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Abstract

News editorials are said to shape public opin-
ion, which makes them a powerful tool and
an important source of political argumentation.
However, rarely do editorials change anyone’s
stance on an issue completely, nor do they tend
to argue explicitly (but rather follow a subtle
rhetorical strategy). So, what does argumen-
tation quality mean for editorials then? We de-
velop the notion that an effective editorial chal-
lenges readers with opposing stance, and at the
same time empowers the arguing skills of read-
ers that share the editorial’s stance — or even
challenges both sides. To study argumentation
quality based on this notion, we introduce a
new corpus with 1000 editorials from the New
York Times, annotated for their perceived ef-
fect along with the annotators’ political orien-
tations. Analyzing the corpus, we find that an-
notators with different orientation disagree on
the effect significantly. While only 1% of all
editorials changed anyone’s stance, more than
5% meet our notion. We conclude that our cor-
pus serves as a suitable resource for studying
the argumentation quality of news editorials.

1 Introduction

A news editorial is an article that argues in favor of
a particular stance on a usually timely controversial
issue, such as the relocation of the US embassy in
Israel to Jerusalem. Usually, it reflects the politi-
cal ideology of the newspaper, aiming to persuade
readers of the respective stance. Such editorials are
said to have the power to shape the opinion of the
masses. Similarly, they can increase or decrease
the gap between readers with opposing beliefs (van
Dijk, 1995). As such, news editorials represent
an important resource for research on argument
mining (Mochales and Moens, 2011) and debating
technologies (Rinott et al., 2015).

On the other hand, a single news editorial rarely
changes the stance of a reader completely. More-

over, many editorials do not put an explicit focus
on arguments. Rather, they follow a subtle rhetori-
cal strategy combining emotional anecdotes with
hidden claims and ethotic evidence, among oth-
ers (Al-Khatib et al., 2017). So, if not persuasive
arguments, what makes a news editorial effective
or ineffective then? In other words: How can we
measure its argumentation quality?

In this paper, we introduce a new corpus with
1000 news editorials from the New York Times
where we consider argumentation quality from a
dialectical perspective (van Eemeren and Grooten-
dorst, 2004). While several quality dimensions are
known in theory (Wachsmuth et al., 2017b), ex-
isting approaches rely on subjective assessments
of absolute (Persing and Ng, 2015) or relative
(Habernal and Gurevych, 2016) persuasiveness. In
contrast, our corpus captures quality in terms of
whether an editorial brings readers of opposing
belief closer together or rather increases the gap
between them. We argue that, thereby, we better
account for the practically achieved persuasive ef-
fect, resulting in a qualitative media measurement
analysis of editorials that intrigue our thoughts.

Persuasion, according to Halmari and Virtanen
(2005), is an umbrella term for linguistic choices
that aim at changing or affecting the behavior of
others or at strengthening the existing beliefs of
those who already agree, including the persuaders
themselves. To study persuasion for editorials, four
dimensions must be considered: (1) prior beliefs of
readers, (2) prior beliefs and behaviors of authors,
(3) effects of the text, and (4) linguistic choices.
We account for these dimensions as follows.

Prior Beliefs of Readers Given the focus of
news editorials on timely politics, we use the politi-
cal typology quiz! developed by the Pew Research

"Typology quiz, http://www.people-press.
org/quiz/political-typology/
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Center to measure the prior beliefs of readers. The
underlying typology divides Americans into eight
political groups, as detailed later on: four largely
liberal and four largely conservative ones, along
with a ninth group of the politically less engaged.

Prior Beliefs and Behaviors of Authors Each
newspaper has its set of beliefs, reflected in partic-
ular stances on different controversial issues. To
avoid newspaper-related side effects in the study of
argumentation quality, we decided to control this
dimension by annotating news editorials from one
source only. In particular, we resort to the online
portal of the New York Times for two practical rea-
sons: (1) The political typology quiz is tailored to
people from the United States. (2) A large source
of news editorials and detailed metadata is already
available (Sandhaus, 2008).

Effects of the Persuasive Text We tackle the
outlined dialectical view of argumentation quality
by asking annotators about how a given news edi-
torial affected them: If you have a different stance
than the editorial, did it challenge you, making
you rethink your stance? Or, if you have the same
stance, did it empower you, enabling you to better
defend your stance? We postulate that high-quality
argumentation challenges one side and empowers
the other side at the same time, and we hypothesize
that this notion allows distinguishing effective and
ineffective editorials regardless of the annotators’
stance. We analyze the corpus in order to inves-
tigate this hypothesis in comparison to classical
approaches asking for persuasion.

Linguistic Choices Our goal is to provide a re-
source for studying the quality of editorial argu-
mentation and their underlying rhetorical strategies.
Accordingly, we leave an analysis of the linguistic
features impacting quality to future research.

The contribution of this paper is three-fold:

e We propose a new notion of argumentation
quality for news editorials based on how chal-
lenging and empowering an editorial is for
readers with opposing stances.

e We create a freely available corpus” with qual-
ity assessments of 1000 news editorials, each
annotated by three liberals and three conser-
vatives. The annotators also reported free-text
reasons for the effects they observed.

>Webis-Editorial-Quality-18 corpus, available at http:
//www.webis.de/data
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e We analyze the corpus, finding that more than
5% of all editorials fulfill our notion of high
quality, whereas only 1% really persuaded any
annotator. As expected, annotators agree only
when sharing similar prior beliefs.

2 Related Work

Computational argumentation has lately become
popular in the natural language processing com-
munity. So far, most computational argumentation
research deals with the mining of arguments from
text (Mochales and Moens, 2011). Accordingly,
many studied corpora capture argument structure,
often for a specific text genre, such as persuasive es-
says (Stab and Gurevych, 2014), Wikipedia articles
(Levy et al., 2014), or even pure arguments (Peld-
szus and Stede, 2015). These genres share that
they make claims and reasons explicit, i.e., they
argue rationally. In contrast, real-world argumen-
tation related to politics often comprises more so-
phisticated mechanisms, bringing together logical
arguments (Johnson and Blair, 2006) with rhetori-
cal means (Aristotle, translated 2007) and dialectic
(van Eemeren and Grootendorst, 2004). A typical
genre of such kind is news editorials.

As outlined in Section 1, news editorials are
opinionated articles that aim to persuade their read-
ers of a stance towards some controversial issue,
usually with implicit, hidden strategies (van Dijk,
1995). Editorials have been used for opinion min-
ing and retrieval in some works (Yu and Hatzivas-
siloglou, 2003; Bal, 2009), partly towards analyz-
ing argumentation (Bal and Dizier, 2010; Kiesel
et al., 2015). To our knowledge, the only corpus
of noteworthy size that exists for studying editorial
argumentation explicitly is the one of Al-Khatib
et al. (2016) who segmented 300 editorials into ar-
gumentative discourse units of different claim and
evidence types.

Al-Khatib et al. (2017) trained classifiers on their
corpus and applied them to 28,986 editorials from
the New York Times Annotated Corpus (Sandhaus,
2008). They found topic-specific evidence type
patterns, which appear to be related to persuasive
strategies. However, editorial-level annotations are
missing that actually connect the patterns to per-
suasiveness. For blog posts and forum discussions
respectively, previous work has annotated persua-
sive acts (Anand et al., 2011) and the use of Aris-
totle’s rhetorical means (Hidey et al., 2017). Still,
this would not allow distinguishing effective from
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ineffective strategies. We fill this gap by presenting
the first editorial corpus with persuasion-related
annotations of argumentation quality. To obtain a
larger corpus size, we rely on the editorials from
Sandhaus (2008) rather than those from Al-Khatib
et al. (2016). Potash et al. (2017) observe bias in
existing corpora towards higher quality for longer
arguments. To prevent such bias, we consider only
editorials from a narrow length range.

Research on argumentation quality has recently
been surveyed by Wachsmuth et al. (2017b). The
authors developed a taxonomy with one main as-
pect each for logical (cogency), rhetorical (effective-
ness), and dialectical quality (reasonableness), as
well as several concrete quality dimensions. Effec-
tiveness reflects to what extent an author persuades
a reader, and reasonableness reflects an argument’s
contribution to agreement. As detailed in Section 3,
the dimension we propose is meant to measure
persuasive effectiveness, yet, from a dialectical per-
spective, which is more suitable for editorials. We
hypothesize it to be related to the acceptability of
arguments (Cabrio and Villata, 2012) and the help-
fulness of argumentation (Liu et al., 2017).

While Louis and Nenkova (2013) study the gen-
eral quality of news articles, our goal is to provide
a basis for studying their argumentation quality
more objectively. Some existing computational ap-
proaches to assessing argumentation quality rely
on human persuasiveness ratings of essays (Pers-
ing and Ng, 2015; Wachsmuth et al., 2016) or de-
bate portal arguments (Persing and Ng, 2017). The
problem here is that persuasiveness is subjective by
heart, underlined by the low inter-annotator agree-
ment for effectiveness in the corpus of Wachsmuth
et al. (2017b): effectiveness depends on the prior
stance of the annotator.

Habernal and Gurevych (2016) compare the con-
vincingness of arguments with only one stance on
a given issue, which circumvents the problem, but
does not help for actual persuasion. While Tan et al.
(2016) analyze how people are persuaded by others
with opposing stance, they restrict their view to
good-faith discussions (where people are open to
be persuaded) — a setting not common for political
argumentation. Instead, we tackle subjectiveness
by letting people with both stances on a discussed
issue annotate quality.

Cano-Basave and He (2016) point out that per-
suasive argumentation is about both changing and
reinforcing stance — a view that we follow. The

authors study the impact of persuasive language
of political debates based on poll changes. Such a
direct effect on different audiences is not accessible
for most argumentative texts, including editorials.
Persuasiveness does not only depend on a text it-
self, but also on the reader’s beliefs and personality.
Lukin et al. (2017) find that different types of argu-
ments (rational vs. emotional) are effective depend-
ing on the “Big Five” personality traits (Goldberg,
1990). We captured our annotators’ personality
traits, too. However, we primarily focus on nine
political profiles from left to right (Doherty et al.,
2017) in order to represent prior stance. We are
not aware of any previous work in computational
argumentation considering such profiles so far.

3 A New Model of Argumentation
Quality for News Editorials

We propose a model that quantifies the argumen-
tation quality of an editorial at the discourse level.
Two dimensions of persuasion are considered to
this end: the prior beliefs of the reader and the
effect of the text. Regarding the former, readers are
profiled based on a political typology. Regarding
the latter, we annotate an editorial’s capability to
either (1) challenge or to (2) reinforce a reader’s
stance; we also consider the magnitude of the effect.
Based on the annotations, for which we consider
a set of annotators belonging to at least two spec-
trums of beliefs (three annotators for each), the
quality of an editorial can be assessed.

3.1 Prior Beliefs of a Reader

The existing beliefs of the reader of an editorial
are a crucial factor when measuring the editorial’s
argumentation quality. Theoretically, it would be
best to consider two reader groups for each editorial
that have an opposite stance on the concrete issue
discussed in the editorial. Practically, finding such
readers for a considerable number of editorials is
hardly feasible, because the reader’s stance on the
issue is not accessible beforehand.

As a proxy, we therefore decided to model the
reader’s prior beliefs by identifying the reader’s po-
litical ideology. In particular, we profile the reader
as being liberal or conservative based on the nine
groups of the political typology developed by the
PEW Research Center. The typology includes four
groups that belong to the liberal ideology and four
that belong to the conservative ideology:?

3The ninth rather small group is the bystanders, which we
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Figure 1: Illustration of potential effects of a news editorial on readers from two belief groups: Those whose prior
stance matches the stance of the editorial on the discussed issue, and those whose prior stance opposes it.

Liberal Ideologies solid liberals, opportunity
democrats, disaffected democrats, and devout and
diverse.

Conservative Ideologies core conservatives,
country first conservatives, market skeptic republi-
cans, and new era enterprisers.

3.2 Effect of the Text

We measure the effect of a news editorial along two
characteristics: how challenging and how reinforc-
ing the editorial is. An editorial is challenging, if it
makes the reader rethink his or her prior stance on
the discussed issue, even though he or she may not
change the stance in the end. On the other hand,
an editorial is reinforcing, if it helps the reader in
building or further corroborating his or her prior
stance on the discussed topic. To capture the magni-
tude of the effect of the editorial’s text, we consider
the following labels:

e Strongly challenging: The editorial made the
reader really rethink whether and why he/she

thinks that his/her prior stance is right.

Somewhat challenging: The editorial con-
veyed at least some information opposite to
the reader’s stance that was new and notewor-
thy for him/her.

o No effect: The reader did not find any new and
noteworthy information opposing or support-
ing his/her prior stance.

Somewhat reinforcing: The editorial con-
veyed at least some information supporting
the reader’s stance that was new and notewor-
thy for him/her.

ignore, since it represents those people that are considered not
involved in what is happening in politics. About 8% of the
American population are supposed to be bystanders.

o Strongly reinforcing: The editorial enabled
the reader to argue really better for his/her
stance.

The ultimate goal of a news editorial is to change
the stance of readers with an opposite prior stance.
An editorial may reach this effect in case it strongly
challenges the reader. On the other hand, in case
a reader already has the same stance as the edito-
rial, then the ultimate goal of a news editorial is to
empower the reader to argue better for his or her
stance on the discussed issue. Analog to the previ-
ous case, an editorial may have this effect in case
it strongly reinforces the stance of the reader. The
potential effects on readers from opposing belief
groups are visually illustrated in Figure 1.

3.3 Editorial Argumentation Quality

We argue that the argumentation quality of a news
editorial is governed by two factors: (1) whether
the news editorial increases or decreases the gap
between readers with opposing beliefs (van Dijk,
1995) and (2) whether the news editorial presents
new and/or persuasive argumentation.

Having the effect labels assigned by readers of
opposing belief groups A and B, we follow the
dialectical perspective outlined in Section 1 to in-
terpret the argumentation quality of each possible
combination A & B of labels as follows:

e Challenging & Challenging: The editorial
challenges the stance of both groups. This
suggests that it comprises new and noteworthy
argumentation for understanding each other’s
stance. We see this as an indicator of high
quality, since it helps bringing the two groups
closer together.

Challenging & Reinforcing: The editorial

challenges the stance of one group and re-
inforces the stance of the other. This suggests
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Group A

Reinforcing

No Effect

Challenging
Challenging High quality. Brings groups
closer together. New and persua-
- sive argumentation.
? Reinforcing
G tation.
No Effect

High quality. Helps agreeing on
one stance. New and persuasive
argumentation.

Medium quality. New argumen-

Medium quality. Helps agreeing
on one stance. Persuasive argu-
mentation.

Rather low quality. Increase the
gap between the groups. New ar-
gumentation.

Low quality. Neither new nor per-
suasive.

Table 1: Interpretation of the combined effects and quality of a news editorial for two groups with opposing beliefs.

that it comprises new and persuasive argumen-
tation in favor of one stance. We see this as an
indicator of high quality, too, since it does not
only help the two groups agree on the same
stance, but also further supports that stance.

o Challenging & No Effect: The editorial chal-
lenges the stance of one group but does not af-
fect the other. This suggests that it comprises
persuasive but not fully new argumentation in
favor of one stance. We see this as an indica-
tor of medium quality, since it at least helps
the two groups agree on the same stance.

e Reinforcing & Reinforcing: The editorial re-
inforces the stance of both groups. This sug-
gests that it comprises new and noteworthy
argumentation for clarifying the two possible
stances. We see this as an indicator of medium
quality, since it at least provides new insights
into the discussed issue.

e Reinforcing & No Effect: The editorial rein-
forces the stance of one group but does not af-
fect the other. This suggests that it comprises
new but not fully persuasive argumentation in
favor of one stance. We see this as an indica-
tor of rather low quality, since it increases the
gap between the two groups.

e No Effect & No Effect: The news editorial
does not affect either group. This suggests
that it comprises neither new nor persuasive
argumentation. We see this as an indicator of
low quality, since it makes the need for the
editorial questionable.

Table 1 summarizes our interpretation of the ef-
fects and their quality for each combination.

4 Corpus Construction

Based on the model from Section 3, we conducted
an annotation study to build a new corpus for study-
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ing the argumentation quality of news editorials.
This section describes how editorials were acquired,
sampled, and annotated. Furthermore, it presents
an overview of the resulting corpus.

4.1 Editorial Acquisition and Sampling

As mentioned before, we decided to restrict our
study to editorials from a single news portal (The
New York Times), in order to exclude the portal
impact on the quality assessment. Particularly, we
used the New York Times Annotated Corpus (Sand-
haus, 2008), which comprises around 1.8 million
news articles written between 1987 and 2007. Each
of these articles comes with 27 metadata tags cap-
turing the article’s type, topic, author, etc.

To identify news editorials, we used the tags
descriptor and taxonomic classifiers with the values
‘Opinion’ and ‘Editorial’. To maximize recency, we
considered those written between 2005 and 2007
only. This resulted in 2556 editorials with a mean
length of 492 words. To control the length, we left
out short editorials (< 450 words) and long ones
(> 650 words), ending up with 1022 editorials. We
randomly selected five of these for the pilot study
and 1000 for the main one.

4.2 Editorial Annotations

Carrying out the task of annotating all editorials in
our corpus was divided into three phases: (1) the
selection of annotators, (2) a pilot study, and (3) the
main annotation. After discussing the annotation
task, we explain the three phases in detail.

Annotation Task As shown in Table 2, we asked
our annotators to assess the effect of each edito-
rial’s content along the five labels from Section 3
as well as a potential empowering or change of
stance. Given an editorial, an annotator should first
read its text carefully and then answer the question
‘How did the news editorial affect you?’ (question



# Questions

Answers

1 How did the news editorial affect you?

a. It strongly challenged my stance

b. It somewhat challenged my stance

c. It neither challenged nor reinforced my stance
d. It somewhat reinforced my stance

e. It strongly reinforced my stance

la Did the editorial actually change your stance on the discussed issue Yes/No

(from pro to con, or vice versa)?

le Did the editorial empower you to better argue for your stance?

2 Explain your choice(s) (Keep it short)

Yes / No

Free text

Table 2: The questions that our annotators had to answer after reading each news editorial. Only in case option a
was chosen for question 1, question 1a was asked. Accordingly, only in case option e was chosen for question 1,
question le was asked. In any case, the annotator was asked to explain his or her answers (question 2).

Core Conservatives [l
Country First Conservatives
Market Skeptic Republicans | 6

2

New Era Enterprisers

Devout and Diverse

0
6 Disaffected Democrats
3

Opportunity Democrats
£l Solid Liberals

Figure 2: The distribution of the 24 selected annotators
over the eight considered political ideologies.

1). The possible answers ranged from strongly chal-
lenging to strongly reinforcing. In case the answer
was strongly challenging, we asked whether it ac-
tually changed his or her stance (question 1a). In
case the answer was strongly reinforcing, we asked
whether it actually empowered him or her to argue
better about the topic (question le). Finally, the
annotator should briefly explain the rationale of his
or her choice(s) (question 2).

Selection of Annotators We recruited native En-
glish speakers from the United States with at least a
bachelor’s degree via upwork.com. We asked them
to do the PEW political typology quiz and to report
their results. 40 candidates were recruited until we
had both 12 annotators with liberal ideology and 12
with conservative ideology. Figure 2 illustrates the
distribution of annotators over the possible politi-
cal ideologies. The annotators within each group,
liberals or conservatives, were selected randomly.

Pilot study We conducted a pilot study with five
randomly chosen news editorials in order to check
whether our annotation guidelines were clear, con-
sistent, and understood by the annotators. We
randomly selected three liberals (one solid liberal
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and two disaffected democrats) and three conserva-
tives (one core conservative, market skeptic repub-
lican, and new era enterpriser each) to annotate
all five editorials. We solicited the annotators to
give a feedback about the guidelines and the pro-
cess. All six annotators reported that the guidelines
were easy to follow and easy to understand. Also,
they gave some suggestions which we followed by
rephrasing some questions in the guidelines.

Main Annotation We divided the sampled 1000
news editorials into four batches of size 250. Each
batch was assigned to six annotators based on their
political ideology (three liberals and three conser-
vatives). As a result, we obtained 6000 different
annotations. To prevent annotators from prejudging
an editorial, we kept the source of the editorials as
well as their titles hidden. Thereby, we focused on
the editorial’s content while leaving a study of the
impact of its title to future work. As mentioned be-
fore, the editorials were somewhat outdated, hence,
we asked the annotators to try to think back to when
the discussed issue was current.

The annotation was done using a web applica-
tion that we developed specifically for this purpose.
Each annotator had to login with an assigned identi-
fication number and his or her result of the political

typology quiz.

4.3 Corpus Overview

Table 3 shows statistics of the resulting corpus. The
most frequently annotated effect was somewhat re-
inforcing followed by no effect. The rarest in turn
was strongly challenging for both liberals and con-
servatives with only 143 out of 6000 annotations
(i.e., 2.4%). Even more rare, in only 68 cases the
reader actually changed his or her stance which is
equivalent to about 1% of all annotations.



Effect with Intensity Effect without Intensity
Strongly Somewhat No effect Somewhat Strongly  Challenging No effect Reinforcing
Political challenging challenging reinforcing reinforcing
Orientation (change) (empower)
Liberals 71 (33) 269 708 1402 550 (509) 340 708 1952
Conservatives 72 (35) 275 1282 798 573 (461) 347 1282 1371
Overall 143 (68) 544 1990 2200 1123 (970) 687 1990 3323

Table 3: Counts of the annotated effects for the 1000 news editorials in our corpus depending on the annotators’
political orientation, once with intensity (strongly vs. somewhat), once without. In parentheses: Annotators that
changed stance or felt empowered. Each editorial was annotated by three liberal and three conservative annotators.

[...] Police officers firing 50 rounds early last Saturday
killed Sean Bell, an unarmed man who was to have mar-
ried his high school sweetheart later in the day. The
mayor and the commissioner moved quickly to answer
questions and to hear the concerns of the victim’s family
and the community. But their responsiveness will not
bring back Sean Bell. The challenge here is far greater
than good communications. The officers who killed Mr.
Bell were part of a sting operation at a Queens nightclub
suspected of narcotics, prostitution and weapons viola-
tions. According to published reports, the officers have
said that as Mr. Bell and his friends left the club and
headed toward their car, an undercover detective heard
one of them say he was going to get a gun. They also
reportedly said that when the men entered the car, the
detective pulled his gun and identified himself, but the
car suddenly gunned forward, hit him in the shin and
then struck an unmarked police minivan. The officers
then opened fire. The tragedy may simply involve two
sets of very frightened men who reacted instinctively to
what they thought was imminent danger. But only one of
the sets was armed. There was no gun in the car, nor on
the shooting victims, who sat helpless inside while five
police officers began firing 50 rounds at them. |[...]

Figure 3: An excerpt of the news editorial “50 Bullets
and a Death in Queens”. This editorial challenged the
stance of annotators with conservative ideology and re-
inforced the stance of those with liberal ideology.

Exemplarily, Figure 3 shows an excerpt of an
editorial on police brutality and misconduct from
the corpus. This editorial challenged the stance of
annotators with one ideology and reinforced the
stance of those with the opposing ideology. Ac-
cordingly, it meets our conditions of being of high
argumentation quality.

On the other hand, Figure 4 shows an excerpt
of an editorial on global warming from the corpus.
This editorial did not affect annotators of either
ideology. As a result, it meets our conditions of
being of low argumentation quality.

5 Analysis

This section provides insights into the annotations
of our corpus. We first outline the reliability of the

Weather is not primarily a moral affair. We do not de-
serve a long, slow patch of hot weather, like the one
that sat on the city in early June, any more than we de-
serve the extraordinarily beautiful evenings that have
come with these longest days of the year. Deserving has
nothing to do with it. The weather comes, it goes, and
sometimes it’s occluded. The days of seeing the wrath
of God in a prolonged drought or a heavy windstorm —
believing that bad weather chastens our bad actions, in
other words — are pretty much past. One sobering irony
of global warming is the thought that it threatens to make
weather moral again in a very different way. But these
are thoughts too puzzling for the fine weather of these
last few evenings, when it is almost impossible not to feel
that this has come to us by right — as our due after a run
of sticky days and as the best of what the month of June
has to offer anyway. These are the nights for stoop sitting,
not in long-suffering, as though we felt the curse of Cain
on our shoulders, but like the young man and his dog 1
passed the other evening. Both sat quietly, watching the
street. You could tell that what they were really doing
was feeling the shape of the cool air around their bodies.
It would have been a pleasure in itself, but it was all the
more pleasurable for the memory of that hot spell. [...]

Figure 4: An excerpt of the news editorial “The Reward
of Good Weather”. This editorial neither affected the
stance of annotators with conservative ideologies, nor
the stance of those with liberal ideologies.

annotations in terms of inter-annotator agreement,
and we compare the annotations of liberals and con-
servatives, highlighting the noteworthy differences.
Then, we analyze the annotations regarding their
argumentation quality according to our model.

5.1 Inter-Annotator Agreement

Table 4 lists agreement results for all annotators
within each group (liberals and conservatives) as
well as across both groups (overall).

The overall agreement is lower than the agree-
ment within each group regarding the majority, full,
and Krippendorff’s o. For example, Krippendorff’s
a is 0.32 for liberals and 0.29 for conservatives, but
only 0.16 overall. According to the Mann-Whitney
test (Mann and Whitney, 1947), the difference be-
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Liberals
Conservatives

Overall

Effect w/o Intensity Effect vs. No Effect Quality  Group A Group B # %0

Majority Full o  Majority Full « High Challenging  Challenging 4 1%

74% 33% 032 83% 48% 030 Challenging  Reinforcing 37 5%

69% 20% 0.29 77% 31% 0.32 Medium Reinforcing  Reinforcing 338 44%

64% 0% 0.16 2% 12% 0.17 Challenging  No Effect 19 2%

Low Reinforcing  No Effect 296  38%

Table 4: Majority, full, and Krippendorff’s « agree- No Effect No Effect 76 10%
ment for both political ideologies and overall for anno- Either group changed stance 1 0%
Either group was empowered 151  20%

tating what effect all news editorials in our corpus have
(left side) and whether they have any effect (right side).

tween the effects annotated by liberals and those an-
notated by conservatives is significant at p < 0.05.

In general, the liberal group agreed more than
the conservative, with a majority agreement of 74%
against 69%, full agreement of 33% against 20%,
and an « of 0.32 against 0.29. One reason for this
may be given by the varying ideology distributions
within each group: As mentioned before, the PEW
political typology ranges from far right to far left,
and in Figure 2, we see that the annotators with
liberal ideology are further from the middle than
the conservative annotators. An annotator closer
to the middle is likely to be less devoted than an
annotator with a more extreme ideology (e.g., solid
liberals or core conservatives).

The observed a agreement can be interpreted as
“fair” for both liberals and conservatives, and as
“slight” overall. We see two reasons for this limited
agreement: (1) The task at hand is very subjective,
and (2) the distribution of labels is skewed. For
instance, challenging is chosen significantly less
than no effect and reinforcing. Krippendorff’s o has
been shown to be often low in such cases (Di Eu-
genio and Glass, 2004). Indeed, the values are in
line with those obtained for similar tasks in other
studies (Wachsmuth et al., 2017a).

5.2 Editorial Argumentation Quality

Table 5 shows the distribution of news editorials
over their combined effect on the two opposing
belief groups, ignoring which group is liberal and
which is conservative. According to our model, 6%
of the editorials are of high quality, 46% of medium
quality, and 48% of low quality.

Only one of the 1000 editorials changed the
stance of either group with majority. According to
a one-sided binomial test, the proportion of read-
ers changing their stance after reading an editorial
is significantly lower than 1% at p < 0.001. This
speaks for our hypothesis that editorials do not
serve to persuade readers in most cases. By con-
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Table 5: Distribution of combined majority effects of
the news editorials in our corpus on opposing belief
groups, along with their quality according to our model.
Editorials without majority agreement are ignored here.

trast, 151 editorials empowered annotators of either
groups to argue better about the discussed issue,
which shows the importance and applicability of
the ‘empower’ notion in our model.

296 editorials reinforced the stance of one group
and did not affect the other group. From these, 244
reinforced the stance of liberal annotators, suggest-
ing that their stance more often equals the stance
of the editorials. This matches expectation, given
that the New York Times is seen as a rather left
news portal. According to a Fisher’s exact test, the
difference in choosing reinforcing between liberals
and conservatives is significant at p < 0.05.

5.3 Personality Traits

Our model of argumentation quality is built by pro-
filing readers based on their political ideologies,
whereas Lukin et al. (2017) profiles the audience
for the “Big Five” personality traits to see whether
different personality types are more open to differ-
ent types of arguments. Although we focus in this
paper on the audience’s political belief, we also
expected useful insights from correlating the per-
sonality traits of our annotators to the editorials’
effects. For this reason, we asked our annotators
to take the personality test based on the “Big Five’
(Goldberg, 1990).

Table 6 shows the counts of the personality traits
of annotators based on their political orientations.
Since our primary goal was to have annotators
evenly distributed over their political orientations,
we did not control the distribution based on person-
ality traits.

We computed the correlations between the an-
notators’ personality traits and their annotations
regarding the effect of editorials. Table 7 shows
Kendall’s 7 correlation coefficient between the

>



”Big Five” Personality Traits

Agreeableness Conscientiousness

Extraversion

Neuroticism Openness

Low Average High Low Average High Low Average High Low Average High Low Average High

Liberals 3 2 7 2 6 4
Conservatives 5 0 7 4 3 5
Overall 8 2 14 6 9 9

4 3 5 8 2 2 3 2 7
8 2 2 2 3 7 4 6 2
12 5 7 10 5 9 7 8 9

Table 6: Counts of the annotators’ "Big Five” personality trait values, depending on their political orientation.

Kendall’s 7 ”Big Five” Personality Traits
Agree. Consc. Extra. Neuro. Openn.
Liberals 0.02 0.04 *0.15 -0.06 0.06
Conservatives  0.14 -0.14 *0.23  0.02 *0.31
Overall 0.10 -0.06 024 -0.11 0.22

Table 7: Kendall’s 7 correlation between the annota-
tors’ “Big Five” personality traits and the effect of a
news editorial depending on the annotators’ political
orientation. Values with * are discussed in Section 5.3.

“Big Five” (Goldberg, 1990) and the effect of an
editorial on liberal and conservative annotators.

As discussed in Section 2, Lukin et al. (2017)
found specific types of arguments to be persuasive
for people with specific personality traits. Analo-
gously, we found correlations between the effect
of editorials and combinations of political ideology
and personality traits of readers. For both liberals
and conservatives, for instance, there is a positive
correlation between their choices for editorial effect
and the extraversion trait. This trait characterizes
people who tend to be more dominant in social
settings (Friedman et al., 2010). Similarly, for con-
servatives there is a positive correlation between
their choices for editorial effect and the openness
trait. This trait characterizes active imagination or
high curiosity (Costa and McCrae, 1992).

5.4 Explanations

The annotators were asked to justify their answers,
resulting in in a total of 6000 explanations. All ex-
planations were manually inspected by us. Among
others, we found that the majority of annotators
selected no effect for two main reasons. One rea-
son was that, as expected, an annotator already
had a stance towards the discussed topic of the
editorial, but he or she found the editorial rather in-
effective. The second reason was that an annotator
did not have a stance regarding the topic, but also
expressed no interest in the topic.

6 Conclusion

This paper has presented a new model for the argu-
mentation quality of news editorials. As its main
dimensions the model combines the reader’s be-
liefs and the editorial effect. While the reader’s
beliefs are defined in terms of the political orien-
tation of a reader, the editorial effect is defined as
an editorial’s capability to either challenge readers
with opposing stance or to empower readers with
the same stance. This way, our model goes beyond
approaches that aim at quantifying quality as an
absolute value. Instead, we analyze how editorials
increase or decrease the gap between readers with
opposing beliefs (van Dijk, 1995).

To compute the determinants of our proposed
model and to analyze its potential, we built a new
corpus of 1000 editorials from the New York Times.
Each editorial has been annotated regarding its per-
ceived effect by three liberals and by three conser-
vatives. Our analysis of the corpus provided first
insights: As expected, readers with identical be-
liefs largely agree on the effect of editorials. In
particular, we provide empirical evidence for the
hypothesis that editorials rarely change the stance
of readers. With our approach, we can quantify
such effects more precisely.

We also observed that the ideology of the New
York Times seems to be reflected in the annotated
corpus: The editorials reinforced the stance of
many annotators with liberal ideology, while they
often had no effect on annotators with conservative
ideology. In addition, we found correlations be-
tween the effects of editorials and the combination
of political ideology and personality trait.

We consider the presented model and the new
corpus as substantial resources for fostering re-
search on computational argumentation. We our-
selves plan to use these resources in future work,
in particular, for developing computational ap-
proaches to assess argumentation quality.
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