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Abstract

This paper introduces the system we submitted in the shared task of Chinese Parataxis
Graph (CPG) Parsing at the Twenty-three Chinese National Conference on Computa-
tional Linguistics. The Chinese Parataxis Graph is an event-centered semantic repre-
sentation graph that provides a consistent representation of language units at different
levels, offering a versatile and extensible method of semantic representation. Consid-
ering the superior performance of large language models in semantic parsing tasks, we
fine-tuned the Llama3-Chinese-8B-Instruct model using LoRA to enable it to generate
structured parataxis graph representation triples. We also employed the Sample De-
sign Engineering (SDE) technique for the design of fine-tuning samples. Furthermore,
we conducted classification fine-tuning for different labels to explore the model’s per-
formance in predicting various semantic labels. Ultimately, our system achieved a F1
score of 0.6461 on the evaluation set provided by the task organizers, securing the third
place in this evaluation task.
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BHEIE, ERUFFERFORIESCRIEE, WBERE R E, B R s RS . L.
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FES N = ETEEITTE(Graph-based)(Flanigan et al., 2014; Zhang et al., 2019) ~ £T
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FEAR A AT 2 B3 KA OR e AORICR . Tl 12847 7 FE A% 7T T2 (Sample Design
Engineering, SDE)(Guo et al., 2024)% 1t - bk, ESLE RS, S St A3, KBRS
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2.1 SDEi%Xit

RIERE BINES T S50, BRI B & BEIESE L E30005% 7] HRIYIZREEE, $
HIL T 63 E AR, HFR T Z AT P IAEZ A AE LR AR, AR B R AT
FhFE, BT ABATIN DY S0 & BE SURIT RS & — M BOVE R R ESS - MAZuh s R
TR RE AR T, AT LU A B DR A S5 A T i 55 AR IR 1T AT (Guo et al.,
20;;)0 B, AT PRR o SCE & BRI T T B, fEH T SDERIETAR FERM
VAR ESLIT

ELN L N W

EEARAFMHA T CELRER, ARRAGE, B¥YW e mREFH, SR BEGEL, AHH
WZ, ATFEAMGELLER.

S A 7 VA Fjsont XA

WAH S IFE S F: {{"sent’:["w0","w1","w2",....,"wn"]} }

AT ELSBAGEMET L : {{"relData":[{{"word1":{{"word":"w0","idx":0} },"word2":

{{"word""w1" "idx":1}},"relVal":"xx"} },{{"word1": {{"word":"w1""idx":1} } "word2":

{{"word":"ROOT","idx":-1} },"relVal":"xx"} },...,{ {"word1":{ {"word":wn","idx":n } },"word2":
{{"word":"wn-1""idx":n-1}},"relVal":"xx"} }]} }

Hr, F—AaEdE—f=au: "wordl". "word2". "relVal', "wordl";% ¥ & ey K A&E, "word2"% £ F# Y
Bk, "relVal" 2 "word1" 2t "word2" 8935 AR & .

"wordl"Fu"word2" {34 €8 F B A BEwordfeF B4 Fidx, HwordHh 4 PiRicet, idxAigiE AR A send" st
IR P AR 6T AR (AOTF4E) |, HwordRsE &) F i iCat, idxagsf ik Rdo T :

[{{"word":"ROOT" "idx":"-1"}}, {{"word":"And","idx":"-2"}}, {{"word™:"Or","idx":"-3"}},
{{"word":"Ref","idx":"-4"} }, {{"word":" B} - & &","idx":"-5"}}, {{"word":"# #f £ & ", "idx":"-6"}}, {{"word":"4: 37 £
£ idx""-7" ), {{"word ™" B R 5% A" "idx""-8"} ), {{"word"" Sk X 2" idx""9"}}, {{"word™" B #9 &
Z""idx":"-10"}}, {{"word":" & &","idx":"-11"}}, {{"word":"Is","idx":"-12"}}, {{"word™"QS" "idx":"-13"}}]

"relVal" 6918 8 T LA A T 5l & b it 45

{rel}

B
{sent}

i

rel = ['EntityRel', 'A0', 'A1", 'CoreWord', 'Mod', 'Time', 'PN', 'Jf 7| 524&", '3 7| F #', 'Entity', "B 19", 'Conj', & 57, 'A2/,
'NER' "R F4, EE L ERFACRBFS, AT FA, TV, B F4, XA, TR BRTFHRTF
L URE, R RA R F A, S F 4 SF, 'Event, PF, B F AR B FH U AAFH, B A, 'CompPN',
'‘Comp', SEF F4, 47 F 4, M@, WATRE, TR, IKEHE, HAGE, M ERE, RAEFH, KRG FHK, Merge',
"B 2B RAR L BRERE TR B G HHBEA TRV AELR, TV, R F 4
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o T84 MEAMEALITR BHITR & BIE BT 55

o WINERE: EAEATE T E T AT, AT R TE N jsontE 2, “sent” FELH
¥4 R 5 T3 U A A B AT

o MtHTER: VRN AR f it o, IR i 5 2 H A5 A (L json B 20, FF AR TR
R T B R A (B850 -

TR AR BT SRS, FATRA T Guo et al.(2024) TAEP L LIS IERISDEX
Wy Bo, BATR LN 84 DU e iCE TR RS SORZ R, XHEEET
RIMETIRESSEARRE /1, HOR, FlobE o hdkg s0te, wd U i eiR A LR gk, B
PRINAE 55 B8 ZURIEAC A json 8 20, BT ATAT AR B e 50 (L OB A 3json; B, FdT13%
MR SREE R I BABIIR, WK/ NHESIIE SOhREE, LSRR BN H IR B 2 PR 2 ) R TR
i

2.2 KERIFHOA

Llama3-8B#& — 1~ T (X fi# 15 23 TransformerZ8 M4 N £ 18 S A, THH L0535, i
1577121 FRIC (tokens) FY A FFEUHE £ 4R, CFE819280 £ N LK E - 5| A5 HEH
FE N HLH(Group Query Attention, GQA)(Ainslie et al., 2023) ~ ¥ KA I < B H 5317
#y ~ W0IE R K NFE B N RN ZRERE 5, Llama3-SBREILH T 38 K AYIE F B A4 Ak
fE77 « Llama3-Chinese-8B-Instruct1' /& PALlama3-8B & AE AR 1) SC T8-S ORI RRCA - A1 T4
FLoRA(Hu et al., 2021)%Llama3-Chinese-8B-Instructt& 2 747 1 W EHHOR, RO H 1251
WEIRITR -

S SEUE SEE X
MK 4096 LA | L) =055 NN 53
AR 5e-5 AdmaW L2 IHTIR 2 > R

MgRREL 6.0 RTINS F L
BRAFEALZL 3000  BPEURERE HHIEARE
WHRM  Fple  VIGRFERREEHERE
LHE AN 1 AL FRRIFEA L =

1 WASEORE
MRS AR A, BT AE M3 Um0 2R R O 1L B 7

J(0) == zlog(P(%)) (1)
z, €V
Pla) = = &)

HAF, VEIRMICEROKD, 2 AESEH R MARME (5 Fone-hot4fid, BHRAM N1, H
RN0) 2 BTN AR -

Yhttps:/ /www.modelscope.cn/FlagAlpha/Llama3-Chinese-8B-Instruct.git
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chatglm3-6b* 0.6572
Qwenl.5-7B? 0.6595
Qwen2-7B3 0.6968
Chinese-Falcon-7B* 0.4189
Llama3-Chinese-8B-Instruct 0.6251
Yi-1.5-9B° 0.6739
WA T 0.3103
GPT4x B 0.3729

20 BORAJE ANF] R RERLRY UK 2 A T 45 R

2.3 b

RIEF R R, RO TR AT L, R ORER 1 AN AT e S 2™
E—ERZIN . TH, BATREAEEE LN OREAR, 2B A R jsonfE U TEH -
T GRAFX L R RO R 5 RSN, BT REUT DUN =MUE 4B =X

o jsonf&sUih g ARG RS, BT L FOKREMRG, BEALARAILE IR AT AE 2 B A
W o X FX TR E I AT json iR AT ROTRINEE SR, A R A IENI SRR A IR B & —
FEM=ITH, FHAREED, FHihEjsontdz(, PIRAIRES MR B BT A L

o TRIRSNTT: MTABEENE T AEURE, EFT SRS RES T EHR - X
— R, FATRA R B VAT T R S BN ST . BRI S, AR T A AT
PSR, FATH RS 5 AR RN R R BN T, R SN 2A R A G 7+, T

FHEMMEI: 1) FAAERAGTH IR, WY A5 5 5 N EIAER A
THRRGINFT, 2) HRRAERAGT T HIME R, TR AR E 2] 55 A A7 H i
BTN GRS IO E, T RIS 5% RIRT XS 5F -

o TRNAIEIE: FHERBEMMET RS, FIRES LA BT A A 2518 BE AN 2 RE U S 1
i, NERAGT B X —H0, BATE LA ERNT AR5 25 &%,
AZge 52 B AR TOE/NTMAATIRKNKE . Ho5 a5, BATRAERR A A BRI
FERANATHLULT A5 ARG, RS ANaTE, WERMPRZT mr =7t -

3 SR

3.1 &if AREMIA

R E2rh R RS AE IR B N, TERITR S £0% & T % Llama3-Chinese-8B-
InstructiZE AT T W B GO - B0 IENAE S5 F AR B B % o SUE & BERE £ 1E R I 4k
£, XM EE63ME AR AT -« H T A HAERE, FATEMEFSER S T HE T — R
[F SR IRAEAL, SRESLE R K2R - ISR TN, U5 FLlama3-Chinese-8B-
Instructf B AR IZ AR S5 PR R LER EAL TR BEAFIGP T4 B LR, HERMH T
tt.Chinese-Falcon-7TBER FHIFMERE - IR, 5EHMAPICRIAEN, EMERENFEENE - Bt
AIOL, ERRAR A SR A TR ST SS 7T, AT A fP SGERHE @ ROR A SR SO,
SCOREAY F B H B v )3 RPN e

https://www.modelscope.cn/ZhipuAl/chatglm3-6b.git
https://www.modelscope.cn/qwen/Qwenl.5-7B.git
3https://www.modelscope.cn/qwen/Qwen2-7B.git
“https://huggingface.co/Linly-AI/Chinese-Falcon-7B
®https://www.modelscope.cn/01ai/Yi-1.5-9B.git
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BLAN, 87 VA KA N[ E PR BTN 68 71, B TZERUA ) B Llama3-Chinese-8B-
InstructB&!_F XF300055 I ZREE LR 13T THEERTAN - & OB WAREIRE R Ferr, LHIRE
7 B 2B AR TR, B AT

S23000 | f(wordl, word2, relVal) € PiN T : relVal = 1}
23000 | {(wordl, word2, relVal) € T; : relVal = 1}|

Her, PRRFDHGINTINGE R D& FE RN ZTTHE S, TRRF DGR R
RPSHIE U ERI=TTHES -

BAE SRR R EBPTR - ARIESRIGLEIR, BAVLI, AE2E IREMM T, KRS
FAFTE SRERTNEE TFAEZESR - Bk, ZTHERRES/NT0.5, BATRHEIRED N T
FRFIRETT BT 2K, HEAT Tt —2 5000 .

(3)

err; =

(0.21,048] [
(0.48,0.74] [ Y Y
(0.74,0.86] ) —
(0.86,0.995] =3 B b (Ratimz|  [ssmen]
099,11 T2 ) )
BUALE suset)  (sengn) (zesen] (09 b
. - v v 7 ¢ ¢ PN o0.36 Comp 1.00
LT RSEH R Z 45t RFXA FHXR ZFALEH RfExRZR e o
=4
A0 0.38 Mod 0.32 A1) 0.37 SeiTEH o EntityRel 0.29 ity 0:
e
A2 0.61 N = A EI4R 5 088 | | fEBEEH 078
LAVE SEST] B o
TH o089 Time o. &
W 0.67 CoreWord 0.21 ime 024 EHER BEIXZA HIXR Conj 00 ——
A 071 ALFT 0.47 ET— $EBISTIA 052 T o
3% 065 SLATIEAR 078 | | B 096 | | /73054 02 ’EL R
[RE 0.84 SAFERSR 045 | | @5t os | L~ - TR Fiia S 100
B 200
S 085 #ia] 0.60 HEIXR peerayrg— FW 0.49 £
BB FAR | evstom NER 00
SR om AEHEHE 100 L
JR7S 0.85 TS 100 . X 0.84 e
RS 100 EERR MITIE
RS R 085 ERXR 1RIZZHEF 0.66 NiTiEsE HEAIE 075
EE S 100 Merge 100
EEEH 085 PF 0:99
EREM 087
FEMIEES
SF 0.81
1. FRRBENBEERAR S VBXR. BOXR, IEXRASEDXAS LAREMEH—IREN EntityRel”
2. 13" LKA EERICHA
TM 100

B 3: 215 IR EMRERIEIZREE £ A8 AR R IR R

3.2 iEMIRES KA

FEARTT A BATER BT ( 1_easy )5 METRM( _hard \FFHE UFRZERR], FEDEE
BRI NERESREERE S, WHREIBREFNEERELRF N leasy’ I =T0H, TR
MERCHE NS FRE R H N “Uhard” BI=T04H o A5 BIAEX B 9 098 523317 T Llama3-
Chinese-8B-Instruct& ! AW BE R - J TSI AL AIE SUBITZE R, FoA T R RIGUARTY F
TH 25 R BB YRR B AT THE, LRI -

FHSCSG 25 T A, METI A1 AR T 45 RFUEIE R R, #—PHERERE, Al
K —LEIE Y FRE (41 “Merge” “IRASVR S “AlAJR” “H B “B &7 “E & “NEL R “TM” “i%
EEMH) ENGEF REAREREEGE, PEEE A% - X EE U TN 435088 f sk
Z, SEONGEAT S, NI A B AR AT E Al R ME - BLAh, — 9B PR IR EE
A (nATohEA B R HE EREASE) | AETNERRKORRAL - 180X s 3
PRE WIS —5 00T, BATEI, ARENIXETE PR A AR R — A R
W NFE FEFIAH, cHEMCBRRRPMERNITEIES, HR R RN FEE
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R B IR F1{f
L_total 0.625
Total L_ecasy 0.606
L_hard 0.109
Easy L_easy 0.629
Hard L_hard 0.074
Easy L_easy 0.625
Hard L_hard
Total L_hard 0.646
Easy L_easy
Total L_easy 0.604
Hard L_hard

# 3 ARG E TSR - A, Total h 218 MRS | Easy J 78 H B AR
FUIZRAEETY . Hard WAERMERTE S EIIZRRIREL; L total H 2 FERIE MR ERIE S, Loeasyy
BT “l_easy” RAIFIE NI EES, Lhard NET “I_hard’ RAFIE X IREEE -

Ay A BRI TN AR BOZ SE SR N R =J0d, ZSERE “Ra e S PR 51 T e o
BRI, SN X Lt PR KRR & B2 > FIE 4 -
KR
[7%5‘55,75&4 ’,,[/j\E,,’ﬁﬁgj",’i?ﬁ’,’?ﬁﬁ’,’%ﬁ;@\’,’, ,,’F)Tu’,’%?’,’iﬁ’,”fﬂj",’ﬁib?,’:ﬁz’,’/ﬁ
}L7’7$7,7a:7770 7]
{'wordl’: "word’: "H %’ "idx: 12, ’word2’: 'word: 'HIJK R’ "idx’: -10,relVal’: 1T
ER

FATELZI, 5 (o] BR KR SR AT ROR E BY T 52 = 5 TINE SR T IR R, 98T, 1
FH PR RS S A S i P AR T REE T 18 SRR ZE T AR LE, ST, X ] REE IR 9 I AR 17
M EADIE SCPREERT 2221 T 85 TR ST A — OO, X T ME T 78 SR e H -

4 LE5iE

FEARKIFMAESS o, FTAIA FHSDEFHT TR ARSI, HAEREA B R R
PEAT T, DARRIER A SR & BVE SURBRITAE55 - SRAEE RERM], [ SOERHE < RO R3S
RIEF R PAZAL S BB T8 T A SORKRTY 3 BRI A R PR TN B8 ) A B3 2=
5o A, WIS TEAGHEVENE EFUERE] 70.6461, EIZESFTHBUG T8 =2 K851 -
IR, ARSI LRI — SRR - ROR, Ff T BRI A KAR T AN
PR ETMEE AR ERE, FRARSER R AR = AR RETTE SR _E APIERE -
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