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Abstract

When large language models simulate patients
or clients, they tend to produce cooperative di-
alogue, premature emotional insight, and rapid
resolution. These defaults undermine clini-
cal training, where the pedagogical value lies
in sustained difficulty. We describe Clini-
cal Prompt Engineering (CPE), a methodol-
ogy developed by a multidisciplinary team of
clinician-researchers and prompt engineering
experts within the MENTI project. CPE en-
codes clinical knowledge directly into prompt
design: each simulated character is con-
structed through layered psychological pro-
files, explicit contingency rules linking inter-
actional events to internal states, and enforced
non-linear emotional trajectories that resist the
model’s pull toward resolution. The method-
ology has been applied across several clinical
training simulations involving over 300 par-
ticipants in formal studies and iterative pilot
phases. Each simulated character is embed-
ded within a multi-agent training environment
that provides real-time reflective guidance dur-
ing the interaction and structured, clinically in-
formed feedback afterward. We illustrate the
approach through Talking with Lia, a Hebrew-
language simulation in which parents practice
responding to a seven-year-old child during
repeated missile alerts and forced sheltering.
The simulation was deployed within the first
week of an acute security crisis in Israel in
Winter 2026. Of 132 sessions initiated or-
ganically through professional networks, 42
were completed; qualitative feedback empha-
sized the simulation’s difficulty as pedagogi-
cally meaningful. Because CPE operates at
the level of prompt design, it can be developed
by clinician-researcher teams and adapted to
new populations, developmental stages, and
crisis contexts, potentially extending access to
expert-informed training beyond the settings
where such expertise is typically available.

*Corresponding author. Email:
yuval.holzman@live.biu.ac.il

Where much computational work in clinical
psychology has focused on classifying mental
health states from text, CPE addresses a com-
plementary task: whether clinicians can re-
spond effectively to those states as they shift in
real time. The next step is testing whether the
skills practiced in simulation transfer to real
interactions.

1 Introduction

Ask a large language model (LLM) to play a
frightened seven-year-old to help train empathic
parenting skills, and within two turns, the sim-
ulated child will calmly announce: “I think my
anger is hiding my real feeling, which is fear.”
The insight may be clinically accurate, but for this
simulated character, such explicit self-reflection is
developmentally implausible and particularly un-
likely in a moment of distress. This gap between
what language models generate by default and
what clinical training actually requires is the prob-
lem this paper, and the project it describes, ad-
dress.

Translating clinical knowledge into prompts
that sustain psychologically realistic interaction
remains a central challenge in building training
simulations with LLMs (Bender et al., 2021; Cabr-
era Lozoya et al., 2025). In many existing sys-
tems, the prompts defining simulated characters
include only brief descriptions of personality or
situation, leaving much for the model to fill in.
Consequently, characters simulated within such
models often converge toward cooperative dia-
logue, rapid conflict resolution, and emotional in-
sight that exceeds the developmental or clinical
reality of the character being simulated. This
tendency is exacerbated by a structural property
of instruction-tuned language models: their opti-
mization through reinforcement learning from hu-
man feedback systematically rewards agreeable,
conflict-resolving responses (Cheng et al., 2025;
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Ouyang et al., 2022; Sharma et al., 2023). In clini-
cal training, where the pedagogical value lies pre-
cisely in sustained difficulty and resistance, this
built-in drive toward appeasement works against
the training goal. A simulated child who soft-
ens after two empathic turns does not teach a
parent how to persist through the rupture-repair
cycles that characterize real parent-child interac-
tions (Beebe and Lachmann, 2002; Tronick and
Beeghly, 2011).

In response to this challenge, we – a multi-
disciplinary team of clinician-researchers along-
side AI and prompt engineering experts – have
been developing the MENTI Project. In this re-
search project, we create AI-based interactive sim-
ulations for training across several mental health
contexts, including parenting, therapist training,
and foster care supervision. These simulations al-
low users to practice difficult interpersonal inter-
actions with psychologically coherent characters
in structured learning environments, helping them
develop mentalization and other essential care-
giving and/or clinical competencies, supported by
real-time, expert-informed feedback. Because the
methodology operates at the level of prompt de-
sign, it can be developed and iterated by clinician-
researcher teams and adapted to new clinical pop-
ulations, developmental stages, and crisis contexts
- potentially extending access to expert-informed
training beyond the settings where such expertise
is typically available.

The MENTI Project sits at the intersection of
prompt engineering and clinical knowledge, en-
coding relevant clinical context directly into the
prompts that govern simulated characters. It is
guided by the principle that whatever is not ex-
plicitly engineered into the prompt will degrade
over extended interaction. Thus, rather than rely-
ing on the model’s default conversational tenden-
cies, our clinical prompt engineering (CPE) trans-
lates clinical and developmental theory into struc-
tured prompt design that specifies a character’s
internal motivations, defensive patterns, and be-
havioral contingencies; these, in turn, are coupled
with both real-time and post-simulation feedback
informed by clinical theory.

At present, the MENTI ecosystem has included
several simulations with over 300 participants
across iterative pilot phases as well as formal stud-
ies. In a series of studies focused on improv-
ing mentalization skills, approximately 60 mental
health practitioners and 36 parents were trained

with simulated adolescent characters (Yirmiya
et al., 2026), and 46 foster care supervisors were
trained with a simulated foster mother (Elyoseph
et al., 2026). Across these implementations, par-
ticipants consistently reported high acceptability
and perceived usefulness (Elyoseph et al., 2026;
Yirmiya et al., 2026).

In the present paper, we illustrate our methodol-
ogy through Talking with Lia, a simulation project
in which parents practice responding to a seven-
year-old child during repeated missile alerts and
forced sheltering. The simulation was deployed
within the first week of an acute national secu-
rity crisis in Israel in Winter 2026. This project
demonstrates how CPE can support the rapid cre-
ation of psychologically realistic training simula-
tions and how a methodology developed through
iterative research can be quickly adapted for real-
world deployment during an ongoing crisis.

2 The CPE Methodology

2.1 Design Observations

CPE rests on five design observations derived from
clinical practice and iterative deployment across
multiple simulations (Elyoseph et al., 2026; Yir-
miya et al., 2026). Each addresses a structural ten-
dency of LLMs that becomes particularly conse-
quential in clinical training contexts. We present
them as practical recommendations for prompt de-
signers working in clinical domains.

A. Make clinical prompts rich and explicit.
What a prompt leaves unspecified, a model tends
to fill in from its training distribution (Bender
et al., 2021; Bommasani et al., 2021). Thus, any
context not explicitly engineered into a prompt
will degrade over extended interaction. As noted
above, our pilot simulations conducted across var-
ious clinical use-cases have revealed that less
explicit prompts produced premature disclosure,
rapid therapeutic resolution within a few turns,
and inconsistent personal histories. For this rea-
son, our prompts include extensive and layered de-
scriptions of the simulated characters (see point
C, below) as well as concise but explicit clini-
cal knowledge about the psychological processes
which the simulation is about.

B. Assign the model to reactive roles. Across
our pilot simulations, we found that model be-
havior is more effectively constrained and aligned
when the AI occupies a reactive role (e.g., pa-
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tient, child, or client) rather than a proactive one
requiring complex clinical judgment. This archi-
tectural choice allows the simulation to serve as
a high-fidelity testing ground, where the model’s
responses provide the necessary psychological re-
alism needed for the participant to have a realis-
tic experience, which can then serve as input for
precise, expert- informed feedback on their actual
clinical performance.

C. Build the character’s psychology in layers.
Based on the assumption that humans operate at
different levels of self-awareness (Fonagy et al.,
1991; Freud, 1989), each simulated character is
constructed through explicit psychological lev-
els. An outer level specifies observable behavior:
expressed emotions (e.g., anger), verbalized de-
mands (e.g., “I don’t want to talk about this!”), and
visible body language cues (e.g., crossed arms,
averted gaze). A middle level represents semi-
conscious processing, such as confusion, tenta-
tive awareness, and testing questions that probe
the other person’s emotional availability. Finally,
the innermost level holds fundamental needs and
fears that the character may not articulate directly
or even be aware of. This inner level cannot be
reduced to illustrative utterances or behavioral de-
scriptions: by definition, its content is rarely if
ever that explicit. Instead, it is characterized by
using putative motivational forces (e.g., core fears,
attachment needs) that drive observable behavior
without the character’s conscious awareness.

D. Enforce non-linear emotional trajectories.
Well-established observations in clinical, develop-
mental, and attachment research suggest that emo-
tions, emotion regulation, or insight often occur
in fits and starts (e.g., the cycles of rupture and
repair that characterize parent-child interactions;
Tronick (1989)). To simulate that in a realistic
manner, we find it essential for our characters to
evolve through distinct emotional stages across the
interaction, with the prompt specifying the con-
ditions, interactional events, or contingency rules
under which transitions occur (e.g., sustained em-
pathy, dismissal, or accurate naming of an emo-
tion moving the character closer to or further from
deeper disclosure).

Crucially, the prompt must enforce such non-
linearity: emotional retreat following moments
of vulnerability, anger expression after accurate
empathy, denial following earlier disclosure. Pi-
lot testing across several simulations without such

constraints showed that simulated characters dis-
closed fully and openly within only a few turns of
empathic interaction, thus collapsing the pedagog-
ical arc.

E. Use expert knowledge We design each sim-
ulation in systematic collaboration with clinicians
who contribute clinical knowledge and extensive
experience honed over thousands of therapeutic
encounters. In addition, expert reviewers examine
anonymized interaction transcripts to assess the
clinical validity and pedagogical usefulness of the
simulations. Their input helps ensure that the sim-
ulation captures how a particular defense would
sound in conversation, how a seven-year-old’s
anxiety would present differently than a fifteen-
year-old’s, and at what points should we expect
a reticent client to retreat after moments of dis-
closure. Incorporation of such specific (and often
tacit) practitioner knowledge help CPE prompts
simulate characters that feel clinically alive rather
than psychologically implausible.

2.2 A multi-agent approach

In putting these design considerations into action,
CPE follows a multi-agent approach. At the core
of every CPE simulation is the simulated charac-
ter, but this character does not operate alone. In-
stead, CPE ensures effective clinical training by
incorporating real-time guidance, structured feed-
back, and a research framework to evaluate its out-
comes. In the MENTI ecosystem, these functions
are handled by a set of dedicated agents that sur-
round the simulation agent and together form the
complete training environment. Thus, each CPE
simulation comprises several agents operating in
concert, each handling a distinct pedagogical func-
tion, and each developed and revised using inde-
pendent prompts.

2.2.1 The simulated character agent

The simulated character, constructed according to
the design principles described above, is the core
of every CPE simulation. It is embedded within
a simulation agent which includes scenario logic
that provides the structural scaffolding of the in-
teraction: how many turns the conversation spans,
what happens at each stage, what formatting rules
govern the character’s output, and how is the over-
all session flow managed.
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2.2.2 The reflective agent
Alongside the simulation agent, some simulations
include a reflective agent that serves two com-
plementary functions. First, it provides knowl-
edge and content: reflecting on what is unfolding
in the conversation, offering pedagogical support
calibrated to the context, and when appropriate,
gently naming dynamics that the participant may
not have noticed. Second, and no less important,
the agent itself models the clinical stance that the
training aims to develop. For example, when train-
ing mentalization skills, the agent demonstrates
mentalization in practice by attending to what the
participant may be experiencing, showing genuine
interest in their emotional state, and responding
with empathic attunement. In this way, the par-
ticipant learns both what the agent says and how it
says it.

2.2.3 The feedback agent
In each CPE simulation, a feedback agent receives
the full transcript of the conversation, and gen-
erates a teaching-oriented report based on prede-
fined evaluation criteria. Rather than assigning
grades, the agent works through each criterion by
identifying specific moments in the conversation:
it locates where a particular clinical principle was
demonstrated or missed, cites the participant’s ex-
act words, and shows what happened next in the
interaction as a result.

2.2.4 The theoretical foundation
Each CPE simulation includes a theory section
providing a concise summary of the relevant clini-
cal framework guiding it (e.g., mentalization (Fon-
agy et al., 1991), attachment theory (Bowlby,
1988), containment (Bion, 1962), or the taxonomy
of psychological needs (Dweck, 2017)). The the-
oretical foundation distills key constructs which
would help the model remain consist throughout
the interaction.

3 Illustrating our Methodology: The
Talking with Lia Project

3.1 Design

The Talking with Lia simulation project was de-
veloped during an acute national security situation
in Israel, in which many parents of young chil-
dren were seeking guidance on how to speak with
their children about sirens, rockets, and disrupted
daily routines. In this project, parents interact with

Lia, a simulated seven-year-old girl experiencing
repeated missile alerts and emergency sheltering.
The project illustrates how CPE works in practice,
applies the design observations noted above, and
does so using a multi-agent approach.

3.1.1 The simulated character agent: Lia
At the core of Lia’s simulated character agent
are needs and coping styles that organize her
experience – but that she cannot articulate di-
rectly. These include her need for adult certainty
(“Grown-ups are supposed to know what to do. If
they don’t know, who will keep me safe?”) and her
suppression of vulnerability (“If I show that I’m
scared, maybe Mom and Dad will get even more
scared.”) These shape how Lia interprets the par-
ent’s behavior during the interaction, and how she
responds to it.

Because Lia needs adults to provide certainty,
she becomes highly sensitive to signs of hesitation
or unconvincing reassurance. When a parent says
“Everything will be fine” without conviction, Lia
may fall silent, cling to the parent, or withdraw.
These reactions reflect Lia’s coping style, which
also underlies her tendency to express fear or dis-
tress indirectly. Often, Lia’s fear is expressed out-
wardly as anger, an active emotion that gives her
a sense of control (unlike fear, which exposes her
vulnerability). When Lia insists “I’m not scared!
I’m angry!”, she is expressing distress in an emo-
tional form that feels safer for her.

Our simulation agent prompt details Lia’s de-
fensive responses in a way that follows a develop-
mental logic familiar to clinicians: defenses serve
a psychological function, their motivations are not
accessible to the child herself, and the parent must
work through them rather than bypass them (Fon-
agy et al., 1991; Slade, 2005). Thus, the prompt
also specifies how different parental responses in-
fluence Lia’s internal experience and outward be-
havior. Attuned responses may gradually increase
her sense of safety and openness, whereas mini-
mizing or dismissive responses often lead to re-
newed anger or withdrawal.

The model reasons through the child’s inter-
nal world before generating surface behavior. As
such, it unfolds across several levels of emotional
access. At the surface, Lia expresses frustration
and anger about the day’s events:

“There was a siren at recess today. We
ran to the shelter. I hate everything.”
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Figure 1: CPE multi-agent simulation architecture. The simulation agent runs character profile, scenario, and
theory sections as a concatenated system prompt. The optional reflective agent provides real-time scaffolding
during the conversation. After the conversation ends, the feedback agent receives the full transcript and evaluation
criteria to generate a teaching report.

If the parent maintains a reflective and emotion-
ally attuned stance, Lia may later ask a quieter
question that tests the parent’s own emotional sta-
bility:

“Are you scared too?”

This question reflects her anxiety about whether
the parent can contain the situation. Only after the
parent engender sustained relational safety, would
a more direct expression of fear appear:

“Mom... when will the sirens stop?”

The distance between “I hate everything!” and
“When will the sirens stop?” is the pedagogical
arc of the simulation. This is not a linear arc, and
thus, moments of vulnerability are often followed
by renewed anger, confusion, or withdrawal.

The simulation also encodes patterns of bod-
ily expression associated with different emotional
states (which appear as stage directions, in square
brackets). Anger may appear in diverse ways [Lia
crosses her arms, raises her voice, stomps her
feet]. The same is true for fear [as Lia freezes and
covers her ears, her eyes widening].

3.1.2 The reflective agent
A reflection agent, described as a “parenting coun-
selor”, inserts reflective interventions after turns

4, 8, 12, and 16 (within the 20-turn interaction).
These interventions take the form of short com-
ments intended to support the parent’s reflective
stance (e.g., by highlighting the child’s possible
internal experience, inviting the parent to recon-
sider the emotional meaning of the exchange, and
drawing attention to what the participant them-
selves may be experiencing in the moment). These
interventions are intentionally brief so that the
emotional continuity of the parent-child interac-
tion is preserved.

3.1.3 The feedback agent

Upon completion, a feedback agent evaluates the
entire conversation against criteria drawn from re-
flective parenting practice. It examines the conver-
sation for the presence (or conspicuous absence)
of emotional validation, curiosity about the child’s
inner world, attunement to her pace, and honest
communication that does not offer false reassur-
ance.

In some simulations, feedback is also provided
from the character’s own perspective. In Lia’s
case, this involves hearing Lia’s reflection, reveal-
ing what she experienced internally during the in-
teraction.
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3.1.4 Knowledge base

Lia’s simulation was grounded in a ∼1,200-word
knowledge base detailing a concise framework for
parental mentalization during crisis, specifically
addressing the psychological and physiological
impacts of chronic rocket attacks on early school-
aged children. It integrates emotion regulation
(Gross, 2015) and mentalization principles (Fon-
agy et al., 2002) with Bion’s (Bion, 1962) con-
cept of containment and with ideas from Bowlby’s
(Bowlby, 1988) attachment theory, emphasizing
the critical role of parental emotional availabil-
ity in regulating the child’s acute stress responses
(e.g., hypervigilance, somatic dysregulation, and
developmental regression). Furthermore, the text
conceptualizes the unique psychological demands
of this context, including the paradoxical nature
of bomb shelters and sirens as both a protective
and anxiety-inducing. Ultimately, building on this
theoretical foundation, the knowledge base posits
that the parent’s role to tolerate and reflect the
child’s distress – without preemptively attempting
to “fix” or neutralize it – is paramount for mitigat-
ing trauma and sustaining secure attachment under
conditions of pervasive external threat.

3.2 Project development

The Talking with Lia simulation was developed
very rapidly, modeled after previously designed
simulation bots and applying design principles es-
tablished within the MENTI ecosystem. Initial
versions of the simulation were reviewed by do-
main experts, including two clinical psychologists
(one a clinical supervisor), an educational psy-
chologist, two clinical psychology interns, and a
clinical psychology graduate student. Consulta-
tion with domain experts played a central role in
refining the prompt and ensuring that the simu-
lated interaction reflected clinically and develop-
mentally meaningful patterns of behavior. These
consultations helped refine the prompt through
several iterations. These, as well as the prompt’s
modular multi-agent design, proved very efficient.
Specifically, each identified design flaw (e.g., pre-
mature softening on Lia’s part, or an overactive
parenting counselor voice in early versions) re-
quired changes to only one or two prompt agents
rather than a full rewrite. Over the course of
nine versions, Lia’s character profile and response
pattern rule sections underwent the most revi-
sion, whereas the theory and feedback sections re-

mained largely unchanged.
The Talking with Lia simulation project was ac-

companied by a research study approved by the
Institutional Review Board of Bar-Ilan University.
Participants who completed the simulation were
invited to respond to an optional questionnaire in-
cluding measures of perceived safety, realism, and
efficacy.

3.3 Project deployment and early results
To effectively deliver such complex, multi-agent
prompts to end-users, the simulation must be
wrapped in an accessible, clear, and user-friendly
interface. After evaluating various tools, we de-
ployed Talking with Lia on Cesura.ai, a dedi-
cated simulation hosting platform that best met our
needs. pre made platforms such as Cesura and oth-
ers (e.g., calstudio.com, fastbots.ai, poe.com) pro-
vides a ready-to-use infrastructure that allows for
rapid deployment - a critical advantage when re-
sponding swiftly to an unfolding crisis. Noteably,
the underlying large language model powering the
simulation does not need to be the most com-
putationally heavy version available. We found
that advanced models optimized for speed such as
Gemini 2.5 Flash, Gemini 3 Flash, or Claude Son-
net 4.5 provide excellent performance for charac-
ter simulation while ensuring the low latency nec-
essary for a natural, seamless conversational user
experience.

The project was distributed through profes-
sional and community networks during the Win-
ter 2026 acute national security crisis in Israel.
The simulation link was shared in clinician groups
and parenting communities; as this was a tool in-
tended for real use during a national emergency,
the post-simulation research questionnaire was left
optional.

The simulation was received with consider-
able interest. Within the first days of distribu-
tion, 132 parents initiated sessions, of whom 42
completed the full interaction and 5 completed
the optional post-interaction questionnaire. Com-
pleted sessions averaged 17.6 minutes and about
11 conversational turns, indicating sustained en-
gagement with a tool that was entirely optional and
anonymous. Similarly to our previous simulations
(Elyoseph et al., 2026; Yirmiya et al., 2026), re-
spondents (using a 1-7 scale) rated the safety of
the simulated environment as high (M = 5.80, SD
= 1.10), found the simulation moderately realistic
(M = 4.60, SD = 1.14), and reported moderately
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high likelihood of recommending it to other par-
ents (M = 5.20, SD = 0.84). In free-text responses,
respondents described the experience as demand-
ing but valuable: ‘It took a big effort and was a bit
frustrating but I felt it was really important for me.’
The feedback conversation with Lia’s inner voice
was described as ‘eye-opening,’ and the detailed
portrayal of Lia’s body language and the coun-
selor’s reflections were highlighted as particularly
useful. One participant noted: ‘I didn’t realize I
too could write in my body language’, and added:
‘I want more simulations like this’.

4 Discussion

The CPE methodology offers a structured ap-
proach for creating psychologically realistic sim-
ulations with LLMs, overcoming a common prob-
lem with instruction-tuned models. The latter are
designed to prioritize helpful and agreeable re-
sponses, but introduce a systematic bias toward
appeasement and rapid conflict resolution (Cheng
et al., 2025; Sharma et al., 2023). While useful
in many contexts, this tendency limits the model’s
capacity to sustain the emotional complexity, ten-
sion, and uncertainty that are essential for clini-
cal training. CPE addresses this challenge by en-
coding clinical knowledge directly into the prompt
and structuring interactions to preserve difficulty,
resistance, and non-linearity.

In this approach, clinically coherent behavior
is not a spontaneous property of the model but
is intentionally shaped through design. Encod-
ing layered representations of internal experience
– needs, defenses, and response contingencies –
directs the model to generate responses that adhere
to developmental and clinical logic. Assigning the
model a reactive role reduces its tendency to over-
accommodate the user, while layered representa-
tions prevent premature insight and require the in-
teraction to progress gradually. Enforcing non-
linear trajectories ensures that moments of vulner-
ability are followed by withdrawal or resistance
rather than immediate resolution. In the Lia sim-
ulation, the distance between “I hate everything!”
and “When will the sirens stop?” is not traversed
in a straight line: surface anger, testing questions,
and retreat are linked to underlying vulnerabili-
ties that the parent must work through rather than
bypass. No single design principle produces this
arc: the principles interact. Layered beliefs create
the need for non-linear trajectories, the assignment

of a reactive role makes expert-informed response
patterns observable, and explicit clinical encoding
is what gives the layers their developmental logic.

This approach also addresses a broader chal-
lenge of access. The clinical expertise that can
be encoded in CPE prompts is typically acquired
through years of supervised practice and is con-
centrated in settings where such training is avail-
able, but scarce or entirely missing in less afflu-
ent settings (World Health Organization, 2022).
By encoding this expertise into prompt design,
CPE enables simulations that democratize expert
knowledge. These simulations need not be generic
– in fact, they can be easily tailored to spe-
cific populations and situations without requiring
model retraining or advanced technical expertise.
In this sense, CPE based simulations offer a prac-
tical pathway for extending access to clinically in-
formed training in contexts where expert supervi-
sion is limited.

The Lia deployment illustrates a related ad-
vantage: the methodology’s capacity for rapid,
context-sensitive development. The simulation
was designed and deployed within days of an
acute national crisis, addressing an immediate
need while preserving clinically coherent inter-
action. This speed was enabled by the modular
multi-agent architecture. The fact that core de-
sign principles transferred from prior simulations
with different populations (adolescents, a foster
mother) to a new developmental stage (a seven-
year-old) and a new context (active crisis) without
fundamental redesign suggests that CPE is partic-
ularly well suited for situations in which timely,
psychologically grounded support is needed but
access to trained professionals is constrained.

This work connects to the CLPsych 2026 theme
of moving beyond labels to understand mental
health dynamics. Much prior computational work
in clinical psychology has focused on classify-
ing mental health states from text (Benton et al.,
2017; Chancellor and De Choudhury, 2020; Cop-
persmith et al., 2014; Cruz-Gonzalez et al., 2025;
Montejo-Ráez et al., 2024). CPE addresses a
complementary question: how language technol-
ogy can support clinicians in engaging with the
dynamic, moment-to-moment unfolding of men-
tal states during interaction. Where classification
asks “what is this person experiencing?”, simu-
lation asks “can this clinician respond effectively
to what this person is experiencing, as it shifts in
real time?” The two tasks are complementary, and

38



CPE provides one possible methodology to attain
the latter.

4.1 Practical Lessons from the Deployment
We summarize seven applied lessons from devel-
oping and deploying Talking with Lia, intended for
clinician-researcher teams building similar simu-
lations.

1. Provide clinically relevant guidance, not
broad theory. Long theoretical descriptions
diffuse the model’s attention, while overly
sparse instructions push the model back to-
ward generic conversational defaults.

2. Build characters across multiple psycho-
logical levels. Separating observable be-
havior, semi-conscious processes, and inner
emotional states substantially improved psy-
chological coherence.

3. Choreograph the retreats, not only the
openings. Spell out what should not happen
and prescribe the retreat after every moment
of vulnerability – otherwise instruction-tuned
models collapse into resolution.

4. Decompose into independent agents. Using
independent prompts for each function made
failures easier to identify and correct without
affecting the entire system.

5. For crisis deployment, ship the tool with
optional research. Waiting for a full con-
trolled trial may delay potentially useful tools
during urgent situations; feasibility framing
and embedded safety language are therefore
essential.

6. Prioritize conversational speed and stabil-
ity over model size. Mid-tier models (e.g.,
Gemini Flash and Claude Sonnet) main-
tained character consistency while respond-
ing quickly enough for natural clinical inter-
action, whereas slower frontier-scale models
often disrupted conversational immersion.

7. Plan for post-simulation questionnaire at-
trition. Users engaged with the simulation
far more than with optional follow-up ques-
tionnaires (5 of 42 here), suggesting that fu-
ture crisis deployments may require shorter
assessments, embedded measures, or dedi-
cated engagement strategies to improve post-
simulation data collection.

5 Limitations

This study demonstrates that clinical knowledge
can be systematically encoded into AI simulations
that produce psychologically coherent and peda-
gogically meaningful training interactions. The
central question it does not yet answer is whether
the competencies these simulations target are in
fact acquired: does a parent who practices with
Lia develop stronger reflective functioning in real
interactions with their own child? Measuring this
transfer is the next step in the MENTI research
program and a central objective of the broader
project. The current deployment data (132 ses-
sions, 42 completed, N = 5 questionnaire respon-
dents) support feasibility but not effectiveness.
Participation was self-selected, the system was de-
ployed on a single platform, and no controlled
comparisons with standard prompting were con-
ducted.

The priority in this deployment was real-world
accessibility during a national crisis rather than
controlled experimental design. Nonetheless, the
engagement patterns and participant feedback sug-
gest that the approach has face validity with the
population it was designed to serve. A formal
between-model comparison – covering persona
adherence, non-linearity, role-binding under push-
back, and language register – is planned as a
follow-up benchmark study.

Ethical Considerations

Participation was anonymous and voluntary, and
no identifying information was collected or stored.
Informed consent was obtained through an em-
bedded form prior to accessing the simulation.
The study was approved by the Institutional Re-
view Board of Bar-Ilan University (Approval No.
290125444, approved 29 January 2025). Because
the simulation addressed parenting during an acute
national security crisis, the materials also included
references to national crisis hotlines. The simula-
tion was presented as a training tool rather than a
therapeutic intervention.
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A Prompts by Agent – Talking with Lia
(Track 1)

This is a very concise summary, intended to con-
vey the structure and logic of the prompt set rather
than to reproduce it in full. The simulation uses
three prompt agents; selected representative con-
tent from each is shown below. The complete
prompt files are maintained in the project’s work-
ing repository.

The excerpts below were selected to illustrate
the core architectural and clinical design princi-
ples underlying the system.

A.1 Simulation Agent – Lia

The character agent. Runs the character profile,
scenario, and theory sections as a concatenated
system prompt.

The simulation is situated in a prolonged civil-
ian threat context involving repeated air-raid sirens
and disruptions to ordinary routines, including
the cancellation of Purim celebrations. The sce-
nario was designed to model how familiar devel-
opmental structures (e.g., holidays, school rituals,
peer expectations) become psychologically desta-
bilized under conditions of chronic uncertainty
and threat. For Lia, the cancellation of Purim func-
tions not merely as disappointment, but as a sym-
bolic disruption of normality, continuity, and care-
giver certainty.

Role binding. “You are Lia, a 7-year-old girl.
The user is your parent. You are never the parent.”

Layered character organization (excerpts).

• Observable layer: overt anger, protest, bod-
ily agitation, and defensive reactions (“It’s
not fair!” / “Why did they cancel?!”).

• Semi-conscious layer: uncertainty, care-
giver monitoring, and concrete situational
concerns (“Are you also scared?”).

• Underlying organizing layer: attachment-
related fears, loss of predictability, and unmet
safety needs (“If Purim can disappear, what
else can disappear?”).

Primary defense – anger as shield. Fear is ini-
tially expressed through anger rather than direct
disclosure. Accurate emotional contact may tem-
porarily increase defensiveness rather than coop-
eration.

Non-linearity rules (mandatory).

1. Never more than one emotional micro-step
forward per turn, even with an optimal par-
ent response.

2. Following moments of vulnerability, with-
drawal or defensive movement is likely.

3. At least once, anger appears in response to an
emotionally accurate intervention (“I didn’t
say I was scared. I said I was angry.”).

4. Progression remains gradual, reversible, and
resistant to rapid emotional resolution.

Contingency architecture. Parent interventions
dynamically influence defensive intensity, emo-
tional accessibility, relational proximity, and with-
drawal likelihood.

Developmental realism constraints.

• Concrete rather than abstract language.

• Limited emotional self-reflection.

• Behavioral expression preceding verbal artic-
ulation.

• Fragmented speech and reduced verbal com-
plexity under distress.

Representative interaction pattern.

Parent: “Maybe underneath the anger
something also feels scary?”
Lia: “I’m not scared!” [crosses arms,
looks away]
Lia (later): “. . . What if there’s another
siren tomorrow?”

Scenario scaffolding. 20-turn interaction struc-
ture; adaptive openings conditioned on the par-
ent’s first move; response template combining ver-
bal output with bracketed body-language cues.

Theory in-context (summarized). Mentaliza-
tion (Fonagy et al., 1991) · containment (Bion,
1962) · attachment under crisis (Bowlby, 1988) ·
developmental constraints in middle childhood ·
bodily organization of fear responses.

A.2 Reflective Agent – “Parenting
Counselor”

The reflective agent inserts brief process-oriented
interventions during the simulation.
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Stance. A warm, non-authoritative figure who
wonders rather than instructs. Interventions em-
phasize curiosity, pacing, and attention to the
child’s internal experience.

Language constraint. No technical terminol-
ogy (“mentalization,” “emotion regulation”). Ev-
eryday language only (“to stay with the feeling,”
“not to rush to fix”).

Representative intervention. “Sometimes
when children sound angry, it may be easier than
showing how frightened they feel. Notice what
happened right before Lia raised her voice.”

A.3 Feedback Agent – Two Sub-Agents
The feedback agent runs sequentially after the
conversation ends.

Feedback report. A transcript-grounded learn-
ing report rather than an evaluation. No scores.
Feedback highlights moments of attunement,
missed opportunities, pacing mismatches, and at-
tempts at repair.

Representative feedback structure.

• What supported emotional safety

• What increased defensiveness

• Possible alternative phrasing

• Transcript-grounded examples

Post-Simulation Reflective Chat – Lia’s Inner
Voice
A secondary reflective agent responds from the
implied internal perspective of the child charac-
ter – the part of Lia that could not fully articulate
itself during the interaction. Rather than evaluat-
ing the parent, the agent retrospectively expresses
unmet needs, moments of safety, confusion, with-
drawal, or emotional relief from the child’s sub-
jective point of view. This reflective layer was de-
signed to help participants revisit the interaction
through the simulated child’s internal experience
rather than through external behavioral interpreta-
tion alone.
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