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Abstract

With the development of the Internet, male and female, old and young, often use social
network to share the trivia of everyday things and comment on current affairs. The amount of
information generated every day is very considerable. If we analyze those data to get the
impressions from society, we can easier to make better decisions. This paper chooses Twitter
as the research subject and conduct sentiment analysis on English tweets. We use Tweepy to
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collect tweets on Twitter and use them to train word vector. After that, the trained word
vector is fine-tuned to have emotional features by Convolutional Neural Network (CNN) .
Then, the fine-tuned vector is used for training in the Recurrent Neural Network (RNN) to get
the final polarity classification results. Our system uses the dataset of the subtask V-oc of
SemEval-2018 Task1: Affect in Tweets for training. Compared to the results of competition,

we are in the fifth place.
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