™
N
o
N
-
Q
-

The shaping of the narrative on migration: A corpus assisted quantitative
discourse analysis of the impact of the divisive media framing of migrants

in Korea

Clara Delort and EunKyoung Jo
Department of Global Korean Studies, Sogang University
35 Baekbeom-ro, Mapo-gu, Seoul 04107, South Korea

clara.delort@gmail.com - jek.cl.nlp@gmail.com

Abstract

This work explores the shaping of public

opinion on migration in South Korea by uti-
lizing BERT topic modeling (Grootendorst,
2022) which extends transformer language
models to Top2Vec (Angelov, 2020) which
leverages word semantic embedding to find
topic vectors from documents. Data are the
public discourse on Twitter and the three
biggest local newspa-pers. The study
examines the content of these topics,
highlighting key themes and their impli-cations.
The findings through BERTopic model-ing as a
tool of discourse analysis on large data shows
that, rather than a simple overall negative media
narrative, the news outlets create distinc-tive
concepts of migrants, fragmented into clus-
tered groups, alienated from each other based
on their social identities, migration status, and
citizenship status. Discriminatory tropes (such
as a criminalization frame and a victimization
frame) predominant in the Mass Media corpus,
are less salient in the New Media corpus and
the Public Opinion (Tweets) corpus, where top-
ics of compassion, human rights, union, reports
of shared experiences, desire to share culture
and communicate, are predominant. With the
c-TF IDF formula giving the significance of
words per topic, the creation of a divisive con-
cept of refugees is visualized, with the frag-
mentation of one group (for example, refugees)
into vastly distanced topics (either in the vic-
timization frame, with "kid" and "refugee" in
one cluster, or the criminalization frame, with
"refugee" and "terrorism" in one cluster). This
division in the public narrative supports the di-
vision in governmental policies. In this case,
the Ministry of Justice divides asylum seekers
applying for a refugee Visa into "humanitar-
ian" or "economic" refugee categories. Asylum
seekers placed in the "economic" refugee cate-
gory are denied refugee status. The intertopic
distance maps illustrate this shaping of divisive
semantic meanings.
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1 Introduction

Categorizing the recurrent topics in the public mi-
gration debate in South Korea allows us to examine
the role of media in framing and depicting migrants
and to understand the roots of the divisions based
on social identities and citizenship status within
the working class. This study’s aim is to find the
role of language in capitalism in shaping societal
narratives and influencing perceptions by using a
dynamic seeded topic modeling to categorize lan-
guage data and gain insights in the discourses per-
petuating capitalist structures. Scholars developed
theories highlighting power dynamics, identity con-
struction, and the importance of understanding
global capitalism in the study of media representa-
tions of migrants. Stuart Hall emphasizes the role
of media in constructing social hierarchies (Hall,
1997). Edward Said highlights how the media per-
petuates stereotypes and exoticizes different cul-
tures (Said, 1978). Angela McRobbie explores how
media representations contribute to gendered iden-
tities and marginalize migrant women (McRobbie,
2009). Chandra Talpade Mohanty examines gen-
dered and racialized stereotypes, including those
of migrant women (Mohanty, 2003). In the context
of South Korea, the three major conservative news-
papers, Chosun Ilbo, Joongang Ilbo, and Donga
Ilbo, dominate the country’s hard news. Smaller
newspapers with varying political inclinations are
also available as alternatives, but their circulation
is lower. Through the discourse analysis of distinct
corpora representing the mass media, the new me-
dia, and the public opinion, the role of media in
the reproduction of class relations is quantitatively
studied.

2 Data & Methodology

A corpus of tweets represents the public debate
on migration during the 2009-2022 period. The
Tweet data of migration-related Korean tweets are
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Figure 1: Workflow of the experimental design of Topic Modeling

collected using a public Twitter scraper, snscrape
and tokenized using Mecab, resulting in 3 120 297
Korean tweets mentioning the following keywords:
irregular immigrants, refugees, illegal immigrants,
migrant workers, employment permit system, visa,
migrants, immigrants, foreigners, illegal aliens,
undocumented migrants, foreign workers. Only
words tagged as nouns by Mecab are kept for topic
modeling. Traditional methods and tools for cor-
pus annotations such as DAMSL, DIT, RSTTool,
and PDTB (Bunt, 2017) are not used. A second
corpus of news articles from the local daily news-
papers with the biggest daily circulation, Chosun
Ilbo, Joongang Ilbo and Donga Ilbo represents the
local mass media. 14 560 articles (Chosun Ilbo, n=
4,678, Joongang Ilbo, n = 6,437, Donga Ilbo, n =
3,445) mentioning the same keywords are scraped.
The articles were harvested over the 2009-2022
period. A third corpus of descriptions of news
articles from Naver represents New Media. The
Naver data were accessed using the official Naver
News API and used to search for 10,338 articles
mentioning the same keywords. Only the short de-
scription of each article and publishing date were
obtained, as the official API limits the number of
articles scraped by query to 1000 titles and the har-
vest to the description of the articles rather than
the full text. Topic modeling algorithms are used
to discover hidden semantic structures, and infer
and generate coherent topics by generating con-
textual word and sentence vector representations.
BERT(Devlin et al., 2019) is based on the encoder
component of the Transformer model (Vaswani
et al., 2017), which reads the text input, and uses
it to then generate a language model. In addition,
the Class-Based TF-IDF Procedure (Grootendorst,
2022) , aggregates all the documents for each topic,
to then extract the meaningful words from the entire
topic. To distinguish topics from one another based
on those cluster words, the class-based TF-IDF
(Term Frequency - Inverse Document Frequency)

is carried out. This formula is an adaptation of the
TF-IDF formula, which measures the importance
of a word to a document. To obtain the importance
of a word to a topic, the c-TF-IDF takes into ac-
count topic class which a document is assigned.
This gives a more accurate and meaningful repre-
sentation of the importance of terms within specific
classes or topics, resulting in an effective topic mod-
eling with BERTopic. Furthermore, to explore the
potential hierarchical structure of the topics from
the matrix created, hierarchical clustering visual-
ization is performed. The similarity between two
c-TF-IDF topics is determined by their distance,
where a smaller distance indicates a higher level
of similarity. In BERTopic, the merging of topics
is achieved through the common linkage method
“ward” (Ward Jr., 1963), or “Ward’s minimum vari-
ance method”. The formula calculates the increase
in variance that would occur if two clusters were
combined and compares it to the increase in vari-
ance for other potential merges. It selects the pair
of clusters with the smallest increase in variance
as the most similar. The tokenizer of the multilin-
gual BERTopic model is changed to the Korean
tokenizer Mecab, for a better analysis of the Ko-
rean language, and the model is fine tuned with
the cleaned, dated, Korean corpus. The number
of topics to extract is set to 31. In order to ob-
tain the most coherent topics, a seeded model is
performed. Seeded topic modeling is realized by
giving the model a list of seed topics with key-
word attributes. These guide the topic model to
converge towards the topics we want to examine
in the documents. However, if those topics do not
exist, they will not be modeled. The detailed seed
topic list is available alongside the source codes
at github.com/claraldel/BERTopic-korean-tweets-
newsarticles-migration-discourse. In order to inte-
grate socio-political concepts of class struggle into
the language model and combine critical discourse
analysis with structural topic modeling, we design
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Figure 2: Trends of relative interest in “Refugees” and “Migrants" as frequency of search terms in Naver search

engine

a frame of study of the migration topics, which is
fed to the model as a seeded topic list. This man-
ual guiding of topics departs from a typical non
guided topic modeling, and gives the model a delib-
erate perspective for a theoretically contextualized
text analysis. Using the BERTopic multilingual
model for topic modeling, with the MeCab tok-
enizer (Kudo, 2005) for the Korean language, and
an added step of dynamic topic modeling, the de-
velopment over time of the semantic meanings of
migration related concepts in South Korea is in-
vestigated. As a quantitative method of discourse
analysis, topic models offer voluminous statistical
textual information, which can be used to study the
structures of text in their historical and sociopo-
litical context. Through a study over time and a
comparison between the voice of the elites and the
voice of the public, we can uncover the relation
between media coverage and the assumptions and
values towards migrants reflected in the online dis-
course. Through topic modeling, the shaping of
the migration narrative by the mass media, and the
root of the hate on migrants is analyzed.
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3 Related Work

A frame analysis based on topic modeling using
LDA clustering (Pavlova and Berkers, 2022; "Gal-
lagher et al., 2017) was proposed to explore the pub-
lic perception of a divisive concept. They manually
defined frames and associated them with top words,
which served as the basis for Latent Dirichlet Al-
location clustering. This approach facilitated the
identification of unique frames for discourse analy-
sis. Building on this methodology, we adopt a sim-
ilar approach by constructing a theoretical frame,
a seed topic list, to extract balanced and insight-
ful topics. A study(Nozza et al., 2022) focused on
investigating language use towards specific social
identities, particularly within the LGBTQIA+ com-
munity trained a model to complete sentences using
LGBTQIA+ related templates and measured harm-
fulness scores, revealing identity-based attacks. In
our work, we use another potential of the BERT
model to analyze the language employed in rela-
tion to specific social identities, by studying the
semantic distance between topics whose subjects
are also groups of migrants defined by their social
identities.
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Figure 3: Barcharts of the topics in the articles harvested from Chosun Ilbo, Joongang Ilbo and Donga Ilbo

4 Analysis

Naver’s search trends show frequent search terms
in Naver’s search engine. With 42 millions users,
Naver is the most popular search engine in South
Korea. Using the keyword research tool Naver Data
Lab, the frequency over time of the keywords “mi-
grants” and “refugees” searched in Naver. Figure
2 shows that a peak in relative interest in refugees
in 2018 followed the arrival of asylum seekers
escaping the Yemeni civil war in Jeju-do, which
was heavily covered in the media, portraying the
male refugees as dangerous. The public opinion
of refugees worsened to the point of the organi-
zation of protests to oppose the acceptance of the
asylum seekers. Figure 3 is the topic modeling of
the corpus of news articles harvested from three
major newspapers, Chosun Ilbo, Joongang Ilbo and
Donga Ilbo, and shows distinct noteworthy frames.
The top left most theme (topic 1, n = 304 articles
) in figure 3 shows a focus on Western conserva-
tive views on migration, which are reproduced with
representative keywords of the topic being: Trump,
President, America, Democratic, Party, Republi-
can, Candidate, Election, Biden, House, Congress-
man, Senate, illegal, immigration,Government, Ex-
ile, Minister. The third most predominant topic
(topic 3, n =210 articles) presents a criminalization
framework of foreign workers, with the following
keywords: Foreigners, Immigration, Policy, Work-
ers, Ministry of Justice, Sojourn, Immigration poli-
cies, Employment, Expansion, Manpower, Gov-
ernment, Country, Budget, Population, Visa, Im-
migration, Employment, Illegal, Libya. The topic
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describes foreign workers, but not their work con-
ditions. Rather, “Ministry of Justice”, “illegal”,
“Sojourn”, “Visa”, show a focus on their legal sta-
tus. This criminalization framework is also found
in topic 6 (n = 161 articles) , with the following
representative keywords: China, Visa, Jeju, Taiwan,
Hong Kong, Lithuania, Italy, Smuggling, Govern-
ment, Foreigner, illegal stay. The strong associa-
tion between migrants and crime forms a negative
sentiment. This main criminalization framework
is present in all topics describing migrant work-
ers. Topic 10 (n = 78) describes migrant workers,
and associates them with the “illegal” term. The
keywords for topic 10 are: Food, Seasons, Farm-
ers, Vietnam, Labour, Workers, Farming, Corona,
Illegal Stay, Grains, Rising, Entry, Potato. The
strong association of “illegal” with even the mi-
grants providing the country with provisions of
food illustrates how criminalizing migrant workers
allows for them to be exploited by the government
without public outrage and resistance. Several top-
ics describe refugees with a strong Islamophobic
association with terrorism. Topic 7 (n = 94 articles),
which describes refugees and topic 8 (n = 87 arti-
cles), which describes terrorism, are overlapping.
The keywords for topic 7 are: Afghanistan, Taliban,
Pakistan, Kabul, Refugees, Islam, Humanitarian-
ism, US Army, Reign, Escape, Government, Stay,
problem. And for topic 8 are: terror, Islam, France,
refugees, Middle East, forces, Muslim, Italy, Paris,
Syria, Western Country, Al Qaeda, Bomb, Reli-
gion, War. This high coverage of terrorism in the
local mass media promotes a fear of terrorism in
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Figure 4: Frequency over time of the Topic 8 from the articles harvested from Chosun Ilbo, Joongang Ilbo and
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Figure 5: Similarity Matrix of the topics in the articles harvested from Naver News
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Figure 6: Hierarchical clustering of the topics in the tweets harvested in 2022

South Korea. The presence of the terrorism topic
(Topic 8) in a corpus of exclusively migrant related
articles, and the significance of the word “refugee”
in this cluster highlights the Islamophobic asso-
ciation with migrants, specifically refugees, and
terrorism. In figure 4, the frequency over time of
the Topic 8 (Terrorism) in the mass media corpus
shows how predominant it is in the media narrative
on migration. Another important framework is the
victimization framework, painting women migrants
as victims. Topic 21 (n = 32 articles) describes mi-
grant women with the following keywords: Women
, Prostitution, Business owner, Police, Violence,
suicide, victim, assault, male, report, Husband,
Crime, Incident, Business, Sexual assault, Damage,
punishment. Women migrants are both painted
as victims of “violence”, and as criminals, with
the criminalization of sex work, with “prostitu-
tion” and “police”. This victimization narrative
puts women as victims of individuals, (“husband”,
“male”), rather than systemic exploitation. Com-
bined with the criminalization narrative, women
migrants are distanced from claims to citizenship.
A prejudiced association with drugs is also found in
top 29 (m = 12 articles), grouping migrants with the
following keywords: Drugs, Thailand, Possession,
cultivation, firearms, production, Southeast Asia,
crime, Myanmar, Suspicion, Criminal, Regulation.
The Mass Media narrative shows three primordial
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characteristics. First, migrants are separated into
specific, and distanced groups, based on their social
identities, such as gender. Then, a criminalization
framework is applied, in particular to foreign work-
ers and, or, a victimization framework, in particular
to marriage migrants. Finally, an accrued coverage
of Western conservative migration policies, namely
USA and Germany’s policies, passes on Western
conservative views on immigration. In figure 5,
from the topic modeling of the New Media cor-
pus, the criminalization of migrants through the
keyword “illegal” shows a strong association of
specific subgroups of migrants with illegal status.
In topic 4 (n = 302 descriptions of articles), violent
police intervention is justified with the following
keywords: Police, Crime, Drugs, Suspicion, illegal,
assault, nationality, police station, stay, Thailand,
violation, police agency, arrest, police officer, for-
eigner, Male, Jeju . Specifically, male migrants are
covered as illegal. In contrast, women migrants
are associated with “support” , in topic 1 (n = 656)
, with the following keywords: Marriage, Family,
Women, Support, Center, Education. This shows
how both the criminalization frame and victimiza-
tion frame restricts the rights to citizenship for both
groups of migrants. Less salient topics however,
do offer a coverage focusing on social justice and
human rights. Topic 7 (n = 129) shows a high cov-
erage of the situation of refugees waiting at the
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Figure 7: Intertopic Distance Map Topic in the articles harvested from Chosun Ilbo, Joongang Ilbo and Donga Ilbo

Incheon airport before being allowed to apply for
the refugee status (keywords = Examination Rus-
sia Refugee Russians Conscript Ministry of Justice
Incheon Recognition Litigation Airport Referral
Court Forced Decision War Victory Korea Oppo-
nent cancel reject ) . Topic 3 (n = 392) shows a
coverage of migrant workers in exploitative work
conditions (keywords = Construction Employment
Workers Wages Foreigners Employment site ac-
cident survivors work foreign children Juno Lee
Worker Constitution Hanam Factory Manufactur-
ing Late Payment Provision ). Topic 5 (n = 261)
also mentions the fatal consequences of the ex-
ploitation of migrant workers (keywords = Season
Farm Worker Rural Pig Foreigner Professor Farm-
house Agriculture Organic Cadaver Batch worker
remark employment farmer entry manpower short-
age when work ). Topic 10 (n = 113) focusing
on the repressive refugee application process (key-
words = discrimination hate human rights regula-
tion registration minorities society residents gov-
ernment halfhuman race immigrants Refugees Ille-
gal Equality Deportation Groups Women Respect
Suggestion ), and topic 12 (n=75) even shows com-
passion and union, not pity, with the immigrants
undergoing this administrative process (keywords
= labor worker Juno Lee dongja employment il-
legal problem field union discrimination human
rights violence environment workplace regulation
condition wage relocation registration construction
). In figure 6, the topic modeling of the corpus of
Tweets harvested in 2022 generated several remark-
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articles harvested from Naver News

able topics. The first topic ( n = 7641 tweets) in the
public debate on migration focuses on South Ko-
rean locals migrating to Japan (keywords = Japan
Visa Japanese Tourist Visa Travel Immigration ).
Locals are describing their own experiences as im-
migrants, troubles with visa processing, adminis-
tration, integration in the country. This reveals a
common experience as migrants between locals
and immigrants. This is a primordial source of un-
derstanding. The second topic (n= 8069) shows a
desire for communication with foreigners, as class
friends. (keywords = English School Speak I To-
day Foreigner Class Friend ) . The third topic (n =
7622), shows compassion with migrants in vulner-
able situations ( keywords = Refugees Foreigners
Ukraine Women Marriage) . However, the topic 26
(n = 615), with victimization keywords (keywords
= Refugees Syria Ukraine United Nations Children
UNICEF ), presenting a focus on children, shows
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Figure 9: Intertopic distance map of the topics in the tweets harvested in 2022

how this compassion is not turned into political
activism, but distracted towards pity, charity, and
an individual responsibility to donate to NGOs. In
figure 7, the intertopic distance map from the topic
model of Mass Media articles show clusters of top-
ics distinctively distanced from each other. On
the right, migrants in charge of education are vastly
separated from groups of migrants on the top rights,
associated with drugs. On the contrary, topics of
refugees and terrorism are overlapping. The inter-
topic map shows the associations between refugees
and Islamophobic tropes, and the fragmentation of
the groups of migrants in the discourse. In figure 8,
the intertopic distance map from the topic model
of New Media articles shows a strong separation
between refugees (on the top right of the map) and
migrant workers with the description of their ex-
ploitation (bottom left of the map) . The victimiza-
tion frame (with “women” and “refugees”) and the
criminalization frame (with “police” and “drugs”)
are close. In figure 9, the intertopic distance map
from the topic model of 2022 Tweets show clus-
ters with overlapping topics on the right. Twitter
users talk about their shared experiences (with visa,
and as learners of English, Korean, Japanese). It
is a source of union through shared experiences
in the same country. On the left, separated topics
are distanced based on social identities, such as
nationality and sexual orientation.
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5 Discussion

By framing migrants as criminals or threats to so-
cial order through the criminalization framework,
the media perpetuates a narrative that justifies op-
pressive immigration policies and reinforces divi-
sions within the working class. With the chari-
table framework, the media frames refugees and
women migrants as passive victims, reducing them
to non-political recipients of aid. Migrant women’s
victimization in the media undermines systemic op-
pression: their experiences are reduced to instances
of personnel, individual suffering, diverting atten-
tion from the systemic factors that contribute to
their exploitation. Similarly, mass media’s appeal
for charity and individual donations to aid refugees
abroad, while neglecting to address the issue of
visa recognition, individualizes and depoliticizes
the refugee crisis, shifting the responsibility to in-
dividual acts of compassion. The mass media’s
categorization of migrants into separate groups, di-
viding them into simplistic and stereotypical roles
such as women as victims, or men as violent crimi-
nals, perpetuates a distorted narrative. By focusing
on certain subgroups of migrants, the media ob-
scures the systemic causes of migration, such as
economic exploitation, political instability, and im-
perialist policies. This selective portrayal creates a
false dichotomy of "good" versus "bad" migrants,
perpetuating divisions among the working class.
The study finds that the public shares experiences
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with immigrants, specifically struggles with visa
regulations and language learning. It does not pas-
sively accept the divisive portrayal of foreigners
by the mass media, and seek alternative narrative
in new media, which covers the experience of im-
migrants with a human rights framework. To en-
courage this potential for union, it is necessary to
challenge the categorizations of migrants shaping
the narrative in the mass media.

6 Limitations

The mono-thematic corpora were centered around
the migration theme, overlapping topics remained.
While the seed topic list improved the definition of
topics, the majority of the data was still categorized
in the topic -1, 0 and 1. Modifying the parameters
of the model, particularly of the UMAP dimension-
ality reduction model, slightly improved this issue.
The predominance of topic -1 is an important lim-
itation in this experience, as the top three words
clustered in topic -1 included “women”, “marriage’
in the Mass Media corpus, and “married”, “female”
in the New Media corpus. Efficiently decreasing
the size of topic -1 may provide information on the
shaping of the narrative on gender and migration.
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