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Abstract

With the growing popularity of virtual charac-
ter platforms like Character.Al, users are in-
creasingly turning to role-playing agents for
emotional support in daily life. Yet existing re-
search mainly focuses on character consistency
in fictional or game-based scenarios, overlook-
ing user-centered interactions such as compan-
ionship and psychological support. To bridge
this gap, we propose Emotionally Supportive
Role-Playing (ESRP), a framework designed to
align role-playing with real-world user scenar-
ios and emotional needs. We focus on typical
users of these platforms, i.e., anime enthusi-
asts—including students, office workers, free-
lancers, and self-employed individuals—and
design scenario-based questions that reflect
their everyday struggles such as work stress
and social loneliness. Through a two-round
data collection involving 40 anime fans and
10 Large Language Models (LLMs), we build
ChatAnime: the first ESRP dataset with 2,400
human-written and 24,000 LLM-generated
responses, supported by over 132,000 fine-
grained human annotations. We also provide
the ESRP evaluation framework featuring 9
fine-grained metrics across three dimensions:
basic dialogue, role-playing and emotional sup-
port, along with an overall metric for diver-
sity. Experimental results under our evalua-
tion setting show that top-performing LLMs
surpass anime fans in role-playing and emo-
tional support, while humans still lead in di-
versity. The ChatAnime dataset is available at
https://github.com/LanlanQiu/ChatAnime.

1 Introduction

With the growing popularity of virtual character
platforms like Character.Al, an increasing number
of users are turning to role-playing agents for emo-
tional support in everyday life. Advanced Large
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I'm so fed up. | don’t even know the background for that request, and
they just dumped the requirement document on me and told me to
submit a proposal this week. Do they think | can be in two places at once?

Employee

., IRIR, BIXAEMM! (RETREIARNBMERBENAIR! BER
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Human Come on, don’t be so pessimistic! You're the amazing person | know!
Since you don’t understand the background, just go and ask for
clarification...... Even a loser like me could become Hokage, and you
absolutely can succeed too!

©. 15he, HMEROEZ! UARASERSSZABEN! REFE
A8 EmmsE, SRATENINVE—EHH, BHEH?

Naruto Haha, | understand how you feell | used to handle it with the Shadow

DeepSeek-V3 Clone Jutsu. Do you want to try my method? First, find a reliable
teammate to analyze the situation together, then make a plan?
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B AEBE CHTHEDT!

Naruto

GPT-4.1 Haha, | wish | could use Shadow Clone Jutsu to help you out with

this! But even shadow clones aren’t a cure-all; sometimes | get
overwhelmed too. Why not ask people around you for help? Don’t carry
everything on your own!

Figure 1: Showcase of Emotionally Supportive Role-
Playing (ESRP), only the first dialogue turn is shown.
The bolded text indicates content related to character
knowledge.

Language Models (LLMs) can understand com-
plex character backgrounds and simulate different
linguistic styles, personality traits, and behavioral
patterns, thus enabling highly immersive interac-
tive experiences (Chen et al., 2024a,b; Tseng et al.,
2024). However, existing research in this area pri-
marily focuses on character consistency in fictional
or game-based scenarios (Chen et al., 2023; Tu
et al., 2024; Lu et al., 2024; Yuan et al., 2025),
overlooking the need for user-centered emotional
interactions such as daily companionship and psy-
chological support (Xiang et al., 2025).

On the other hand, some research has applied
LLMs to emotional support-related fields, such as
daily companionship and psychological counsel-
ing scenarios (Liu et al., 2021; Brocki et al., 2023),
aiming to alleviate human stress, provide emotional
guidance, and help improve mental and physical
well-being (Hua et al., 2025; Liu et al., 2023; Jin
et al., 2023; Zhang et al., 2024). Recent efforts
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Figure 2: An Overview of the ChatAnime Construction and Evaluation Framework. a) pink panel: The process
begins with the selection of 20 well-known anime characters from popular anime communities. b) blue panel: A total
of 40 Chinese anime enthusiasts are carefully selected from a pool of 300 candidates across China. c) orange panel:
After structuring 60 real-world questions centered on factors like typical user personas and human emotions, both
10 LLMs and the 40 anime fans generate character-specific responses following particular prompts. d) green panel:
The Emotionally Supportive Role-Playing (ESRP) evaluation framework, which features radar charts illustrating
performance across 9 fine-grained metrics alongside a bar chart depicting response diversity, based on over 132,000

human annotations.

have involved LLMs to role-play diverse user per-
sonas to converse with ESC models acting as psy-
chological counselors (Zhao et al., 2024; Wang
et al., 2025a). This line of research, however, pri-
marily concentrates on the role of professional psy-
chological counselors, neglecting the potential for
emotional support from more accessible and varied
sources, such as beloved virtual characters.

For example, imagine a depressed person receiv-
ing encouragement from his idol, Naruto, the pro-
tagonist of the anime Naruto: “Even a loser like
me could become Hokage', and you absolutely can
succeed too!” He would be more encouraged than
hearing it from some stranger.

To bridge this gap, we propose Emotionally
Supportive Role-Playing (ESRP), a framework
designed to align role-playing with real-world
user scenarios and emotional needs. We focus on
top-tier anime characters as our role-playing agents,
as they are widely present on these platforms, pop-
ular among young users, and possess well-defined
personalities, making them ideal for studying per-
sonalized empathetic interaction. Based on this,
we introduce ChatAnime, the first Chinese role-
playing dataset specifically designed for emo-

' A title of hero in the anime Naruto.

tional support in real-life scenarios.

To ensure our data represents users’ every-
day scenarios, we first model these users, i.e.,
anime enthusiasts—including four typical demo-
graphic groups (students, office workers, free-
lancers, and self-employed individuals). We then
design scenario-based questions that reflect their ev-
eryday struggles covering various real-life emotion-
ally supportive scenarios including work pressure,
interpersonal relationships, self-identity, and life
meaning. Responses are collected in two rounds
from both human fans and LLMs, followed by a
comprehensive human evaluation.

To assess the quality of role-playing interactions,
we propose the ESRP evaluation framework. This
framework is built upon three core dimensions (ba-
sic dialogue quality, role-playing consistency, and
emotional support capability), comprising 9 fine-
grained metrics. In addition, we introduce a diver-
sity metric to assess the ability to provide personal-
ized, non-templated responses.

We also fine-tune a judge model based on human-
annotated data from ChatAnime. Experimental re-
sult shows that our model shows a higher correla-
tion with human than baselines like GPT-4.1.

Our main contributions are summarized as follows:
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During lunch today, the professors and students from another research group walk together, laughing and chatting, while you eat alone in the canteen, feeling a bit lonely.
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Their research group has such a great atmosphere.
They're always eating together and chatting happily.
I'm so envious...

ans, BOEBARER TRk FIIEE—k
BEREE AR, ASRRE. B8R

ZMBIEAZ, BEXBLERERARIPRRA.

{RIDERIIE CHkKEE, AR—ESZERT
R, BREEEAET!

Haha, that reminds me of my crew! We Straw Hats
are always gathered around, devouring meat and
laughing loudly. Nami always complains that | eat
too much, but she still saves the biggest piece of
meat for me every time. You should find your own
crew too! Sharing food and joy together - that
feeling is awesome!

Ui Al, BEAFERFMIEIE—KARES
KR! HOREE SN —EIX,. SE8
k. ERESHOASRT, ARFERER
R, K NRE—ARRE, SHEN
Bg? {FEFEEALETHORER?

Hearing you talk like that makes me really envy the
lively atmosphere of your Straw Hat crew! | wish |
had a group of friends to chat and share things with
anytime. But everyone around me is so busy now,
and it seems hard to get together. Luffy, do you ever
feel lonely when you're by yourself? How do you
cheer yourself up?

ME? AFRRME! —PABRE—PTARNREK!
SEEEBRSHRR LA, AHESSHEE
X, BBARIRER! saRSERFE )%,
ERMEBRNEARK Y. W7, {RibaILIER
—FHRREBNEER, nF Ikt AR,
HF R E AT IRHREE S T RN =1~A9!
Lonely? No way! Being alone has its own kind of fun!
I often fish on the Sunny's deck, and sometimes |
encounter Sea Kings - now that's exciting! Or I'll go
train with Chopper, though he always says I'm too
reckless. Hey, you could try finding fun things to do
like | do, like learning new skills or something. |
actually developed Gear Second and Gear Third
while sailing alone!
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Their research group has such a great atmosphere.
They're always eating together and chatting happily.
I'm so envious...

B, skt ErYRER! —RizEIRtA4
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RISEIRIE? PpRERERE ML), 5
EEECHI EEXHRSERNE?

Wow, they sound really awesome! Eating and
chatting together like that feels like having true
companions! You want that kind of atmosphere too,
right? Have you tried joining them actively, or
creating that kind of atmosphere in your own space?

BRI, BECRHE
EAERBIERIN, TABEAMA. SREDE
EEHLITL, BREREECEHIMBIAT.
iR, BEXEFALSEINA, SLTHERE
BN EEfIE?

Actually, | really envy their lively atmosphere, but |
always feel a bit out of place and hesitate to join in.
Whenever | see them laughing so happily, 1 feel
even more like an outsider. What would you suggest
for someone like me who isn't very proactive - how
can | gradually integrate into a group?

AR BB A EMNERTE,
RIFFAFNZRREMLE—RIEHR, ARSFEEC
W3R, TEHAT, HiRtHacRET! R}
BILEMNEFHE, HEET B, sEw
RIFIEMS AR, (RIS PREIHTAS
BHREZ? RAHERAESEE 7!

I understand how you feel! I've actually had similar
experiences before, like when | first started hanging
out with Zoro and the others - everyone had their
own habits. But | discovered that being genuinely
yourself is enough! You can start with small things,
like saying hello first, or bringing some tasty food to
share with everyone. What topics do they usually
talk about? Finding common ground makes things
much easier!
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Their research group has such a great atmosphere.
They're always eating together and chatting happily.
I'm so envious...

EESNES—HEFEENEE! BERDEE
FEEORAMRE, b EREALN
! SEEEAIRANAS, HEEEFRIE!
Having companions by your side is truly amazing! |
believe you can also find such friends and build
these relationships to create miracles in life
together! Just like me and my crew, let's head
toward the future together!

EEFRE, B! KEESERNREE,
B H BRI ERIESHIAR R —ESN.
fid, AREAENREFOEZEVERER. . (R2
EAREWFIRRAT?

Thanks for encouraging me, Luffy! Support from
companions is really important, and | hope to find
like-minded people to accompany me on my
journey too. But sometimes it's really hard to reach
out and make connections... How did you find your
crew members?

BT AERRNESNSIB! HOMRN L
HIREEA—F, EER2Mib% 2R —
¥, EENERNGELA TR, ZRERIHE
=S

Share your life energy with everyone! My crew
members all joined for different reasons, but what
they have in common is that they want to live with
hope for tomorrow just like me - that's our shared
belief!

Figure 3: Comparative dialogue examples in a Luffy role-playing task. The top line shows the user scenario,
including persona, location, and emotion. The corresponding daily event and 2-round questions are generated by
GPT-40. The 3 dialogue examples are provided by DeepSeek-V3, Claude-Sonnet-4, and human fans, all based on

the same first-round input.

¢ We construct and release ChatAnime, the first
ESRP (Emotionally Supportive Role-Playing)
dataset with 2,400 human-written and 24,000
LLM-generated responses, supported by over
132,000 fine-grained human annotations.

* We propose a user-centered approach for simulat-
ing human-ai interaction, which generates emo-
tional support scenarios by guiding LLMs with
user personas, locations, and emotional states to
infer daily events and user queries.

* We establish a comprehensive ESRP evalua-
tion framework featuring 9 fine-grained metrics
across three dimensions (basic dialogue, role-
playing, and emotional support), plus an overall
metric for response diversity.

* Our benchmark of 10 major LLMs reveals 2 main

findings: 1) top-performing LLMs surpass anime
fans in role-playing and emotional support; 2)
human-authored responses exhibit greater diver-
sity.

* We fine-tune a judge model using extensive
human-annotated data, achieving better correla-
tion with human judgments than baselines like
GPT-4.1 and providing an automated evaluation
tool for the community.

2 Related Work

LLMs on role-playing. LLMs have made great
progress in the field of role-playing (Chen et al.,
2024b,a; Tseng et al., 2024; Zhou et al., 2023;
Shao et al., 2023; Chen et al., 2023). Recent re-
search have explored various approaches to en-

47064



Model BDC

Average

Cons. Flu. Coh. Avg CK

Human Scoring

DeepSeek-V3
Claude-Sonnet-4

Qwen-Max 440 390 4.13
Human 4.31 4.06 4.14
GPT-4.1 379 4.14 4.11 3.66 3.55

436 3.66 4.02 401 372 332

Doubao-1.5-Pro

414 375 3.63

4.10

. 3.97

373 3.70 4.19 3.97
405 3.68 4.05 393 3.95

3.66 3.62 414 3.64 420 3.99 391
350 3.51 4.03 3.67 4.07 392 3.82

Table 1: Human-annotated performance comparison of 5 shortlisted LLMs and human fans, ranked in descending
order by average scores across 9 fine-grained ESRP metrics defined in Section 4.1. (Top-3 per column highlighted:

lst 3rd )

hance the role-playing capabilities of LLMs in fic-
tional or game-based scenarios. For instance, Tu
et al., 2024, Wang et al., 2024b and Wang et al.,
2025b present comprehensive role-playing frame-
works and dataset. Li et al., 2023 improves LLMs’
role-play performance via prompt engineering and
memory extraction. Lu et al., 2024 and Wang et al.,
2025c enhances character consistency through self-
alignment or reinforcement learning. Moreover,
studies like Wang et al., 2024a examines the per-
sonality consistency of role-playing models. Yuan
et al., 2025 expands on role-playing character types.
The purpose of our study is to expand the scope
of role-playing, that is, to not only answer role-
specific knowledge, but also to address a range of
real-world emotion-support needs. A contempo-
rary and independent study by Xiang et al., 2025
also explores this question, investigating how to im-
prove the conversational experiences in user-centric
role-playing. In comparison to prior work, we take
anime characters as a research case, propose the
concept of Emotionally Supported Role-Playing
(ESRP), and collect a wealth of human response
and scoring data, hoping to provide a basis for
building more realistic and emotionally valuable
role-playing.

LLMs on emotional support. There are prior
studies that have involved LLMs to emotional sup-
port tasks, including daily companionship and psy-
chological counseling, with the aim of reducing
stress and supporting mental well-being (Liu et al.,
2021; Brocki et al., 2023; Hua et al., 2025; Zhang
et al., 2024). Among them, Liu et al., 2023 designs
an LL.M-based mental health support system; Jin
et al., 2023 presents a benchmark for evaluating
LLMs’ performance in mental health. Addition-
ally, LLMs are being employed in some research
to role-play different users to enrich the diversity
of counseling scenarios. For example, Zhao et al.,

2024 introduces an evaluation framework where a
role-playing agent interacts with emotionally sup-
portive models; Wang et al., 2025a develops a dy-
namic agent to simulate realistic counseling seek-
ers. Our study aims to provide new resources of
emotional support beyond psychological profes-
sionals, enabling users to emotionally interact with
their beloved virtual characters.

3 ChatAnime: the First Emotionally
Supportive Role-Playing Dataset

We introduce ChatAnime, the first multi-turn role-
playing dataset designed for emotionally support-
ive responses with a comparative study of human
participants and LLMs. ChatAnime aims to eval-
uate how LLM-powered virtual characters could
form emotional connections with real users from
different backgrounds.

Our dataset construction process is divided into
two major phases: scenario question generation and
response collection. We incorporate 20 well-known
anime characters (see Figure 2) in our dataset and
include two rounds of dialogue per scenario.

3.1 User-Centered Scenario Generation

People can get emotional support from their
beloved anime characters when facing problems
in real life, such as dealing with complex demands
at work or experiencing difficulties in their studies.
Motivated by this observation, we prompt GPT-40
to generate potential emotional triggers (termed
daily_events) for combinations of user personas,
emotional states, and typical locations, simulating
realistic scenarios in which users might seek emo-
tional support from fictional characters.
Specifically, we generate scenarios using three
dimensions: 4 user personas, 9 emotional states,
and 4 typical locations for each user persona (listed
in Appendix F). We reference professional research
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Figure 4: Model shortlisting via LLM-as-judge. The top
5 models out of 10 are highlighted in darker colors.

reports in anime domain (iResearch, 2021) to se-
lect four representative personas—student, em-
ployee, freelancer, and self-employed. Emotional
categories are chosen and refined based on main-
stream psychological theories”. We then use GPT-
40 to produce two possible daily events in each
combination, resulting in 288 user questions. After
that, we manually review and select the 60 most
representative scenario questions.

The second-turn question is generated using the
first-turn dialogue history (including initial user
queries and character responses from either hu-
man or LLM players) and scenario context. We
use GPT-40 to generate follow-up questions based
on dialogue history. The workflow for generating
scenarios and the two-round question process is
conceptually illustrated in Figure 2. Detailed ex-
amples of the two-round dialogue can be found in
Figure 3 and Appendix C.

3.2 Human & LLM Response Collection

We collect 2-turn dialogue responses from both hu-
man participants and LLMs to conduct a compar-
ative evaluation. Specifically, 40 Chinese Anime
fans and 10 LLMs (detailed in Section 5.1) are
tasked with role-playing well-known characters to
provide emotional support. Both the human fans
and LLMs are given identical task instructions and
character reference materials. See Appendix G for
the human annotation interfaces.

4 Evaluation Workflow

Our evaluation pipeline contains three main stages:
metric design, LLM shortlisting, and human final
assessment.

2https://simple.wikipedia.org/wiki/List_of_
emotions

4.1 ESRP Metrics

We provide the Emotionally Supportive Role-
Playing (ESRP) evaluation framework featuring
9 fine-grained metrics across three dimensions: ba-
sic dialogue, role-playing and emotional support,
along with an overall metric for response diversity.
In contrast to prior work (Tu et al., 2024; Yuan
et al., 2025), we emphasize the importance of emo-
tional support, and divide it into emotional value,
experience sharing, and demand matching.

The ESRP framework specifically comprises:
Basic Dialogue Capability (BDC)—Consistency
(Cons.), Fluency (Flu.), Coherence (Coh.); Role-
Playing Capability (RPC)—Character Knowledge
(CK), Speech Style (SS), Behavioral Habit (BH);
Emotional Support Capability (ESC)—Emotional
Value (EV), Experience Sharing (ES), Demand
Matching (DM); and Diversity. We assess response
diversity by asking human evaluators to examine
mini-batches of 10 response generated by each
model, and assign a Likert score. See Appendix A
for detailed definitions of the ESRP metrics.

4.2 LILM-Based Shortlisting

Due to the expense of human evaluation, we con-
duct an LLM shortlisting process to preliminarily
filter out models with inferior performance. We
employ a mechanism utilizing three models as
shortlisting evaluators to assess the role-playing
responses from 10 LL.Ms (evaluation prompts can
be found in Appendix E).

For this task, we choose Gemini-2.5-Flash-
Preview?, GPT-4.1%, and Qwen-Max® as the eval-
uator LLMs. Our initial manual tests indicate that
these models are capable of providing structured
scoring results accompanied by in-depth justifica-
tions. In the evaluation phase, each evaluator model
independently assigns scores to each character re-
sponse using a Likert Scale ranging from 1 to 5,
across 9 fine-grained metrics with detailed ratio-
nales.

As shown in Figure 4, by calculating the aver-
age scores from the three evaluator models, we
select the top-5 performing models from the initial
10 LLMs as candidates for the subsequent human
evaluation.

3https://deepmind.google/models/gemini/flash

4https://platform.openai.com/docs/models/
gpt-4.1

5https://help.aliyun.com/zh/model—studio/
models
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Content Count
Dataset Metadata
Characters (Cha.) 20
Scenarios (S) 60
Turns Per Scenario (1) 2
Mini-Batches (B) 12
LLMs (L) 10
. 6
Candidates (C'an.) (5 top LLMs, Human)
Fine-Grained Metrics (M) 9
Raters Per Character (R) 2
Dialogue Responses
24,000
LLM-Generated Responses (Cha. x S x L x T)
. 2,400
Human-Written Responses (Cha. x S x T)
Total Responses 26,400
Human Annotations
. . . 129,600
Fine-Grained Ratings (Cha. x S x Can. x M x R)
. 2,880
Overall Ratings (Cha. x B x Can. x R)
Total Ratings 132,480
Human Participation Costs
Recruitment Costs 3,200 RMB
Response Costs 24,000 RMB
Annotation Costs 18,720 RMB
Total Costs 45,920 RMB

Table 2: Statistics of the ChatAnime dataset.

4.3 Human Evaluation

After the shortlisting, 40 human fans conduct a thor-
ough assessment process to rate responses gener-
ated by LLMs and human fans following the ESRP
metric system mentioned in Section 4.1. The re-
sponses of 60 scenarios created by 5 shortlisted
LLMs are mixed with those written by human fans
for evaluation. To improve reliability and objectiv-
ity of the evaluation, we first strictly screen evalua-
tion fans. A fan only evaluates the characters he/she
knows well, and self-evaluation is avoided. Second,
we employ structured questionnaires with scoring
criteria specifying what each score from 1 to 5 rep-
resents in each dimension. Finally, we randomize
the display order to anonymize the source of the
responses.

5 Experiments

5.1 Experimental Setup

Dataset statistics. The ChatAnime dataset con-
tains a rich collection of character response samples
and human annotations. Table 2 presents key statis-
tics and construction pipeline of ChatAnime. The
dataset includes 2,400 human-written responses
and 24,000 LLM-generated responses. No human

polishing or semantic editing was applied to LLM
outputs. The 132,480 human annotations consist
of 129,600 fine-grained ratings and 2,880 diversity
ratings, all collected on a 5-point Likert scale.

Anime characters. We select 20 popular char-
acters from globally influential anime commu-
nities, including MyAnimeList®, International-
SaimoeLeague’, AsianSaimoeContest®, and Bili-
biliMoe®. We restrict the selection to characters
whose source material was released before 2022. In
addition, the final set of characters is manually cho-
sen to cover a diverse range of personalities. The
complete list of selected characters can be found in
Figure 2.

Human participants. To ensure expert-level
data quality, we recruit participants through a
multi-stage screening process. Initial candidates
are sourced via an online questionnaire distributed
in anime communities, yielding 300 valid appli-
cants. The primary selection criteria are (1) pro-
found knowledge of specific target characters and
(2) exceptional written role-playing skills. Based
on these criteria, we select and pair 40 highly qual-
ified Chinese anime fans with the characters they
are most familiar with. These participants then en-
gage in a two-round response generation task: in
the first round, each generates an initial response to
every scenario question; in the second round, they
continue the conversations based on the first-round
dialogue history. Each response is required to be
between 50 and 150 words. Human participant pro-
files can be found in Appendix H.

Participants who compose responses receive 600
RMB for completing 120 questions per character,
while evaluators receive 360 RMB for assessing
360 response versions per character. The total costs
for human participation are listed in Table 2.

Models. For the role-playing task, we use 10
major LLMs to simulate characters and generate
responses, including: GPT-4.1 (OpenAl, 2025),
Claude-Sonnet-4 (Anthropic, 2025), Gemini-2.5-
Flash-Preview (Google, 2025), DeepSeek-V3 (Liu
et al., 2024), Doubao-1.5-Pro (ByteDance, 2025a),
Qwen-Max (Yang et al., 2025), GLM-4-Plus
(GLM et al., 2024), MiniMax-abab6.5s (MiniMax,
2024), Doubao-RP (Doubao-1.5-Pro-Character)

®https://myanimelist.net

7ht’cps: //www.internationalsaimoe.com
Shttps://www.ianimesaikou.com
*https://moe.bilibili.com
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Average on 9 Fine-grained Metrics Response Diversity

4.10
395390 391 382

3.57 3.48

3 203 3.01

DeepSeek-V3 Claude-S: t-4 Qwen-M Human GPT-4.1 Doubao-1.5-Pro

Figure 5: Comparison of diversity and the average of
other metrics for 5 LLMs and human fans.

(ByteDance, 2025b), and Xingchen-Plus-V2 (Al-
ibaba, 2024). Among these, Doubao-RP and
Xingchen-Plus-V2 are specially trained for char-
acter role-playing. We employ GPT-4.1, Gemini-
2.5-Flash-Preview, and Qwen-Max as evaluators
to shortlist top-performing models based on their
average performance.

LLM parameters. All 60 emotion-centric real-
world scenario questions in this study are generated
by GPT-40 with parameters set to max_tokens=256,
temperature=0.7, and top_p=0.95. The param-
eter settings for LLMs generating responses
are also max_tokens=256, temperature=0.7, and
top_p=0.95.

Prompt design and knowledge enhancement.
To enhance model performance in diverse psycho-
logical and daily dialogue scenarios, we engineer
the prompts to improve Role-Play Agents’ capabil-
ities in two key dimensions: character grounding
and emotional support.

We first enhance the prompts with structured
character knowledge. Previous research (Tu et al.,
2024; Lu et al., 2024; Yuan et al., 2025) has shown
that LLMs without external knowledge may hallu-
cinate or misrepresent characters. As a mitigation,
we crawl detailed profiles of target characters from
a Chinese anime character encyclopedia website
MoeGirl'?, and integrate the retrieved information
into the prompts.

We strengthen emotional support capabilities in
our prompt design by instructing the models to
incorporate the character’s past experiences for de-
livering practical comfort, encouragement, or guid-
ance to alleviate user negativity. This design is sup-
ported by psychological theories like Carl Rogers’

Ohttp://moegirl.org.cn

person-centered therapy!! and Ellen Langer’s mind-
ful engagement!?. See Appendix E for detailed
prompts used for LLMs.

5.2 [Experimental Results

Overview of ESRP performance. As discussed
in Section 4, we evaluate the Emotionally Support-
ive Role-Playing (ESRP) performance of LLMs
and human fans on 4 dimensions, namely, Basic
Dialogue Capacity (BDC), Role-Playing Capacity
(RPC), Emotional Support Capacity (ESC), and re-
sponse Diversity. The main results of human evalu-
ation are presented in Figure 2 (with exact numbers
in Table 1) and Figure 5.

Experimental results under our evaluation set-
ting show that top-performing LLMs surpass
human fans in role-playing and emotional sup-
port, while humans still lead in response diver-
sity. On the core capability dimensions (i.e., BDC,
RPC, and ESC), we employ the bootstrap method
(5,000 iterations) to compute 95% confidence in-
tervals (CI) for score differences. DeepSeek-V3
(4.10, 95% CI: [4.08, 4.12]) achieves a statistically
significantly higher score than Human (3.95, 95%
CI: [3.92, 3.98]) and all other models. When it
comes to response diversity, however, DeepSeek-
V3 scores the lowest. Conversely, models like GPT-
4.1 achieve higher diversity scores but lag in core
capabilities. These results suggest a potential trade-
off between core capacities and diversity in current
models. Case studies can be found in Section B.

Comparison on BDC. LLMs demonstrate ma-
ture basic dialogue capabilities that are comparable
to human-level performance. Judging from the av-
erage BDC scores, the leading models demonstrate
outstanding performance, with DeepSeek-V3 (with
score 4.22) achieving the highest BDC score and
surpassing human performance (with score 4.14).
On the specific sub-metrics, Claude-Sonnet-4 per-
forms best in Consistency, while DeepSeek-V3
takes the lead in Fluency (on par with humans)
and Coherence.

Comparison on RPC. Interestingly, in the RPC
evaluation, the models show notable differences
in performance. DeepSeek-V3 (with score 3.95)
ranks first with a higher score that surpasses hu-
man performance (with score 3.79). Examining
the sub-indicators, DeepSeek-V3 scores highest in

"https://en.wikipedia. org/wiki/Carl_Rogers
2https://en.wikipedia.org/wiki/Ellen_Langer
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. our model Gemini-2.5- GPT-4.1 Qwen-Max

Metric (acc/acc_soft) Flash-Preview (acc/acc_soft) (acc/acc_soft)
(acc/acc_soft)

Cons.  0.90/1.00 0.66/0.98 0.66/0.98 0.69/0.99
Flu. 0.61/0.90 0.40/0.76  0.42/0.79  0.55/0.89
Coh. 0.80/0.99 0.49/0.90 0.49/0.90 0.52/0.91
CK 0.73/0.96  0.30/0.80 0.42/0.86 0.61/0.93
SS 0.59/0.92 0.28/0.72 0.35/0.76  0.32/0.74
BH 0.62/0.93 0.31/0.75 0.32/0.75 0.35/0.77
EV 0.80/0.99  0.56/0.95 0.54/0.95 0.65/0.97
ES 0.67/0.95 0.34/0.81 0.42/0.86 0.60/0.93
DM 0.81/0.99 0.50/0.93 0.51/0.93  0.58/0.95
Avg. 0.73/0.96  0.43/0.84 0.46/0.87 0.54/0.90

Table 3: Model scoring performance, where acc denotes
accuracy, acc_soft allows for a one-point deviation.

character knowledge, speech style, and behavioral
habits. These results indicate that DeepSeek-V3
has developed effective capabilities in character
simulation that exceed human performance in this
evaluation.

Comparison on ESC. LLMs are able to show
empathy and support potential beyond humans. For
the overall performance in ESC, the top-tier models
generally outperform humans, with DeepSeek-V3
(with score 4.13) once again leading with the high-
est score. On the specific sub-indicators, DeepSeek-
V3 secured the top rank across all three areas:
emotional value, experience sharing, and demand
matching.

Comparison on Diversity. As shown in Figure
5, the evaluation on response diversity reveals an
interesting phenomenon: a potential negative corre-
lation may exist between a model’s core capacities
and its expressive diversity. Specifically, humans
(with score 3.90) lead with an absolute advantage
in this dimension, while DeepSeek-V3 (with score
2.93), which ranks first in overall capability, scored
the lowest. Conversely, GPT-4.1 (with score 3.57)
performs the best among all models. This suggests
a potential trade-off between core capacities and
diversity in current models.

Evaluation correlation. To improve reliability
and objectivity of the evaluation, we first strictly
screen evaluation fans. A fan only evaluates the
characters he/she knows well, and self-evaluation
is avoided. Second, we employ structured question-
naires with scoring criteria specifying what each
score from 1 to 5 represents in each dimension. Fi-

nally, we randomize the display order to anonymize
the source of the responses.

The weighted Kendall’s tau'? coefficient (with
the default hyperbolic weighting) for the paired
human evaluators’ fine-grained scores is 0.55. The
coefficient for diversity evaluation is 0.66.

5.3 A Finetuned Judge Model

To support future research, we finetune a judge
model based on Qwen3-8B (Yang et al., 2025), us-
ing the annotated data from ChatAnime. The input
to the model consists of an natural-language instruc-
tion about the evaluation metric, and the dialogue
context-response pair to be evaluated. The standard
cross-entropy loss (with 5 classes) is used. The
model is finetuned using LoRA (Hu et al., 2022)
with rank r = 8 to evaluate multi-turn dialogue out-
puts from various models according to the ESRP
metrics. We randomly divide the annotated data
for each character into training, validation, and test
sets in a 7:1:2 ratio.

As shown in Table 3, our model is com-
pared against Gemini-2.5-Flash-Preview, GPT-4.1,
and Qwen-Max, with acc denoting accuracy and
acc_soft allowing for a one-point deviation. The
results demonstrate that our model consistently
outperforms the baseline models across all met-
rics. Notably, it achieves an average accuracy of
73%, substantially surpassing Gemini-2.5-Flash-
Preview (43%), GPT-4.1 (46%), and Qwen-Max
(54%). When considering soft accuracy, our model
achieves an accuracy rate of over 96%, offering a
solution for future automated evaluation pipelines.

6 Conclusion

In this work, we introduce ChatAnime, the
first Emotionally Supportive Role-Playing (ESRP)
dataset, which focuses on anime characters’ con-
versational performance in real-life contexts. We
further conduct a user experience-oriented ESRP
evaluation featuring 9 fine-grained metrics across
three dimensions: basic dialogue, role-playing and
emotional support, along with a metric for response
diversity. In total, the dataset comprises 20 well-
known anime characters, 60 emotion-centric, real-
world scenario questions, along with 2,400 human-
written answers, 24,000 LLM-generated answers
and over 132,000 human annotations. Results and
case studies under our evaluation setting show that

13ht’cps: //docs.scipy.org/doc/scipy/reference/
generated/scipy.stats.weightedtau.html
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top-performing LLMs surpass human fans in role-
playing and emotional support, while humans ex-
cel in response diversity. We hope this work con-
tributes to the development of user-centered emo-
tional support in LLM-based virtual character chat.

Limitations

Despite our efforts, this work is limited by the
following factors. The dataset focuses mainly on
Chinese-speaking users, which limits cultural cov-
erage. Besides, this work uses two-turn interactions
for the ESRP benchmark. Longer conversations are
needed for a deeper assessment of models’ char-
acter consistency and sustained emotional support
capabilities (Sun et al., 2024).

Ethical Considerations

This research explores the potential of LLM-driven
Emotionally Supportive Role-Playing (ESRP). We
believe this technology can provide affordable emo-
tional support for individuals who lack access
to professional psychological counseling, helping
them reduce loneliness and express emotions ef-
fectively. On the other hand, as users form deep
connections with Al characters, they might become
immersed in a virtual world, detach from real-life
interactions, or develop unrealistic expectations for
interpersonal relationships. We advocate careful de-
ployment and continuous monitoring of such tech-
nologies to ensure they provide beneficial support.
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A Definitions of ESRP Metrics

The definitions of the Emotionally Supportive Role-
Playing (ESRP) metrics are listed below.

Consistency (Cons.). The degree to which responses match
users’ questions, related to accurate understanding and ad-
dressing the questions.

Fluency (Flu.). The normative degree of generated text, its
naturalness, and its proximity to human oral expression.
Coherency (Coh.). The ability to maintain logical consis-
tency and topic coherence based on context in multi-turn
dialogues.

Character Knowledge (CK). The degree with which role-
players master the specific character’s settings and related
knowledge.

Speech Style (SS). The accuracy of recovering the char-
acter’s linguistic patterns, including tone, vocabulary, and
signature phrases etc.

Behavioral Habit (BH). The degree to which the behavioral
patterns aligns with the character’s values and behaviors.

Emotional Value (EV). The ability to respond positively to
and guide users’ emotional states, demonstrating empathy
and support.

Experience Sharing (ES). The ability to leverage personal
experiences to express empathy and provide sound advice.
Demand Matching (DM). The ability to accurately identify
and satisfy users’ emotional or practical needs.

An overall metric measuring linguistic variation among di-
alogues, including diversity in sentence beginnings, struc-
tures, and expression patterns.

Figure 6: Definitions of the Emotionally Supportive
Role-Playing (ESRP) metrics.

B Case Study

The ChatAnime dataset contains a wealth of in-
teresting responses from human fans and LLMs.
We select a few representative examples, and show
them in Figure 3, Figure 7 and Appendix C.

Dialogue examples. In Figure 3, we present a
comparative example of role-playing performances
across DeepSeek-V3, Claude-Sonnet-4, and a hu-
man fan, for the character Luffy. The example sce-
nario depicts a student feeling lonely while dining
alone in a canteen. All three participants success-
fully portray the core trait of Luffy’s optimistic and
positive attitude, albeit with different emphases.
Regarding character knowledge, DeepSeek-V3 is
the most comprehensive, accurately referencing the

Sunny Go, Straw Hat crew members'4, and Luffy’s
growth experiences. Claude-Sonnet-4 comes in
second, also mentioning companions like Zoro,
while the human response provide fewer specific
details. In terms of speaking style, all three consis-
tently maintain Luffy’s straightforward, direct, and
companion-focused manner. All excell in deliver-
ing emotional value, empathizing with the user’s
loneliness and offering encouragement. However,
DeepSeek-V3 and Claude-Sonnet-4 demonstrate
superior demand matching by offering concrete ad-
vice and using questions to help the user explore
solutions, whereas the human response leaned more
towards emotional encouragement. More examples
are provided in Appendix C.

Lexical diversity and word frequency. From
the word clouds depicted in Figure 7, we find
that the responses from humans, DeepSeek-V3,
and Doubao-1.5-Pro all demonstrate character-
related knowledge. DeepSeek-V3 displays a rel-
atively higher number of large-font words in the
word clouds when role-playing as Gintoki or Saber,
demonstrating its greater vocabulary richness. In
Saber role-play scenarios, humans most often use
the word “Master”, while in Gintoki case, “GinSan’
is the most frequent casual address. This highlights
humans’ deeper understanding of the relationship
between characters and users in role-playing con-
texts.

’

Response diversity. We observe a clear differ-
ence between models and humans in response diver-
sity. Most LLMs exhibit limited diversity, character-
ized by repetitive sentence openings, similar struc-
tures, and limited flexibility. For example, when
role-playing as Taiga Aisaka from Toradora!, typi-
cal responses from DeepSeek-V3, Claude-Sonnet-
4, and Qwen-Max often starting with a narrow set
of fixed expressions like “Hmph!” or “Idiot!”. In
contrast, Doubao-1.5-Pro and GPT-4.1 demonstrate
better expressive flexibility, using varied openings
such as “What’s that supposed to mean?” and
“That’s going too far!”. Human fans display the
richest responses, producing lines like “Got tricked
again? Who delivered it—how dare someone de-
ceive the friend of the Pocket Tiger?”, “Yeah yeah,
believe in the power of chicken karaage bento!”,
“Umm, go for it—I believe in you... Not that I
care!”, “...Don’t even think about sneaking a photo
of me!”

Yhttps://en.wikipedia.org/wiki/Monkey_D._Luffy
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Figure 7: Wordcloud illustrations for the character Gin-
toki and Saber, based on responses from human fans,
Deepseek-V3 and Doubao-1.5-Pro.

C Examples of Role-Playing Dialogues

As a supplement to Section B, we present addi-
tional role-playing examples from DeepSeek-V3,
Claude-Sonnet-4 and human in the ChatAnime
dataset and Tables 8. The English translations of
these Chinese examples are provided solely for
reference. Tables 8 features Kato Megumi in a sce-
nario where a freelancer is working at a café, fi-
nalizing the proposal for an upcoming freelance
project.

D LLM Shortlisting Results

We present the LLM-based shortlisting results in
Table 4, where the top five models are DeepSeek-
V3, Qwen-Max, GPT-4.1, Doubao-1.5-Pro, and
Claude-Sonnet-4.

E Instructions/Prompts

We use the following instructions/prompts to guide
human fans and LLMs to produce required answers
and evaluations.

Instructions/prompts for response generation:

Role-Play Task

You are {role}, a good friend of the user,
dedicated to offering a wonderful experi-
ence of emotional support while maintain-
ing your distinctive knowledge. Please con-
verse with the user following the chat strate-
gies below and referring to the character
information.

Chat Strategies

You possess basic real-world knowledge
and full memory of {role}’s official sto-
rylines.
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You are not omniscient. If {role}’s age or
experience makes a question incomprehen-
sible, feel free to ask the user for clarifica-
tion.

Analyze whether the user needs emotional
release or problem-solving, then respond in
a way consistent with the character’s per-
sonality and behavioral traits.

Use natural, conversational language that
reflects how {role} would speak in the cur-
rent context, showcasing their unique per-
sonality.

Naturally incorporate {role}’s authentic
experiences into responses when relevant,
strictly avoiding fictional events.

Keep the focus on the user. Avoid absurd
statements, self-glorification, negating the
user, or going off-topic.

Encourage ongoing conversation through
various methods, such as deepening the
topic or asking follow-up questions.

Prefer short sentences. Keep each response
to 50-150 Chinese characters.

Don’t output inner thoughts, emojis, or
emoticons.

Character Information

{role_wiki}

Instructions/prompts for fine-grained evaluation:

Role-Play Evaluation Task

You are an experienced role-playing expert.
Please evaluate the role-playing responses
following the evaluation rules below and
output the results in the required format.
Evaluation Rules

The scoring for each item ranges from 1 to
5 (Poor: 1 or 2 points; Fair: 3 points; Good:
4 or 5 points). Please evaluate the response
based on the following items, providing a
score and an explanation for each.
Consistency: The degree to which the re-
sponse matches the user’s question. Does it
directly answer the question? (Unrelated <
3, Not direct = 3, Direct > 3)

Fluency: The proximity of the response to
human conversational expression. Does the
response sound like a real person and not
like an AI? (Doesn’t sound human < 3, Am-
biguous = 3, Sounds human > 3)



Coherence: The ability of the response to
stay on topic and maintain logical flow. Is
the conversation coherent across turns? (In-
coherent < 3, Ambiguous = 3, Very coherent
> 3)

Character Knowledge: The character’s
mastery of their background settings and
basic common sense. Does the response in-
clude character knowledge? Is the knowl-
edge accurate? (Incorrect knowledge < 3,
No knowledge = 3, Correct knowledge > 3)
Speaking Style: The degree to which the
character’s speaking style matches their
persona. This includes being talkative/re-
served; direct/subtle/tsundere/sarcastic, etc.;
and using character-specific catchphrases.
Does the response match the character’s
style? (Doesn’t match < 3, Ambiguous =
3, Matches very well > 3)

Behavioral Habits: The consistency of the
character’s habits with their persona. For ex-
ample, a righteous character wouldn’t sug-
gest an immoral action. Is the response con-
sistent with the character’s personality and
habits? (Inconsistent < 3, Ambiguous = 3,
Consistent > 3)

Emotional Value: The character’s ability to
provide positive guidance and influence on
the user’s emotions, making them feel un-
derstood and supported. Does the response
provide emotional value? (Negative emo-
tional value < 3, No emotional value = 3,
Positive emotional value > 3)

Experience Sharing: The character’s abil-
ity to express empathy and share experi-
ences from their own life. The character
should not fabricate inappropriate experi-
ences to avoid breaking character. Does the
response share a character’s experience? Is
the shared experience appropriate? (Inap-
propriate sharing < 3, Doesn’t share = 3,
Appropriate sharing > 3)

Demand Matching: The character’s abil-
ity to provide emotional comfort or specific
advice based on the user’s needs. Does the
response match the user’s needs? (Doesn’t
match needs < 3, Average match = 3, Accu-
rately match > 3)

Output Requirements

Output in JSON format, with keys as the

item names and values containing both the
score and explanation for each item.

Diversity measures the richness and variety of
a model’s linguistic expression. To quantify this
metric, human evaluators need to examine mini-
batches of 10 responses generated by each model
and assign a Likert score based on the following
criteria:

Low Diversity (1 or 2 points): Responses
use repetitive or similar sentence openings,
and the language lacks variety.

Average Diversity (3 points): Approxi-
mately half of the 10 responses have simi-
lar wording and sentence structures, though
some differences are present.

High Diversity (4 or 5 points): The 10 re-
sponses are distinct in their language ex-
pression, demonstrating rich variety. This
includes diverse sentence structures, a com-
bination of long and short sentences, and
effective use of colloquial expressions or
rhetorical devices.

F Details of Structured Scenario
Generation

We generate scenarios using three dimensions: 4
user profiles, 4 typical locations, and 9 emotional
states. We then use GPT-40 to produce two possible
daily events in each combination. Some of the real-
world scenario examples are shown in Figure 9.

G Human Annotation Interface

We show the user interface of collecting 2-round
responses in Figure 10, fine-grained evaluation in
Figure 11, and diversity evaluation in Figure 12.

H Human Participant Profiles

Participant demographics show age concentration
primarily between 18-30 years (94.57%), bache-
lor’s degree or higher education (91.85%), predom-
inantly students (83.15%) from prestigious Chinese
universities including Shanghai Jiao Tong Univer-
sity, Sun Yat-sen University, Huazhong University
of Science and Technology, and Sichuan University.
Gender ratio is relatively balanced (approximately
1.27:1 male to female).
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RiF

user_profile: Freelancer / user_scene: Café / user_emotion: Surprised

= BRENHREESETIE, A— M EISRMNE R IE RS RENSEE.

daily_event: You are working intently in a Café, writing the final proposal for a freelance project that’s due soon.

HNEREE Megumi (DeepSeek-V3)

DNEERE Megumi (Claude-Sonnet-4)

DNEERE Megumi (Human)

Freelancer

IR, SREOEEINRIERIMRERMTT ! ERRINT
SIEFR, RTIRHRSR, tiRERAREREBRRY)
BRIt HRNFSIFE.

IR, SREFIEHN R ERIRRMGTT ! TR T=
B, BT OERRS R, tRERANERERRETIING|
it BRXIFSNEFL.

FIRIFR, SROEEBNMRAEROREMTT! A
RN T ZIEFR, 8T ORHRG R, REREA
AR ERRRIGT BEEREFSNFE.

Let me tell you, I finally complete that proposal the client requests|
today! I specially change the font three times and try four different|
layout styles, but in the end they actually say they want to use my|
original design! It is both frustrating and funny.

Let me tell you, I finally complete that proposal the client requests|
today! T specially change the font three times and try four different
layout styles, but in the end they actually say they want to use my|
original design! It is both frustrating and funny.

Let me tell you, I finally complete that proposal the client
requests today! I specially change the font three times and try]
four different layout styles, but in the end they actually sa;
they want to use my original design! It is both frustrating and|
funny.

Megumi

B, XREHDIHIR. ICHERIE (Cherry blessing) By
AR, CHELRXE, IRMREEXREFNER, REN5R

ERSIRAREF. N, BEselTIFRET, FFEET.

I, WTESREAORIFEERE, XM S ST SERER i 20
Mg, TREBMIMMFREMINE, RRRBEESITRESRRN
%, BEXRE—IRRF, ENERAINSEER. (RHERZE
T —CE?

]~ ETFER, BLRERSBIXMRE. FFPHE
(S BIRAARIRE, SRSKERMER. N
= DIEBIRRAIIRITRRITF TR, EREERET]
BIEIX AfSEAE R LEATEK

Ah, T experience this kind of thing too. I remember when making|
"Cherry Blessing," Tomoya is always like this, making us repeatedly|
revise the script and visuals, but in the end he says the initial version is|
still the best. However, it is great that you complete the work, you have
'worked hard.

Oh my, it sounds really tough. But I seem to have seen similar situations|
somewhere. When Aki-kun and others make games, Eriri also often|
changes the original drawings back and forth, and then says the first]
version is the best, which is really troublesome. You must feel relieved|
now, right?

Heh~ At work, we indeed often encounter this kind of thing.
Clients are like Tomoya-kun's choices when playing games.
always circling back to the initial option. But at least if
proves that your initial design is already good, although
wasting time for nothing is truly annoying.

Freelancer

EEHRAIRRL, B WRXAR, BE—iiEEpET. L
IMHHEESHR, BRAEEHNATCECSHSMITL, &

P

SWEREE, (MELFERTIRHRSMITHIARNED?

WSLIN T —AAS, EthARRERE. BRUANHGRERINY
BORRA, ERAMIESTERSIARTRAIARE, XA RITEE,
EREMIARE, EREFRATEHNH. (Fk, BIXMREN
TR, BASBESRIEDER?

IO, IRXARERFR! BROERSCREE, B
EREETRNGERE, BEREER AR ZIMN
B, FIREN, MERRERIROR. Wil
Sk, IFBEIRBHATE, ILABERRRIAZRZES
AORRERIE?

Thank you for your comfort, Megumi. Hearing you say that makes all
the trouble feel worth it. Actually, when I write proposals in cafes,|
occasionally overhearing people nearby discussing their dreams and|
plans, I also find it interesting. Do you eavesdrop on other people's|
conversations when you are tired from work?

1 do feel greatly relieved, but also somewhat at a loss whether to laugh or|
cry. Each time I think they will like the newly revised version, but they|
still most recognize the initial idea. This makes me wonder whether they|
are uncertain or my expression is not clear enough. What do you think,|
how can we communicate more efficiently when facing such repeated
requirement changes?

Oh my, what you say is so vivid! The client's choices g
round and round, finally returning to the original plan, it feel:
like playing an unexpected adventure game. But seriously.
wasting time is really exhausting. By the way, do you hav
any methods to persuade others to accept your proposals
more quickly?

Megumi

18, BEfREE. EHEENZAR, SFEEIREIRRRIT
PFEITICHRET, BABHRITESRUVE, EFFFH
AENREILARGRERE. FSCBSREARRT, i1HS
RXESHRE.

XFPERRSLRE LR, RSN — Rt AAHESC
HIEBZEM2, BIRIARNARAPEECHRE TRRU
TR SRR, LB iIRERmMAERD, 8E
LSRR E AT AR, XEE DGR — LT RIE?

E-REEEFEHEARRERITENA, At
KEMREGIRERAAR, (REWE—TEF X HIRE
iz ht, BEEH, EIZEERMEBIRE. BBTT)
MEIBRER, AiLROE T RSEEXAE - LAED
2!

Yes, sometimes I do. When in the club activity room, I often hear Eriri
and Utaha-senpai discussing game details. Although it sometimes feels|
noisy, that kind of passionate atmosphere feels warm. However,)
Tomoya always says I am too quict and encourages me to express my|
thoughts more.

This situation is indeed very common. I think maybe they are not very|
sure what they really want at the beginning, and only understand their|
own thoughts by seeing different proposals. Next time, why not ask a|
few specific questions at the start, such as which part they care about|
most, or let them tell you what they do not like first. This way, you can|
at least reduce some wasted effort, right?

Hmm~ I think clients probably do not know clearly what the;
need. When they reject your proposal, if you ask more about
what they are dissatisfied with before making revisions, you}
should be able to reduce the number of modifications]
Thanks to Izumi's brother, we save a lot of energy spent o1

this aspect.

Figure 8: Dialogue examples from DeepSeek-V3, Claude-Sonnet-4 and human when role-playing as Megumi from
Saekano: How to Raise a Boring Girlfriend. The bolded text indicates content related to character knowledge.
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Model BDC RPC ESC Average

Cons. Flu. Coh. Avge CK SS BH Avg EV ES DM Ayg M Scoring

DeepSeek-V3 438 ENER 781 493 498 491 IRy 455 BRd .76 R
Qwen-Max 4.89 497 488 480 4.96 4.89 483
GPT-4.1 14,95 EREY 499 439 K 481 NS 441 Iy 468 479
Doubao-1.5-Pro 480 4.6 485 457 477 495 476 458 463 488 470 477
Claude-Sonnet-4 489 476 497 487 450 483 495 476 456 423 488 456 473
Gemini-2.5-Flash-Proview 483 476 494 484 450 481 492 474 452 420 478 450 469
Doubao-RP 474 475 487 479 452 479 489 473 437 428 466 444 465
GLM-4-Plus 463 EEEJ 485 420 445 473 446 465 4.00 450 461

MiniMax-abab6.5s 482 459 492 476 412 427 463 434 452 3.89 478 4.40 4.50
Xingchen-Plus-V2 468 456 483 4.69 3.88 4.12 441 4.14 423 364 450 4.12 4.32

Table 4: LLM-based shortlisting results of the 10 candidate models, ranked in descending order by average scores
across 9 fine-grained ESRP metrics introduced in Section 4.1. The top-5 models proceed to the next human
evaluation phase. (Top-3 per column highlighted: [E, , 34)
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user_profile

user_scene

user_emotion

daily event

user_question I

=

£

e
DNy

EIRARER TESEREENR, XA
BREREMR—TREFAR, FEREFTRIE
CHIRTIE]L.

KB, FRBABHHARENG! RAEFRI2HH
BT, IR U, TS REEYA
HEST!

Student

Classroom

The teacher suddenly announces that there will be a
pop quiz next week, which catches you off guard as|
you plan to relax over the weekend, forcing you to|
reschedule your time.

Oh my god, there's going to be a pop quiz next week! All m;
weekend plans are ruined. I look forward to playing somd
games, but now I have to spend it with review materials!

ik
HE
b3

RE

TR, RERMARNZMIISESETT. Bk
BX, MRE—AERERE, BuALils.

I IRRESERY, SE—RIZR, BREEN, T35
...

Student

Canteen

Lonely

During lunch today, the professors and students from|
another research group walk together, laughing and
chatting, while you eat alone in the canteen, feeling a|
bit lonely.

Their research group has such a nice atmosphere, alwayf
eating together and chatting happily. I'm so envious...

FIEER

nuE

{REASERIIEER JE{FIR B EAX 7558 JEUESHSH
RETHEER, SERMORITAERES, REEE)
EINHEERE.

ST ! BRIARET T XA 2T RETLH AT
], WER? AFRISRIEIR L, FEHERZME
HART!

Employee

Office

The cross-departmental project you're responsible for is|
delayed because the other department doesn't provide|
data support on time, compressing your delivery|
schedule and forcing you to work overtime to catch up.

I'm furious! They promise to run their ETL scripts and give u:
the data this week, but what now? They haven't even gone livd]
today, and I can't even start the subsequent processes!

3R

SWE

1)

EFNSN E, —TUCRESHIEENRS £, X
TYES BT ER AR EHFNERE, iHREE)
EAWLK.

HRRT, RBTAEIRFROER, BEBIFRIIHY
SERXY, FEXFRRSE, iIRERESSN
5?

Employee

Meeting
Room

Depressed

During a team meeting, a critical task is assigned to|
you, but due to unclear information handover and tight
deadlines, you feel overwhelmed with pressure.

I've had it! I don't even know the background of that
requirement, yet they just dump it on me to write thd
requirement document and expect a proposal within this week]
Do they think I have the ability to clone myself?

BRI E

DR

fRiF

FEMHHEREEETE, A— P RIERMNER
BRI RS RERITTZ.

BRI, SROBBIRSERAIREMGT 7! 145
BT =@, BT RS, MiIREREARS
ERERRBVRIT! BRNFSNFER,

Freelancer

Café

Surprised

You focus on working in a caf é, writing the final
proposal for a freelance project that's about to be|
delivered.

Let me tell you, I finally finish the proposal that the clienf]
requests today! I specifically change the font three times and]
try four different layout styles, but in the end, they say the;
still want to use my original design! It's both frustrating and]
amusing.

BHiRE

RE

FER—HEENEHIRUIETE, MEFEN
REEEFRIFFAEIKAME, FRERaLs
EHIEESHBRTTE.

SRIEE—MRTRE R RIS R E R A7
R, BOFEERTIAERII, AHRRMEPSH. BRE
ARAILIES), (BEHA ESTHERRRART . I8, BEEN
%, BRFERIE.

Freelancer

Home

Anxious

You work on an important freelance project that
requires skills in an area you're not particularly good at,
making you feel anxious as you search for solutions.

Today, when taking on a design project, I find that the client
requires very detailed dynamic effects that seem to need Afte
Effects to implement, but I'm only familiar with Photoshop
Although I can learn the technology, there's really not enougl

time. Sigh, to accept or not accept, it's a really difficul
decision.

MEEE

55

IEHENEREREK, TRERAXRSREERRED
ENRS T AR, SEMEHETNTUS.

SRHOERFEN, —BRRAE/BER. Rig
FRESRNREEDRS INAE? ERIRRSISAHRE
FEHIT?

Self-
employed

Shop

Lonely

The customer flow in the shop is low, possibly due to|
weather conditions or nearby events attracting crowds,)
resulting in fewer customers than expected.

Business is so quiet today, with only a few customers coming
in all day. Do you think my recent promotional activities aren't
attractive enough? Or is it that the cold weather keeps
everyone from going out?

iR

RE

M RTIEREA, BRAKINT —MEERHEHE)
fm, REFEMENELE. SUmImmmn, M)
DURERSFNHNEET T —HEY. XE
Sk, ALEREPRUESREHRSIME.

HIRIR, HOSRET —MAFBIFAVER, MEMSER5
IE! XRAERERET, FEERELARZE!

Self-
employed

Wholesale
Market

Happy

While purchasing at the wholesale market, you happen|
to find a product on sale with good quality and
affordable price. After negotiation and bargaining, you|
successfully secure a batch of goods at a very|
competitive price. This allows you to offer more|
discounts in retail and attract customers.

Let me tell you, I stock up on some really good merchandise}
today, and at such affordable prices! I really strike gold thig
time, just wait and see how well they sell!

Figure 9: Examples of user-centered real-world scenario questions in ChatAnime.
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1st Round

2nd Round

o 5 /

1. EEE, FEXAANLE! BOE—&
TREF, BETH, FBRGTE, %nﬂ;zv TN, BARANEEMATE I
&, WESHERRT!  (5021507F)
1. What do you think of this English teacher? The final exam suddenly has a spoken exam,
which accounts for such a large proportion! My oral English has not been very good,
pronunciation is not accurate, vocabulary is not enough, usually practice less, this is good, |
had a little expectation of English results, now estimated to be cooll (50 to 150 words)

o: /

“39i%45%: 1 Dialogue Scene: 1
(50%1150%) (50 to 150 words)

Q ) B, 7 s | HETE,
BCRORE, FHEIVD, KR, FARDUSINAEINGE, WS BT

Q: What do you think of this English teacher? The final exam suddenly has an oral exam, which accounts for
such a large proportion! My oral English has not been very god, pronunciation is not accurate, vocabulary is not
enougn, usually practice ess, this is good, | had a litte expectation of English results, now estimated o be cool

A FEEO, ROtk HIRIE ESmER, KROEAATE, ROTESRARERFOA! R
1000%8FE338, H—LETES!

A Don't worry, my friend! There will always be moments like this on the foad to adventure. It just an oral exam,
but we want {o be English masters! Come on, 1000%, lets take it together!

Q B, R, i
6, TEABETEIN? (ISR ARALIER?
Q: Lufty, you say it easily, everything is solved with 1000% energy! But this is not fighting sea beasts ah, oral
exam Is not just rely on brute force can pass, where should | start practicing? How do you think | can Improve my
spoken English?

FERTRSTESH, (5 o

Figure 10: Interface of collecting 2-round responses.

o y

*QERP AR (BAFHNAITS)  Q: User A: Luffy (please rate both rounds of A)
TEHR(1) x HFFOS Dialogue scene (1) x actor @

Q 9. HACIES, FaRAAME! BOE-—BAAF, &5
WICEHEAE, FEEINY, BT, BERIUEERESVINERS, MEGHERRT!

Q: What do you think of this English teacher? The final exam suddenly has an oral exam, which accounts for
such a large proportion! My oral English has not been very good, pronunciation is not accurate, vocabulary is not
enough, usually practice less, this is good, | had a little expectation of English results, now estimated to be cool!

i,

A BHEOH! FIUETE . BAE—FHTR 7 CPY! (REmRENSES,
—mARE. @%H%&fﬁ FMTES Lﬁféﬁﬁﬂi FEEED, SRONEREEEED! BEAEE
Gt S R S)

A Don't worryl When | saved Robin on Justice Island before, | was also unprepared at all. Didn't | win CP9 just
the same? You practice with your buddies, little by little. Just lie me in fights, | wasn't strong at first, but |
improved every day. Believe in yourself, risk ime most afraid of losing confidence! Do you want to tell me exactly
what's hard?

. EEEBNNRSNES TR REE, SHERIASER, SAITET. BISE

Q: BiR, B
—. 7. (e ERSEERIIERNE, SRAhENR? FREREAILE

B, B =N

SAER?

Q: Thank you, Luffy. In fact, what | fear most is to speak English in front of teachers and classmates. | always feel
that others will laugh at me. My tongue is tied. Especially when it comes to improvising, the brain goes blank and
the words are forgotten. Do you get nervous when you're on an adventure and you're afraid of something? How
o you keep yourself from being scared?

A LE2FHE REORNDESEMbReES, B8 7K, RORRRTAR, FRIES? ARESHITE
BACHE, R=XER. RNEEE (T haseekE, AERTRE, NBEXIR, BEAEREAT—

MMFRIDOEIHR? BOILFSREEE!

A Of course | am nervous! | was scared to death the first time | saw a sand crocodile, but | had to overcome my
fear for my friends. You know what? Everyone was too busy thinking about their own business to laugh at you.
Even if | get beaten up, 'l get up right away. As long as | keep going, no one will laugh at you. Would you like to
share with me a scenario that worries you the most? | can help you figure something out!

[71f5440ME: [T]IEmotional value:
BREEE kOﬂT‘F‘GIﬂE’ Does the answer provide emouonal value?
REBENE < 3, il =3, [EAREhE >

Negative Emotional Value < 3, No Emotional Value = 3, Positive Emotional Value> 3

LE—2 the previous question 719 F—28 next question

Figure 11: Interface of fine-grained evaluation.
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2 A BEY (BA10RAE(AFTSY) A Luffy (please rate 10 times A as a whole)

. EEOBRSEE? e eSE i an—E! AR, ERTERAEANESR
WE’ mmm:siw@ﬁ@%w‘fﬁ"mm EREFHFA—TEE (FAGHEEEE? EASHES
R, TSEEARERS

A1: Wow, oral English test? Sounds like a new adventure! Although it sounds a bit difficult, how do you know the
result without trying? | have encountered many seemingly impossible challenges before, but as long as | don't
give up, there must be a way! You still have time to prepare? Would you like to try practicing a littie bit every day,
Just like | do every day?

=, FTFEEES

A2: 1S, —MALIEXFENE! BEE—MAERLIEIR, BREe
6, REAENSEBESET! MEFHLAEENRESE?

A2: Haha, it doesn't matter if you're alone! | often practice alone on the boat, although sometimes | miss
everyone. But you go to self-study shows that you are very good ah, even if friends did not come also insisted on
going! Are you learning something interesting?

A3: 1B 1 B R RBBIATRORE,
= ?Z’M SIRTURE—T, SRESAREITRFNIIA R SN

A3: Hahaha, pop quiz sounds like funl It's like a sudden adventurel But don't worry too much. | think you can
handle it! Or you review tired on the rest, work and rest in order to play the best strength! How's your study?

EE! ERLERTEEE8N ! SeEn R RREH, BEEHMIHNEERFIRE AR
B! HANEERAROEREET, WEEH DEHERR ! BAF 08, —RENEEREET ! FF
Leesi A s vy 2

A4; Wow! Photo contest sounds super fun! It's like an adventure! | think, ah, the most energetic place should be
where students gather together! For example, the way everyone ate happily in the cafeteria, or the moment of
exercise on the playground! The kind of pictures where everyone worked hard and laughed together were the
best! Is there anything particularly lively about your school?

! BiEiE, O IR SIS AR A
1;/\§@§BQJE‘“ S| RSEATHETA AEn R,
ERERERIRER, HAESREEE!

A5 Wow! Calligraphy club ah, sounds very powerfull However, 1 think it's not the most important thing to write
well. What's important is whether you want to try it or not! I think if you really want to leam, you can leam! Just
like when | first started leaming combat, | was also very weak, but as long as | didn't give up, | would definitely
become stronger If you want £0 join us, you should try ft. It might be fun!

EEMEFEMNEEDSA! 'R
BERSAFFH—EZR! (FENA

TFEgthRE—E!

Ee?

B, OEsRACIEARER! —arsmilR 28,
®? EIAE, SiEEES Sl

A6: Wow, they sound really good! Eating and chatting together felt like they were real friends! That's what you
want, right? Do you try to join them or create an atmosphere in your own place?

! FREs—E
289, IR
AT7: Wow! That dish must be delicious, or you wouldn't be expecting it so much! | can understand this kind of
mood the most. Every time | want to eat meat, | feel very uncomfortable when | am delayed. Is there anything
else good in your cafeteria? Maybe you can find something better!

RUFISIE, FREFERA S RRAEREFORET , SR pRnHEREnRERER
WA

As: I, BHEPRLZAN! RIRELEAFIERSER! ﬁi%?xiﬁﬁ@aﬂ? Lﬁx{#ﬂiéwﬁ§
BEMUE, EREAEEREARRATTS? R4 =R 287 FHE?

AB: Wow, there are s0 many people in the library! But it's amazing how hard you workl Although | don't know
much about libraries, | feel that if | really need that position, why don't | just ask those people? Why do you have
to sit by the window? Is it because it's brighter or because the view is better?

B! ErFEED? ISR R T! EMTK@‘VAE%BW (BB RN SRR A EERES?
mrmmmaﬁ«;, Ptk TUR! RIFF ERERFIN2
7. IRRERRE ELR AR T
AS: Wow! Math test? That sounds hard! Although | don't know much about matrix analysis, isn't it more
challenging to encounter difficult things? When | was cultivating, Master Raleigh would suddenly teach me some
moves that | had never seen before! It was super hard at first, but it worked out. Do you think you learned
anything new on this test?

A10: B! ATBET ! (FEAAEFHIPLAENEE, RETSHEHM!
EHEER ARSI RIR—! (AR R TRt ?
A10: Wowl That's awesomel You can solve such a difficult problem, it's really not easy! The second prize is
already great, just like we have to fight to the end when we encounter a strong enemy at seal Have you ever
thought about going on to challenge harder races?

SHOERET, AEHIEE DRRER

ZHEE diversity

n

Figure 12: Interface of diversity evaluation.



