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Abstract

We consider the textual profiles of different fan-
fiction maturity ratings, how they vary across
fan groups, and how this relates to reader en-
gagement metrics. Previous studies have shown
that fanfiction writing is motivated by a combi-
nation of admiration for and frustration with the
fan object. These findings emerge when look-
ing at fanfiction as a whole, as well as when it
is divided into subgroups, also called fandoms.
However, maturity ratings are used to indicate
the intended audience of the fanfiction, as well
as whether the story includes mature themes
and explicit scenes. Since these ratings can be
used to filter readers and writers, they can also
be seen as a proxy for different reader/writer
motivations and desires. We find that explicit
fanfiction in particular has a distinct textual pro-
file when compared to other maturity ratings.
These findings thus nuance our understanding
of reader/writer motivations in fanfiction com-
munities, and also highlights the influence of
the community norms and fan behavior more
generally on these cultural products.

1 Introduction

Fanfiction is typically defined as transformational
works of text that build upon an existing storyworld
(Thomas, 2011). Fanfic, as it is commonly known,
exists in a dynamic, reciprocal relationship with
the community who produce it. In one sense, fans’
desires, norms, and values are shared in the form
of written (generally narrative) discourse; this dis-
course in turn shapes the norms and values of the
community over time (Busse, 2017; Tosenberger,
2014; Black, 2006; Evans et al., 2017). As such,
the study of fanfiction is simultaneously the study
of fans.

A unique feature of fanfiction as a linguistic
artifact is that it is regularly accompanied by
community-produced metadata related to the con-
tent of the text, including proposed maturity ratings
which indicate suggested readership.
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In this study, we are interested in how the ma-
turity ratings added by the author and used by
users to filter their searches might express different
reader/writer desires and motivations through their
textual makeup.

We know that fanfiction from different fandoms
differ with respect to their linguistic features but
are texts with more explicit maturity ratings also
written differently from those suitable for general
audiences? If so, what are these differences and
does this constitute an explicit style? Are there
some aspects of fanfiction culture that transcend
the norms of the specific communities and can be
said to generalize across separate fandoms?

1.1 Related Works

Traditionally, research on fanfiction and fans more
generally has been developed from a qualitative and
ethnographic perspective (Barnes, 2015). These
early studies showed that fanfiction writing is moti-
vated by an admiration for and frustration with the
source material (Jenkins, 1992; Pugh, 2005).

However, the prevalence of fanfiction texts on-
line has led to an increasing interest in quantitative
studies of fanfiction (Yin et al., 2017). The studies
are often focused on either predicting the textual
traits of popular or successful stories (Mattei et al.,
2020; Nguyen et al., 2024; Sourati Hassan Zadeh
et al., 2022; Jacobsen et al., 2024), or identifying
and analyzing gender dynamics in the texts (Milli
and Bamman, 2016; Neugarten, 2024; Yang and Pi-
anzola, 2024). Ultimately, though, there remains a
relative scarcity of literature looking to understand
fanfiction as a textual phenomenon.

Recent research from a computational perspec-
tive has provided additional evidence that writers
are motivated by a complex combination of admi-
ration and frustration (Jacobsen and Kristensen-
McLachlan, 2024). Fanfic writers attempt both
to imitate the source material from which they
are drawn, while simultaneously preferring writing
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styles that break this mold in specific ways. The re-
sult is that community-preferred fanfics are less in-
formationally dense and more focused on conversa-
tion and here-and-now interaction. In other words,
fanfiction has some general genre traits upon which
community-specific preferences and writing styles
are super-imposed. Nevertheless, it is unclear how
or how much this argument is potentially compli-
cated by the existence of maturity ratings.

1.2 Multidimensional Analysis

The explicit link between the form of the text and
the intention of the authors is only possible by ex-
tracting linguistic features which have concrete and
readily apparent interpretations. To this end, we
draw on Biber’s Multidimensional Analysis (MDA)
(Biber, 1988) to study variation across four distinct
dimensions of functional variation in the English
language.

With MDA, a representative excerpt of a text is
tagged for presence of specific clusters of lexico-
grammatical linguistic features. These features are
argued to be functionally motivated, meaning the
use and prevalence of each of these features serves
some kind of communicative, cognitive, or social
function in the text (Dik, 1997a,b; Halliday and
Matthiessen, 2013). The distribution of these func-
tional clusters across texts in a corpus allows us to
describe the structure of texts along several dimen-
sions of variations.

MDA has a long history and has been widely
adopted across multiple different textual registers
and genres (Biber, 1993; Biber and Egbert, 2016;
Grieve and Woodfield, 2023; Staples et al., 2020);
and across multiple different languages (Biber,
1995; Biber et al., 2006; Sardinha et al., 2014;
Xiao, 2009; Yao et al., 2024). Recently, the theo-
retical basis of MDA has been revised to include
not only grammatical features but also to account
for the distribution of semantically related lexical
clusters, in the form of so-called Lexicalized MDA
(Sardinha and Fitzsimmons-Doolan, 2025). De-
spite the underlying natural language processing
(NLP) being somewhat basic from a contemporary
perspective, MDA continues to be a robust and pro-
ductive paradigm for studying variation within and
across registers, not least of which is fanfiction.

In our work, we draw on the standard dimensions
of variation in English regularly described by MDA
(Biber, 1988, 1989). Table 2 provides a summary
of some of the respective features which define
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these dimensions and the purpose they serve within
the texts. As we will see later, the accuracy and
interpretation of these labels can be questioned.

2  Methods
2.1 The Corpus

Our corpus comprises fanfiction from three large,
established fandoms based on fantasy novel series.
These are Harry Potter (HP) by Rowling (1997),
Percy Jackson and the Olympians (PJ) by Riordan
(2005), and Lord of the Rings (LOTR) by Tolkien
(1954). The fanfics were collected from online fan-
fiction repository Archiveofourown.org (AO3), in
accordance with their terms of service'. This cor-
pus was first presented in Jacobsen and Kristensen-
McLachlan (2024), which features a more in-depth
description of the data collection process.

The corpus includes metadata from AO3, includ-
ing the associated maturity ratings given by authors
of the fanfic. On AO3 it is a mandatory to add a ma-
turity rating when uploading a text to the platform.
The default rating is "Not Rated" and then authors
can choose to change the rating to either "Gen-
eral Audiences" (GA), "Teen and up Audiences"
(Teen), "Mature", and "Explicit". According to
AO3’s FAQ, the ratings are based on the following
definitions:

General Audiences The content is un-
likely to be disturbing to anyone, and is
suitable for all ages.

Teen And Up Audiences The content
may be inappropriate for audiences un-
der 13.

Mature The content contains adult
themes (sex, violence, etc.) that aren’t as
graphic as explicit-rated content.
Explicit The content contains explicit
adult themes, such as porn, graphic vio-
lence, etc.

We excluded any fanfic tagged with Not Rated
as we wanted texts where the author and reader
both made intentional choices as to the content of
the text. The final corpus is summarized in Table 1.

Using the same feature extraction and statisti-
cal method as Jacobsen and Kristensen-McLachlan
(2024), we wish to characterize the textual profiles
of fanfiction texts with different maturity ratings

1https: //archiveofourown.org/tos
2https: //archiveofourown.org/faq/tags
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Figure 1: Density distributions of three engagement metrics across maturity ratings. Hits is the number of times a
fanfiction has been opened, kudos is analogous to the number of likes, and the kudos/hits ratio is the number of

kudos divided by the number of hits times 100.

Table 1: Summary of the corpus

HP PJ LOTR
GA 51,441 6,888 6,315
Teen 74,779 3,261 7,128
Mature | 45,606 1,465 1,636
Explicit | 48,799 1,838 1,488
Total 220,625 12,879 17,140

to further understand the fans and their motivation
for reading and writing fanfiction. In that particu-
lar paper, reader engagement metrics are modeled
directly on the dimension scores based on Biber’s
MDA, with no consideration given to the effect of
maturity ratings on the relationship between dimen-
sion scores and reader engagement.

However, when looking at the engagement met-
rics for the different maturity ratings, a clear and
perhaps somewhat surprising pattern emerges. On
Figure 1, density distributions for three different
engagement metrics often employed in studies of
fanfiction are visualized for each of the maturity
ratings. The three engagement metrics are, respec-
tively, the number of hits (i.e., the number of times
a fanfic has been opened by a user), the number of
kudos (i.e., the number of likes), and the kudos/hits
ratio used in (i.e., the number of kudos divided by
the number of hits - referred to subsequently as the
K-H ratio).

The figure shows that across maturity ratings,
Explicit fanfiction generally has a lower K-H ra-
tio compared to the other ratings. This is despite
Explicit fanfiction being a popular and appreciated
genre as visible on the distributions for hits and
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kudos, where the rating lies above the others as the
numbers increases, especially for hits.

The K-H ratio is intended to balance the raw
number of hits and kudos for a fanfiction, with
the goal of removing or minimizing the effect of
time and general popularity. However, as shown
on Figure 1, it can be seen how it devalues the
appreciation for Explicit fanfiction. Since a fanfic
can only receive one kudos per user but multiple
hits upon revisits, Explicit fanfics generally have a
lower K-H ratio simply because they are revisited
more. This is problematic inasmuch as it introduces
bias into most studies on the style of popular and
successful fanfiction texts, especially as Explicit
fanfiction texts constitute a substantial amount of
fanfiction of the corpus, as illustrated in Table 1.

This dynamic in the engagement metric moti-
vated the current study to add nuance to the way
quantitative studies conceptualize the writing style
of popular or successful fanfiction, as the role of the
fans and their desires need to be accounted for. As
such, this study focuses on understanding how the
norms of fan communities influence how fanfiction
is written.

2.2 Feature Extraction

As Biber’s original MDA method is not publicly
released, we used the Multidimensional Analysis
Tagger (MAT) as developed by Andrea Nini (Nini,
2019). Nini’s MAT is based on the grammatical
features as described in Biber (1988).

The tagger takes a corpus of text excerpts and
tags them for each of the included linguistic fea-
tures. Afterwards, it uses the prevalence of the
different features to score each text on each of the



Table 2: Summary of dimensions of variation established using MDA. Modified from Jacobsen and Kristensen-
McLachlan (2024) and Nini (2019)

‘ Examples of Features

Informational: Dense and careful informa-

Involved: Affective and intertactional

Distinguishes between texts with a narra-

Context-dependent: Receiver must use
context to infer what time and place is be-

Context-independent: The referents in the
text are made explicit and thus not depen-

Informational: type/token-ratio,
prepositions, nouns

Involved: first and second
person pronouns, contractions,
present tense, emphatics

Past tenses, third person pro-
nouns, perfect aspects, public
verbs

Context-dependent: time adver-
bials, place adverbials, general
adverbs

Context-independent. wh- rela-
tive clauses on object position,

‘ Summary ‘ Short Description
D1 | Involved / Informa-
tional Discourse tion integration.
style, like conversations
D2 | Narrative Concern
tive focus from others
D3 | Context-
(in)dependent
Referents ing referred to.
dent on the context
D4 | Overt Expression of
Persuasion
to persuade the receiver are made

dimensions of functional variation.

This means that for each fanfiction, we have
a score for the degree of Involved versus infor-
mational discourse (D1), the degree of Narrative
Concern (D2) in the text, the degree of Context-
(in)dependent Referents (D3), and the degree of
Overt Expression of Persuasion (D4). Dimensions
5 and 6 were excluded, as their robustness and
usefulness for fanfiction has been questioned (Ja-
cobsen and Kristensen-McLachlan, 2024).

Although this is a dictionary-based approach,
we argue that the value in functionally motivated
features and the subsequent clear understanding of
why the fanfiction texts might be written in this way
up-weighs the downsides one might otherwise see
with dictionary-based approaches.

2.3 Statistical Analysis

For the statistical analysis, we created a series of
linear mixed effects models to test for the effect
of maturity ratings and fandom on the different
dimension scores. Linear mixed effects models are
a useful tool in this specific case, as these types
of models perform in robust and predictable ways
even with imbalanced data (Snijders and Bosker,
2011; Meteyard and Davies, 2020).

The degree to which the sender’s opinion
is overtly expressed and/or overt attempts
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wh- relative clauses on subject
position, nominalizations

Infinitives, prediction modals,
suasive verbs, necessity modals

Additionally, since one author can be in the
dataset multiple times if they have posted multiple
fanfics that fit the search criteria, a regular linear
regression is not possible, as it will violate the as-
sumption of independence of data points. Mixed ef-
fects models instead offer a way to explicitly model
the fact that authors can occur multiple times in the
dataset by adding random intercepts. As such, they
account for these repeated measures when estimat-
ing the effects.

Using the package ImerTest (Kuznetsova et al.,
2017) for R (R Core Team, 2023), we created a
linear mixed effects model for each of the four
dimensions of variation, which sought to predict
the dimension scores for the given dimension from
an interaction between the fandom (HP/LOTR/PJ)
and the maturity rating (GA/Teen/Mature/Explicit).

Word counts and publication dates were scaled
and added to the models as control variables. A
random intercept was added for author. The model
therefore looked as follows:

Dimension ~ maturity rating x fandom +
word count + published date + (1|author)
(1)
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Figure 2: Mean and standard error for the dimension scores across maturity ratings and fandoms.

This means that for each of the four dimension
of variation, the estimated difference between ma-
turity ratings across fandom groups will be found.

3 Results

The findings are visualized on Figure 2, which
shows the mean dimension score for each maturity
rating across fandoms. A regression table showing
the specific outputs from the models can be seen in
Table 3.

From a visual inspection, there is a clear change
from GA to Explicit for each of the dimensions,
which is present across all three fandoms. Most
strikingly, the Explicit group looks quite distinct
in its textual profile compared to the other groups.
The following model summaries allow us to disen-
tangle these visual patterns more definitively.

The findings for Involved versus Informational
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Discourse (D1), shows five significant main effects
and one significant interaction effect. With GA
fanfics as a baseline, Teen fanfics are slightly more
involved, while Mature fanfics are more informa-
tional, and Explicit fanfics are the most informa-
tional. The one significant interaction effect shows
that LOTR has a slightly smaller difference be-
tween GA and Explicit fanfics as compared to HP
and PJ. Worth noting then is that the general pat-
tern of change in maturity ratings remains similar
across groups despite the fandoms having signif-
icantly different levels of Involved/Informational
Discourse (D1).

The model for the second dimension, which de-
scribes the degree of Narrative Concern (D2) in
the texts, shows four significant main effects and
two significant interaction effects. For the main
effects for maturity ratings, compared to GA, Teen
shows no difference, whereas Mature has a slightly



Table 3: Estimates for model (1) for each dimension of variation

Dimension 1 ‘ I} SE  t-value p-value
Teen 0.18 0.046 3.84 <0.001%*
Mature -0.84 0.054 -15.56 <0.001*
Explicit -239  0.057 -42.86 <0.001*
LOTR 247 013 -185 <0.001*
PJ .35 0.12 11.57 <0.001*
Teen:LOTR -0.35  0.18 -1.94 0.052

Mature:LOTR | -0.018 0.24 0.072 0.94
Explicit:LOTR | 0.84 0.24 3.58 <0.001*

Teen:PJ -0.21 0.14 -1.44 0.15
Mature:PJ 0.093 0.23 0.40 0.69
Explicit:PJ -0.31 0.25 -1.22 0.22
Dimension 2 ‘ I5} SE t-value  p-value
Teen 0.023 0.022 1.05 0.29
Mature 034 0.025 1344 <0.001*
Explicit 1.15 0.026 43.79 <0.001*
LOTR 0.24 0.063 3.84 <0.001*
PJ -0.18 0.55 -3.29 <0.01*

Teen:LOTR 0.16 0.09 1.85 0.065
Mature:LOTR 0.29 0.11 2.55 <0.05%*
Explicit:LOTR | 0.081 0.11 0.73 0.46

Teen:PJ -0.13  0.068 -1.91 0.056

Mature:PJ -0.26  0.11 239 <0.05*
Explicit:PJ -0.15  0.12  -1.29 0.20

Dimension 3 ‘ 15} SE  t-value p-value
Teen -0.10 0.015 -6.72 <0.001*
Mature -0.17 0.017 -9.63 <0.001%*
Explicit -0.37 0.018 -20.51 <0.001%*
LOTR 0.10 0.041 249 <0.05*
PJ -0.34  0.037 -936 <0.001*

Teen:LOTR -0.011 0.059 -0.19 0.85
Mature:LOTR | 0.034 0.079 0.43 0.67
Explicit:LOTR | -0.029 0.075 -0.38 0.70

Teen:PJ 0.083 0.047 1.78 0.075
Mature:PJ 0.11  0.074 152 0.13
Explicit:PJ 0.040 0.081 0.49 0.62
Dimension 4 ‘ I} SE  t-value p-value
Teen 0.013 0.020 0.67 0.51
Mature -0.19 0.023 -844 <0.001%*
Explicit -0.68 0.023 -28.68 <0.001*
LOTR -0.12  0.054 -2.13 <0.05*
PJ 0.30 0.048 621 <0.001%*
Teen:LOTR 0.12  0.078 1.58 0.11

Mature:LOTR 0.15 0.10 1.4772 0.14
Explicit:LOTR | 0.25  0.099 2.49 < 0.05%

Teen:PJ -0.13 0.062 -2.15 <0.05%*
Mature:PJ -0.34 0.098 -343 <0.001*
Explicit:PJ -0.16 0.11 -1.50 0.13
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higher degree of narrative concern and Explicit fan-
fiction has the greatest degree of narrative concern.

Looking at the interaction effects, there is again
generally the same pattern of change in maturity
ratings across fandoms. The only exceptions occur
in the Mature category for PJ and LOTR, which
compared to HP, respectively, have a greater de-
gree and lesser degree of Narrative Concern when
compared to their respective GA fanfics.

For the third dimension, Context-(in)dependent
referents, we find only significant main effects and
no interaction effects. This means that although the
different fandoms have distinct levels of context-
dependence, across the maturity ratings the degree
of change is similar. As the maturity ratings go
from GA to Teen, Mature, and Explicit, so do
the referents in the texts become more context-
dependent. This means that fanfics become more
here-and-now oriented.

This is surprising, as more context-dependent
referents (low D3 score) are typically associated
with a more involved style (high D1 score) (Nini,
2019) but we find the opposite pattern across matu-
rity ratings.

For the fourth and final dimension, Overt Ex-
pression of Persuasion, we find four main effects
and three interaction effects. For the maturity rat-
ings, there is no difference between GA and Teen
fanfics. Mature fanfics, however, have less overt
persuasion than GA, and Explicit continues that
trend with the least overt persuasion.

The interaction effects indicate that these pat-
terns are slightly dependent on the fandom. Specif-
ically, for LOTR, the Explicit group has a positive
interaction effect meaning less difference between
GA and Explicit than for HP. For PJ, there are
two significant interaction effects. These show that,
compared to GA fanfics in PJ, Teen and Mature
show even less overt persuasion than Teen and Ma-
ture from HP and LOTR.

So, in contrast to the other dimensions where
the change across ratings was similar, we find that
the different maturity ratings in PJ have a quite
different change in Overt Expression of Persuasion
(D4) than the other two fandoms.

4 Discussion

These findings indicate that although general pref-
erences can be found across fandoms, what is de-
sired from one’s fanfiction is quite dependent on
the flavor of fanfiction that is sought out by the
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reader.

Explicit fanfiction is so clearly distinct from the
other three maturity ratings in ways that, for the
most part, are similar across groups. This particular
result alone adds significant nuance to the estab-
lished conception of fans’ desires (Jacobsen and
Kristensen-McLachlan, 2024; Nguyen et al., 2024;
Sourati Hassan Zadeh et al., 2022), both as writers
and readers. Specifically, the general focus on char-
acters and their interpersonal relationships are still
generally present, but the way these interactions are
characterized changes drastically dependent on the
genre of fanfiction. The writing style of the fanfics
are thus not only dependent on the source material
of the specific fandom. Instead, there are norms
that transcend the individual community as to how
specific "genres" are to be written, regardless of the
specific fandom.

For Explicit fanfiction, the greater information
presentation is situated within the story’s context
which is subsequently what creates the unique com-
bination of dimension scores, i.e., both informa-
tional discourse and context-dependent referents.
The texts are descriptive and action-focused but not
necessarily meant to drive a plot or be carefully
planned. The action and the descriptions are fo-
cused on the here-and-now, indicating that charac-
ter interaction is still the main focus of these texts,
but the way character interactions can be focal to
a story is not only confined to dialogue. In these
cases, the actions speak louder than the words.

These findings also call for a nuanced interpreta-
tion of the different labels for the four dimensions
of variation. Explicit fanfiction is not typically
known to be a genre that is, for example, plot-
driven, which one might otherwise expect based
on the greater degree of Narrative Concern (D2)
within the texts.

In their overview of so-called pornographic
transformative works, Joseph et al. (2024) not only
show the myriad of ways fans re-contextualize the
source material, they also highlight that Explicit
or pornographic fanfiction often has a lesser focus
on plot. This is sometimes known within fandom
as PWP fics or "Porn without Plot" / "Plot, What
Plot?" fanfics (Joseph et al., 2024), highlighting
how both readers and writers of fanfiction go into
texts well knowing what to expect.

As such, Biber’s Narrative Concern (D2) does
not necessarily only cover "narrative" in the classic
sense of plot and story structure. What this study



shows is that these dimensions also lend themselves
to further interpretation. For example, Dimension
2 can also be understood as a focus on character
movements and actions.

5 Conclusion

Together, this study paints a picture of Explicit
fanfiction as standing out from those with lower
maturity ratings. It appears to be a genre of its own
with a conventional focus on descriptions, actions,
and here-and-now orientation. The patterns of di-
mension scores found for Explicit fanfiction are
unusual in that they combine features that are not
usually correlated in earlier work.

Explicit fanfiction thus nuances the findings
from previous quantitative studies that take a more
general look at fanfiction. While it is true that fans
in general might prefer fanfiction stories with a
more involved style and less narrative focus, the
different maturity ratings show us that fans’ moti-
vation for reading and writing fanfiction is as much
colored by the source material they build upon as
it is on the distinct genre of fanfiction they wish to
contribute with.

When taken together with the bias that engage-
ment metrics might incorporate towards Explicit
fanfiction, it is crucial that future research take
these dynamics into account when making state-
ments about the writing style of successful or pop-
ular fanfiction.

6 Limitations

This paper has focused on a small subsection of
available fanfiction. All three fandoms included
in the study center around Western media, specif-
ically fantasy novel series. As such, the analysis
could benefit from a wider and less Western gaze
on fanfiction to better understand the genre as a
whole. Especially since this analysis has shown fan
communities have distinct preferences and norms.

Additionally, as mentioned, Biber’s MDA is a
dictionary-based approach, meaning that findings
are generally confined to what is included in the list
of features compiled by Biber and subsequently in-
corporated into the MAT created by Nini. This
means that a great deal of contextual and gen-
eral knowledge is missing. This kind of world-
knowledge is something which readers of fanfiction
undoubtedly make use of from a cognitive stylistic
perspective when reading and engaging with the
texts (Emmott, 1997; Gerrig, 1993; Herman, 2004;
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Sanford and Emmott, 2012). Taking into account
the community-specific language that is typical in
fan communities, more contextual features could
provide further insight into the specific dynamics
of fanfiction.

Finally, although this study criticizes the bias
potentially introduced by the K-H ratio and other
engagement metrics, there is no statistical analysis
to support this argument. It can be argued that al-
though these maturity ratings differ in writing style,
the general writing style of, say, Explicit fanfiction,
might not be the most preferred within the com-
munities. In other words, a prevalent style is not
necessarily an appreciated one. Further research is
needed to more deeply understand the interactions
between fan preferences and the way it influences
fanfiction writing.

7 Ethics Statement

This study builds upon a corpus of publicly avail-
able texts obtained from the AO3 platform that was
collected in accordance with the terms of service
outlined on their website®. However, we recognize
that for fanfiction there is an added responsibility
pertaining to data stewardship. Fanfiction texts of-
ten deal with personally sensitive topics pertaining
to identity markers as gender and sexuality, as well
as (re)tellings of traumatic experiences which the
fanfiction is written to help process.

While many members of the platform adopt
pseudonyms, it is nevertheless true that, in the case
of quantitative studies of this size that build upon
online data, it is not possible to obtain ethical con-
sent from the fanfiction authors. Additionally, there
is the added complexity of copyright as it pertains
to the authors of the source material.

With these considerations in mind, we opted to
ensure that our research data was treated as per-
sonally sensitive information. It was stored in ac-
cordance with European GDPR legislation and the
access was limited to only the authors of this paper.
As the analysis in this paper is limited to text-level
features that are focused on the form rather than the
content of the texts and removed from any specific
user, any negative impact on specific users should
be mitigated.
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