BT A 2 B S R MR 5

BRIRARL2, ZEPAEL2 FE T2 FRRIRT, BRIE2S, /N8
LA SRR 5 B TR, 45T, 100081
2. [E B Z IR 5150 DB R RIS S 0
3. ER G MR IIE S B BLEWFR AL

chenbomuc@nmuc.edu.cn

W

MR, LIRSS 2 BB E (R, (HAE SRARERE A0 B A AR _E#E
R, NEEFRCEE T HE MRS - i, RGRRETHAR/DHERGRT
GRS R GRMES LR - B, MR T — 2T A A SR 1Y
B, B&s MM, 2500 N NIIREREG; KI5, FEHBURSE LT T —RI1R
WL, LRERRMY. ARGUESEAETHARE N, RAGHLNRRY IR
R EMBIME SRS BE R EAERE, EORARE T, REMEFR BRErR
IR I EIETH RV RE, TANE B bRl A T e SO B LERE R LU R
THERAIERE; ZIRFEINBEA, SATIGE SR — PR UL (MG B 5L
Gyl 4 a2

FEEE:.  AEREUESEE ; RN TR/ DR RS
Research on Stance Detection with Generative Language Model

Yuanshuo Zhang!'?, Aohua Lil?, Zhaoning Yin'?, Panyi Wang!?
Bo Chen!??*, Xiaobing Zhao!?3*
1. School of Information Engineering, Minzu University of China
Beijing 100081, China
2. National Language Resource Monitoring and Research Center of Minority Languages
3. Language Information Security Research Center Institute of National Security MUC
chenbomuc@muc.edu.cn

Abstract

In recent years, stance detection has received increasing attention, but the relevant
annotated data is limited in scope and scale, which cannot effectively support neural
network-based stance detection methods. Therefore, this paper explores the ability of
generative language models in stance detection in zero/few shot settings.Firstly, a new
stance detection dataset is constructed, which contains 5 topics and a total of 2500
manually labelled samples; then, a series of exploratory experiments are carried out on
this dataset, and the experimental results show that: the generative language model
performs well in structured prompt learning under zero-shot setting; fusion of extra
information can significantly improve model performance; under the setting of few-shot,
providing examples with the same goal can significantly improve model performance,
while examples with different goals have a negative impact; Chain-of-Thought can
significantly improve model performance; Inspired by prompt learning experiments, this
paper fine tunes the pre-trained language model to further demonstrate that providing
additional information has a significant gain in stance detection.

Keywords: Generative Language Model , Stance Detection , Zero/Few Shot ,
Prompt Learning
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FIAt BB AR, BATEFE T2 EAIESHEE (EAXHERRESTER S KIE
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Figure 1: $&7~EEHRPO - P1

%https://anonymous.4open.science/r/Weibo-SD-618D/
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R GPT GLM
PO  35.28 35.12
Pl 42.68 47.52

Table 2: FEZRFACE N (PR /R AT IR ] (B LL%)

R SL O EEMEARE T, KB HE IR RPOM 45 1L 2 JRP1F FF #2 7R
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IR FITIRIF] . GLM (ChatGLM2-6B) & i 120234, FiillZRiEk ] fEC 4 E &20224F
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Figure 2: #&7" P2« P3+ P4

MABSMERE #HRX GPT GLM
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SR P3  50.32  40.52
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FHE, MA7.52 FREE140.52, RFE T 7.005 [FIIFHDN T 15500880 or 50 b 2l LRGP AT 3 3%
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FGPT, FIAREHEEFIUE TS ERA, N42.688F 3 T751.36, = 78.68- FHATIA

H, FHTEERA BT, E%%%ﬁT*@%ﬁ%ﬂﬁ
AR FRETE AR R T RE
S5 \YHXHEESE - WW%A%&
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SFGLM, 5B FFUERIEMEIG, MR T18.68. MEHR LR, ZIEIT20%H

Wt E AT, AR H ARSI - BADA N EBEE WA
H601C, A 5 1) LR SCHARFE N FIAEEGE T H IR ;
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RS EE AL, FEARLRE 1 52 BR AT B XE DL R «

4.3.1 355w 1a

FATITLLMAY 337 #) 51 5 0 ] 14 37
THLIL R A B R B AR, 2 TIRRPIFERE XS T &M #I83.52,
T X 32 45 H) € R E AR, FIE S A N27.92.
FIP3 -~ PAFIG| N T B YEEE IP7H | GPTX [ X 323 A9 3 5 BE &

EIiAT71.61

DT BRERVEMERE, (EARTY
R HREIEHRERKR, Wi $%A%%?

FERBER, B EILERAZZ
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TR E I
IRl I AR

— ZGLMH Z FUAL R R
TR RHERERI 5] AT RE & (T AE AL 3 (A

P77 VAl o SRS RINREPT /R « TR I, GPTXY
FEE A
RN T B SL 3 PR 2
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/\DJ

75949.65 ~ 50.65~ 40.02, Wt T FHME - %bﬂh)\ijPTXTEPEi%Eﬁ%ﬁVHIF? YEAEE

VIR SIS, ATRES

SRR ST B SR WS T % B HR 37
R TR EE T . ﬁMMﬁ&ﬂi%%@%VEm
SFEMEN49.06, (HXTT SLHERI A L AVER B RAR,

%%%i%ﬁ%ﬂ%%%%%%i%
HETPeRVERE AR T &
511 °533.09F136.27 - ?*/CTI]LJ\jUGLMXT Ltb

ORI BUR R éﬁﬂ%r¢ﬁ%ﬁﬁ®z%ﬂ£ﬁ B TR LA E N O, AL

S RO B Ta VR RS o 81, LLMEE RN SCRF SE ROAI A AR AN

FEEAEIS DI,

B T EIME BE G AN B G, XIS EINGE -

S XFr Bexf EEA

PO 15.42/38.63 5.52/54.36 83.52/10.64
P1  36.72/19.08 15.35/80.44 78.15/30.43
P2 41.65/22.26 20.96/70.61 72.54/37.99
P3  32.75/42.45 49.65/20.16 63.73/62.36
P4 33.70/42.29 50.65/20.16 65.10/62.36
P5  53.42/46.10 26.28/39.92 68.65/44.62
P6  43.24/14.79 14.94/83.55 73.57/13.96
P7  46.74/39.11 40.02/23.27 67.62/27.80
AVG  37.96/33.09 27.92/49.06 71.61/36.27

Table 6: AN[FEHFER NMASF SLZFMERE (GPT/GLM (B4 %))

4.3.2 FEMERME

FATEAE TLLMEES N LT H PR ERNETHR . AJUULI, @5
EZTRHNEA - LR IF AV M IR KT AR 3 F N 7 X =D P ER ARG, ¥
FEASK A ﬁﬁ?‘%&ﬂ@kﬁ%ﬁﬁﬂ%ﬁmﬁ??ﬁw%iiﬁF%LﬁﬂﬁﬁE
MH@hﬁ B EERE = —2FZNFEHAEEBEANE R, AR 9HEF
P %Ex”“%&@%Eﬁiﬁkvv@%ﬁé%éﬁﬁﬁﬁﬁw/ﬁﬁﬁﬁﬁi@%m%@
SHAEL, WEMAASINEERN LT RiL6Y BE FNrERE a4 FAke%

ZEEPET IS RS, %418121:: 9@491F K, E, 20244E7H25H%E28H .
(c) 2024 r|1lrlﬂx1ufé'¢%mlﬁmwiﬂk§; & 487



HEESY

FE LT A AT ERE XA BN LR, CER=ATEE NEP N Z
BOLEE], BB S HET N HAX DA FRFe i s, K106 R#Z=E] 1 L
R, BEB4, XHEBEEM SR T, TR . MAERIRAK
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w~  EELPME LLNPERE  EFNER AV BRI
PO 40.29/33.10 23.96/33.47 32.39/39.71  48.45/37.40  37.04/37.72
Pl 44.49/20.20 27.48/65.40 38.88/53.60  52.05/55.80  50.90/42.60
P2 45.60/23.80 25.85/57.80 54.80/52.60  47.20/52.40  47.74/48.60
P3  41.40/39.88 45.80/27.40 59.20/46.94  57.80/47.20  47.40/41.40
P4 43.20/39.92 46.80/27.40 60.80/46.94  57.00/47.05  49.40/41.40
P5  55.40/30.43 32.40/39.80 51.80/50.20  51.40/51.20  48.65/44.00
P6  49.20/15.07 28.20/64.84 37.31/49.33  52.00/45.89  46.29/40.76
P7  51.60/23.36 42.53/26.53 57.00/41.33  54.05/35.05  51.90/30.98
AVG  46.40/28.22 34.13/42.83 49.02/47.58  52.49/46.50  47.42/40.93

Table 7: ANFEHRR T AMEMAIFL(GPT/GLM (B AL%))

5 METIGRE S HEE

ETHEBE SRR RA: 1) HHNLSREEER R, 2) 7
BHRERBIEEIZRN - h THERLLMS AT LI RN 1 REE R IF i — R ik LARsE
W, FAHE T YIEIESEA! (BERT - RoBERTaMmTS) |, &A% B P Hk A HFR
Wi (P1) , XHIZEF, 5MAFEHER (P2) « R SIRE (P3) , BEHANA
FIEE (P4) o BATEWeibo-SDEIEE H HISO%AE N RAEIESE, Tl & 1I20%1E A4 - 52
34k RANF SR -

B BERT RoBERTa mT5 GPT GLM
HPRFIEE (P1) 63.6 61.4 60.0 42.68 47.52
+HAEER (P2) 64.8 62.2 60.2 44.20 47.04
+EATAREE (P3) 65.4 62.4 60.8  50.32  40.52

+EHFR SRS G E R (P4) 66.6 65.4 62.6 51.44 40.48

Table 8: HUATIYIZRE SHEAF1(B7%)

14 B

(1)MABERTFIRoBERTa R4 B2 M THUAMTS « AT, mTH7EAEE A R RAT S5
RIHE, EESEES EAIREAINEE T HEBESURRE & LUBERTFIRoBERTa -

(2) % RIS Rl A BB LIRS R B S R B BN, fRUABERTEUS T RIFAR, FUER
#66.6. TS, BTGNS EHE REBEME T EREFL- BIR-BEE- KR
ORINREL, MITIHE R IR I R -

(3)LLM ) LI §E 77 ek B ROA/ NIEGE SR ALI60%2180%, 574 E S AR5
A TINZRRE I A — e 2R -

(A)FEHEETLURMBERHERER, FEEABRERSIA . FlInTEe. SR
AT, RASLZEERTAE, HAR i LR EBEFER IR K, e HIEE
HERF, XEFEEFRIE T IR E X <SR R R A -

(5) BB B S PR RESG SR AL IR - BARA B S PR R AR R R R e R E TS
SRR R SRAFAE , FIAnEE Ry R R KT A R R xS 7, BARA S PR I A R A
TROZE AL -
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6 Mzt

A=)

AHER T EMNEFREELGRMES PRI . LREREY, ETHEABE
T, SRS IRR ST G T BFRRCR, STHRERMBIIME BN - EDORARIRE
&, EAEPEREBESEAERNR, STHEASIANBLERS, (B35 0% ARSI
AARNJETHEE B, SCREINETRE. H5h, ZIRTERPOMERN, SRR TE
By, BRI ERE S M AR E - BSMSER M MR ElAEFREFE - ER
ML PIHI R SRR R L AR S - BR, BATTEE SO T GRE SRR
(BERT + RoBERTaMImT5) , &AM G S AL RMES + R —ErE T, #
PE—BUESE T B RN R SIS R R S R -

AW R IR T A RSGEUE S EAE LRI AN E, B AR ERE TER
PRYE - FEAROR, TR #t— B TRIRE, H BAEZ A RIS, FAER R
AOBURR S HR AR S5 [R5 SCRD AR BBURA], LLBD I IR RN KR TR T4, 2) BFSTIR R A A3
AT AN 2T A5 SRS MR SRR S L, WRiiRR, FRREEUER, sind
Eﬁ,u%ﬁﬁﬂﬁﬁ%ﬁﬁﬁﬁ%%ﬁ,uﬁ-ﬁ%ﬁiﬁﬁ%gﬁﬁﬁﬁ—%ﬁ%&%ﬁ

okt
BT AEAHFRANERERL . ATHRRRZERXE SR AEGE NI HE

(22&7D035) -~ EFIEZE ST H (ZDI145-61) - A48 & K 2 31 H(GRSCP202316,
2023QNYL22, 2024GJYY43) %8 -
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