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Abstract

XALI has been a long-standing goal of Al. Ex-
plaining why a text can be considered to have
a dominant narrative, where the narrative is
known, is of great importance for dealing with
propaganda in the news. This paper reports on
the participation of the system clujteam in Sub-
task 3 of Task 10 of Semveal 2025. The system
obtained 7th place with a value of 0.72464 for
Flmacro, at 0.026 distance from the 1st place.
The key components of the solution are the
given taxonomy for the narratives and super-
vised fine-tuning of SmolLM?2.

1 Introduction

Unfortunately, propaganda detection has become
a crucial task in today’s world. Understanding the
dominant narrative and subnarratives, as well as
identification of the different roles an entity can
play, are two key aspects of propaganda identifica-
tion.

Task 10 of Semeval 2025 (Piskorski et al., 2025),
Multilingual characterization and extraction of nar-
ratives from online news, introduces 3 main sub-
tasks in five languages: Entity Framing, Narrative
Classification, and Narrative Explanation. This
paper reports the results obtained by the system
clujteam in the official competition for Subtask 3
in English. Additionally, post-competition experi-
ments are reported for Subtask 1.

2 Background

Subtask 2 and 3 of Task 10 propose a taxonomy of
narratives and subnarratives for two important top-
ics for the online news: Ukraine-Rusia War (URW)
and Climate Change. For each narrative and sub-
narrative, the taxonomy includes a definition for
the relevant statements, instructions for the anno-
tators, and possible examples. Figure 1 presents
the narratives and subnarratives for URW topic. It

can be observed that some subnarratives have quite
similar meanings.

Subtask 3 is framed as a text-generation task
where the input is a news text and a dominant narra-
tive, and in some cases, the dominant subnarrative.
The expected text must capture the explanation for
having this subnarrative/narrative as the dominant
one from the taxonomy. The evaluation relies on
bertscore and the primary metric is Flmacro.

3 System overview

Our solution for Subtask 3 is based on supervised
fine-tuning (SFT) of a small language model using
the data provided in the competition. Specifically,
we use SmolLM2 1.7B-Instruct and 360M-Instruct
(Allal et al., 2025), which offer a favorable balance
between model size and performance.

3.1 SFT parameters

For SFT, we use the library trl' (Transformer Re-
inforcement Learning) from huggingface. The
SFT on the 360M model was done on GPU
3090 (24GB) with batch_size = 4 and gradient
accumulation steps = 4. The used opti-
mizer is adamw_torch. Differently, the SFT
for the 1.7M model was done on 4 Nvidia
V100 (32GB), with batch_size = 1 per device,
gradient accumulation step = 2. To reduce
the GPU memory required by the 1.7B model, we
changed the optimizer to adamw_8bit from bitsand-
bytes library, and we used mixed precision fpl6.
For both models, the learning rate was 2e — 5 and
the number of epochs was 3. The parameters for
the text generation were maintained consistently
throughout all the experiments.

In terms of training data, we used 203 exam-
ples from the competition training set, while the
30 examples from the competition dev set were
used for validation. The official test set of the com-

"https://huggingface.co/docs/trl/en/index
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The EU is divided
The West is weak
The West is overreacting
Discrediting the West, Diplomacy
The West does not care about Ukraine, only about ts in-
Diplomacy does/will not work

Westis tired of Ukraine

Sanctions imposed by Western countries will backfire

" Negative Consequences for the West
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Distrust towards Media

Ukrainian media cannot be trusted

By continuing the war we risk WWIII

Russia will also attack other countries
Amplifying war-related fears
There is a real possibility that nuclear weapons will be em-
ployed

NATO shouldiwill directly intervene |

Hidden plots by secret schemes of powerful groups

Ukraine is the aggressor

Blaming the war on others rather than the invader
< The West are the aggressors

Reuwriting Ukraine’s history

Discrediting Ukrainian nation and society

Discrediting Ukrainian military

Discrediting Ukrainian government and officials and policies

Discrediting Ukraine

Ukraine is a puppet of the West

Ukraine is a hub for criminal activities

Ukraine is associated with nazism

Situation in Ukraine is hopeless

The West is russophobic

Russia is the Victim Russia actions in Ukraine are only self-defence

UAis anti-RU extremists

URW

Praise of Russian military might
Praise of Russian President Vladimir Putin
Praise of Russia Russia is a guarantor of peace and prosperty

Russia has international support from a number of countries
and people

Russian invasion has strong national support

NATO will destroy Russia
Overpraising the West The West belongs in the right side of history

The West has the strongest international support

Russian army is collapsing
Speculating war outcomes Russian army willlose al the occupied territories

Ukrainian army is collapsing

Figure 1: Ukraine War label taxonomy

petition includes 68 examples. We can observe
that the training dataset is extremely small, yet the
SFT works mainly because the SmolLM2-instruct
models support tasks such as text rewriting and
summarization.

3.2 SFT dataset preparation

Our SFT for Subtask 3 is done with distinct system
and user prompts. In the prompts, square brackets
[] indicate optional elements, while curly braces
represent variables.

The user prompt includes the given text, the main
narrative, and, if present, the subnarrative:

User prompt:

###News Text:
{content}

###Main narrative:
{main narrative}
[###Subnarrative
{subnarrative}]

For the system prompt, we experimented with
two versions. One that is general for all the exam-
ples, respectively, one that is customized according
to the given subnarrative (narrative). For the latter,
we extracted the Definition of the subnarrative/nar-
rative from the given Narrative-taxonomy. If the
subnarrative is given, its definition is added at the
end of the system prompt, otherwise, the Definition

is taken from the narrative. Table 1 includes exam-
ples of such definitions for some narratives from
URW and CC topics, respectively, for some URW
subnarratives.

System prompt:

You understand propaganda in news about
Ukraina-Russia War and Climate Change,
and you know how to explain why a text
has as its main narrative a given one.

You get a news text and its main narra-
tive. In some cases, you also get a
subnarrative.

Generate a very brief explanation of the
main narrative. The explanation MUST be
grounded in text fragments that provide
evidence for the given narrative's

claims. The evidence can only include

facts and opinions from the given text.

[Taxonomy-dependent part

In order to build the explanation,
analyze the {taxo[subnarrative] if
subnarrative else taxo[narrativel}].

4 Results

In the official leaderboard of Subtask 3 of Task 10,
our system clujteam is positioned in the 7th place
with a value of 0.72464 for Flmacro. The best
system obtained a value of 0.75040.

As expected, the SmolLM?2 1.7B obtained the
best results, even though mixed precision is used
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Domain Narrative/Subnarrative Definition included in the taxonomy
Narrative Definitions
URW Blaming the war on others statements attributing responsibility or fault to entities other
rather than the invader than Russia in the context of Russia’s invasion of Ukraine.
URW Discrediting Ukraine statements that undermine the legitimacy, actions, or inten-
tions of Ukraine or Ukrainians as a nation.
CC Scientific community is statements discrediting scientists, the scientific community
unreliable and their actions.
CC Controversy about green statements that express skepticism or criticism of environ-
technologies mentally friendly technologies.
Subnarrative Definitions
URW Ukraine is the aggressor ~ statements that shift the responsibility of the aggression
to Ukraine instead of Russia and portray Ukraine as the
attacker.
URW The West are the aggres- statements that shift the responsibility for the conflict and
sors escalation to the Western block.
URW Ukraine is a puppet of the statements that claim that Ukraine is controlled or heavily
West influenced by Western powers, particularly the United States
and European Union.

Table 1: Examples of Definitions included in the taxonomy-dependent system prompt. Observation: only the
Definition for the given narrative/subnarrative is included in the prompt.

dataset | model version | system prompt | Precision | Recall | F1-macro
dev 360M taxo-dependent 0.713 0.706 0.709
test 360M taxo-dependent 0.703 0.709 0.706
dev 360M taxo-independent 0.712 0.710 0.712
test 360M taxo-independent 0.707 0.716 0.711
dev 1.7B taxo-dependent 0.731 0.718 0.725
test 1.7B taxo-dependent 0.723 0.726 0.725
dev 1.7B taxo-independent 0.721 0.715 0.718
test 1.7B taxo-independent 0.709 0.715 0.712

Table 2: Results for Subtask3 in Semeva2025 Task 10

compared to the 360M model, and an 8bit opti-
mizer is used. Due to hardware limitations, SFT of
1.7B model was not possible with 32bit precision.
Table 2 presents Precision, Recall, and F1Macro for
different experiments. We report both the values
on the dev and test set.

The first observation is that the 360M model
performance is not significantly lower than that of
the 1.7B model. When comparing the performance
of the 360M model to that of the 1.7B model, it’s
important to note that the SFT for the larger model
was conducted using mixed precision and an 8-bit
optimizer.

The second observation is that the 360M model
achieves acceptable performance despite the lim-
ited size of both the training dataset and the model

itself. This is justified by the fact that all versions
of SmolLM?2 are prepared for text summarization
and rewriting.

The third observation is that the taxonomy-
dependent prompt does not improve the perfor-
mance of the 360M model, but rather slightly the
opposite. We can just assume that this is due to
the size of the model and the increased length of
the system prompt. The 360M model obtained bet-
ter performance when the taxonomy-independent
prompt is used, at least according to the used met-
rics that rely on Bert score. Nonetheless, the text
generated by the models that use the taxonomy-
dependent prompt is more meaningful.

The fourth observation, and the most important
in our view, is that the taxonomy-dependent prompt
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increases the performance for the 1.7B model. The
model using taxonomy-dependent prompts is sig-
nificantly more precise than the one with a general
prompt (0.723 vs 0.709 on the test set).

The fifth observation is that even though the
metrics do not show a significant difference be-
tween the quality of the SFT with the taxonomy-
dependent prompt compared to SFT with the in-
dependent one, the generated text tends to be
more meaningful when the Definition of the nar-
rative statements is included. For example, the
following text is generated by the taxonomy-
dependent model: The text suggests that the
climate agenda has hidden motives, such
as depopulation and population control.
The author argues that the climate agenda
is a tool for globalists to control
the population and implement their plans
for a one-world government. The text
also criticizes the media. The Taxonomy-
independent model explains the dominant narra-
tive of the same text with: The text discusses
the climate agenda and its hidden motives.
The text also talks about the agenda of
powerful groups and their hidden plots.
The text also talks about the agenda
of the powerful groups and their hidden
motives.

5 Post-competition experiments

In this section we describe our post-competition
experiments for Subtask 1 using the same SFT on
SmolLLM2. The input for Subtask 1 is a news arti-
cle and a list of entity mentions; it is required to
classify the role and the subrole of the given enti-
ties using a predefined taxonomy of fine-grained
roles. The subrole is not unique, so it is a multilabel
classification. The same entity mention can occur
several times in one text, not necessarily with the
same role or subrole.

5.1 Single-step classification of all entity
mentions

One approach for this subtask was to use SmolLM?2
to generate the fine-grained roles for all the entity
mentions in a single step. In our user prompt, we
inserted special tags (start_entity_i) before and
(end_entity_i) after each given entity mention to
clearly delineate them. The expected output is a
json object structured as a list of objects made of
entity number, entity, and entity role. The first

part of Figure 2 includes the used system prompt.
For clarity, we give here an example of the user
prompt for the single-step classification of all enti-
ties:
Pence calls viral clip suggesting he
cares more about Ukraine than US 'fake
news '
Former Vice President <start_entity_1>
Mike Pence <end_entity_1> fired back on
social media after
In the video, former Fox News host
Tucker Carlson questions the 2024
Republican presidential candidate about
where his priorities lie after Pence
criticizes the length of time it has
taken the <start_entity_2> Biden
administration <end_entity_2> to provide
<start_entity_3> Ukraine <end_entity_3>
with weapons to fend off Russia's
invasion of the former Soviet state.

5.2 Additional task of independent
classification of each entity mention based
on a chatGPT extracted summary

Since the resulting training set is small, we consid-
ered an additional task for SFT of SmolLM2: given
a list of actions associated with only one entity, the
model needs to return a list of fine-grained roles.
The system prompt used in SFT for this additional
task is included in the second half of Figure 2.

The samples for this additional subtask are ob-
tained from the Subtask 1 data by using chatGPT
4o:

User prompt is similar to the single-step classi-
fication (each entity mention is marked out with
special tags).

System prompt: You are given a
where entities are enclosed between the tags
<start_entity_number> and <end_entity_number>.
For each entity, identify its actions and summarize
the key information associated with it, focusing
primarily on the surrounding context. Ensure the
summary is concise, capturing the most relevant
details related to the entity’s role and actions in
the text.

Example of relevant types of actions: - Protects
values, communities, or individuals from harm. -
Upholds justice and ensures safety. - Takes on
leadership roles (e.g., law enforcement, soldiers,
community leaders). ....

Present the output in JSON format, with each
entity as an object containing: - entity: The name
of the entity. - entity number: the number of the
entity. - summary: A list of the entity’s actions,
significance, or other important characterizations

text
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System prompt for single step classification of all entities:
You are given a text where entities are enclosed between the tags <start_entity_num-

ber> and <end_entity_number>.
For each entity,

identify its role or roles.

The possible roles are

{list of fine-grained roles from the given taxonomy}.

Present the output in JSON format,

with each entity as an object containing:

- entity: the name of the entity.
- entity number: the number of the entity.
- roles: one or more roles from the given list.

Ensure the response uses only information extracted from the given text.

System prompt for independent classification of one entity:

You are given an entity and a text describing the actions or views of that entity.
Your task is to classify the entity's behavior based on the following roles:

{list of fine-grained roles from the given taxonomy}.

Assign one or more of these roles to the entity based on the given text.

Return only the identified roles as a comma-separated list without any additional

text or explanation. If no role applies,

return

'"None '.

Figure 2: System prompts for Subtask 1: the single-step prompt was employed to classify all entity mentions at once,
while the independent classification prompt considered each entity separately based on a summary of its actions.

EMR | microP | macroR | microF1 | Acc main

role

vl | 0.264 | 0.287 0.260 0.270 0.824
v2 | 0319 | 0.382 0.340 0.360 0.890

Table 3: Subtask 1 results on dev set for SmolLM2
1.7B trained on: (vI) single-step classification vs (v2)
single-step classification & independent

of the entity (e.g. pedophile, terrorist, martyr, ..).

Ensure the response remains precise and contex-
tual and uses only information extracted from the
given text.

5.3 Experiments and results

We run three types of experiments: v/ - SmolLM?2
is trained exclusively with samples of single-step
classification; v2 - SmolLM2 is trained on a com-
bination of both single-step classification samples
and independent classification; v3 - SmolLM?2 is
trained on the data from the v2 experiment, to
which the samples from Subtask 3 are added.

The best result on the test set obtained by our sys-
tem clujteam for Subtask 1 in the Post-competition
Leaderboard is: Exact Match Ratio = 0.2894,
microP = 0.3447, macroR = 0.3057, microF'l
= 0.3240, Accuracy main role = 0.8638. It was
obtained for SmolLM?2 1.7M trained in mixed pre-
cision on v3. For this subtask, the differences in
performance between SmolLM?2 360M and 1.7B
are more significant, even when we compare 32-bit
precision for the small model to mixed precision
for the larger model.

6 Conclusions

The paper describes the participation of clujteam
system at Subtask 3 of Semeval Task 10. Our ex-
periments indicate that taxonomies defined for the
narratives and subnarratives play a key role in ob-
taining a model that generates precise explanations
in resource-constrained settings.
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