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Abstract

In this paper we discuss the development of
kelvi.ca1, an open source web-based dictio-
nary and morphological parser designed to
aid Tamil learners in developing their literacy
skills. Tamil is an agglutinative language and
heavily suffixal. Existing Tamil dictionaries
only carry stems, not conjugated or inflected
forms, and for a beginner learner of the lan-
guage, isolating the stem in an unfamiliar word
can be very challenging. Kelvi provides 1) the
stem of any input word alongside its definition,
and 2) non-technical descriptions of any suf-
fixes that are part of this input, so that learners
will gradually start to recognize these suffixes
and be able to understand and produce new
Tamil words themselves. In detailing our pro-
cess of collaborative research, user interviews,
suffix database creation, and error analysis, we
also hope to show that Kelvi can be adapted
for other languages and has the potential to be
a useful pedagogical aid for learner literacy de-
velopment, especially for agglutinative and/or
polysynthetic languages which tend to be oth-
erwise underserved in the mainstream.

1 Introduction
Tamil is a Dravidian language spoken in South and
Southeast Asia. With its largest speaker popula-
tion in southern India (73.4 million speakers), it
has official language status in the state of Tamil
Nadu and the union territory of Puducherry, as
well as in Sri Lanka (4.2 million), and Singapore
(688.6 thousand). Tamil is also widely spoken in
Malaysia (4.8 million) and South Africa (600 thou-
sand). In addition, there are significant diaspora
populations in Europe, North America, and Aus-
tralia; Tamil speakers globally number well over 80

1Github repositories for the front-end and back-end are
accessible at https://github.com/saltyseadawg/kelvi-frontend
and https://github.com/saltyseadawg/kelvi-backend respec-
tively.

Figure 1: Tamil word as it appears in Kelvi that trans-
lates to the question ”with the elders/adults/ancestors?”

million (World Population Review, 2026). The di-
aspora population in Canada largely consists of her-
itage speakers - that is to say, people who grow up
hearing their family speak Tamil, but aren’t neces-
sarily entirely fluent themselves (Polinsky and Ka-
gan, 2007). Two of the main complicating features
of Tamil literacy are the language’s heavily diglos-
sic nature and its agglutinative properties. Tamil
is heavily suffixal, with most grammatical infor-
mation expressed either as nominal or verbal suf-
fixes. See Figure 1, where a complete utterance is
expressed as one word.

In written Tamil the higher, formal register is
used, where every suffix is phonologically ex-
pressed in its entirety. In the colloquial spo-
ken register, however, Tamil words undergo mas-
sive phonological reduction, so that many sounds
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that are fully expressed in the written form of
a word aren’t actually pronounced (Annamalai,
2019; Renganathan, 2019). This means that her-
itage speakers often struggle to recognize the writ-
ten version of words they have only ever heard in
the colloquial spoken register, since the written
form “sounds” different from what they’re used to
(Renganathan, 2019). Conjugated words don’t ap-
pear in standard dictionaries, only their lemmas do
(consider how “go” can be found in an English dic-
tionary but “went” wouldn’t be). Learners then
face the “dictionary problem”; to summarize Lit-
tell et al. (2017), dictionaries are intended to be
a tool for language learners, but paradoxically re-
quire knowledge of the language to use; in this case,
knowledge of what the “dictionary form” or lemma
of an unfamiliar word is. To address this issue
we built Kelvi, a web-based dictionary and mor-
phological parser that helps a learner who comes
across an intimidatingly long Tamil word see how
the word is broken down, and what each “part”
(morpheme) means in layman terms. The hope is
that they come away with a fuller understanding
of the word while also starting to recognize Tamil
morphological patterns themselves.

2 Literature Review
The one instance known to these authors of
a dictionary specifically designed for a her-
itage/minoritized language that also provides ped-
agogical information about morphology is the
ongoing work on the digital Wendat Dictionary
(Lukaniec and Holmes, 2023). More broadly
speaking, there are several open-source technolo-
gies that have been developed to support language
revitalization and maintenance efforts (Brinklow
et al., 2020), such as the dictionary-builder Mother
Tongues (Littell et al., 2017) and the morphologi-
cal generator Gramble (Littell et al., 2024) that was
used in pedagogical contexts for Oneida (Lu et al.,
2024), SENĆOŦEN (Saanich), and nêhiyawêwin
(Plains Cree) (Pine et al., 2025a). Effective mor-
phological analysers using FSTs have also been
built for similarily agglutinative languages like
Turkish (Yıldız et al., 2019). For Tamil specifically
there exist tools such as a lemmatizer (Qi et al.,
2020), a morphological analyser (Sarveswaran
et al., 2021), and a stemmer (Rajalingam, 2025),
as well as some pedagogical resources like a dictio-
nary of Tamil verbs (Schiffman et al., 2009) and a
few isolated courses/course materials (Annamalai

and Asher, 2002; Prasad, 2025; Cheran, 2001); but
to the authors’ knowledge there is no other free-to-
use pedagogical resource which employs a Tamil
morphological analyser.

3 Methods
In accordance with principles behind collabora-
tive community based research (Bucholtz, 2021)
and user-centered design methods (Wallisch et al.,
2019), we involved target users early on in our ex-
plorations of the problem space to ensure we were
solving a real issue faced by Tamil learners and pro-
viding a solution that learners would want to adopt.
We wanted to understand what bottlenecks users
were currently facing when searching for Tamil
word definitions as well as existing pain points they
were experiencing.

3.1 Prototype Design
We built a medium fidelity prototype in Figma, an
interface design tool, to test our design (accessible
here). We wanted to knowwhether (a) users would
be able to determine the meaning of a word when
presented with the morphological breakdown; (b)
users found the morphological breakdown useful;
and (c) users would use the tool if it existed.

3.2 Participants
To determine our design requirements, we inter-
viewed 10 Tamil adult speakers over the age of 20
who were asked to self describe their Tamil lan-
guage abilities in terms of oral fluency and literacy.
Of our participants, three were native speakers, six
were heritage speakers, and one was a beginner L2
learner with no Tamil background who had only re-
cently begun learning Tamil. Importantly, oral flu-
ency and literacy were not correlated for our speak-
ers. In other words, speakers that were fluent in
Tamil were not necessarily strong readers, such as
in the case of SM who was a fluent, native speaker
of Tamil with weak literacy skills. As shown in
Figure 2, most of the participants had stronger oral
abilities compared to reading and writing.

3.3 Exploratory Interview
At the beginning of the session, participants were
asked to self-describe their Tamil oral and literacy
abilities. In addition, since most of the participants
were heritage speakers, they were also asked de-
mographic and language related questions to gain
insight into their Tamil proficiency. As described
by Montrul (2016), background information, such
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Figure 2: The X-axis represents fluency while the Y-axis represents literacy, forming four quadrants. 6/10 partic-
ipants fall in the <fluent, high literacy> quadrant, 2/10 participants fall in the <low literacy, non fluent> quadrant,
and 2/10 participants fall in the <low literacy, fluent> quadrant. Oral fluency and literacy were thus not correlated
among our participants.

as level of education, language of instruction, do-
mains of use of their languages, etc., is important to
understanding a heritage speaker’s ability in their
heritage language. Although the answers to these
questions were mostly used to corroborate the re-
sponder’s self description of their Tamil abilities
and not used for any formal analyses, the questions
themselves have been included in the Appendix for
future researchers. Users were then asked to com-
plete four tasks to test the usability of the proto-
type’s UI as well as input methods, which can also
be found in the appendices. After completion of
the tasks, users were asked the following questions:

• What do you like/dislike about this tool?

• What features do you wish existed?

• How did each input method compare?

• How did the prototype compare to how you
were originally looking up Tamil word defini-
tions in the first task?

• Would you use this tool?

3.4 Interview Results
During the exploratory interviews, participants
were asked what tools they were currently using to
look up the meaning of Tamil words. The most
common answer given was Google Translate, how-
ever not all participants were using it just to get the
translation of a word. For example, L, who had
strong oral abilities but could not read Tamil eas-
ily, used Google Translate’s TTS feature to hear

the word and would then be able to figure out what
it meant. On the other hand, IP would use Google
Translate to get a Tamil word’s romanizationwhich
they would then input into the Google search en-
gine to try to find different contexts and uses of the
word. For the participants who did rely on the trans-
lations provided by Google Translate, several com-
mented that Google’s translations were not always
trustworthy. Interestingly, none of our participants
mentioned using generative AI tools, however this
could be due to the fact that most of our partici-
pants were over the age of 25. As Magotra et al.
(2016) notes, younger individuals are more likely
to adopt new technologies compared to older indi-
viduals.

When asked if they would use this tool, seven
participants responded with yes, two responded
with no, and one with maybe. SM, who is flu-
ent with weak literacy skills, stated they would
not use the tool. TB, who is a beginner heritage
speaker that cannot read, stated the reason behind
their “maybe” response was because they felt that
their level of Tamil was too low to use the tool,
but would use it if it included more conversational
words. IP, who is fluent with high literacy skills,
felt the tool was unnecessary and that the interface
made it hard to correlate meaning with the word
parts.

Conversely, the other participants felt that the
tool was quite useful. In N’s case, they thought that
learners would find the pedagogical breakdown
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Figure 3: Graph of participants’ methods for looking up
Tamil words. Google Translate is the most common at
8 votes, while the five other remaining choices have 3
votes or less.

helpful and wished the tool existed when they were
attending Tamil language class during their adoles-
cence. D, who self-described as conversationally
fluent, thought that the pedagogical breakdown
was not only helpful, but also corrects errors made
by Google Translate. Lastly, R, who had only
recently started learning Tamil, thought that the
definitions provided by the tool were clearer than
Google Translate.

4 User Requirements
Based on the results of the exploratory interviews,
we established the following user requirements to
guide the design of the website.

1. Intuitively understand the morphological
breakdown even as an L2 learner.

2. Not overwhelm a beginner learner.

3. Is accessible on the phone.

We also drew inspiration from the Kawennón:nis
verb conjugator for Kanyen’kéha (Kazantseva
et al., 2018), (which itself was part of the inspi-
ration for Gramble, discussed in Section 5.2), and
its aim to assist users in acquiring morphology pat-
terns rather than rote memorization of word defini-
tions.
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Figure 4: Graph of participants’ responses to if they
would use a tool like the prototype. Out of 10 partic-
ipants, 7 responded ‘yes’, 1 responded ‘maybe’, and 2
responded ‘no’.

5 Systems Design
In this section we discuss the different components
of Kelvi and how they interact, as visualized in Fig-
ure 5.

5.1 Datasets
We used two open source datasets for the Tamil dic-
tionary component, specifically Tamil Wiktionary
data Ylonen (2022) and dictionaries provided by
Vasuki (n.d.).

5.2 Suffix Database Generation
The suffix database queried by the system was cre-
ated using Gramble2, a tabular programming lan-
guage designed for linguistic parsing and genera-
tion. We used Gramble to aid us in generating a
JSON file3 consisting of Tamil suffixes, their mean-
ings, and other useful (meta)linguistic information
that are all stored in Gramble “tiers”. In this sec-
tion we limit discussion to what tiers (that are then
converted into JSON attributes) we created for suf-
fix generation and why.

The primary attributes that every suffix entry
in the suffix database have are text, gloss, display,
and add-back. text is a string representing a suf-

2https://nrc-cnrc.github.io/gramble/
3File can be found here.
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Figure 5: Diagram of Kelvi’s backend and frontend.

Figure 6: Excerpt from Gramble file.

fix as it appears in an input word, and is the at-
tribute that the input is matched against. For in-
stance, the inputபூதங்கள் boothangaL ‘ghosts’
would match to the suffix ங்கள் ngaL, as shown
in Figure 6. gloss is a layman’s definition of this
suffix.

display is the version of the matched suffix that
is shown to the user: this is generally the same
as what is in text, but differs in situations where
a suffix undergoes minor changes based on phono-
logical environment4. For example, the plural suf-
fix கள் gaL can also also appear as க்கள் kkaL
or ங்கள் ngaL based on the sound it is preceded
by, but since கள் is its prototypical form, this is
the form of the suffix that is shown (“displayed”)
to the user in all cases, as shown in Figure 7. Fi-
nally, add-back is used as a secondary lemmatizer
when the primary fails, to be detailed later in Sec-
tion 5.5. In this instance, if the lemmatizer were
unable to parseபூதங்கள், once the suffixmatch
ங்கள்was identified and removed from the input,
the character ம் (m) would then be “added back”
to this new form to create the valid lemmaபூதம்
bootham (‘ghost’).

4Using linguistic terminology, text and display can
roughly be equated to surface form and underlying represen-
tation respectively.

Figure 7: Kelvi UI when given பூதங்கள் boothan-
gaL as input.

5.3 Romanized/Tamil Input
Users can input using the Tamil script or roman-
ization (i.e., ேகள்வி or kelvi). All of the dictio-
nary and morphological data is stored in the Tamil
script, so if a user inputs using romanization, their
input is first converted into the Tamil script us-
ing a custom romanization-to-Tamil mapping that
we wrote using G2P, an open-source grapheme-to-
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phoneme transducer5, (Pine et al., 2022) before
being processed. Since there is no universal ro-
manization standard followed by Tamil speakers,
our mapping simply attempts to capture the most
commonly used spelling patterns. After process-
ing, the output is then returned to the user in both
the Tamil script and romanization. The roman-
ization presented here is derived from a Tamil-to-
romanization mapping, again written using G2P.
The romanization system used here is a combina-
tion of commonly used spelling conventions and
IPA.

5.4 Lemmatization
Where possible, lemmatization of the Tamil input
is performed using Stanza (Qi et al., 2020). The
output lemma is then checked against the dictio-
nary data to see if it has an existing dictionary entry.
If no valid dictionary entry is found, other strate-
gies are employed to identify the lemma, such as
suffix matching.

5.5 Suffix Matching
To identify the potential suffix(es) on an input
word, a backwards search is performed on the input
to see if there is a match with any suffix included
in the Gramble JSON file (generation of this file
was discussed in Section 5.2). If there are multi-
ple matches, the longest one (whose length is less
than the length of the input) is selected. If a valid
lemma was found using the lemmatization process
described previously, we return both the lemma
and the suffix that we identified. If a valid lemma
wasn’t found, we create a new potential lemma by
removing the text of the matched suffix from the
input word. If the potential lemma is now a valid
lemma, (i.e., exists as a valid entry in the dictio-
nary data), we return this alongside the suffix as
the output to the user. If the potential lemma is
still not a valid lemma, we check if the suffix that
we found in the Gramble JSON has any material
in its add-back field: this field contains phonolog-
ical information that needs to be added to a stem
in order to turn it into a lemma. If the add-back
field is non-empty, we add this material to the po-
tential lemma, confirm if this is now a valid lemma,
and return it. If this strategy also fails, we return a
“word not found” error to the user.

5https://github.com/NRC-ILT/g2p

6 Results
6.1 Systems Analysis
Due to limited resources and time (discussed in
Section 9), we have not yet been able to perform
a formal statistical evaluation. The minimal test
set that was used to evaluate performance so far
is composed of “edge-case” words, or words we
predicted may be tricky to parse based on how our
model is constructed. For instance, during early de-
velopment, we noticed that the Stanford NLP lem-
matizer often fails on class III verbs (as defined in
Arden, 1910), so we made sure to explicitly com-
pensate for this during the suffix generation pro-
cess using Gramble, and included several words
from this category as part of our testing. Since
we observed the remaining six verb classes (Ar-
den, 1910) being accurately lemmatized, fewer of
these are represented in our test set as they were as-
sumed to be higher performing. Similarly, there is
a higher proportion of words with complex mor-
phophonology and suffixal combinations present
in our test set than is necessarily representative of
the language, as we predicted these words to be
the most challenging to cover. Thus, many “sim-
ple” words, for example words of the form [lemma
+ tense + person-number-gender], are not included
in the test set, as once we confirmed that a sam-
ple few were working, we assumed others of the
type would also be relatively high performing. Of
course, formalized random testing is required to
verify this. A high level overview of the tool’s per-
formance on this test set is shown in Table 1.

Result # of Tokens Percentage
Correct 141 50%
Incorrect 46 16%
No result 93 33%
Total 280

Table 1: Performance of Kelvi on test input words

We primarily tested for presence of lemmas in
our dictionary data (shown in Table 2), and accu-
rate lemmatization and suffix identification (shown
in Table 3).

Result # of Tokens Percentage
Correct 15 75%
Incorrect 1 5%
No result 4 20%
Total 20

Table 2: Kelvi performance on inputs with no affixes
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# of Tokens Percentage
Correct 126 48%
Incorrect 45 17%
No result 89 34%

total 260

Table 3: Kelvi performance on inputs with affixes

For inputs that produced a “word not found” er-
ror, we isolated which were failing because the
lemma itself was not present in our dictionary data,
and which were failing because our tool was not
able to lemmatize the word, as shown in Table 4.

Issue # of Tokens Percentage
Lemma not in data 10 11%
Bad lemmatization 79 89%

Total 89

Table 4: Cause for ”word not found” errors on inputs
with affixes

This delineation will help us isolate which
types of structures need to be added to our suf-
fix database. A major category of words that are
currently missing is lexical compounds. These are
words that have two lemmas, which our model
does not currently account for. Some lexemes
commonly used in compounds likeேபாது po:thu
(‘when’, colloquially) can be added to the database
as suffixes, but Tamil also has a productive process
of forming novel compounds6, that will require a
more nuanced approach.

For inputs that produced incorrect outputs, we
differentiated between whether the error was in the
lemma, the suffix, or both (Table 5). The results

Issue # of Tokens Percentage
Incorrect lemma 9 20%
Incorrect suffix 32 71%
Both incorrect 4 9%

total 45

Table 5: Types of errors on inputs with affixes

from Tables 4 and 5 in particular highlight that
more work can be done in improving the suffix
database, both to increase the accuracy and quan-
tity of suffixes identified, as well as to assist in the
lemmatization process. Thus this is where the fo-
cus of our future work lies.

6For example, the poetic word கண்ணுறங்கா kaN-
NuRanga: ‘(as) (my) eyes sleep’ is composed of the lemmas
கண் kaN ‘eye’ andஉறங்கு uRangu ‘to sleep’, neither of
which can be classified as “commonly” used in compounds.

6.2 User Feedback
We conducted a workshop for the launch of the
MVP (minmum viable product) for Kelvi to gather
user feedback. We also elicited feedback through
word-of-mouth, and online through Reddit forums
such as r/Tamil and r/LearningTamil.

The feedback received was largely positive.
Users requested voice input, romanization input,
including example sentences in the output, and pro-
viding the definition of the input word in its en-
tirety (not just of the individual morphemes). We
were able to add the feature of romanization in-
put following this feedback, and are evaluating the
feasibility of incorporating the other requested fea-
tures; for instance, incorporating TTS (Mahagana-
pathy and Sarveswaran, 2025).

As discussed further in Section 9, due to lack
of time we were not able to conduct a systematic
user-feedback study post creation of theMVP. This
would certainly ideally be part of a future study. In-
formally, co-author Srikanth has been able to use
the tool as part of her regular Tamil teaching to pos-
itive effect. The major drawbacks currently are the
low language coverage of the tool, especially when
the input is in romanization. However, in the cases
where the target words are present in Kelvi, learn-
ers found the provided definitions to be useful in
understanding both the meaning of a word in its
entirety and of its parts.

7 Discussion
Our current bottlenecks and proposed improve-
ments to the software can be summarized as fol-
lows:

1. We have limited root-word (i.e., dictionary)
data, and results can be improved if we are
able to acquire more data.

2. The lemmatizer that we use fails on some in-
puts; as discussed in (5.5), we are compensat-
ing for these gaps using Gramble, which we
will continue to do.

3. Some morphemes are homophonous; for ex-
ample, the suffix -um on a verb means “it
will”, but on a noun means “and”. Currently
we return both definitions, but if we are able
to acquire reliable part-of-speech data, we can
refine the output returned to the user.

4. Users are able to input using both the Tamil
script and romanization, but the romanization
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input is significantly underperforming. This
is because there is no romanization standard
consistently followed by Tamil speakers, and
so the mapping we currently employ cannot
account for all possible spellings of a given
Tamil word. The romanization practices of
Tamil speakers are too irregular to be ade-
quately captured by any one-to-many map-
ping7, no matter how nuanced, and so this
feature can only be improved if we are able
to train a model on Tamil romanization input
and/or implement an approximate search algo-
rithm (Pine et al., 2025b, Littell et al., 2017).

5. Since Kelvi was primarily designed to capture
written forms, words in the spoken/informal
register are underrepresented. As these words
vary widely across a range of dialects, collab-
oration with speakers from across this span of
variation would greatly enhance the coverage
of our tool. Currently, Kelvi is only designed
to be useful in decoding the meaning of Tamil
words inputted in the written/formal register,
not for defining words expressed in the spo-
ken/informal register or for converting spo-
ken/informal forms into their written/formal
equivalents.

Future work in this area may benefit from the use
of machine learning techniques to address some of
these challenges. As one example, we can poten-
tially address the variation in romanization input
by incorporating transliterationmodels, such as the
one developed by Madhani et al., 2023, to convert
between romanization and the Tamil script. Due to
time constraints however, we were unable to prop-
erly investigate this approach.

8 Conclusion
Although Tamil has a relatively large speaker pop-
ulation, it is still considered a low-resource lan-
guage which adds a layer of difficulty when de-
veloping digital tools and resources for Tamil that

7In fact, it is impossible. This is because the letter “n” can
be mapped toண, ந, orன.ண is pronounced differently
from ந andன and so can be mapped to a distinct roman-
ized character like “N”, but ந andன are pronounced the
same. They can’t usefully be mapped to distinct romanized
characters because even though they appear in complemen-
tary phonological environments 90% of the time, the remain-
ing 10% the distinction is lexically determined, i.e. unpre-
dictable from just the pronunciation, and therefore not some-
thing a user who can’t read the Tamil script would be able to
know.

make use of data driven innovations in computa-
tional linguistics (Tissera and Saadhiq, 2025).

The system described in this paper serves as a
starting point for creating pedagogical dictionaries
designed for learners of polysynthetic languages
and the morphological challenges they commonly
face (Kazantseva et al., 2018). Although there is
room for improvement in terms of coverage and
accuracy, we hope that Kelvi serves as an exam-
ple of a grassroots initiative that, despite limita-
tions in terms of language data and resources, is
able to create a useful language learning tool by
taking a user-centered approach and targeting com-
mon pain points experienced by learners. The code
and data used for the project is open source and
will hopefully benefit other individuals and orga-
nizations looking to create language learning re-
sources.

9 Limitations
The project received funding ($10,000 CAD) and
had a 1 year deadline as per the agreement for the
funding. Unfortunately, the cost of many high qual-
ity Tamil dictionary datasets far exceeded the avail-
able funding and consequently could not be used.
This also impacted the testing process, as all test
data had to be created manually and thus was lim-
ited to a few hundred inputs. Additionally, this
project was done independently and on a voluntary
basis without the affiliation of any research insti-
tution, which limited the time and resources that
could be dedicated to the project.

10 Ethics
We discuss here the ethical considerations of this
project on the axes of access, equitable represen-
tation of language variation, and data privacy and
consent. First, however, we present the positional-
ity of the authors.

One co-author (Srikanth) is a heritage Tamil
speaker, and through their experience as a learner
and teacher of the language, experienced both the
challenge of developing their literacy skills and the
lack of adequate resources online to help with this.
Another co-author (Yu), is a heritage speaker of
Cantonese and Mandarin and therefore also famil-
iar with the challenges of heritage language learn-
ing. Additionally, both Srikanth and Yu have expe-
rience contributing to community-led projects to
build digital tools for Indigenous language learn-
ing. These professional and lived experiences are
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what motivated the authors to create an online re-
source that could support learners of minoritized
and low-resource languages.

10.1 Access
Kelvi was intentionally designed to be open-source
and free to use because the motivation behind it
was to develop a framework for a language learn-
ing tool that could be used by other low resource,
minoritized languages. The intention was not to
contribute to the history of extraction, exploitation,
and gatekeeping of language resources in the field
of linguistics (Leonard, 2021) by using language
data and putting it behind a pay-wall, especially
given that co-author Srikanth is a member of the
language community the tool was built for. Open
access to language data was deemed appropriate in
this case, as Tamil enjoys majority language status
in numerous jurisdictions (Tamil Nadu, Sri Lanka,
Singapore), and so it wouldn’t be considered sen-
sitive information. In future collaborations with
other language communities, however, those com-
munities will always have full rights to their data
and the choice to keep it open or limited access to
only community members, and this is supported by
the tool’s permissive open source licence.

10.2 Equitable Representation of Language
Varieties

We are aware that digital representations of lan-
guage, especially in educational contexts such as
Kelvi, can influence the relative prestige of the va-
rieties used or omitted. Kelvi was deliberately de-
signed to only represent the formal written variety
of Tamil. The formal register remains largely uni-
form across the social axes of religion and region,
along which conversely, the spoken register varies
greatly. In this way, we hope that Kelvi is acces-
sible to all Tamil users. That being said, we ac-
knowledge that because spoken varieties are not
represented in Kelvi, this may contribute to the
commonly held belief of language purity that priv-
ileges written Tamil over spoken, informal Tamil
(Annamalai, 2011). Currently our team is lacking
in the linguistic expertise required to adequately
represent all of the spoken varieties fairly, and so
we seek to form collaborations with speakers of dif-
ferent Tamil varieties to make Kelvi more inclusive
in this way.

While formal written Tamil does not undergo
significant variation, the same is not true of Tamil
written using romanization. There is no “standard”

for romanization, and so each individual uses their
own conventions. We don’t want to present any
one romanization system as a “standard”; in the ro-
manization shown to the user, we use a convention
that is associated more with academia, using char-
acters that aren’t easily typed (i.e., ṭ), to signal to
users that the tool isn’t meant to influence how they
already type. However, the options for romaniza-
tion input are very limited, and because the roman-
ization is built using a one-to-many mapping (5.3),
this mapping does inadvertently end up being pre-
scriptive. Hopefully, as we improve the romaniza-
tion input, this unintentional side-effect will lessen.
Finally, since Kelvi is still only in the MVP stage,
it does not have 100% accuracy yet. There are dis-
claimers on the website informing users of this, so
hopefully this lets learners and teachers alike antic-
ipate that there may be the occasional error.

10.3 Data Privacy and Consent
User input is temporarily available for us to view
through the web hosting service Kelvi is hosted on.
The input is anonymous and can’t be tracked to any
individuals. We view this input data solely for the
purpose of bug-fixing (i.e., keeping track of any
failing inputs to add to our testing process).

User feedback from the initial round of user test-
ing has been anonymized, and none of their lan-
guage data was used in the building of Kelvi or
accessible to anyone outside of the team. The in-
terviews were recorded with their consent and they
were informed that the recordings would only be
consulted for the purposes of improving the tool,
and would not be shared with anyone else.

Additional feedback solicited once theMVPwas
built was encouraged to be submitted through the
anonymized feedback forms on the Kelvi website.
Some individuals contacted the authors directly; re-
gardless, all feedback is kept anonymized here and
in any future publications.
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A Interview Questions
Sociolinguistic questions used for the exploratory
interview:

• How old are you?

• How would you describe your fluency in
Tamil? What situations do you tend to use
Tamil in? Speaking? Reading? Writing?

• Where did you go to school?

The following tasks were given to the participants
to complete using the prototype. Note that the
Tamil words were presented in text; no romaniza-
tion was given and facilitators did not read out the
words.

1. Find the meaning ofெபரியவர்களுக்கு
using the prototype interface. Try entering the
word using Tanglish8 / English letters.

2. Find the meaning of
அறBந்துெகாண்ேடன் but type the
word in Tamil.

3. Find the meaning of ெபருகிவிட்டால்
but use your voice.

4. Find the meaning of சிதறBவிடும் using
your preferred input method from the previ-
ous tasks.

8Colloquial term used to refer to the code-mixing of Tamil
and English in casual speech.
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