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Abstract

Individuals with particular mental health dis-
orders may find it difficult to learn about their
own condition. Therefore, efforts have been
made to create materials that explain complex
medical information in simpler words, which
are also beneficial for caregivers and others.
However, text simplification is commonly done
in English and only sporadically in other lan-
guages. In this study, we explore potential ways
for language-agnostic medical text simplifica-
tion for the mental health domain. Our ap-
proach is to simplify the ICD-11 articles on pri-
mary psychotic disorders in English, German
and French, using small LMs and various met-
rics for evaluating different aspects of the texts:
lexical complexity and readability. Our results
show that acceptable texts were produced only
in English, and that a joint analysis of Mea-
sure of Textual Lexical Diversity (MTLD) and
Flesch Reading Ease (FRE) provides the most
insight, capturing both the best outcomes and
signaling different types of issue. The study is
preliminary and requires further investigation.

1 Introduction

As with any professional or technical domain, med-
ical texts tend to be difficult to understand for non-
specialists. Clinical NLP explores methods for
different transformations of medical texts (Hasan
and Farri, 2019), including paraphrase generation
and text simplification, where the latter is a more
complex task even in English (Basu et al., 2023).
Simplification of medical texts in languages
other than English remains understudied. Some re-
search on French and Romanian focuses primarily
on paraphrase generation and shows good results
when using language- and domain-specific models
(Buhnila and Todirascu, 2024; Buhnila et al., 2024;
Buhnila, 2025), whereas research on text simplifi-
cation in Polish and some Indian languages, Arabic
and Swahili reports that general purpose LLMs,
such as GPT-4, provide better results than smaller
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Figure 1: Typically used similarity metrics BLEU,
ROUGE and BERTScore do not reflect fine-grained
differences in simplified texts when comparing different
languages, model runs and ICD-11 articles, although
the resulting texts vary greatly in terms of fluency and
simplicity (our results).

fine-tuned models (Grzybowski et al., 2025; Gan-
gavarapu, 2024).

In contrast to text simplification in primary
medicine, the mental health domain requires fur-
ther attention to potential cognitive impairments
in some mental health disorders, neutral and non-
stigmatizing tone, simplifying both words and sen-
tences without making text unnatural. These nu-
ances can be challenging to account for in multilin-
gual settings, even when translating medical texts
manually (Natoli, 2026).

Given the ambitious nature of the outlined task,
we conduct a preliminary study to investigate eval-
uation methods capable of detecting various issues
in a multilingual setting. In this study, we explore
small models, intentionally including some nega-
tive results (poor-quality texts), to focus on identify-
ing key metrics that highlight text properties of the
best and worst simplified texts across 3 languages.
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Small models are chosen for greater reproducibility
in a metric exploration study.

2 Related Work

The need for reading materials in simplified lan-
guage has long been recognized, especially in
healthcare contexts. Different lay persons are con-
sidered beneficiaries of so-called Easy Language,
and various practices for it have been established
across countries for manual adaptation of texts (No-
mura et al., 2010; Lindholm and Vanhatalo, 2021).

Despite these efforts, automatic methods for clin-
ical text simplification remain heavily focused on
English, with only limited work on other Euro-
pean languages (Buhnila and Todirascu, 2024; Buh-
nila et al., 2024; Buhnila, 2025; Grzybowski et al.,
2025; Scholz and Wenzel, 2025) and even less be-
yond Europe (Gangavarapu, 2024).

Automatic simplification of medical texts raises
ethical considerations, such as the risk of mean-
ing distortion. (Gooding, 2022) This is even more
important when targeting texts in the psychiatric
domain (Aich et al., 2025) and audiences with men-
tal health disorders (Gralton et al., 2010), given
the long history of stigmatization (Rossler, 2016).
Evaluation of the resulting texts typically relies
on metrics coming from machine translation (MT)
that measure similarity between the original and the
simplified texts on the level of word tokens (Pap-
ineni et al., 2002; Lin, 2004) and on semantic level
(Zhang et al., 2019), which provide only limited
insight on the quality of the simplified texts (Fig-
ure 1). The Flesch Reading Ease metric (Flesch,
1948) is widely used to assess readability, while
the other readability metrics and other properties
of text, such as lexical complexity, are typically
overlooked.

Our preliminary study addresses these gaps by
analyzing 3 lexical complexity and 9 readability
metrics to identify more informative and potentially
language-agnostic evaluation methods.

3 Data & Methods

We extract five articles from ICD-11 (Harrison
et al., 2021) using ICD AP, containing defini-
tions of primary psychotic disorders: 6A20-6A24
including all the sub-definitions (6A20.0, 6A20.1,
etc.). The concatenated definitions serve as input
to the following small language models, fine-tuned
for text simplification and/or for multilingual use:

"https://icd.who.int/icdapi

* LingConv (Elgaar and Amiri, 2025): a text
conversion tool? based on a T5-Base (Raffel
et al., 2020) model intended for general para-
phrase generation in English;

PRISM (Thompson and Post, 2020): a
transformer-based MT model adapted for gen-
eral paraphrase generation, trained on 39 lan-
guages;

Ascle (Yang et al., 2024): a toolkit for medical
text generation, incl. a text simplification func-
tion. The toolkit includes 3 models (BigBird-
Pegasus Large (Zhang et al., 2020); BART
Large (Lewis et al., 2020) and BioBART v2
Base (Yuan et al., 2022)), each in 2 versions
fine-tuned on different medical data, primarily
in English.

BioMistral 7B (Labrak et al., 2024): a Mistral
7B Instruct model (Jiang et al., 2023) fine-
tuned for biomedical domain in 9 languages.
We use the BioMistral SLERP model® with
4-bit GPTQ quantization (Frantar et al., 2022).

All models except BioMistral were given the
ICD-11 articles as input, while for BioMistral we
provided a simple prompt: "Rewrite this medical
definition for a layman person. Keep it as close to
the original meaning as possible, just use simpler
words and syntactic constructions."; we manually
translated it into German and French.

We test all the models on English texts first and
calculate the following evaluation metrics:

* Similarity: BLEU, ROUGE 1 and ROUGE
L, BERTScore. These are standard metrics
in MT for assessing the preservation of the n-
gram combinations and the underlying mean-
ing;

* Lexical complexity: TTR (type-token ratio),
MATTR (moving-average type-token ratio)
(Covington and McFall, 2010), MTLD (mea-
sure of textual lexical diversity) (McCarthy
and Jarvis, 2010). All of these measures are
based on the ratio of unique words (types) and
all word instances (tokens) in a given text;

* Readability: Flesch Reading Ease (FRE),
Flesch-Kincaid grade level (FKGL), Auto-
mated Readability Index (ARI) (Kincaid et al.,

Zhttps://mohdelgaar-lingconv.hf.space/

3https://huggingface.co/LoneStriker/BioMistral-7B-
SLERP-GPTQ
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Figure 2: Difference in complexity and readability metrics across 9 models and 5 ICD-11 articles in English.

1975), SMOG index (SMOG) (Mc Laughlin,
1969), Gunning Fog index (Fog) (Gunning,
1952), Coleman-Liau Index (CLI) (Cole-
man and Liau, 1975), Dale-Chall Readability
(DCR) (Chall and Dale, 1995), Lisbarhetsin-
dex (LIX) (Bjornsson, 1968) and Readability
Index (RIX) (Anderson, 1983). These metrics
capture length of words, sentences; some of
them also check a set of familiar words (e.g.
Dale-Chall).

Given the results on English, we manually eval-
uate the simplified texts from each model and iden-
tify the most aligned metrics. The reduced set of
metrics is further used to evaluate the results on
German and French, taking into account that some
of the readability metrics cannot be easily trans-
ferred to languages other than English.* In addi-
tion, three human annotators evaluated BioMistral
results in English.

We use textstat (Bansal and Aggarwal, 2026)
and LexicalRichness (Shen, 2022) Python libraries
to calculate all the readability and lexical complex-
ity metrics. In particular, we observe the differ-
ences in these metrics between the original and
simplified texts, so that rather than relying on ab-
solute metric values, we assess the reduction in
complexity, which allows us to do better compar-
isons cross-linguistically. Our code is open sourced
and available at: https://github.com/uit-hdl/
multilingual-text-simplification-icd-11

4 Results & Discussion

Figure 2 shows the differences in complexity and
readability metrics measured on English texts.
The general paraphrasing models LingConv and
PRISM produce the worst texts, but in different

“The library textstat provides adaptations of FRE and Fog
to several languages: https://pypi.org/project/textstat/.

Rank # | 22 3
Best(1) | 4,0 | 8,7 0
Good(2) | 9,8]9,6 .2

Medium (3) | 7,6 | 2,3 | 3,7,8,9
Poord) | 5,1 4,5 46
Worst(3) | 3,2 | 1,0 5

Table 1: Human experts’ rankings of the texts in English,
BioMistral model’s runs 0-9, grouped into categories
from 1 to 5. We mark runs with >2 annotator agreement
and no opposing third (Cohen’s k =~ 0).

ways: LingConv tends to produce just one short and
simple sentence (e.g. "Schizophrenia is known as
a disease."), while PRISM tends to keep sentences
very close to the original definitions ("Schizophre-
nia can be characterized by disorders").

Thus, the first two rows stand for extreme cases,
where LingConv is too simple and PRISM is too
complex. Ascle models produced texts of mediocre
quality, somewhat close to PRISM but not as com-
plex (e.g. "Schizophrenia is a mental illness that
is characterized by changes").> BioMistral model
produced the most natural simplified texts when
given 6A20 article as input compared to the other
models (e.g. "Schizophrenia is a mental illness that
affects how you think, feel, and behave").

Observing the differences in metrics, we notice
that MTLD (3rd column in Figure 2) and FRE (6th
column) are the most prominent features®. The best
simplified texts of the 6A20 article in English pro-
duced by BioMistral are characterized by increase
in MTLD (in red) with a simultaneous increase
in FRE (in red). The only results with substan-
tial increase of these two metrics were produced
by BioMistral when processing 6A20 and 6A23

3See original texts in Appendix, Table 2.

®Note that some of the metrics cannot show big difference
in values by nature, e.g. based on grade level; we observed
each of these metrics separately and did not find any consistent
patterns with respect to the quality of the models’ output.
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Figure 3: Difference in complexity and readability metrics between the original and simplified texts:
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across 5

ICD-11 articles (6A20-6A24), 3 languages (English, German, French) and 9 models.

articles.

The other models mostly produce texts which
either show a decrease in MTLD (in green) and
increase in FRE (in red) or vice versa, or no change
compared to the original texts.

We did an additional check by three human ex-
perts to evaluate the texts produced by BioMistral
in English for 6A20 definition to see if the fluctua-
tions in MTLD and FRE align with human judge-
ments (Table 1). While the human experts reported
that generally the texts look similar to each other,
they could identify some best and worst results
within the BioMistral runs: at least two of the ex-
perts mark runs 8, 9 as the best and 1, 5 as the
worst. Best results have a moderate increase in
MTLD (in the range of 27-37), unlike the worst
texts, where the increase in MTLD is very high (82
in run 1) or very low (8 in the run 5) (see examples
in Appendix, Table 3).

Figure 3 shows the differences in complexity
metrics across English, German and French. We
only present results of the BioMistral model, as the
other multilingual model PRISM did not produce
any paraphrases neither in German nor in French;
in fact, some English outputs contained mixed
expressions with French or Spanish (e.g. "car-
actérisated"). BioMistral in German and French
struggles more than in English: texts mostly remain
complex, contain grammatical mistakes and are not

smooth. This is reflected by increase in MTLD (in
red) and decrease in FRE (in green) and vice versa
(see examples in Appendix, Table 4, 5).

Some poor-quality results might be due to the
inherent properties of the input text, e.g. 6A22 is
a short article, thus, not much transformation is
happening in all three languages: FRE increases as
expected, but MTLD consistently decreases. This
is also noticeable in differences of the number of
word tokens and types (see Appendix, Figure 4).

5 Conclusion

In this study, we explored 3 lexical complexity and
9 readability metrics to evaluate multilingual text
simplification in the mental health domain. We
find that a combination of differences in MTLD
and FRE helps evaluating simplified texts: increase
of FRE means that words become shorter, and in-
crease in MTLD makes the lexical diversity higher,
while decrease in MTLD results in repetitive words.
Increase in MTLD and decrease in FRE signify the
opposite: words become longer and there is high
lexical diversity, making texts too dense. In ad-
dition, small LMs worked well only on English,
while German and French resulted in poor-quality
texts. We suggest exploring these metrics for medi-
cal text simplification further with LLMs and using
them as a pre-check for human evaluation.
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Limitations

This is a preliminary study, and we acknowledge
that stronger claims could be made if we had ex-
tended our analysis to more models, languages and
text samples. We report mostly negative results in
terms of the quality of the simplified texts; however,
we intentionally limit this study to small models to
allow for better control and exploration of the eval-
uation metrics. We recognize that higher-quality
texts and more effective use of the metrics would
likely be achieved when using large language mod-
els.
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Original text (en)

Original text (de)

Original text (fr)

Schizophrenia is characterised by dis-
turbances in multiple mental modal-
ities, including thinking (e.g., delu-
sions, disorganisation in the form of
thought), perception (e.g., hallucina-
tions), self-experience (e.g., the expe-
rience that one’s feelings, impulses,
thoughts, or behaviour are under the
control of an external force), cogni-
tion (e.g., impaired attention, verbal
memory, and social cognition), voli-
tion (e.g., loss of motivation), affect
(e.g., blunted emotional expression),
and behaviour (e.g., behaviour that ap-
pears bizarre or purposeless, unpre-
dictable or inappropriate emotional re-
sponses that interfere with the organ-
isation of behaviour). Psychomotor
disturbances, including catatonia, may
be present. Persistent delusions, per-
sistent hallucinations, thought disor-
der, and experiences of influence, pas-
sivity, or control are considered core
symptoms. Symptoms must have per-
sisted for at least one month in order
for a diagnosis of schizophrenia to be
assigned. The symptoms are not a
manifestation of another health con-
dition (e.g., a brain tumour) and are
not due to the effect of a substance or
medication on the central nervous sys-
tem (e.g., corticosteroids), including
withdrawal (e.g., alcohol withdrawal).
Schizophrenia, first episode should be
used to identity individuals experienc-
ing symptoms that meet the diagnos-
tic requirements for Schizophrenia (in-
cluding duration) but who have never
before experienced an episode dur-
ing which diagnostic requirements for
Schizophrenia were met. Schizophre-
nia, multiple episodes should be used
to identify individuals experiencing
symptoms that meet the diagnostic
requirements for Schizophrenia and
who have also previously experienced
episodes during which diagnostic re-
quirements were met, with substan-
tial remission of symptoms between
episodes.

Schizophrenie ist durch Storungen
in mehreren mentalen Modalititen
gekennzeichnet, einschlielich des
Denkens (z. B. Wahnsymptome, Des-
organisation in der Form des Denkens),
der Wahrnehmung (z. B. Halluzina-
tionen), des Selbsterlebens (z. B. das
Erleben, dass die eigenen Gefiihle,
Impulse, Gedanken oder das Verhal-
ten unter der Kontrolle einer externen
Kraft stehen), der Kognition (z. B.,
Beeintrichtigung der Aufmerksamkeit,
des verbalen Gedéchtnisses und der
sozialen Kognition), des Willens (z. B.
Motivationsverlust), des Affekts (z. B.
reduzierter Gefiihlsausdruck) und des
Verhaltens (z. B. Verhalten, das bizarr
oder zwecklos erscheint, unvorherse-
hbare oder unangemessene emotionale
Reaktionen, die die Organisation des
Verhaltens storen). Psychomotorische
Storungen, einschlieflich Katatonie,
konnen vorhanden sein. Anhaltende
Wahnvorstellungen, anhaltende Halluz-
inationen, Denkstorungen und Beein-
flussungserleben gelten als Kernsymp-
tome. Die Symptome miissen min-
destens einen Monat lang bestanden
haben, damit die Diagnose Schizophre-
nie gestellt werden kann. Die Symp-
tome sind nicht Ausdruck eines an-
deren Gesundheitszustands (z. B. eines
Hirntumors) und sind nicht auf die
Wirkung einer Substanz oder eines
Medikaments auf das zentrale Nerven-
system (z. B. Kortikosteroide) zuriick-
zufiihren, auch nicht auf einen Entzug
(z. B. Alkoholentzug). Schizophre-
nie, erste Episode sollte verwendet wer-
den, um Personen zu identifizieren,
deren Symptome die diagnostischen
Anforderungen fiir Schizophrenie (ein-
schlieBlich Dauer) erfiillen, die aber
noch nie eine Episode erlebt haben,
in der die diagnostischen Anforderun-
gen fiir Schizophrenie erfiillt wur-
den. Schizophrenie, mehrfache Episo-
den sollte verwendet werden, um Per-
sonen zu identifizieren, die Symp-
tome aufweisen, die die diagnostis-
chen Anforderungen fiir Schizophre-
nie erfiillen, und die auch schon frither
Episoden erlebt haben, in denen die
diagnostischen Anforderungen erfiillt
waren, wobei die Symptome zwischen
den Episoden deutlich zuriickgegangen
sind.

La schizophrénie se caractérise par
des perturbations de multiples modal-
ités mentales, notamment la réflexion
(p- ex. idées délirantes, désorgan-
isation dans la forme de la pensée),
la perception (p. ex. hallucinations),
I’expérience de soi (p. ex. I’'impression
que ses propres sentiments, impulsions,
pensées ou comportements sont sous
le contrdle d’une force externe), la cog-
nition (p. ex. trouble de I’attention,
de la mémoire verbale et de la cogni-
tion sociale), la volition (p. ex. perte
de motivation), ’affect (p. ex. ex-
pression émotionnelle émoussée) et le
comportement (p. ex. comportement
qui semble bizarre ou inutile, réactions
émotionnelles imprévisibles ou inap-
propriées qui perturbent I’organisation
du comportement). Des troubles psy-
chomoteurs, y compris une catatonie,
peuvent étre présents. Les idées déli-
rantes persistantes, hallucinations per-
sistantes, troubles de la pensée et ex-
périences d’influence, de passivité ou
de contrdle sont considérés comme des
symptomes fondamentaux. Les symp-
tomes doivent avoir persisté pendant au
moins un mois pour qu’un diagnostic
de schizophrénie soit posé. Les symp-
tomes ne sont pas une manifestation
d’une autre affection médicale (p. ex.
une tumeur cérébrale) et ne sont pas
dus a I’effet d’une substance ou d’un
médicament sur le systéme nerveux
central (p. ex. corticostéroides), y
compris a un sevrage (p. ex. sevrage
alcoolique). La schizophrénie, pre-
mier épisode doit étre utilisée pour
identifier les individus qui présentent
des symptdmes satisfaisant les criteres
de diagnostic de la schizophrénie (y
compris la durée) mais qui n’ont ja-
mais présenté d’épisode précédent du-
rant lequel les criteres de diagnos-
tic de la schizophrénie étaient satis-
faits. Schizophrénie, épisodes mul-
tiples doit étre utilisé pour identifier
les personnes présentant des symp-
tomes qui répondent aux criteres di-
agnostiques de la schizophrénie et qui
ont également déja connu des épisodes
au cours desquels les critéres diagnos-
tiques ont été remplis, avec une rémis-
sion substantielle des symptdmes entre
les épisodes.
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Original text (en)

Original text (de)

Original text (fr)

Some attenuated symptoms may re-
main during periods of remission, and
remissions may have occurred in re-
sponse to medication or other treat-
ment. Symptoms fulfilling all defini-
tional requirements of Schizophrenia
have been present for almost all of the
illness course over a period of at least
one year, with periods of subthreshold
symptoms being very brief relative to
the overall course.

Einige abgeschwichte Symptome
konnen wihrend der Remission-
sphasen bestehen bleiben, und
Remissionen konnen als Reaktion
auf Medikamente oder andere Be-
handlungen eingetreten sein. Die
Symptome, die alle definitorischen
Anforderungen der Schizophrenie
erfiillen, waren fast wihrend des
gesamten Krankheitsverlaufs iiber
einen Zeitraum von mindestens einem
Jahr vorhanden, wobei die Perioden
mit unterschwelligen Symptomen im
Vergleich zum Gesamtverlauf sehr

Certains symptomes atténués peuvent
persister pendant les périodes de rémis-
sion, et des rémissions peuvent se
produire en réponse a des médica-
ments ou a un autre traitement. Des
symptdmes satisfaisant tous les critéres
de définition de la schizophrénie ont
été présents pendant la quasi-totalité
de I’évolution de la maladie sur une
période d’au moins un an, avec des
périodes de symptomes en-dessous
du seuil tres breves par rapport a
I’évolution globale.

kurz waren.

Table 2: Original ICD-11 6A20 description of Schizophrenia (incl. 6A20.0, 6A20.1, 6A20.2) in English, German

and French.

Simplified text (en, BioMistral, run 8)

Simplified text (en, BioMistral, run 5)

Schizophrenia is a mental illness that affects many dif-
ferent parts of the mind. It can cause problems with
thinking, feeling, and behaving. People with schizophre-
nia might have strange thoughts or beliefs (delusions),
see or hear things that aren’t really there (hallucinations),
feel like their thoughts or actions are being controlled
by someone else, or have trouble remembering things or
paying attention. They might also feel less motivated,
have trouble controlling their emotions, or behave in
ways that seem strange or out of place. Sometimes,
people with schizophrenia might become stuck in one
position for a long time (catatonia). To be diagnosed
with schizophrenia, a person must have had symptoms
for at least a month that are not caused by another med-
ical condition or by drugs or alcohol. Schizophrenia
is usually divided into three categories: first episode,
multiple episodes with remission, and persistent. First
episode schizophrenia.

Schizophrenia is a mental illness that affects the way you
think, feel, act, and sense things. It can cause problems
with your thoughts, like having false beliefs or trouble
organizing your thoughts. It can also affect your senses,
like hearing or seeing things that aren’t really there. You
may feel like your emotions are out of control or that
you’re not in control of your own actions. You might
have trouble remembering things or paying attention.
You may lose motivation or interest in things. People
with schizophrenia may behave in strange or unusual
ways, like being overly emotional or having trouble con-
trolling their body movements. They may also have
trouble understanding social situations or other people’s
feelings. Psychomotor disturbances, like being stuck in
one position for a long time, may be present. To be diag-
nosed with schizophrenia, you must have symptoms that
have lasted for at least a month and that are not caused
by another medical condition or

Table 3: Examples of simplified texts in English, 6A20, run 8 (with high increase in MTLD by 37.48 and increase
in FRE by 29.88, ranked as best by 2 human annotators) and run 5 (with lower increase in MTLD by 8.47 and
increase in FRE by 44.5, rated as worst by 3 human annotators). The second text shows more repetitive structures
(highlighted) reflected by smaller difference in MTLD; the text also has a complex medical term "psychomotor
disturbances". The truncated sentences at the end are due to limit in tokens number; they were not manually edited.
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Simplified text (de, BioMistral, run 9)

Simplified text (de, BioMistral, run 7)

Schizophrenie ist eine Krankheit, bei der Menschen ihre
Denkweise, Wahrnehmung, Gefiihle und Verhalten stark
beeintrichtigt werden. Diese Beeintrichtigungen kon-
nen in verschiedenen Formen auftreten, wie Wahnvorstel-
lungen, Halluzinationen, das Erleben, dass ihre eige-
nen Gefiihle, Impulse, Gedanken oder Verhalten unter
der Kontrolle einer externen Kraft stehen, Beeintrachti-
gung ihrer Kognition (z. B. Aufmerksamkeit, Gedécht-
nis, soziale Fahigkeiten), Motivationsverlust, reduzierter
Gefiihlsausdruck und bizarr oder zweckloses Verhalten.
Psychomotorische Stérungen, wie Katatonie, konnen
ebenfalls vorhanden sein. Fiir die Diagnose Schizophren

Schizophrenie ist eine Krankheit, bei der man sich nicht
sicher ist, was man denkt, was man sieht oder hort,
wie man sich fiihlt, wie man denkt, wie man sich ver-
hilt, wie erlebt man Gefiihle und wie man sich be-
wegt. Diese Probleme konnen sehr lange bestehen und
konnen nicht auf eine andere Krankheit oder auf den
Gebrauch von Medikamenten zuriickgefiihrt werden.
Diese Krankheit kann erstmals auftreten oder kann schon
mehrfach auftreten. Wenn sie erstmals auftreten, wird
sie Schizophrenie, erste Episode genannt. Wenn sie
mehrfach auftreten, wird sie Schizophrenie, mehrfache
Episoden genannt. Die Symptome konnen wéhrend der
Krankheit wieder zuriickgehen oder verschwinden, aber
sie werden nie

Table 4: Examples of simplified texts in German, 6A20, run 9 (with increase in MTLD by 91.69 and decrease
in FRE by 10.38) and run 7 (with decrease in MTLD by 37.55 and increase in FRE by 39.87). These are two
contrastive examples: 1) complex words and no repetitiveness, dense enumeration, too complex; 2) simpler words
but high repetitiveness, too simplified. The truncated sentences at the end are due to limit in tokens number; they

were not manually edited.

Simplified text (fr, BioMistral, run 3)

Simplified text (fr, BioMistral, run 4)

La schizophrénie est une maladie mentale ou plusieurs
types de pensées, perceptions, sentiments et comporte-
ments sont perturbés. Par exemple, quelqu’un peut
avoir des idées délirantes (comme croire qu’une per-
sonne célebre est en amour avec lui), des hallucinations
(comme voir ou entendre quelqu’un qui n’est pas réelle-
ment 1a), une impression que ses propres sentiments,
impulsions, pensées ou comportements sont sous le con-
trole d’une force externe, un trouble de I’attention, de
la mémoire verbale et de la cognition sociale, une perte
de motivation, une expression émotionnelle émoussée,
un comportement qui semble bizarre ou inutile, des réac-
tions émotionnelles imprévisibles ou inappropriées qui

La schizophrénie est une maladie de I’esprit qui af-
fecte plusieurs facettes de la pensée, de la perception,
de I’expérience de soi, de la cognition, de la volonté,
de ’affect et du comportement. Les symptomes fon-
damentaux sont des idées délirantes persistantes, des
hallucinations persistantes, des troubles de la pensée et
des expériences d’influence, de passivité ou de contrdle.
Pour étre diagnostiquée, les symptomes doivent persister
pendant au moins un mois et ne doivent pas étre dus a
une autre maladie ou a I’effet d’une substance ou d’un
médicament. La schizophrénie est une maladie qui peut
avoir plusieurs épisodes, avec des périodes de rémission
entre les é

Table 5: Examples of simplified texts in French, 6A20, run 3 (with increase in MTLD by 43.51 and decrease in FRE
by 23.74) and run 4 (with decrease in MTLD by 29.92 and increase in FRE by 5.68). These are two contrastive
examples: 1) complex words and no repetitiveness, dense enumeration, too complex; 2) a bit simpler words (not
much difference with original text) but high repetitiveness, too simplified. The truncated sentences at the end are

due to limit in tokens number; they were not manually edited.
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