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Abstract

In traditional stance analysis, questionnaire survey or telephone survey are often used to
know the opinions of each person under different topics. However, due to the traditional
statistical methods, the sample size is too small to get good result. Existing methods are
usually based on sentiment lexicon, Convolutional Neural Network (CNN) or Recurrent
Neural Network (RNN). And the text features are based on N-Gram or TF-IDF, which do not
help to understand the semantics of the text. This research proposes to use Word2Vec for
word embedding and combine the LDA to obtain the text feature. For stance detection, we
use Support Vector Machine (SVM) to train the classifier to detect the subjectivity of texts,
and to predict user stances.

In the experiment, we used the data from SemEval-2016 Stance Detection Task, and use a
variety of evaluation methods (F-Measure, Accuracy, Precision, Recall) to evaluate
performance. Compared with SemEval-2016 official baseline and other teams scores, our

proposed method can get better result on average (F-Measure : 83.36%).
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