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Abstract

This paper utilizes Yamcha, a SVM tool designed by Taku Kudo, to train an
NP-chunking model for Chinese. In addition to IOB and two words surrounding
the focused word, we experimented on new features and exploited unlabeled
data from web pages to enhance the previous model. Our experiments with
supervised learning indicate that our chosen feature sets outperform those
reported in previous studies. In addition, the proposed method of semi-
supervised learning is proved to be effective in distinguishing a noun phrase
from a verb phrase both consisting of V N combination, thus enhancing the
overall accuracy.
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