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Abstract

Despite significant advancements of Large language Models (LLMs) in NLP tasks,
they still face the cognitive overload problem, especially in domains requiring complex
reasoning. Specifically, during reasoning, LLMs need to process and memorize vast
amounts of information during the reasoning process. Thus, it is a pressing issue to
effectively reduce the cognitive load during the reasoning process of LLM to alleviate
potential cognitive overload. We introduce the Self-Guide method to alleviate the
problem, which boosts LLMs’ reasoning abilities by leveraging self-generated common
sense knowledge and reasoning instructions. Experimental results demonstrate that
our Self-Guide method outperforms baseline methods significantly on four common
reasoning tasks, which effectively enhances the reasoning ability of LLMs.
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1 58

75 B IRE S A0 A R A, RTE S AL 40 Chat-GPT ~ ChatGLM ~ MiniCPM -~ 30—
=~ 18 T R(Brown et al., 2020; Du et al., 2021; Hu et al., 2024; Sun et al., 2021; Bai et al.,
2023)%F CEHUR THEAHE . IR KRH, MEEMSEAENIRENK, SSEARIN T
—FEIIILR, FEHAETE BRESES DGR SR T HAESE, RN ERSHERE . AL
RS R T B NI KAIEE S (Wei et al., 2022a) . X1, RERKESHEMAERZIS LE
WUt FEMRCRIE R m] I e, EL 22 P HEBERE 1 9N T I °E 22 229k (Valmeekam et al., 2022
Huang and Chang, 2022) -

RHEPET B4EHE (Chain-of-Thought, CoT) (Wei et al., 2022b) I T VEEF £ E 2410
LS, . BEETE . RAEHEEESTRI T R - Bl iE 1851 KiE5HRE
T4 RIH T — 2P A% . RGP ROI RS, FERE SEETERENS N (7] R gk
BT, [FII ARG FH A fa B R AT R, TR — 17 R R 28 A0 Rl A 2
BEAE IR o WRRANILET RS BUR T RK2ZEFPAFI OB 22 R - W B (John Sweller) T 19882 H
INFI A EEIE  (Cognitive Load Theory) (Sweller, 1988) - ik AZRATINFIRE I FE AL BT E B
P, HT/ECCMEERMEEEREN, FHibEINIFEZBUM SIS E2IEE, RER
TAREl s - ZERESBAR LT3 GENAAE R £ T 3% 3% M (Dong et al.,
2023), TEEEREE AT R PR R S Em AR S B R, R AR L) s B AR .
e, el RERS 12 MR AR RS 5 AR T A R B HE B R T BT IR A RO 1T P, R PT RE
PRI B — D IR R AR R [ R -

ARIFEH T Self-Guide /i 1&———FhEET B MR K TE S B MEEETR 15, HTHE5RIE
BRI HETRRE ST o %7 IR SR A B K OE B R A AT B R R R R FIR S S
(Guideline) , E1ESHRALE T B FALRTE EHEES R - JHE T SRS & 007 20R M
MRRTE S B AAEHER R T P R I A AR TR - (BRI, BATEIRE X RIE SR E#
TS ERNE TEREN T, BEFRA TIESEATEZMIEEEES FEERI . B
HKeut, AP EEEIE LT =7

o ATURRH T — Mg R R 22 21 U7 i, B RBERL B 5 045 € (AL R R AT SV O
28 S AL AL AR L A [ REE R FE S (Guideline) o

o ATUEIS AR AITR S — ERE LA T 05T E T B4 RE A B AR T AL R R 5 2 (W] R B
BARPAFIAGRE, &5 15 5 B R AT RE A AT S

o ATES SRR UE T B MSE ALE i MUK BT P AR ) [ R 18 S BE S R RO IR S BV
RERL = AL SRS R, SRR T /e BEHEEES LA E -

FATHI LIS F) Fgpt-3.5-turbo-1106# SE I Self-Guide 5 7%, F7E WU AR H W £ 5S5—
SHE . ZEhRE . BRI . R DR EE N T RRAE T R AR (52
T A% R ) o [BIBFEATIE T SERSUE B T Self-Guide /7 12 7E 11 3 68 7 1 55 A A
(41LLaMA-7B-ChatfILLaMA-13B-Chat) _ERJZIHE, (FHEHEH SHEREE R4 TE
o BB LI 10% AR - A SO IR RIS ©AEGitHub B FHE -

2 FXRIE

BREENETIESEENERENABEFRE TS, NMEESEEEIEHA T —
RARIERSE” (OpenAl et al., 2024) - Fb KTE SHEBIR G 7L S LSS B AR HZ HEHE
HEe S, FHalLhEgs5 TR - AP FfSNTA R E TR BIRTERERNTES - REKIES
BAFEREZES L RIMHE, ZPHEHEGENARREERZ —(Valmeekam et al., 2022; Huang
and Chang, 2022). N TR KIE S HMEEEE ), STAIIMRIRE T2 AE: NyeB A
RHAEERBAERZ A, B ERK “Scratchpads” (RIHESIR) RMIAIESEA, LESH
B & & R/ HUT Z B HEFERIEE T (Nye et al., 2021) - #EFREEHE/R (Chain-of-Thought, CoT)
©2024 FEVHEIETEAE
R#E (Creative Commons Attribution 4.0 International License) ¥F7] HhR

WHBEE): EXRBRREES (No. 62106126, No. 62272093) , I THRBITECATTIWHE (No. 2023-MSBA-
081) DA A REAREARBNL S HIAE (No. N2416012) -
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PA“Let’s think step by step” Z EKHITE LRG| T KIEFRAL 24 KD IRLL N PR AEE R
TS B SR A A B R SR A A IS ERD 45 R - T BRI AR B R AT SR A
ERIH B AIVERE, AR IMER EHACR RINE IR N E (Wei et al., 2022b) - Ib4h,
SVE BRI A A [ R R B KR A EE S mE (U DR AR SR TR SR M v A 1
(Kl It Zelikman %5 A2 H Self-Taught Reasoner(STaR), I KBS BAPIIEHERE T, F£4H
B 7 ANE A B BT 2 PR R A (Zelikman et al., 2022) -« WangFlHuang®E AN A KIEF
EAE B REGHERAE T, 2 HiSelf-Consistency f# 5 SR 1E , I FHCoT 4 L 1 HEHE B2 N
Z, BREEFHIIRE SR Z FE R AZ Rk H (Wang et al., 2022a; Huang et al., 2022) -

RVE & ot E B O B DR AR R R IR R IR T O RE S RAIR B v saE . B
FESRPRL SRR, H IR E A B ERRAIE I, BRI REITEIZ L
PEEAR - NN X —R L, Kojimass Ak K E F A FE Zero-Shot-CoTHE /R MR B H LTS
FIHEFREE /) (Kojima et al., 2022) « T HEEE SR 7R 7R BOME Y (]R8 _L 3@ 5 2 HIHE R 5 B /A —5L
RIS, 9T SRS BIERNZ kAL, ZhouSs A2 HiLeast-to-Most HIFg R /714, BIPRF & 2R [H]
R RN — RSV E R AT R, IS IR R# R EAT](Zhou et al., 2022) - % [BE|FEHFH K
EEEMERNSEEIR, Lins ASEH 7T LOE 1 E SR8 A AR TE R B M AR 1875 5
BRI H REIRE T (Liu et al., 2021) -

TERTE S BB AR RS 20 IRy, 75 S BEIA2) 0 (A8 7 — 1 IR R R A (R - | Tl
GRb BOC A R M B R AR U SAR R P B 55 BB Z AR, KBS RALAT6E
2 I RSCARAFF & FH L LAETEFE RIS, RGBS RARIL] 5 B (Ji et al., 2023) .
NEFX—FE, PREFERE T ZFO7E RGBT DUE Z DL 0 . i —
Ho, PengS5 AR Hi AT L@ i F) FH A MERRIVAAN 1 5 BT B 3 S 5% fif K SR ALY 4] 5 (Peng et
al., 2023) - [AII, WEHAEINNRIRKIE SRBIEL 1B R BI2A H o0 P A RE RS 22 %
KB T L3 [ L (Wei et al., 2023; Yao et al., 2022; Wang et al., 2022b; Li et al., 2022),
EXMBR AUA TR AE R BEAT SR B SEHE R 1 0 T A4 AL (Jacovi and Goldberg, 2020) -

ORTMVE B AR A A T 5 H B SE AL AR AN S SR IR ST — 2N (Turpin et al., 2024) « *f
. ZhaoS5 A& i Verify-and-EdittE% , HZ —FhiIiRME R A CoTIR/RMESR . RESILIEFRAL
I FH ST R0 VR G e R B R AR = T ) S (Zhao et al., 2023) o Lyu&s A$Z HiFaithful CoT,
IR B RIE SRR R AR R N R 508 SR PRIEAE R B 5 m L (Lyu et
al., 2023) . IR, FIRTTERRS TRIFRIRCE, (BRERE SHEAGTRER, 57 ERE
o2 1E S AR R A A RN B R AR, FIRESEUARIE BRI . St AR
T Self-GuidefAL , 3@ 1z R 75 T A (Al RO A0 S A B EA T R LU R @ T R AR B 2% [
R

3 Self-Guide: @& HEEFHIRE SR HEREREA

FEARTTH . BATNE T Self-Guide /5 ¥ - (FHT R B AEEH 3R EHE 777 (Chain-of-Thought,
CoT) HEEBERIFHNZAMATEITE T REE T RIFAIEIERE T, (A7 E7E T FE 75 ZE A
SRR AT IR A EE, SRR NS BEFELEF AR FE, ZENES BN
[EF1 B S RE T RIFRE, 75 S EAE R SR 5 A e TR, ARl E R v R A R
INENIATT, GRAERIE S BT e T T FE A B A S 20 m) A2 — A IR R g R R

WELFTR, ZERAFI AR (Sweller, 1988)IfA 4, AR H T Self-GuideBEHY SRR AE
R ST BT X HH BT DG AN LT [RI R - 1T ARG T B SR B B8 53 e S A
WIS AT, KBS A O T AR AR AR N R SRR A R AE A - BRI, AT
HREMNMABTETRKESEB BEMN PR E (317 |, SRERNFIFAESEER BENMH
(A AL LA R A AT IG5 (3.277) o

3.1 ETAETRE HiEN WAL T

KA ERHIAQ, Self-GuidefF 7L T AL A Al DL T[RRI ) A0E SR 3 50
A0 AR T KRR T 8 2% (Al AR B OR AR < 12007 YA I 0 (% G PR BE AR f) ] REUANL %21
DA E SRAERGHEAT RS, DASRAR AT AT B 2R T A2 B B R AN T (R, RSt
RIEBIHIE FRAEFRCR - BRI AR PR -

RGN AATEIS, FATRH Zero-Shot IR E, FEAIE T AL AT LA B B 136 25 5 7]
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| 52— Aoxbst 1 2880 T 4 60 0 4 | Wik, hEETRRRERERETE LA, £5 |
| [Selt-Guideii S HAAGMIA SR IR EAEER TN, ARBAE |
FARAB A AT R LA R T A | | AT IRT R R4 kA2 M 51
| B8R, RBEERORRARRER, | 4 EE—A, HIDRNETRATRALRG? )
c- - s - N

I#Eﬁﬁ:ﬁi,%@ﬂﬁkkﬁﬁﬁéﬁ ,&W%%%i&ﬁﬁ%%éi%&ﬁ%ﬁ@%,%&%ﬁ%%|
R Y iR B LG A M ARBR R R AR, W MR A AT, AR R 8 B AR AT X — AR
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Figure 1: Self-GuidefEFI MR o 1R 3y MAEHERIER (Step A) , T RESHEA BiE A
LN T71% (Step B) FOEE TR @ELLI 7 K8 ST EBEE SR 7775 (Step C) - HAEFRFIH
(Knowledge) - [A]ZA¥Rf# (Understanding) A (A RBEE K] (Planning) XN A O R R o

LERVE F Ry (IR R R T SRIE R« P TR M IREIQ, B E R A LR Guideline -
Bk, R4t T ETRESEEESERNIES I, BENES R EDEE R RS
MITERINFI G, MR EER D EHE P AR L . I TREMEQ, BILELIRIES
R AR R AR S5 R R A

Guideline = Generate(Instruction_Guide, @), (1)

HH | Instruction GuideF /R 1E F I LE & 0 BIQAE AE B & M 7] B HL ¥ Guideline )i 2, BAK
FERTAREAR L3R5 o B XFR T VAR RS S B 3& DA AR, DARRARAE S st
R R REH IR AN AT, HIEm RIS S FEEE S5 L ATERE -

WNENL RSBV HER TR, M Guidelinefl & T F AR (Knowledge) TBIMEN
XF () AT B AR B AR, AR R (R B RE E AR A R SR SR AR o T RIE B R
5, ENE&EdEESCRINGHRE T Tz /s, B b a] DURRE (]88 N 2 5 A R i &
FR, DU B B T B AR RN R AR o (]I (Understanding) FR4 75 2B ERR IR
PRE S ER ~ BHERXARE, NMAEEFHEIRFRRRSE HEER o« AR T M n] EHE A
REEMEER, HHEEE S RIS S, BN RS2 IEE, NmEs*E
W RETT G SER ARG R o AR (Planning) #5450 &Self-Guide B RN, AT
FARIEAT N MR AR, $IEH —EAEMART R - B AEHR, BT DIk
RE BT, MEH SR AR RELE WP B P, MR S g S i -

3.2 ETHBHRKKIE SRR HEENE R T .

R IEWeiflLanham& NS48 45 5, AN BT 114N B & AR B X HE 3 07 VA F2 it
HEFTREABE S, WLLaMA-7B, LLaMA-13B%5(Wei et al., 2022b). , HIfEFEH T2 £
S AR AN T, SR S EOE R R A10BIY, RGBT & 7 8 22 DIt HE TR fE
71(Lanham et al., 2023)
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HTGPT3.5EAH &I FH R EMAEERE ), FUH AR T —M EENP2 S mE (I

K1) - B4, NTREQ, FANEESHEEAEM L EEMRR AR T R ZHE &
FRIARIBEIR, B ERRAIE, HEPE R .

CoT = Generate(Instruction_CoT, @), (2)

H A RS A4 ¥ 2 Instruction_CoT 4 “Let’s think step by step” - £ F2K, T L KIEFEA
A AT A B Guidelined 75 5 B8 B R i B4EREFEATHE 9 - Bk, T ik KiE SHEE
RAEGuideline B FT # MAN B WIIAE R CoT, BIEMHEEBEPMER, HRIEGuidelinesr
B R RAER:

GuideCoT = Template(CoT, Guideline, @), (3)
H A B 1 P RECHE AT R - &%, 1B RALES 456 AL B EF B AR 1>
R, RS R EE R BT EEETINE R - Tl TETSelf-Guide) B HAKIEIE S A
RS AR D T EAE R AR R TR R PO, TR AU T A AR R A TE R BN
TR o XML EER KRR ZE RS EI N 5 EEAMEEGE T, 456 53R
B IR R m B T A (R R 2 SRR N R £ -

4 SERBT
AT, Blllid TR g P R ORISR - 22 PRASTRIR LSS4T -

4.1 HHEE:

FESRAS A, AR T AR - ZBkRIE - (Rl DL Sk AR I ME S5 R VE A Self-
GuideE R ENFESS ERITERE - B T ChatGPTHIMEI A, W THIEEMMLUFMCLUTRR,
FATAE LIS AP BEYLAEL T 500 M REAHEATINGL, X5 Z Hi B9 TAECR$F — 2 (Yoran et al., 2023;
Zhang et al., 2024; Xu et al., 2024) - FF StrategyQAFIDateA & HIFE AL & 15/NF 500,
BEBA TSRS R P AEX RS B e 4 EadT 1 SEES

FIRERE FIRE AR SS e E A A TSR PR G AR - ATV HAMMLU (KA
WEESESHEMR) BAEEE (Hendrycks et al., 2021), EFEBNER TR AT E DAY
BNV, REEFISRIH RS AANIR o X A7 E BPRE, R LIT AT
NRTTR o ZEMERTEST AR, W AR - BOR - TREMECE - OB - (taREs .
FOME B M BKFB @R & ok PSS BRI R AR, il ok R S - Xkt H
FAOAIALTN S 2 P o2 v R IR AR T AR 55 AU AR T R

Z Bk Z BN E T IEEStrategyQA (Geva et al., 2021) « X 7& — P FF ek n] A £ 3
£, TERESZ PIRRmERIRE:, T BE v T 7 AP PR & e Rl AR, N A SR ok
PRI o H I TR R L B B EICARRIG? 7, FEENESERED A EEUN =1
TAE 1AL B B IEA TR T 2 <2 DA E IR A 4 WA B 7 3.7 (R 2 S0 B
(F)FE (Rl 127 28 6F LN 8] F) i TR

R H#EE T4 R A > H BIG-benchZ i (bench authors, 2023)fDate Understand-
ing B S - & — > H U AEGRE, B h(n] H RINEE SR A R 0 IIARE
E B SRAG Y @ b A I (AL B R, ARYE R SCHEMT B - 455 E RO, BRROZEIE LU
[A]&H “What is the date [day] in MM/DD/YYYY?”, HMH[day] ] LiiEtoday ~ tomorrow %5 - 5
PRIXTUESZ I ANRKWARE 5, BN TS E SRR EREME, R R PG & A O AT 4
MR T EBEME -

FRMEHE FAVHFHCLUTRRAE M (Sinha et al., 2019), X2 — AWk R EFHEIESE,
FORERESHME (NLU) RGEMER/ NP A ZEHRERR - BRIISERXIES,
BREESE SR Z RIS 22, SCEEHEIT HY SO X 2k R A AN . CLUTRR A w2
BRI A PR B 2H B R AR BN B AL R R SUZALEE T, I VPRI AN 220 SR MR R S Sk
TR B -

4.2 H%

BT Zero-Shot () SLERE , Tl TR Self-Guide B 5 AR HR 7R TAE 7 VE#EAT TXF I - K
RS EEHMEZT AR (Zero-Shot) FIBEZ(HEHE /¥ (Chain-of-Thought, CoT) H
i
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Z¥  checkpoint temperature top_p max.seqlen max genlen max_batch size

WE metallama 0.2 0.9 2048 128 8

Table 1: LLaMA RIS SR EHT RE PRS0 E -

PREFEEARRRIR2YS] (Zero-Shot) : TENRHURFIFIEO T, MTHEERRM, #idsh
REFIFE 21k RIVE S 7 B T A 2R -

AT (Chain of Thought, CoT) : TEFMEIRR 7 £ (Brown et al., 2020) 1 H: it
b, IR ARZERRESEM A RS R A, Bk 20 5 (B D R 58 K
IR ERFIEIR SR RE ST o T — R FZ A 1 H (B PR A R ) TN 2 P o B =X HE 38 77 ¥ (Wed et
al., 2022b) - BEIEHTTER B TRGAIRTR TR, SEEL T S A2 R AE B 21 5t A ki,
Al <Input-Reasoning Chain-Output> , A& M Hi A B3 2% H FLS <Input-Output> 177
oo AV, HEXIHEFE T IES N Zero-Shot-CoT 5 Few-Shot-CoT « A5G K H Zero-Shot-CoTHEN
B, AWMRE (B — S8 5f gt 47 P AR fRIE N Z) |, TNAETE 2 RN “Let’s
think step by step” (Wei et al., 2022b), #tA] PAHE AT RN HHE5R A AR AE

4.3 VTSR

R (Accuracy) : FATHHERZE (Accuracy, Acc) FiEAhAEESSH B A1
AE, IXSERTA TIE(Xu et al., 2024) KAl o Tl THE 5K KE S RETY Bk H AN bRifE 2 R AR L A
VE SRIFHUTFRFERICAD (StringEM) 7 VESR 1T B AR BT 45 S AN PRiEE 2 2 8] AV
Ko ELARICHEIEN WD -

A (Perplexity) : X TSelf-Guide 7 {A7ENRIFUEE SR Az /LEE 558, K
IMEHERBE (Perplexity, PPL) RiPAliE 5 A ZEEHEN R I AERSUR & - X TRt
E"JT?@JX = (1'0,1'1,...,l‘t), ??IJXE@%&F%

N

PPL(X) = exp {_115 Z logpg(xi|x<i)} , (4)

HrAlog po (| <;) RARIERATHRETY | BB D IRICAE R T FIPVR L < HIARE T RO EUIA « @
&, PPLBUIN, FORIURRI LT ER B, SORBIENN -

4.4 SLIGYRTT

X FSelf-Guide /7 1£, B2, F3LIKFE6, FATEITOpenAl AP R|Chat GPTHEA! K1 F
fEPERE o BARR, FA1H FHept-3.5-turbo-1106/E N HEFE A Z R A | 3 Krtemperatureld &
FO.2 AT AR o X T Self-Guide /7 A FELLaMARE T b iz (0 s08s, Bl RafnE2, FAlE L
5 Flgpt-3.5-turbo-11061E A B T K 09 E SRR, IR 5 50 578 FF IR K8 5 7 LLaMA2-7B-
ChatfILLaMA2-13B-Chat L3 A B H ARG R (Guideline) BIERE, LLaMARRIHS
O E N EL -
5 SLIGEER

HERTH, FATER T Self-Cuide B AR TERE - BT, Fofi 138 33 78 Bl SE 35 F BA T Self-
Guide JIEMIE XM - #E, BANEANDT TZFIEER/PDABEER EFZLEE T, Self-
Guide /7 ERIVERILH] LU EALHIFAFIE - &5, Bl 1T T 265947 -
5.1 Self-GuidefEZ Bkt GERUR

FATFEF2F 2 T Self-Guide /7 V£ 7E AN AT £ 38 56 LR & K IM - 7EZero-Shot L4
WE TN, BATESelf-Guide 7 1E 5 INFI R FIFELH 1T T I, BIEFREZero-Shot$ 7R 77 1

(Zero-Shot) #Zero-Shoti% & N FIEEZ B 4EHE R /77% (Chain of Thought, CoT) -

KT IERANER KIE SRR B R R B G 1, AR T =R KB

ST TR AT IR, LR S E T B AR TR (Self-Guide (No Instruct) ) , 7E

PP ET SO E AR, 8530860, AR, . 20244725 H %28H
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v ZHEFZESHR | ZBRIZE | WEHER | KRHEH
MMLU StrategyQA Date CLUTRR
Zero-Shot 56.0 68.2 54.0 36.6
CoT 66.2 72.7 64.9 55.6
Self-Guide (No Instruct) 65.8 69.8 61.6 474
Self-Guide 67.4 70.2 61.3 48.8
CoT w. Self-Guide 68.8 74.3 66.9 56.4

Table 2: FHAILILER o HASelf-Guide W FATHI G - XL A, FTE I Hgpt-
3.5-turbo-1106/FO FHEHE I EARAR T « A TAERT R T AN FRZLAEMML U KRS AR s
HISRREE R (R6) -

R P kL e L LI
trategyQA Date CLUTRR
Vanilla 56.0 68.2 54.0 36.6
Zero-Shot w. Reflect 56.6 47.1 51.0 24.0
w. Debate 60.8 67.8 55.7 38.0
w. Self-Guide 67.3 70.2 61.3 48.8
Vanilla 66.2 72.7 64.9 55.6
CoT w. Reflect 36.2 51.0 60.2 25.4
w. Debate 63.2 65.3 61.3 36.4
w. Self-Guide 68.8 74.3 66.9 56.4

Table 3: JHAEILIAE R - XL H, A 771535 Fgpt-3.5-turbo-11061F 1 2 [ ZE Al AR
B o HrfSelf-Reflect H7E KIBE F R A ARG BRI EEFHEZR, Self-Debate it Kifi =1
TR B HAME A RS REEHER

PRSI JTIERIEER_EA A B BRI R B AR BT E R (Self-Guide) , DARAERER I
HITE TR BB RIS R BT E R (CoT w. Self-Guide) -

AR SRISLE R FTR, =R Self-Guide /7 A AT HEPIIE 35 ) 7 15 FL R AR TY (Zero-
Shot) TEFTH ¥4 LARIN M BN BERRTT - FFHERERNE, FAIREECOT w.
Self-GuidefE FTH £dE £ LRI H A EERIVERE - M T Zero-ShottZ , B TAIRTALAE T %L
B ERPPINEFREE BERA (+6.124+19.8) |, AR T 2 T HEFREE A G RS T |
FATOBBET LIRS BRI PR WA —ERERRTT (+082+2.6) , IEM TR
BATE R S ZA 3 R RS AR 2800, RIS Ut B Self-Guide /7 HEREMG BT B INTE S RIA1E S RN
P RE BB, SRLRAR (% SUhER B A DR 7 foT (]

LT ChatGPT-3. 51 AR & BBt ige /7, B, UL Self-Guide /77T B
A (Self-GuideFfISelf-Guide (No Instruct) ) HISURAETHEEERS HIFERIHE
FiRTE . E 2, BIRSelf-GuidefR B HENS I# 1T 2 A Guideline 177 TG M AR A A K £ 17 (7]
A, AHE VB AR B = X T R P R A RS L B R RIS SRR EE R B -

5.2 JHERSELR

R T PR IESelf-Guide T EERIE R, BlSelf-Guideff 7 S FIME RERR THE 75 2 T A
W BRMLR S THEHERE T, mMAE B TR T REFEE R AR SR BT
TH RS .

WFEIF TR, BATERATAET 5 AR AR 58 77 VAT AR o BT LABRIERR 7R 7 1%
(Zero-Shot) FIEEFELEMEFE /7L (CoT) NEMZEZR (Vanilla) , FHEHASE A7 AN Z At
BERFTHEE, B ERRE (Reflect) FIXHAhE SR AN BHITRAE (Debate) -

WSLEE LR R, HEL T, W RESEAES B S HEE AT B RE (Zero-Shot w
Reflect) B, H#HH.#iZero-ShottiR!, #EAIFHEFEE IS E TR (-21.1%]4+0.6) - TAHELECHE
R (CoT) BF, HIRE (CoT w. Reflect) T FIHEFRRE S FIERE NEHE (-30.25-
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FHEFESHR | ZBNE | NEHEE | AR

REc SHRE MMLU StrategyQA Date CLUTRR

LLaMA2-7B-Chat

. Zero-Shot 44.8 59.6 28.4 27.2

LLaMA-Guide | ¢, /i 40.8 60.4 32.0 34.6

CoT 52.0 64.7 52.9 37.6

GPT-Guide Guideline 48.8 66.1 44.3 45.0

CoT w. Guideline 53.0 65.5 54.9 45.6
LLaMA2-13B-Chat

. Zero-Shot 46.8 62.2 39.0 34.4

LLaMA-Guide | ¢/ 45.6 51.2 45.7 39.4

CoT 54.0 62.7 59.9 43.0

GPT-Guide Guideline 54.2 65.9 57.4 46.0

CoT w. Guideline 56.8 64.9 61.6 47.2

Table 4: Self-Guideft N A M B FE Y F iz LG8 7 L% 45 R - H FLLaMA-
Guidej % FHHLLaMAME 2 74 37 58 AR #E 2 7] @ , GPT-Guide /7 ¥ Hgpt-3.5-turbo-11064E
F.CoTHIGuideline, 7EXEFRHAZERIGTES LLaMABRAE IS 243 ] 3

4.7) o THEIESEES EM0E S RE O S B TR EHAH BB E R (Debate) B, FEL
BZero-Shottify | EFHEMPILE RUEFREITRA (-0.48]+4.8) , [HMLEKCOTER!, CoT
w. Debatel& FIMERERIM T (-19.2%-3.0) -

SOG4 R LB | AH HoReflect FDebate ) 1 T #5875 2% | Self-Guide /7 12 BE % 1 1 22 i K
BB N AR ERREA T RESEENBEEGE D, MARNIGEDT BRRE
(Reflect) A K HFAEE (Debate) LAHAEE SCI S I AE v O TEFE L 72 - AH EL 3 Zero-Shot &
A Self-Guide /7 A 1B SR BIEFTE HEE L AOHEBERE DR T +2.08]+12.2, EEERSD
PR PR E] T ORI B R A DAL AR - IXERA TR TR B ESE ST g R
F 4 SR RE S AE A0 T FR FE T n] O B 2 e EEAME A

BEAb, Self-Guideth & —F7E 28 77 V4 e W5 1T 5 FREE L5 & 10 7 20kt — B R A AR
R, Self-Guide /5 V£ 1575 5 A E A ETE4E L AEBEEE TR T +0.88]+2.6 . iXFKHH, {F
FASelf-Guide /7 ¥EFT UG FIHRFF H A2 F TR AL A — iR TR al 8 A AT 7= A2 A0, T & B TR E
BRI BRI TR, FETTIR A T AR S B 255 T TR R

5.3 Self-GuideZE AN FIHRIE SR E iz ILEE

LIS IR T Self-Guide fEAN R EAIZ(LEETT, WFR4AFTR, FA1FIF Self-Guide /7 123
SRIEEAL SR REE A, WLLaMA2-7B-ChatfILLaMA2-13B-Chat o {53 SEAE 7 3 H
HERAMEFERE T o TR/ NRAILLaM AR EL R HE PR EE T7 4055, ToI1EAR I Hb 2B Al HE PR AE
FRIRE RS - ARSI A, Bl 12230k Chat GPT-3. 50 W HUMARTY | 5# i Self-Guide /7
1A BB CoTAGuildeline e 358 S /N IE S A R B 24 FEFR R (GPT-Guide) -
BAkH, ZEGPT-GuideM) 7{EH, FATHE £ FHChat GPT-3.54 Al 1 # 5 FlGuildeline, 7£%
FRChatGPT-3.54 5% 1) 1 3 5% FGuideline ' FI B A Z R 5, 4 35K FHChatGPT-3.54 Al ) #E
FHEES | S LLaMAREAIFEFE (CoT) , K HAChatGPT-3.54 A HIGuidelined | §iE = WA 317 ¥
#  (Guideline) F1[FIE £ F Chat GPT-3.54E B I Co T Guidelinesf 5| S LLaMARE T 33 47 1 3
(CoT w. Guideline) -

WMEAFT R, CoT w. Guideline HIEHEFTHEESMEIEE FH XML T EEOMRE, &
B RAELZBRIZ . BFEEEM L REFTSS L. BIARRE, 5 HLLaMAR R 57 58 /Y
T 0] B A L EE (LLaMA-Guide) , FELLaMA2-7B-Chatf< % |, T/ 7 A8 b FFr
1 Zero-Shot$& 7R /1%, BB F VB HE J+5.98]+26.5; L FCoTHRR A%, HEER A5
H+5.18422.9 MAELLaMA2-13B-Chatt&%! I, #HH T HRifEZero-Shot3e /R /118, TEREIR L
Bl A +2.78422.6; MILTCoTIR/R T, HRERATER N +7.824+15.9 - XELLE LK, @t
150 FH 3 K A Y B T Self-Guide /7 £ 42 5 ) Guideline e 5 | SR8/ IR | 50 KIS AE T il
RIGHFEE 18 LR R FE ) v] LUB R (% 2 45 TR A BR AR 7 5055 A /NIRRT . TR
T EE RS DARE
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LLaMA2-7B-Chat LLaMA2-13B-Chat
25.0 CoT 25.0 CoT
CoT w. Self-Guide 21.9 M CoT w. Self-Guide
200 M Guideline 20.0 M Guideline
16.4
g g
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(%] v
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3 3
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3.9 414, 4444 4.2 ) 4.4
50 373437 3235 4.0 I 5.0 I 3.2 i I
. B
MMLU StrategyQA Date CLUTRR MMLU StrategyQA Date CLUTRR
Dataset Dataset

Figure 2: LLaMARTIZEE R FEHR T IER F R (Perplexity) HIZER

Brit 2 b, FEff FChatGPT-3.50% B 1) 4 1 i3 #2 5| S LLaMASE B¥ 48 3 (7] #5577 36
(GPT-Guide) , #TCoT w. Guideline5| 5 #1223 1AM L T T CoTH 123 %,
HEFMEREEE — EREEIRTT - FFLLaMA2-7B-Chati# | CoT w. Guideline5| 5 fhi&
M TFCoTH| ST M REIR TFHEE 940.8%+8.0« M AELLaMA2-13B-Chati& %! | CoT
w. Guideline5| T FIEEAAE LT CoTH| S HIMEAL, MEAEIRFTERE N+1.78]+4.2. RN, [EER
BISEPIAWE/N, CoTHICoT w. Guideline /7 V22 8] FIPEREZFE tH ZE AWK, M ChatGPT-
3.5 FHJCoTHICOT w. Self-GuideZ [B]AJ0.8%%2.6%, Z|LLaMA2-13B-Chati&Z FCoTHICoT
w. Guideline 7EZ 8] 11.7%%4.2%, FLLaMA2-7B-Chati#! [ CoTHICoT w. GuidelineZ
[B]F10.8%28.0% - IXLELEREHHTHANSHIAEAR, EEFMIANAEEN AR, #HHE
B 38 35— 0 R R — 30 3R AT AR BT B R T A SR AU B B T ) RELAE AN ) IE S R R AR R T
TR o FHE T B A 0 ] R A v JEL B M LUE B B S 80 /N R AL 2 R o T Self-Guidef A B 72 A=
FIGuildeline 8 {1 T —Fhfg RS, HI R EM B B ARBE L, MeEils SEE%EE
P PR PIESE, W EFHERR/ MR ESEAREE S, DIt B
AR RS SR -

HTHEGFHEAR BT EYEEREE SRR ANENF AR, B2 R, JTAITRA
W (Perplexity) R RESEMEMBET BT ERERMWERFEE . LR RT
N, MR EAM AR A, HGuidelined | 5 AR AY 7E 4 T FE b R B R E R R
H {# HLLaMA2-7B-Chat f1LLaMA2-13B-Chat{E 715 5 A 7E Fr B Ui £ L PPLIEFR B In &
A0S (-0.8%)40.4) - ZEINFIUEH T Self-Guide /7 1% T 7™ 42 KIGuildeline RE 1% 5 N2 5 Hh 75
BN FI U 8 5 S RS i 7 AR B 2R, DB AONE E M - BRI Z A, Self-
Guilde /7 A REWS KB HE S /MR A 22 S R —FR AT RE o AN[E] T8 o R 8 A 17 78 MR O AE
Z8 (Hsieh et al., 2023), B4 Guildeline£ 17 725 1B A28 58 INi&E Bl /MER 124 5] 18, FBHIT
Bea/NIUEE ST RIRE T, T RE A% B8 9 1 5 B U R ORI Pr) R A SR B - D ERIR S I
R, TIASAE — IR HIAS (7 B8 RS ) Bsove 1 e o JEL o

5.4 R

B, BATEMMLUSSE S HEEHLIBCT — DR EET o, LUEIRSelf-Guide /71K H
M o EABEIE SR R B AT WD -

WERSFT7R, 420 Self-Guide /7 X3 385 BB R (O HEE S REAE LU BOAE B BEARTY . EL S N &)
HEREEHER, FREHEPRZ ANZHRAMEMAT . BARE, HERAEFHRG]
F, Self-Guide & B E MRS (ER22IGKIZHT) | S e @RIkt r 5SBERE . IR
BT MR A RATR,; ZJERBAENE GER) FRBEE (K- GIEFKSE)

B =P E SR SRS, %853?—2@|§\69ﬁ, KR, PE, 2024725 H%28H.
1. ExwX
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R —&56% NETRIAZHMNZ, ERNEME4RNANERETRR Y, POoRdBaT 2B E
BILR - SHEEEREE RGN EFKMRRET 3K . RIRSTTHE W iE & BT BRI ?

. A FER B AYRER . WERERE D RERGSE
JRIEHEERE (CoT) WMART

R () TR, EES ML, JEA U R A B AR
1. B4, BN —T X856 5 BTHER.. AREX SRR, BER A EE B 5 A s e R AR
PEAHRE, SEEFUKFEIRE T 5K .

2. BUE, WERANTHE—TRESPTHED: A....B.....C....D....

3. IRIEERFIG TSR, RN EREB. AMEESR, Fh...

"B, ETSelf-GuideR] BRI

FKE(Self-Guide B A=

PR — P AR« OB EER, RIS S A ERFRAE . DUN2— . (W) & R®
RNFTERE| FREAERE R, FTLUREISTTROZIERF I, BEERAAEET] S0 —F— Stk
(@, PrRUEARSM RS R .
1. 0, WERAT—S— SRR . 5, BAITEREERAGER. . EE RS BoRA NSRS R EY
TR — IR SE T X R A REME

2 07E, WFATRABBAEXFE T, RIRATERE TRELZ I 4 - RIS TR LR E7E, BT
WA BRI AR, BUFEINTE - B AT ~ FAHE DL RORER R R B AN LS« ARIBAEIR AR 75 A 2
E: MR E IR RIR &6 MR, X5 B0 LU B 450 s RE A AT B 2 — 3 -

3. EBERIX—S, AT IR AETE TR AL.B.....C....D...... T PR R 45 R B 45 B PRI
MR LRLE R DR R R R A A0 LE 5 R B IS AR RAE IR LU R B S A B BRI AT RedE, JRIERSE
AR IR B IR 43T P B AT RE & TR -

4. RIBELLESHT, ARSI S ol e IR

T2 BRKERER

KBREAERRAER

{CoTHiti}

X NEHX AN A FI AT SR T: {Self-Guidekfi} -

EIRIEC O NE SRS R B AR, e s RmEE.
BEMEREARER

BB =8, ZEIERIBFFRELER, BERIERE SEA TR MREER, SEEH
KRG 5K - A MAEERE ~ 18 A A U APPSR AD IR S X — R - 8o, ALBATT IRt
FRETHETIR: A, JRIRPAEETEE S SHERFE K, EXFEN NEAATREHIIAT . B. A4HIER - &
SRFRAE RAERR, EAARG A AR A ATRERI A I - C. HEITE AR 1 5 B MREIR A = e
ERGHERRR . D RIS W% B EEE ETSORER, DB E AR, RERERSS
R AR B E AT RERIR TR B4

BAER: RIBGEAHHERE, AROURRREEEAIINRIRIRS & GETID) « XER NAERFIE K
FOE 45 AR P R A S S A e, T B 45 0 A 5 R T TR SRR 45 e %

Table 5: Z B 7347 o FATBEYLIEEE T — M MMLUEEE % A6 7K 2 7R Self-Guide FIRUR , I
R TR TERMHERANE  XE—NEERIER IR FIENEAERTHRER -

FOXLEARE I ANIRLE &, T RO BN I R 16 IR AR, SR IRIBIR AR, SRt T &
MIRTITF IR EI T T 28 o AR Self-GuidefF 2| GuidelineZ J5 , FREALRENS B S 1B I I 45 1 £ XF
FEAMAHEH TR, HE5E T Guidelinefr i AP A 25 F % B Self- Guide M A A 3|
B, FREESVIRRIHEEBE T B S T, BJR EEAH T IEER - 1IXEKMSelf-Guide T2 F
F T2 B 5 R9sR AR ERRE YT, R AENEARYE B A (A R T b VA B A TR SRS, AT B b X
RIS EEITR o Self-GuideBEWSH B KIE S HAL0 AERELE RVEIT RS, 515 B SHA
FIRIAEAT AN SR, FEAL TS 7 38 [ RS E 5 d i P2 AR IR SR A Guildline AR IR N2
DATEALBE 55 25 PR A 55 o (IR T = B T T i PR AR 070 77 P 0L

6 45w

AR T —FEE S T KRG SR AR FE IRFIRFEREES, hESEMET AHM
T K 1 58 H A FE AE 7 1 77 HSelf-Guide » 7E NG 15 5 AR 3 17 S0 A R B R 8 T F R
RIRIAERERE ) o FATUER T BT T7 VAR P M WAHEBRAES5— B S B - SRk - B 7E
. KRR DR R M T R o HIRIISLE RO AT — BB T Self-GuidetE A 7] L&
13 Guildeline’FF R M TE = BB A8 5 R AEL RE ) Rt 1% 2 45 [ R T AE 715058 1B s
AUBAERY,  [R]H I2 2 o A ISR T A U SRR AR (5 X -
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v  ZRFEFER(MMLU)

2F AfeHE okl HTR Hi
Zero-Shot 56.0 47.2 67.8 46.3 68.3
CoT 66.2 59.0 74.8 63.4 71.3
Self-Guide 65.8 57.4 73.9 55.4  82.7
Zero-Shot w. Self-Guide | 67.4 62.6 72.2 61.2 77.6
CoT w. Self-Guide 68.8 58.4 76.5 65.9 80.2
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[A[: A 56-year-old man comes to the emergency department because of a 4-day history of
colicky right flank pain that radiates to the groin and hematuria. Ultrasound examination of
the kidneys shows right-sided hydronephrosis and a dilated ureter. Which of the following
is most likely to be found on urinalysis?

EI: A: Glucose B: Leukocyte casts C: Oval fat bodies D: Uric acid crystals

FRIEHEE (CoT) WMARER

Here is a question:{Question} In order to solve this problem, analyze and reason step by step, and give
your thinking and reasoning process while solving the problem.

1. First, let’s analyze the bymptoms ... Based on these symptoms, it is likely that the patient is experiencing
a kidney stone or obstruction in the urinary tract, leading to hydronephrosis and dilated ureter.
Now, let’s consider the options for urinalysis:
. Glucose in the urine is typically associated with diabetes and would not be expected in this case.
. Leukocyte casts in the urine indicate inflammation or infection in the kidneys or urinary tract...
. Oval fat bodies are associated with nephrotic syndrome and would not be expected in this case.
. Uric acid crystals are associated with gout, but they are not associated with the symptoms ...
. Based on the symptoms and findings, the most likely answer would be B.leukocyte casts, Because...
W1 E T Self-Guide] B EZFE]
KB Self-GuideFHI AT
You are a knowledgeable and patient professor whose role is to guide students in solving problems correctly.
Here is a question: {Question} Note: Since your responsibility is to guide students in answering the
question, your analysis should think step by step, Please note that your role is to guide them step by step
through the problem so please don’t give them the final result.

wogQwWEN

1. Alrlght7 let’s break this down step by step. First, let’s consider the symptoms presented by the patient.
. The ultrasound examination showing right-sided hydronephrosis and a dilated ureter further supports

this possibility.

2. Now, let’s think about what would be most likely to be found on urinalysis in this case. Urinalysis is a

common test that evaluates various components of urine, including the presence of blood, protein, glucose,

and different types of cells and crystals. Given the symptoms and the ultrasound findings, ... The presence

of hematuria suggests that there is blood in the urine, which is consistent with the colicky flank pain and

the possibility of a kidney stone or obstruction.

3. Considering this, let’s evaluate the options provided:... Therefore, we can eliminate option D. uric acid

crystals are a common finding in the urine of patients with kidney stones, especially those composed of

uric acid. Given the symptoms of colicky flank pain and the possibility of a kidney stone or obstruction,

uric acid crystals are the most likely finding on urinalysis in this case.

4. Based on this analysis, which option do you think is most likely correct?

/E%Z: %?{ZEQ %Eﬁi

BREAERPRMARSR

{CoT-log}

This is another analysis of this question:{Self-Guide}. Please combine this reasoning process with your

reasoning processes, then give me a better reasoning process.

Generation Format: 1. Inference process: 2. Answer:

BIWREAER L -

Inference process:

1. First, considering the symptoms and ultrasound findings, it is likely that the patient is experiencing a

kidney stone or some form of obstruction in the urinary tract, leading to hydronephrosis and dilated ureter.

The presence of colicky right flank pain, radiating to the groin, and hematuria supports this inference.

2. Next, let’s evaluate the options provided for urinalysis: A. Glucose in the urine is typically associated

with diabetes and would not be expected in this case. B. Leukocyte casts - While indicative of inflammation

or infection, it may not be the most likely finding in this case. C. Oval fat bodies - Not directly related

to the symptoms and ultrasound findings presented by the patient. D. Uric acid crystals. Given the

symptoms of colicky flank pain and the possibility of a kidney stone or obstruction, uric acid crystals are

the most likely finding on urinalysis in this case.

Answer: Based on the combined reasoning processes, the most likely finding on urinalysis in this case

is uric acid crystals (option D). This is because the symptoms and ultrasound findings strongly suggest

the presence of a kidney stone or obstruction, which would be associated with the presence of uric acid

crystals in the urine.
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f&§ B [Davis] played chess with his brother [Rick]. [Davis] was disappointed that his father, [Kent],
wouldn’t be at the play to see him perform. [Sharon] likes taking her son [Oliver] to baseball practice.
She also likes taking her son [Rick] to soccer practice. [Dorothy] made cookies with her grandson [Davis].
[Davis]’s father [Kent] is not allowed to eat sugar.

[Alf: How is [Dorothy] related to [Oliver]?

BR. grandmother

FIRHEEE (CoT) MARMR

To solve the problem, Please think and reason step by step, then answer. Question: {Question}
Generation Format: 1. Reasoning process: 2. Answer:

Reasoning process:

1. [Davis] is the grandson of [Dorothy].

2. [Oliver] is the son of [Sharon].

3. There is no direct relationship mentioned between [Dorothy] and [Oliver].

Answer: There is no direct relationship between [Dorothy] and [Oliver] mentioned in the information.
~BP1: ETSelf-Guidelf] HRHAIY

RESelf-Guide T ATER

You are a knowledgeable and patient professor whose role is to guide students in solving problems correctly.

Here is a question:{Question} please provide a detailed analysis. Note: Since your responsibility is to guide

students in answering the question, your analysis should think step by step, Please note that your role is

to guide them step by step through the problem, so please don’t give them the final result.

Step 1: Identify the family members mentioned in the story:
- Davis - Rick - Kent - Sharon - Oliver - Dorothy
Step 2: Determine the relationships between the family members that are explicitly mentioned in the
story: - Davis is the grandson of Dorothy - Rick is the brother of Davis - Kent is the father of Davis -
Sharon is the mother of Oliver and Rick
Step 3: Identify any indirect relationships that may help us determine the relationship between Dorothy
and Oliver: - Davis is the grandson of Dorothy - Kent is the father of Davis - Sharon is the mother of
Oliver - Sharon is also mentioned as the mother of Rick
Step 4: Consider the relationships between the family members and how they might connect Dorothy
and Oliver: - Since Davis is the grandson of Dorothy, and Kent is the father of Davis, it means that Kent
is the son of Dorothy. This makes Dorothy the grandmother of Kent’s children, including Oliver.
Step 5: Based on the relationships identified, we can infer that Dorothy is the grandmother of Oliver.
Now, based on the analysis, we can determine the relationship between Dorothy and Oliver.
/Eﬁzt %?gffn %iﬁi

BREAERBRMARSR
{CoT-log}
This is a credible analysis of this question: {Self-Guide}. Please verify your reasoning process for errors
based on this analysis, then refine your reasoning process and answer.
Generation Format: 1. Inference process: 2. Answer:
BIWRAER ) ’ B
Inference process:
1. Identify the family members mentioned in the story.
2. Determine the relationships between the family members that are explicitly mentioned in the story.
3. Identify any indirect relationships that may help determine the relationship between the two family
members in question.
4. Consider the relationships between the family members and how they might connect the two family
members in question.
5. Verify the reasoning process for errors based on the analysis and refine if necessary.
Answer: Based on the analysis, Dorothy is the grandmother of Oliver.

Table 8: ZBISHT - BATBEFLIESE T — P CLUTRRECESE - HOH T K BRSelf-Guide IR ,
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[A[: Jane was born on the last day of February in 2000. Today is her 16-year-old birthday.
What is the date yesterday in MM/DD/YYYY?”

R 02/28/2016

FiEHEEE (CoT) WMAER

To solve the problem, Please think and reason step by step, then answer. Question: {Question} Please
format the date in the following manner: MM/DD/YYYY.

Generation Format: 1. Reasoning process: 2. Answer:

Reasoning process:

1. Jane was born on February 29, 2000, which was a leap year.

2. Since today is her 16th birthday, we need to calculate the date 16 years ago.

3. 16 years ago from 2021 is 2005.

4. Since 2005 was not a leap year, February 29th did not exist. Therefore, her birthday would have been
on February 28th.

Answer: 02/28/2005

FF1: E T Self-GuideH] K]

K Self-Guide TR~

You are a knowledgeable and patient professor whose role is to guide students in solving problems correctly.
Here is a question:{Question} please provide a detailed analysis. Note: Since your responsibility is to guide
students in answering the question, your analysis should think step by step, Please note that your role is
to guide them step by step through the problem, so please don’t give them the final result.

Stepl: Determine the current date. Today is Jane’s 16th birthday, so we need to calculate the current
date. Since she was born on the last day of February in 2000, her birthday would be on February 29th,
2016 (since 2000 was a leap year).

Step2: Calculate yesterday’s date.To find yesterday’s date, we need to subtract 1 day from Jane’s birthday.
Since February 2016 has 29 days, we need to subtract 1 from 29 to get yesterday’s date.

Step3: Consider the month and year after subtracting 1 from 29.

Step4: Finalize the answer now that we have calculated yesterday’s date. By following these steps, we
can determine the date yesterday in MM/DD/YYYY format.

/5%22 :ﬂi‘?qizn %EEEE

KA ERORBARRR

{CoT-log}

This is a credible analysis of this question: {Self-Guide}. Please verify your reasoning process for errors
based on this analysis, then refine your reasoning process and answer.

Generation Format: 1. Inference process: 2. Answer: MM/DD/YYYY.

BIMRAER

Inference process:

1. The current date is February 29, 2016, as it is Jane’s 16th birthday and she was born on the last day
of February in 2000, which was a leap year.

2. To find yesterday’s date, we subtract 1 day from February 29, 2016, which gives us February 28, 2016.
3. Considering the month and year, yesterday’s date is February 28, 2016.

Answer: 02/28/2016
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