richly annotated corpus
such as eng.erst.gum requires about 400 MB of
RAM. The largest dataset in tokens and relations,
eng.pdtb.pdtb, takes only slightly more, at 444
MB – we suspect the small difference is due to the
amount of space taken up by the signal annotations
in the former dataset, which the latter lacks. Using
the comparison function on the two datasets does
not add much more memory (∼465 MB total). We
suspect that this is because a new full result set is
not actually loaded into memory - only the informa-
tion being compared, by default the relation label
statistics, is added to the main memory, while in-
dexing specific matching tokens or sentence spans
is unnecessary for the comparison data, since no
detailed search results are shown for the second
dataset.
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(a) Residual plot for DISRPT labels versus major signal types.

(b) Residual plot for discourse markers appearing 20+ times versus EXPLANATION relation labels

Figure 8: Contingency tables for signal types and subtypes in eng.erst.gum.

D Corpus resources

The system described in this paper would be use-
less without the datasets it makes searchable. In
addition to the datasets and papers cited above, we
would like to acknowledge the projects that have
produced the remaining datasets in Table 2, all of
which can be searched in our publicly available
instance of DiscoExplorer and are available under
their original licenses from the DISRPT shared
task:

• deu.rst.pcc and deu.pdtb.pcc – the Pots-
dam Commentary Corpus, Stede and Neu-
mann (2014)

• eng.dep.covdtb – the COVID-29 Discourse
Treebank, Nishida and Matsumoto (2022)

• eng.dep.scidtb – SciDTB, Yang and Li
(2018)

• eng.pdtb.tedm, por.pdtb.tedm and
tur.pdtb.tedm – TED Multilingual
Discourse Bank, Zeyrek et al. (2020)

• end.rst.oll and end.rst.sts – RST
Online-Learning and Science, Technology,
and Society corpora, Potter (2008)

• end.rst.rstdt – RST Discourse Treebank,
Carlson et al. (2003)

• end.rst.umuc – University of Potsdam Mul-
tilayer UNSC Corpus, Zaczynska and Stede
(2024)

• eng.sdrt.msdc – Minecraft Structured Dia-
logue Corpus, Thompson et al. (2024)

• eng.sdrt.stac – Strategic Conversation Cor-
pus, Asher et al. (2016)

• eus.rst.ert – Basque RST Treebank, Iruski-
eta et al. (2012)

• fas.rst.prstc – Persian RST Corpus, Shah-
mohammadi et al. (2021)

• fra.sdrt.annodis – the ANNODIS corpus,
Afantenos et al. (2012)

• ita.pdtb.luna – LUNA corpus, Tonelli et al.
(2010)

• nld.rst.nldt – Dutch DTB, Redeker et al.
(2012)

• pcm.pdtb.disconaija – DiscoNaija corpus,
Scholman et al. (2025)

22



• pol.iso.pdc – Polish Discourse Corpus,
Ogrodniczuk et al. (2024)

• por.rst.cstn – CST News Corpus, (Car-
doso et al., 2011)

• rus.rst.rrt – Russian RST Treebank, Pis-
arevskaya et al. (2017)

• tha.pdtb.tdtb – Thai Discourse Treebank,
Prasertsom et al. (2024)

• tur.pdtb.tdb – Turkish Discourse Bank,
Zeyrek and Kurfalı (2017)

• spa.rst.sctb and zho.rst.sctb – the RST
Spanish-Chinese Treebank, Cao et al. (2018)

• zho.pdtb.cdtb – Chinese Discourse Tree-
bank, Zhou et al. (2014)

• zho.dep.scidtb – Chinese SciDTB, Yi et al.
(2021)
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