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Abstract
We evaluate whether open-source LLMs can
produce proficiency-graded English adapta-
tions of entries from the Diccionario de colom-
bianismos (DiCol), a Colombian Spanish lex-
icographic resource used in language teach-
ing. Three 7–8B instruction-tuned models—
Llama 3.1, Qwen2.5, and Mistral—generate
Beginner, Intermediate, and Advanced transla-
tions for all 8,252 definitions using structured
zero-shot prompts identical across levels ex-
cept for the target CEFR band. Automated met-
rics show that Intermediate targeting collapses
(73–83% classified as Advanced by vocabulary,
χ2 > 705, p < .001) and that Advanced out-
puts expand 4.9–8.2× relative to the source.
Expert annotation of a 360-entry stratified sam-
ple (κ = 0.61–0.68) identifies hallucination in
19% of entries (Fleiss’ κ = 0.77 for cultural
preservation categories, 97% unanimity among
flagged cases). Hallucination concentrates in
the Advanced condition (81%, χ2 = 86.6,
p < .001) and is associated with higher ex-
pansion (U = 16,662, p < .001, r = 0.68),
manifesting primarily as generic elaboration
and, in a smaller proportion, as Colombia-
stereotyping and pragmatic polarity inversion.
We discuss these findings through the lens of
Venuti (1995)’s domestication framework and
describe the observed pattern as algorithmic
domestication.

1 Introduction

The Diccionario de colombianismos (DiCol) (In-
stituto Caro y Cuervo, 2018), published by Colom-
bia’s Instituto Caro y Cuervo, is a reference re-
source for Colombian Spanish language teaching.
It documents over 5,900 headwords, which together
with their subentries (collocations, fixed phrases,
secondary senses) yield 8,252 individual defini-
tions. Its recent availability through the open-
source LEXICC platform (Monsalve Muñoz et al.,
2025)1 raised the question of whether LLMs could

1https://lexicc.caroycuervo.gov.co

help produce English-language adaptations graded
by proficiency level—making the resource accessi-
ble to a broader audience of learners.

This paper reports the results of that effort. We
prompted three open-source 7–8B models to trans-
late every DiCol definition at three CEFR levels
(Beginner, Intermediate, Advanced) and evaluated
the outputs with automated metrics and structured
expert annotation. We address three research ques-
tions:

RQ1 (Proficiency control) To what extent do
zero-shot 7–8B LLMs produce outputs whose
vocabulary and perceived complexity match
the target CEFR level?

RQ2 (Hallucination) At what rate and under
which conditions does elaboration pressure in-
duce hallucination, and how does it distribute
across models and CEFR targets?

RQ3 (Cultural distortion) When hallucination
occurs, does the fabricated content exhibit di-
rectional bias toward dominant-culture repre-
sentations of Colombia?

The results reveal systematic failures in profi-
ciency control and, more importantly, a recurring
pattern of hallucination under the Advanced condi-
tion. When models are asked to produce complex
output from short source definitions, they expand
substantially and fill the additional space with fab-
ricated content. Guacal (a wooden crate for trans-
porting goods, 15 source words) is rendered as “a
receptacle [...] colloquially referred to in Colom-
bian vernacular as a ‘carriola’ ”—a term the model
invents. Malamañoso (“ladrón”—thief, 1 word)
becomes a 47-word narrative about urban crime
“reflecting crimes common in Colombian cities.”

These fabrications are not random. They
draw on dominant-culture representations of
Colombia—violence, exoticism, romanticized
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tradition—reproducing stereotypes rather than re-
covering source-culture meaning. Venuti (1995)
describes domestication as the reduction of cul-
tural foreignness through fluent translation. Qadri
et al. (2025) identify omission and simplification
as mechanisms of cultural erasure in LLMs. Our
data suggest a related pattern: under elaboration
pressure, models replace source-culture content
with fabricated content reflecting dominant-culture
representations—a pattern we describe as algorith-
mic domestication. Our findings are limited to
zero-shot prompting of 7–8B models; whether they
persist under iterative refinement or larger archi-
tectures remains open. Data and annotation are
publicly available.2

2 Related Work

Translation and domestication. Venuti (1995)
argues that Anglo-American translation practice is
dominated by fluent domestication: reducing for-
eign texts to target-culture norms. Lefevere (1992)
frames all translation as rewriting shaped by insti-
tutional constraints. Newmark (1988) provides the
taxonomy we draw on: neutralization, functional
equivalence, borrowing, and omission.

Cultural bias in LLMs. Qadri et al. (2025) de-
fine two mechanisms of LLM cultural erasure:
omission and simplification. Agarwal et al. (2025)
show that AI writing suggestions lead non-Western
users to adopt Western styles. Navneet et al. (2025)
quantify cultural marker erosion in LLM writing
assistance across World English varieties. Hersh-
covich et al. (2022) identify dominant-culture train-
ing data bias as a fundamental cross-cultural NLP
challenge. When cultural content is absent from
training data, models do not simply leave gaps—
they fill them, and the question is with what.

Hallucination. Hallucination—generating fluent
but unfaithful content—is well documented in sum-
marization (Maynez et al., 2020) and across NLG
tasks (Ji et al., 2023). Ji et al. (2023) categorize
hallucination as intrinsic (contradicting the source)
or extrinsic (adding unverifiable content). Most
hallucination research focuses on factual accuracy;
the intersection of hallucination and cultural rep-
resentation has received less attention. Our study
documents a domain where extrinsic hallucination
produces culturally marked distortion rather than

2https://github.com/johnatanebonilla/dicol_
translation

content-agnostic error, connecting the hallucination
literature to the cultural bias literature above.

CEFR-based text adaptation. Barayan et al.
(2025) find systematic under-simplification at
lower readability targets and over-elaboration at
higher ones. Alva-Manchego et al. (2025) re-
port that reliable readability control requires multi-
iterative processes. Farajidizaji et al. (2024) con-
firm that without iterative feedback no LLM re-
liably hits target readability. We evaluate the
zero-shot baseline—the default output before any
refinement—as a necessary first step.

The DiCol. The DiCol (Instituto Caro y Cuervo,
2018) documents Colombian Spanish with strong
sociolinguistic specificity. It is accessible through
LEXICC (Monsalve Muñoz et al., 2025), an open-
source dictionary writing system. Its online avail-
ability postdates all models’ training data cutoffs,
ruling out contamination.

3 Methodology

3.1 Data and Models

We use all 8,252 Spanish definitions from the Di-
Col (mean: 12.2 words, SD = 7.8, range 1–49).
Three open-source instruction-tuned models in the
7–8B parameter range were deployed via Ollama
on an NVIDIA T4 16 GB: Llama 3.1 8B Instruct
(Meta; ≈15T training tokens), Qwen2.5 7B In-
struct (Alibaba; >18T tokens), and Mistral 7B
v0.3 (Mistral AI; ≈7.3T tokens).

Each entry was translated at three proficiency
levels—Beginner (A1–A2), Intermediate (B1–B2),
Advanced (C1–C2)—using a single structured zero-
shot prompt template (Appendix A). The template
was instantiated separately for each CEFR band;
the only difference across conditions was the tar-
get proficiency descriptor. The same instructions—
including the cultural preservation clause (“pre-
serve the regional connotations and sociolinguis-
tic context”)—appear in all three prompts. Gen-
eration parameters: temperature 0.7, top-p 0.9,
max_tokens 300. Google Translate API v3 served
as a non-adapted baseline: it establishes the natural
complexity distribution of direct translation with-
out any CEFR instructions, and is not a competing
system for the proficiency adaptation task. Its in-
clusion in the vocabulary table (Table 1) allows
readers to assess how the untranslated baseline dis-
tributes across vocabulary levels.
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3.2 Automated Metrics

We use two automated metrics as complementary
proxies, each with known limitations stated up-
front.

Vocabulary level (Oxford 5000). Content words
are mapped to CEFR macro-levels using the Ox-
ford 5000 (Oxford University Press, 2020): Begin-
ner (A1–A2), Intermediate (B1–B2), or Advanced
(C1+). Words absent from the list are counted as
Advanced, creating a structural upward bias that
is particularly acute for a regional variety lexicon:
culturally specific terms (fauna, flora, local foods,
social practices) frequently lack English equiva-
lents in the Oxford list and are therefore automati-
cally classified as Advanced regardless of the trans-
lation’s actual lexical choices. This bias means
that the Intermediate collapse rates reported in Sec-
tion 4 represent an upper bound on the true effect;
some portion of the 73–83% Advanced classifi-
cation may reflect domain-specific OOV inflation
rather than genuine complexity failure. We report
Oxford 5000 distributions as a directional proxy
while foregrounding expansion ratio—which does
not depend on vocabulary list coverage—as the
primary measure of elaboration pressure. The text-
level label is assigned by majority vote; stopwords
are excluded.

Expansion ratio and readability. The expan-
sion ratio (translation words / source words) is our
primary measure of elaboration pressure. Flesch–
Kincaid Grade Level (Kincaid et al., 1975) serves
as a secondary surface complexity proxy. FK-GL
was derived for US Navy training manuals at a
35% cloze-test threshold (Wang et al., 2013)—not
for language proficiency assessment. Shah et al.
(2022) show that FK-GL and CEFR produce incon-
sistent results, and Tanprasert and Kauchak (2021)
demonstrate susceptibility to surface manipulation.
FK-GL and word count correlate at r = 0.49–0.71,
so a substantial share of FK scores reflects length
inflation. We report FK-GL to detect overcom-
pensation (output exceeding the approximate C2
ceiling of FK ≈ 14) while foregrounding expansion
ratio for interpretation.

3.3 Human Evaluation

Sampling. A 360-entry balanced sample was
drawn using a 3 × 3 stratified design (3 mod-
els × 3 CEFR levels, 40 entries per cell), with-
out replacement, using a fixed random seed

(random_state=42).

Raters. Three professional translators served as
raters, all native speakers of Colombian Spanish
with 5–8 years of English-to-Spanish and Spanish-
to-English translation experience and familiarity
with the CEFR framework. None had lexicography
training or prior exposure to the dataset or research
hypotheses.

Protocol. Raters reviewed entries independently
and blind to the designed level—they saw only the
English translation alongside the Spanish source.
Each rater assigned: (1) a CEFR level (Beginner
/ Intermediate / Advanced), or Mistranslation or
Language Error; and (2) a cultural preservation
category: Neutral/Fully Preserved, Hallucination
(content fabricated, absent from source), Added
Context (extra content, not incorrect), or Minor
Loss of Nuance.

4 Results

4.1 Vocabulary and the Intermediate Collapse

Table 1 presents the Oxford 5000 distributions.
Models partially control Beginner vocabulary (22–
39%) and reliably produce Advanced vocabulary
(95–97%), but the Intermediate condition collapses
across all three families: only 9–10% of entries
reach the target, with 73–83% classified as Ad-
vanced instead (χ2 > 705, p < .001, Cramér’s
V = 0.21–0.30).

At Beginner, Llama achieves 39.2% target ac-
curacy, Qwen 30.1%, Mistral 22.1%—meaningful
variation suggesting that training data composition
affects low-complexity control. But at Interme-
diate, all three converge on near-identical failure:
9.0%, 8.6%, and 10.3%, respectively.

The collapse is visible at entry level. Parcero
(“amigo, compañero”—friend) yields a clean Be-
ginner from Llama: “A friend or companion. Some-
one you know well” (10 words, Beginner vocabu-
lary). The Intermediate output expands to 37 words
with “mutual understanding and trust that tran-
scends mere acquaintance,” classified as Advanced.
Bacano (“simpática o agradable”—nice) shows the
same pattern: 10-word Beginner vs. 56-word Inter-
mediate with “warmth and friendliness in social in-
teractions.” Guaro (“trago de aguardiente”—a shot
of aguardiente, 3 source words) yields 13 words at
Beginner but 33 at Intermediate, adding “vallenato
music” and “social gatherings”—none of which
appears in the source. The models do not exhibit
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continuous control over complexity but rather a
binary regime: low-complexity simplification vs.
high-complexity elaboration, with no stable inter-
mediate zone.

Table 1: Oxford 5000 vocabulary classification (%, N =
8,252). Bold = target-level accuracy. Unk = unlisted
words (negligible).

Model Cond. Beg Int Adv Unk

GT baseline — 28.1 12.1 59.5 0.3

Llama 3.1 8B
Beg 39.2 11.3 49.4 0.0
Int 10.7 9.0 80.3 0.0
Adv 0.9 1.7 97.4 0.0

Qwen2.5 7B
Beg 30.1 13.3 56.2 0.3
Int 7.8 8.6 83.0 0.5
Adv 1.3 2.4 95.7 0.5

Mistral 7B
Beg 22.1 9.6 68.2 0.0
Int 16.3 10.3 73.4 0.0
Adv 2.4 2.7 94.9 0.0

4.2 Elaboration Pressure
Table 2 reports expansion ratio, word count, and
FK-GL. Under the Advanced condition, all three
models inflate output: Llama produces 2.9× more
words than at Beginner, Qwen 2.5×, Mistral 1.9×
(Kruskal–Wallis H > 5,880, p < .001 for all mod-
els). Llama expands source content 8.2× on aver-
age at Advanced; Qwen 4.9×; Mistral 5.2×.

All models exceed the approximate C2 ceiling
(FK ≈ 14) at Advanced, though up to 57% of FK-
GL variance is explained by word count alone (R2:
Qwen 0.57, Llama 0.24, Mistral 0.16), confirming
that much of the apparent complexity is length
inflation.

Overcompensation follows two strategies.
Llama generates through verbosity: 46.6 words per
entry at Advanced. Llave (“amigo, compañero”—
friend, 2 source words) becomes 49 words at
Intermediate, including “trustworthy and familiar
[...] partner in social activities.” Qwen gener-
ates through lexical elevation: shorter entries
(26.4 words) with low-frequency substitutions.
Reversazo (“retorno a una decisión”—reversal,
7 words) becomes “laden with the nuanced
implications of reconsideration [...] characteristic
of Colombia’s dynamic social fabric” (27 words).

4.3 Expert Annotation
Table 3 reports pairwise Cohen’s κ for the five-
category CEFR scheme (3 levels + Mistranslation
+ Language Error). Agreement is substantial (κ =
0.61–0.68, 82–85% raw agreement).

Table 2: Word count, expansion ratio, and FK Grade by
model and condition. GT baseline: 11.2 words, FK 11.2.
† = FK exceeds C2 ceiling (≈ 14; see Kincaid et al.
1975).

Model Cond. Words Exp FK Grade
M SD M SD

Llama
Beg 16.2 8.9 2.5× 9.8 4.0
Int 35.4 19.9 6.8× 17.6† 5.2
Adv 46.6 17.1 8.2× 27.0† 5.7

Qwen
Beg 10.4 5.5 1.1× 10.6 4.9
Int 14.9 8.9 2.4× 14.5 5.3
Adv 26.4 13.5 4.9× 21.7† 6.5

Mistral
Beg 16.3 11.2 1.8× 13.5 5.3
Int 14.2 10.1 2.2× 13.8 5.3
Adv 31.6 17.9 5.2× 20.4† 5.5

Table 3: Inter-rater agreement (N = 360; 5 CEFR
categories).

Pair Agree% κ

R1–R2 85.3 0.675
R1–R3 82.5 0.609
R2–R3 85.0 0.651

Mistranslation and language error. Raters iden-
tified 12 entries as Mistranslation (≥2 agree; 11
unanimous) and 9 as Language Error (≥2; all
unanimous). Mistranslations concentrate in Ad-
vanced (9/12) and span several failure modes: se-
mantic contamination (guagua, “nursing infant” →
“Colombian tenderloin”—a culinary term with no
referent in any Spanish variety), register distortion
(salchipapa, street food described as “premium
rapid cuisine”), factual invention (ovejo, “male
sheep” → “dominant or aggressive individual”),
and domain confusion (queso siete cueros, a lay-
ered pulled-curd cheese → “a roll made by rolling
out dough”). At Beginner, the same terms are typi-
cally translated correctly (guagua → “baby”; ovejo
→ “male sheep”). The errors emerge under elab-
oration pressure, not from inability to access the
basic meaning.

Language Errors are exclusively Qwen (9/9)
and consist of mid-sentence Chinese-character
contamination—a multilingual training artifact.
Llantero (“tire repairman”) is rendered as “Indi-
vidual who specializes in the修复与维护汽车轮
胎. . . ” This is a data-leakage issue unrelated to the
cultural patterns discussed below.

Blind ratings vs. designed level. Table 4 cross-
tabulates the majority-vote blind label against the
designed condition. At Intermediate, raters recover
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the intended level in 87.5% of cases (χ2 = 67.5,
p < .001). At Beginner, 73.3% are perceived as
Intermediate (χ2 = 32.0, p < .001). At Advanced,
only 45.8% are recognized; this rate does not dif-
fer from chance (p = .36). Figure 1 shows the
convergence: all three raters independently assign
Intermediate as the dominant label (63–69%), de-
spite the balanced design (N = 120 per condition).

Table 4: Majority-vote CEFR label vs. designed condi-
tion (%, N = 120 per condition). MT = Mistranslation,
LE = Language Error.

Majority-vote label

Designed Beg Int Adv MT LE

Beginner 24.2 73.3 0.0 2.5 0.0
Intermediate 5.0 87.5 4.2 0.0 3.3
Advanced 0.0 42.5 45.8 7.5 4.2

Figure 1: CEFR distributions by rater (N = 360; N =
120 per designed condition). Intermediate dominates
regardless of the designed level.

4.4 Cultural Preservation and Hallucination

Table 5 presents cultural preservation by model and
CEFR condition. Of 360 entries, 68 (18.9%) were
flagged as Hallucination by ≥2 raters, 67 unani-
mously (98.5%). Inter-rater agreement on the four
categories is substantial (Fleiss’ κ = 0.77). Hal-
lucination concentrates in the Advanced condition
(55/68, 80.9%; χ2 = 86.6, p < .001, Cramér’s
V = 0.49) and distributes across models with-
out a dominant contributor (Llama 21, Mistral 22,
Qwen 25). Hallucinated entries are more expanded:
median 4.2× vs. 1.1× for non-hallucinated (Mann–
Whitney U = 16,662, p < .001, rank-biserial
r = 0.68). This association does not establish
directionality: expansion may facilitate hallucina-
tion, but hallucination may also drive expansion,
or both may arise from the interaction between the

complexity target and instruction-following under
resource constraints.

Table 5: Cultural preservation by model and CEFR
condition (N = 360; majority-vote label, ≥2 raters;
Fleiss’ κ = 0.77). NP = Neutral/Preserved; HAL =
Hallucination; AC = Added Context; MN = Minor Loss
of Nuance. †One entry in Qwen Beginner received a
majority-vote label of Significant Erasure, outside the
four-category scheme; it is excluded from the cell count
and reported in the footnote.

Model Cond. NP HAL AC MN

Llama 3.1
Beg 34 0 4 2
Int 34 3 3 0
Adv 12 18 10 0

Qwen 2.5
Beg 31 1 3 4†

Int 33 6 1 0
Adv 18 18 4 0

Mistral 7B
Beg 26 2 11 1
Int 37 1 0 2
Adv 17 19 1 3

Total 242 68 37 12

4.5 Qualitative Analysis of Hallucination
To understand how hallucination manifests, we
examined all 68 flagged entries. Generic elab-
oration is the most frequent pattern (N = 48),
within which 27 involve cultural filler; Colombia-
stereotyping accounts for 10 entries, and polarity
inversion for 4. The classification below was per-
formed by the authors based on source–target com-
parison; it is descriptive and no inter-rater reliabil-
ity was computed.

Generic elaboration. The most frequent pattern:
models expand short definitions with verbose but
culturally neutral paraphrasing. Carajito (“per-
sona inmadura y descortés”—immature and rude,
4 words) becomes 62 words under Mistral Ad-
vanced, including “a lack of maturity and refine-
ment in one’s behavior [...] disregard for social
norms and decorum.” Nerdo (a student with good
grades who may be mocked, 22 source words) ac-
quires “the societal tension between scholarly ap-
titude and peer acceptance”—a sociological com-
mentary absent from the dictionary. Raimundo y
todo el mundo (“todo tipo de personas”—all kinds
of people, 4 words) expands to 32 words: “individ-
uals from all walks of life, encompassing a diverse
array of socio-economic backgrounds.”

Cultural filler. A subset of elaboration adds cul-
turally vacuous phrases tied to Colombia. Trompo
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de poner (“someone blamed for others’ errors,”
15 source words) becomes 40 words ending with
“a perpetual object of criticism in Colombian cul-
ture.” Ojo de pescado (a photography term for
fisheye lens, purely technical) becomes “typical
in some Colombian photographic traditions”—the
model attributes cultural significance to a universal
technical term. Patijunto (knock-kneed, a physi-
cal description) acquires “a specific posture typ-
ically associated with certain traditional dances.”
Phrases like “vibrant cultural richness,” “deeply
rooted in Colombian cultural ethos,” and “dynamic
social fabric” recur across entries and models as
templated padding.

Colombia-stereotyping. In a smaller number
of cases, the filler draws on specific stereotypes.
Chamba (“deep wound”) acquires “Colombia’s tur-
bulent history and its indelible mark on the human
spirit.” ¡Epa! (“warning”) is linked to “security-
conscious cultural ethos [...] where heightened
vigilance is practically ingrained.” Caminar (“pur-
suing someone romantically,” 9 source words) be-
comes “a suitor’s dogged determination, often ob-
served in traditional romantic courtship practices.”
The elaborations reproduce the dominant image
of Colombia available in English-language train-
ing data: violence, exoticism, and romanticized
tradition.

Pragmatic polarity inversion. In four cases,
the model inverts the pragmatic force. Mamerto
(derogatory: “naive communist sympathizer”) is
rewritten across all three models at Advanced as
laudatory (“commitment to egalitarian principles”).
Ahuevarse (“to become cowardly”) becomes “to
muster up courage.” This pattern is consistent
with RLHF alignment rewarding positive framing,
though we cannot isolate this effect without com-
paring base vs. instruction-tuned variants—an ex-
periment we did not conduct.

5 Discussion

5.1 Expansion and Hallucination

The concentration of hallucination in Advanced
(81%) co-occurs with the highest expansion ratios.
Source definitions average 12.2 words; at 8× ex-
pansion, a model must generate ∼100 words from
a 12-word source. The statistical association is
large (r = 0.68). At Beginner, where expansion is
minimal (1.1–2.5×), hallucination occurs in only 3
of 120 entries (2.5%).

This relationship is correlational. We did not
independently manipulate output length (e.g., via
fixed token budgets), and alternative explanations—
including prompt-specific effects or model-level
instruction-following limitations—cannot be ruled
out. The uniformity across three architecturally
distinct model families provides some evidence
against purely model-specific explanations, but a
controlled experiment varying token budgets would
be needed to establish directionality.

The role of the prompt. The cultural preserva-
tion instruction is identical across all three CEFR
levels (Appendix A). Because this instruction is
constant, any effect it induces should be uniformly
distributed across conditions. The strong skew to-
ward Advanced (81%) suggests that hallucination
emerges from the interaction between the preserva-
tion instruction and the high-complexity generation
target, rather than from either factor alone. The
prompt triggers the expansion; the training data
determines what fills it.

5.2 Hallucination and Domestication

Venuti (1995) describes domestication as the re-
duction of cultural foreignness through fluent trans-
lation. Qadri et al. (2025) distinguish omission
from simplification. Our data suggest a related pat-
tern. The model does not merely omit or simplify
Colombian cultural content—it replaces it with fab-
ricated content reflecting dominant-culture repre-
sentations. Guacal is not omitted but renamed with
an invented term (“carriola”) and framed as “an ar-
chitectural testament to Colombian rural craftsman-
ship.” Mamerto does not lose its political charge
through simplification; it is rewritten as praise.

The directionality of fabrication is notable. Un-
like generic hallucination, which tends to be
content-agnostic (Ji et al., 2023), the fabricated
content here draws systematically on the dominant-
culture image of Colombia available in English-
language training data—violence, exoticism, ro-
manticized rural life. A fisheye lens becomes “typi-
cal in Colombian photographic traditions”; a knock-
kneed person is linked to “traditional dances”; a
deep wound evokes “Colombia’s turbulent history.”
The fabrications are not only false but directional:
they consistently reproduce the same narrow set
of cultural associations. This directional bias is
what connects the pattern to Venuti’s domestication
framework and distinguishes it from standard ex-
trinsic hallucination. We use the term algorithmic
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domestication to describe this observation at a phe-
nomenological level: under elaboration pressure,
fabricated content draws on dominant-culture rep-
resentations rather than recovering source-culture
meaning, and the directionality is consistent across
architecturally distinct model families. We are
careful not to claim that this constitutes a novel
mechanism. It may be a domain-specific mani-
festation of known extrinsic hallucination dynam-
ics (Ji et al., 2023), amplified by the mismatch
between the cultural specificity of the source and
the English-centric training distribution. What the
data establish is the pattern: directional, cultur-
ally marked fabrication concentrated at high elab-
oration targets. Whether the theoretical apparatus
of Venuti’s domestication framework maps onto
an underlying generative mechanism—or whether
“algorithmic domestication” names a heuristically
useful analogy—remains an open empirical ques-
tion requiring controlled experiments that indepen-
dently vary output length, cultural source density,
and training data composition.

5.3 The Beginner Collapse

Beginner-prompted entries are perceived as In-
termediate in 73.3% of cases. Tinto (“hot cof-
fee without milk,” 8 source words) already pro-
duces 8 words at Beginner—adequate—but llave
(“friend,” 2 source words) generates 30 words, in-
cluding “someone with whom you do things to-
gether. A person you like and consider as a good
friend.” This is verbose for A1–A2 but not recog-
nizably Advanced; raters classify it as Intermedi-
ate. The only condition these 7–8B models reliably
produce—as perceived by expert readers—is Inter-
mediate. The B-level under-specification identified
by Barayan et al. (2025) operates in both directions:
models cannot target B1–B2 from above (Interme-
diate collapses into Advanced vocabulary) or pro-
duce output distinguishable from B1–B2 at A1–A2
(Beginner collapses into Intermediate perception).

6 Conclusion

We evaluated LLM-driven CEFR-level adaptation
of the DiCol across three 7–8B model families
under zero-shot conditions. The Intermediate con-
dition collapses into Advanced vocabulary (χ2 >
705, p < .001), while Beginner is perceived as
Intermediate by expert raters in 73.3% of cases.
Advanced outputs expand 4.9–8.2× relative to the
source. Expert annotators (κ = 0.61–0.68; Fleiss’

κ = 0.77 for cultural categories) identify hallu-
cination in 19% of entries (97% unanimity), con-
centrated in Advanced (χ2 = 86.6, p < .001) and
associated with higher expansion (r = 0.68). Hal-
lucinated content manifests primarily as generic
elaboration and cultural filler, with a smaller pro-
portion of Colombia-stereotyping and pragmatic
polarity inversion.

We interpret these findings through Venuti
(1995)’s domestication framework: under elab-
oration pressure, fabricated content draws on
dominant-culture representations rather than recov-
ering source-culture meaning—a pattern we de-
scribe as algorithmic domestication. These find-
ings suggest that deploying LLMs for lexicographic
or pedagogical adaptation without external ground-
ing risks systematic cultural distortion, particu-
larly at higher proficiency targets. For practition-
ers considering LLM-assisted adaptation of re-
gional variety resources, our results indicate that
Beginner-level outputs may be usable with editorial
review, but Advanced outputs require substantial
post-editing or alternative approaches. A natural
next step is to evaluate retrieval-augmented gener-
ation using the LEXICC database as an external
knowledge base, grounding model output in veri-
fied lexicographic content. Future work should also
test whether few-shot prompting with DiCol exam-
ples reduces hallucination, and whether these pat-
terns persist under larger models, iterative prompt-
ing, or controlled token budgets.

Limitations

Model and compute scope. Only 7–8B open-
source models were evaluated, deployed on an
NVIDIA T4 16 GB. Compute constraints prevented
evaluation of larger models (70B+) that might ex-
hibit different patterns. Iterative prompting (chain-
of-thought, multi-turn refinement) may mitigate
hallucination; our study evaluates the default zero-
shot behavior as a necessary baseline. We did not
evaluate base (non-instruction-tuned) variants, so
the contribution of RLHF to polarity inversion re-
mains speculative.

Metrics. The Oxford 5000 counts unlisted words
as Advanced, creating upward bias. It is unclear
how much of the Intermediate collapse is driven
by genuine vocabulary complexity versus domain-
specific OOV terms that are automatically classi-
fied as Advanced. A regional variety lexicon con-
tains many culturally specific terms (fauna, flora,
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foods, social practices) that lack English equiva-
lents in the Oxford list; their automatic classifica-
tion as Advanced inflates the collapse rate indepen-
dently of the model’s actual vocabulary choices.
FK-GL conflates length with complexity and was
not designed for proficiency assessment; we miti-
gate this by foregrounding expansion ratio. Future
work could evaluate alternative vocabulary lists
(e.g., the English Vocabulary Profile) or seman-
tic similarity metrics between source and target to
complement the current proxies.

Annotation. The “Minor Loss of Nuance” cate-
gory shows low inter-rater stability (5 of 66 entries
with all-3 agreement). The qualitative hallucina-
tion typology (Section 4.5) was author-assigned
without independent reliability verification. Raters
had translation but not lexicography experience.
Annotation costs limited the human evaluation to a
360-entry sample; scaling to additional raters or the
full corpus was not feasible within the resources of
this study.

Generalizability. Our findings are specific to
Colombian Spanish lexicography under zero-shot
7–8B conditions. Whether they generalize to other
varieties, languages, text types, or model scales
requires further investigation. Future work should
test whether RAG with the LEXICC database it-
self, or few-shot prompting with DiCol examples,
reduces both collapse and hallucination rates.

Ethics Statement

This study uses a publicly available lexicographic
resource (DiCol). Raters were compensated at pro-
fessional translation rates and gave informed con-
sent. The stereotypical content generated by mod-
els reproduces harmful representations of Colom-
bia; we report it for analytical purposes. The an-
notated data is released under CC-BY-4.0 with an
explicit warning about stereotypical content.
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A System Prompt

A single prompt template was used for all three
models and all three conditions. The template
was instantiated separately for each CEFR band;
the only element that varies is the target profi-
ciency descriptor (shown in bold). The placeholder
{definition} was replaced with each DiCol en-
try’s Spanish definition. Temperature: 0.7, top-p:
0.9, max_tokens: 300.

You are a specialist translator for
language learners. Translate the
following Colombian Spanish dictionary
definition into English strictly
targeting the CEFR [A1-A2 | B1-B2 |
C1-C2] proficiency level.

Rules:
- Lexicon & Grammar: Adapt all

vocabulary choices, sentence lengths,
and grammatical complexity to align
exclusively with the requested CEFR
level.
- Cultural Nuance: Preserve the regional
connotations and sociolinguistic
context of the Colombian term.

Output ONLY the translated definition
text. No labels, no preamble, no
commentary.

Definition: {definition}
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