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Abstract

If the search results can consider topics or similar situations, we can find results that are more
in line with user’s expectations. Therefore, our research uses neural network and document
concept graph to explore the topics or semantics similarity. The experimental results show
that the best macro-F1 is 70.0% in the classifier trained via the neural network. Combined
with the calculation of the concept graph of the document, the nDCG score can reach 0.959 in
terms of the similarity between the search content and the results. This proves that the results
based on the neural network and the document concept graph can be used to complement and

enhance the performance of information retrieval.
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