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Abstract

Active learning is becoming more and more important in machine learning that can
optimize the learning process [13]. The main concept is that if learning algorithm can choose
the most informative data points from which it learns, instead of choosing all of them, it will
perform better with less training. In other words, we recursively select the unlabeled data
instances by observing the known labeled data instances to obtain higher recognition
accuracy while using smaller amounts of data instances, i.e., a subset of all of the dataset or
random choose data when training the supervised learning system. [9]

For any supervised learning, if you would like to make the system perform well, it had
to be trained on lots of labeled instances. But, in these labeled instances, there might be some
worthless instances which affect the learning system and raise your training cost. So, we used
the active learning concept during training process to discriminate whether the data instance
is good for the learning system or not. In this work, we would like to know that the concept

of active learning to select the training data, will work or not.
RS © EB)FERE - EREAL - ZIEREHSREEE - e
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@ D
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tfEE PERR R E B AN - <OBMERIRH 2% Re = 0.3 (RBF kernel) AR EIEEEE
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Active Learning Spearman results

Spearman: Raw
LP_SU LP. SUD ME_SU ME_SUD Dbaseline

Audio 0.494 0.505 0.528 0.495 0.443
Video 0.353 0.368 0.357 0.362 0.343
Fusion 0.515 0.538 0.551 0.529 0.485

Spearman: Rank
LP_SU LP.SUD ME_SU ME_SUD baseline

Audio 0.512 0.525 0.532 0.501 0.483
Video 0.365 0.387 0.347 0.393 0.336
Fusion 0.542 0.566 0.536 0.560 0.516
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AHEEMERREIE L TR GRIMNE AR - 2 E A AR r BiRaC (s ~ 1) ~ (&
FHEYANBEE S PE SRR B TS T A (RS ~ S iEAY) - B n] DASE SR AHRE M R E IR
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MR > BT MRS RE 7 7RSS AR [ PEEEIAT o (Rl 7 S B th A 2 B PR o A
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