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Abstract 

The researches of sentiment analysis aim at exploring the emotional state of writers. The 
analysis highly depends on the application domains. Analyzing sentiments of the articles in 
different domains may have different results. In this study, we focus on corpora from three 
different domains in Traditional and Simplified Chinese, then examine the polarity degrees of 
vocabularies in these three domains, and propose methods to capture sentiment differences. 
Finally, we apply the results to sentiment classification with supervised SVM learning. The 
experiments show that the proposed methods can effectively improve the sentiment 
classification performance. 
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�� TFIDF TFRF Delta TFSO TFSOIDF TFSDIDF TFSSIDF 

]^_ 0.848 0.849 0.853 0.847 0.854 0.852 0.863 

ab 0.916 0.906 0.914 0.915 0.924 0.918 0.923 

cd 0.861 0.839 0.849 0.854 0.871 0.869 0.875 
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