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<instance id="art.40001" docsrc="bnc_ACN_245">
<answer instance="art.40001" senseid="art%1:06:00::"/>

<context>
Their multiscreen projections of slides and film loops have featured in orbital parties, at the

Q



Astoria and Heaven, in Rifat Ozbek's 1988/89 fashion shows, and at Energy's recent
Docklands all-dayer.

From their residency at the Fridge during the first summer of love, Halo used slide and film
projectors to throw up a collage of op-art patterns, film loops of dancers like E-Boy and
Wumni, and unique fractals derived from video feedback.

&bquo;We're not aware of creating a visual identify for the house scene, because we're right
in there.

We see a dancer at a rave, film him later that week, and project him at the next rave.&equo;
Ben Lewis Halo can be contacted on 071 738 3248.

<head>Art</head>you can dance to from the creative group called Halo

</context>

</instance>
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Object 49.2 and/or 49.4
object_of 47.5 pp* 49.4
Subject 48.4 possessor 46.6
subject_of 48.0 possessed 47.6
a_modifier 48.1 Modifier 48.4
n_modifier 49.0 part* 48.5
Modifies 50.1 *comp_of 48.3

*comp 48.2
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object_of 50.1 pp* 50.9
Subject 50.2 possessor 50.1
subject_of 50.1 possessed 50.0
a_modifier 50.3 Modifier 50.2
n_modifier 50.7 part* 50.2
*comp 50.1 *comp_of 50.1
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object_of 51.2 and/or 51.5
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object_of 51.9 pp* 51.9
Subject 51.9 possessor 51.9
subject_of 51.9 possessed 51.9
comp_of 51.9 Modifier 52.0
Comp 51.9 Part 51.9
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JJ T
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object_of 52.0 pp* 51.9
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comp_of 52.0
Comp 52.0
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