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Abstract

To avoid the confusion of phonetic acoustic models between different languages is one
of the most challenges in multilingual speech recognition. We proposed the method based on
Latent Dirichlet Allocation to avoid the confusion of phonetic acoustic models between
different languages. We split phonetic acoustic models based on tri-phone. And merging the
group that selected by Latent Dirichlet Allocation Detector to solve pronunciation variants
problems between different languages. This paper has three parts. First part is introduced the
Pronunciation Event and Articulatory Features. Second part is about Latent Dirichlet
Allocation and the acoustic model selecting method using Latent Dirichlet Allocation. Latent
Dirichlet Allocation is a Hierarchical math model that proposed by David M. Blei at 2003. It
is often used on documents classification and document generation. The structure of LDA is
also suitable for speech recognition and nature language processing. The final is experiment
result and verification the method we proposed.

Keywords: Multilingual speech recognition, Latent Dirichlet Allocation, Acoustic Model
Splitting, Acoustic Model Merging
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