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Abstract

In the appreciation questions of prose reading comprehension, the appreciation exam-
ination of anthropomorphic sentences is quite frequent. At present, the existing work
only identification and extracts the ontological elements in the personification sentence,
which has the problem of incomplete element extraction. Especially, when there are
multiple ontologies in the sentence, the corresponding relationship between the person-
ification word and each ontological element needs to be identified. In order to solve
these problems, this paper proposes a method of identification and element extrac-
tion of personification sentences based on character feature enhancement. Using the
characteristics of specific areas, the vector enhanced is represented for the sentence, the
conditional random field model is used to identify the ontological and anthropomorphic
elements in personification sentences. On this basis, the self-attention mechanism is
used to detect the relationship between the elements, information exchange of between
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the element synchronization and relation synchronization mechanism is used to update
input of element identification and relation detection. The experimental results show
that the proposed method is better than other models for the extraction of <noumenon,
personification word> on a self-built anthropomorphic dataset.

Keywords: Personification , Vector representation , Element extraction , Relation
detection , Synchronization mechanism
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BERT-+CH(®AHKES, 2020): ZEAI R ABILSTM-CRF ) 77 A B A B AR - Gmil
Bar s sy, —REMABERTHEE| E T X mERR, Z2HMIHABERT, segmentidHEZ A
YIFHIE (1800) Fox, PHETSE - EBENE MR DU E R AR Z Ik Rttt —9
o -

WHF (X8 et al., 2021):3Z 2 I Embedding/Z 8 18] 14 ] & AAPEFHE O PF L -« IR
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BERT+CH+SDRN(B+C+S):¥f FiABERT+CHAISDRN /7 V£ #1745 6, fESDRNHI 4w Y
FEHHFEBERT, segmentid & & N APFHE (1800) FoR -

SDRN+SMHSA (Liu et al., 2020)(S+S): % # & % SDRN#E A i 3¢ R & Ml 5 4 #e
ﬂ%SMHSAﬁ?&EPE@%% EIEE R TV - SMHSAR) FEEAL S5 R B G SRR K R B, 53K
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5.3 SLREERG5HT
I SRR H AR 7E SR AR AEE A AT FL AR, S5 SR AnF 2P

e NG AT <A, NI >

P R F1 P R F1 P R F1

BERT+CH | 88.58 | 86.22 | 87.39 | - - - -
W+F 91.44 | 92.80 | 92.16 | 75.42 | 82.92 | 76.69 | - - -
SDRN | 90.57 | 92.78 | 91.66 | 81.42 | 85.25 | 83.29 | 80.23 | 80.63 | 80.43
B+C+S | 88.54 | 87.71 | 88.12 | 81.87 | 85.33 | 83.65 | 78.58 | 70.27 | 74.36
S+S 91.39 | 92.85 | 91.97 | 82.09 | 86.62 | 84.10 | 71.21 | 61.38 | 65.77
Ours 92.24 | 93.31 [ 92.77 | 82.94 | 85.87 | 84.38 | 81.98 | 81.73 | 81.80
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<A, AT >
P R F1
-feature 80.23 | 80.63 | 80.43
-ESM 80.97 | 79.76 | 80.36
-RSM 80.28 | 81.38 | 80.83
-ESM+RSM | 78.39 | 81.75 | 80.04
Ours 81.98 | 81.63 | 81.80
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