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So why do we need a seed dictionary?

Avoid poor local optima!
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Conclusions
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• Simple self-learning method to train bilingual embedding mappings

• High quality results with almost no supervision (25 words, numerals)

• Implicit optimization objective independent from seed dictionary

• Seed dictionary necessary to avoid poor local optima

• Future work: fully unsupervised training
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Thank you!

𝑍𝑋𝑊
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