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Abstract

This paper introduces AURADIAL, a large-
scale, human-centric dialogue dataset for Chi-
nese Al psychological counseling, comprising
over 300,000 single-turn dialogues and 90,000
multi-turn dialogue sessions. A key distinction
of AURADIAL is its instruction set, primarily
derived from real-world user queries, better re-
flecting genuine expression patterns compared
to synthetic or template-based alternatives. Fur-
thermore, we propose an innovative rephrasing-
based data generation methodology designed
to foster more human-like and empathetic re-
sponses, addressing a common shortcoming in
Al-generated dialogue. Experimental results
demonstrate that models fine-tuned on AURA-
DIAL significantly outperform those trained
on other public datasets in generating empa-
thetic and relevant replies. AURADIAL offers
a novel, valuable resource to the Chinese NLP
community for advancing Al in psychological
counseling.

1 Introduction

Mental health is a growing global public health con-
cern (Organization, 2022; Huang et al., 2019). Arti-
ficial intelligence shows significant potential in pro-
viding accessible, scalable psychological support
(Chen et al., 2024c), and integrating such support
into conversational Al has profound social signifi-
cance (Li et al., 2023b; He et al., 2023; Zheng et al.,
2023). Developing culturally aware Al counseling
resources is crucial, particularly for the Chinese
context, where high-quality datasets are founda-
tional but scarce (Sun et al., 2021; Zhang et al.,
2024; Chen et al., 2025).

To address this scarcity, the field has increasingly
relied on synthetic data generation using large lan-
guage models (LLMs) (Wang et al., 2023; Taori
et al., 2023; Ding et al., 2023). While this approach
enables the creation of large-scale datasets, it has
introduced a distinct set of challenges that limit the

development of genuinely effective Al counselors.
A primary issue lies in the authenticity and diver-
sity of the generated content. Instructions are often
synthetic or template-based, failing to capture the
complexity, emotional nuance, and ambiguity char-
acteristic of real-world help-seeking expressions
(Chen et al., 2024b; Zeng et al., 2024). Conse-
quently, Al-generated responses often lack deep
empathy, exhibiting an impersonal quality com-
monly described as an “Al feel” that can alienate
users and erode trust (Qu et al., 2023; Liu et al.,
2025). This reliance on purely synthetic dialogues
risks creating an echo chamber, where models learn
the stylistic biases of their predecessors rather than
the patterns of genuine human interaction, leading
to limited thematic coverage and poor generaliza-
tion to real-world scenarios (Shumailov et al., 2024;
Alemohammad et al., 2024).

Our Contributions To address these gaps, we
present AURADIAL, a large-scale, human-centric
dialogue dataset for Chinese psychological counsel-
ing, with over 300,000 single-turn and over 90,000
multi-turn dialogues. Our key contributions are:

* Authentic and Diverse Instructions: AU-
RADIAL’s instructions are primarily derived
from real-world user queries, better reflect-
ing genuine expression patterns and diverse
real-world scenarios compared to synthetic
counterparts.

* Innovative Empathy-Enhancing Methodol-
ogy: We propose a novel rephrasing-based
synthesis pipeline to generate more human-
like, empathetic replies, validated by exper-
iments showing superior performance (Sec-
tion 4.3).

* Broader Topic Coverage: Our dataset spans
a significantly broader range of themes than
existing resources, offering a novel asset for
the community (Figure 1).
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2 Related Work

2.1 Chinese Counseling Datasets

Recently, several notable Chinese psychological
counseling datasets have emerged in the field.
Chen et al. (2023) constructed the SoulChatCorpus,
which is designed to enhance models’ empathy, lis-
tening, and comforting abilities through multi-stage
processing and transformations by large language
models (LLMs). Zhang et al. (2024) proposed
CPsyCounD, a dataset distinguished by its recon-
struction of multi-turn dialogues from real psycho-
logical counseling reports. These dialogues cover
a wide range of topics and counseling approaches
and were generated using the Memo2Demo method.
Qiu et al. (2024) expanded the single-turn Q&A
dataset PsyQA into SMILECHAT, a large-scale
multi-turn psychological support dialogue dataset.
Similarly, Qiu and Lan (2024) explored a paradigm
in SimPsyDial where two LLMs engage in role-
playing as counselor and client to simulate coun-
seling dialogues. Collectively, these works offer
valuable data resources and diverse construction
methodologies for advancing research in Al-driven
Chinese psychological counseling.

2.2 Synthetic Dialogue Data

Parallel work scales instruction—response data with
minimal human labor. Wang et al. (2023) introduce
bootstrapped instruction synthesis from a small hu-
man seed, and Taori et al. (2023) demonstrate that
lightweight, model-generated instruction corpora
can effectively tune general models. For multi-
turn settings, Ding et al. (2023) synthesize large
conversational datasets via iterative prompting and
role-playing continuations.

Beyond coverage, recent work explores how to
shape supportive tone. Empathy-focused rewriting
edits low-empathy drafts into warmer, validating
replies while preserving semantic intent (Sharma
et al., 2022; Qu et al., 2023). At the same time, the
community warns that training predominantly on
model-generated corpora can induce distributional
drift and recursive degradation (Shumailov et al.,
2024; Alemohammad et al., 2024). Informed by
these lessons, we use rephrasing to steer style to-
ward human-centric empathy, while grounding the
instruction side in real-world queries to mitigate
feedback-loop artifacts and improve robustness to
genuine counseling scenarios.

Dataset Samp. Tot. LL. R.L.
SoulChat(2023) 258K 200M 414  90.0
CPsyCounD(2024) 3.1K  22M 33.7 56.0
SMILE(2024) 66K 50M 34.1 85.8
SimPsyDial(2024) 1K 1.6M 54.1 70.8
Ours 399K 447M 2522 654.2

Table 1: Comparative statistics of AuraDial against
other prominent open-source Chinese psychological
counseling datasets. Samp.: Samples; Tot.: Total chars;
LL. & R.L.: Avg. instruction & response length (chars).

3 The AURADIAL Dataset

3.1 Dataset Composition and Statistics

AURADIAL comprises over 300,000 single-turn
dialogues and over 90,000 multi-turn dialogue ses-
sions. Table 1 compares AURADIAL with other
Chinese psychological counseling datasets, under-
scoring its significant advantages in scale. Notably,
the substantially longer average instruction length
(I.L.) in our dataset reflects the authenticity of the
collected user queries, which are more detailed and
complex than synthetic ones. Illustrative examples
are provided in Appendix D.

To illustrate AURADIAL’s topic diversity, we
randomly sampled up to 40K instructions from our
dataset and from each comparative dataset. We
then obtained embeddings for these instructions us-
ing bge-m3 (Chen et al., 2024a) and visualized
them with UMAP (Mclnnes et al., 2020) (Fig-
ure 1). The visualization reveals that AURADIAL’s
instructions occupy embedding space regions dis-
tinct from those of existing datasets, indicating
broader topic coverage and novel thematic areas
for the research community. This visual evidence
of diversity is further supported by a quantitative
topic modeling analysis. A detailed list of the top-
20 identified themes is provided in Appendix B.

3.2 Instruction Sourcing and Ethics

Instruction Data Sources High-quality instruc-
tions are foundational. Unlike many existing
datasets that rely on manually designed or template-
based queries, AURADIAL prioritizes authentic in-
structions. Real user queries are typically longer,
more colloquial, emotionally complex, and occa-
sionally ambiguous (see Appendix D, Fig. 4). AU-
RADIAL’s instructions are primarily sourced from
real user queries on public Chinese psychological
counseling websites. We also integrated authentic
data from open-source datasets (e.g., 3.3% from
SoulChat (Chen et al., 2023)) and enhanced di-

2848



UMAP Embedding Visualizations

All Datasets Comparison
* "

CPsyCounD .

e Ours °

MeChat_SMILE .

Ours & CPsyCounD
L H o

’

Ours & MeChat_SMILE

e  SoulChatCorpus

SimPsyDial

Figure 1: UMAP visualization of instruction embeddings from AURADIAL and four other datasets, illustrating their
thematic distribution. Each point represents an instruction embedding. The distinct clustering of AURADIAL (in
purple) highlights its unique and broader topic coverage compared to the more concentrated distributions of existing
datasets. A random sample of up to 40K instructions per dataset was used for this visualization.

versity by translating, then manually proofreading
and culturally adapting, high-quality non-Chinese
datasets like psychologist_answers (2023).

Ethical Considerations and De-identification
Ethical considerations and user privacy were
paramount throughout dataset construction.

1) Source Compliance: Data was sourced only
from public websites or explicitly open-licensed
datasets. 2) Anonymization: Personally identi-
fiable information (PII) in web-sourced data was
rigorously removed via automated scripts and man-
ual review. Open-source data underwent secondary
heuristic checks. 3) Content Filtering: To balance
authenticity and suitability, we used Qwen2.5-32B-
Instruct (Qwen et al., 2025) to screen the raw data,
removing inappropriate content while preserving
genuine help-seeking queries. 4) Manual Review:
Final spot checks ensured the dataset’s appropriate-
ness, anonymity, and quality.

3.3 Data Construction Pipeline

As shown in Figure 2, the data construction pro-
cess aims to generate large-scale, high-quality, and
highly empathetic dialogue data.

(a) Initial Instruction Pool Construction Real-
world instructions from public sources, after de-
identification and content filtering, formed the basis
of an authentic and diverse initial instruction pool.

(b) Rephrasing-based Response Synthesis for
a High-Quality Seed Pool Our core method-
ological innovation stems from a key observation:
rephrasing existing responses, rather than direct
generation from a prompt, more effectively elic-
its model empathy (Qu et al., 2023; Sharma et al.,
2022). We hypothesize this is because the rephras-
ing task constrains the model’s output space, forc-
ing it to focus on mastering expressive nuance and
emotional attunement rather than content invention.

This deliberate choice to synthesize counselor
responses, rather than including scraped responses
from real counselors, was driven by two primary
considerations. First, sourcing real counselor re-
sponses without explicit licenses poses significant
ethical and copyright challenges. Second, real-
world online responses vary in quality and style.
Our pipeline functions as an expert-guided quality
control mechanism, ensuring all responses in AU-
RADIAL are uniformly empathetic and suitable for
training a dependable Al assistant. The scarcity of
publicly available, high-quality human counselor
data is the precise gap our work addresses with a
scalable and ethically sound methodology.

Initially, a diverse set of state-of-the-art (SOTA)
models (DeepSeek-V2.5 (DeepSeek, 2024), GLM-
Z1-32B (GLM et al., 2024), Qwen2.5-72B-Instruct
(Qwen et al., 2025)) generated varied base re-
sponses. Then, a more powerful model, DeepSeek-
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Figure 2: The data construction pipeline for AURADIAL. The process flows from sourcing authentic queries to a
core rephrasing-based synthesis stage, which generates a seed pool used to train models for large-scale single-turn

and multi-turn data expansion.

V3-0324 (DeepSeek-Al et al., 2025b), refined these
using meticulous rephrasing prompts, creating a
seed pool of over 30K high-quality instruction-
rephrased response pairs.

These pairs exhibited stability, high quality, and
low stylistic correlation with the initial response
generator. The prompt is shown in Figure 7.

From this seed pool, we trained two auxiliary
models based on Qwen2.5-14B-Instruct (Qwen
et al., 2025), chosen for its balance of capability
and training efficiency:

¢ Prompt Synthesizer: Learns from seed pool
instructions to generate diverse, realistic user
queries.

* Response Rephraser: Trained on the seed
pool’s initial responses (input) and rephrased
responses (output) to specialize in enhancing
reply empathy and naturalness.

(c) Synthetic Data Expansion Auxiliary mod-
els expanded the dataset. The Prompt Synthesizer
generated new instructions, deduplicated against

the existing pool via prefix/suffix matching and n-
gram overlap. For these instructions, the models
listed in Section 3.3 first produced initial responses,
which our Response Rephraser then rewrote into
final single-turn replies.

(d) Role-play-based Multi-turn Dialogue Synthe-
sis High-quality single-turn data was extended
to multi-turn dialogues. We found that capable
dialogue models, given context and explicit role
instructions via simple prompts, can effectively
continue conversations while maintaining role con-
sistency. This extended single-turn data into multi-
turn dialogues, maintaining coherence and thematic
consistency. The prompt is shown in Figure 8.

4 Experiments

We conducted comparative experiments to validate
AURADIAL’s effectiveness, particularly for enhanc-
ing model empathy.

4.1 Experimental Setup

Qwen2.5-7B-Instruct served as the base model for
all fine-tuning experiments. We sampled 30K dia-
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Figure 3: Pairwise win rates of the model fine-tuned
on AURADIAL against models fine-tuned on four other
datasets. Results are based on a blind evaluation of 100
authentic test queries, judged by three SOTA LLMs.
The results demonstrate a consistent and significant per-
formance advantage for the AURADIAL-trained model.

logues each from AURADIAL and four other pub-
lic Chinese psychological counseling datasets. We
fixed the training set size to ensure a controlled
comparison; because AURADIAL is substantially
larger than some alternatives, standardizing the size
helps isolate data quality from quantity. The base
model was then fine-tuned on each sampled dataset
using LoRA (Hu et al., 2021), yielding five distinct
models. All experiments used identical hardware
for fairness.

4.2 Evaluation Metrics

To ensure an unbiased assessment of real-world
performance, we curated an independent test set
of 100 authentic user queries, sampled from public
platforms and unseen during any training stage.

Each of the five fine-tuned models generated re-
sponses to these 100 queries. For each query, the
response from the AURADIAL-trained model was
paired against those from models trained on the
other four datasets. While acknowledging that hu-
man evaluation is the gold standard, we designed a
rigorous LLM-based protocol to serve as a strong
and scalable alternative. To mitigate single-judge
bias, a known risk in LLM-based evaluation, we
employed a panel of three distinct, SOTA LLMs as
judges: GPT-40 (OpenAl et al., 2024), DeepSeek-
R1 (DeepSeek-Al et al., 2025a), and Qwen2.5-Max
(Qwen et al., 2025). The response pairs were shuf-
fled and anonymized before being presented to the
judges, who performed a blind, pairwise compar-
ison based on empathy, problem understanding,
relevance, and helpfulness, indicating which was
superior or if they were comparable (judge prompt
in Appendix, Fig. 9).

Win Rate Calculation For each pair, if a judge
preferred the AURADIAL-trained model’s response,
it scored 1 point (opponent 0), and vice-versa. Be-
cause of the prompt design, ties could not occur.
Each of the three judges contributed % to the pair’s
total score. We then calculated the AURADIAL-
trained model’s average win rate against each of
the other four models.

4.3 Results and Analysis

As shown in Figure 3, the model trained on AU-
RADIAL achieved consistently higher win rates
against all models trained on other datasets. This
demonstrates that fine-tuning on AURADIAL more
effectively improves model performance in psycho-
logical counseling contexts, especially regarding
empathy and user understanding. Since the same
base model and fine-tuning methodology were used
for all conditions, these findings directly validate
the superior quality of our dataset and the effec-
tiveness of our construction strategy, particularly
its use of authentic instructions and the rephrasing-
based response generation pipeline.

5 Conclusion

This paper introduced AURADIAL, a large-scale,
human-centric dataset for Chinese Al psycholog-
ical counseling, designed to overcome key limita-
tions in existing resources: inauthentic instructions
and synthetic responses that lack empathy. Our
work makes two primary contributions: we ground
our dataset in a large and diverse set of real-world
user queries, and we propose a novel rephrasing-
based synthesis pipeline to generate counselor re-
sponses. This methodology deliberately constrains
the generation task to focus on enhancing stylistic
and emotional nuance, proving more effective for
cultivating empathetic style than direct generation.

Our experimental results robustly validate this
approach. In blind, pairwise evaluations, a
model fine-tuned on AURADIAL significantly out-
performed models trained on four other public
datasets, demonstrating its superior ability to gen-
erate empathetic and relevant replies. By providing
both a high-quality, large-scale dataset and a princi-
pled methodology for its creation, we believe AU-
RADIAL will serve as a foundational resource for
the community. It paves the way for the develop-
ment of more nuanced, trustworthy, and genuinely
supportive Al counseling systems, ultimately con-
tributing to more human-centric conversational Al
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Limitations

Although AURADIAL represents a significant ad-
vance, its limitations stem from its data sourc-
ing, composition, and synthetic nature. First, the
dataset’s instructions are sourced from public on-
line platforms, which may introduce demographic
and topical biases and may not fully represent the
entire spectrum of psychological counseling needs.
The inclusion of translated data, despite careful
proofreading, might also introduce subtle cultural
or emotional nuances not present in the original
text. Consequently, while our analysis shows broad
coverage, niche scenarios or specific psychological
disorders may remain underrepresented.

Second, further limitations arise from our data
generation and evaluation methodologies. The
counselor responses, though enhanced through our
innovative rephrasing-based and role-playing strate-
gies, are synthetic. As such, they may lack the
strategic depth and improvisational skill of human
counselors and could contain model-specific arti-
facts. Furthermore, our evaluation relies on LLM
judges, which, while scalable and robust, primarily
assess text-level empathetic expression. This serves
as a proxy but cannot fully capture the complex,
multifaceted nature of how humans perceive em-
pathy. Future work should diversify data sources,
incorporate human-written responses, and develop
more comprehensive evaluation frameworks that
include direct human feedback.

Ethics Statement

The development and release of the AURADIAL
dataset were guided by a strong commitment to
ethical principles, focusing on user privacy, data
integrity, and responsible Al application in the sen-
sitive domain of mental health. Our ethical frame-
work centered on meticulous data curation and ro-
bust privacy protection. All data were sourced ex-
clusively from publicly accessible platforms or ex-
plicitly open-licensed datasets. We implemented a
rigorous de-identification process, combining au-
tomated scripts with manual review, to remove
personally identifiable information (PII). Further-
more, all raw data underwent automated content
screening and manual spot-checks to filter for inap-
propriate or harmful content while preserving the
authenticity of genuine help-seeking queries.

We acknowledge that the dataset is not without
inherent biases and risks, which necessitate its re-
sponsible use. Potential biases may arise from the

online platforms, the translation process, and the
LLMs used for generation. Researchers should
consider these factors when interpreting model per-
formance. Most importantly, AURADIAL is in-
tended for research purposes only. Models trained
on this dataset are not a substitute for professional
human counselors and should not be deployed in
real-world applications without rigorous testing,
safety mechanisms, and human oversight. There
remains a risk of models generating inappropriate
or harmful advice, particularly in critical situations.

To foster transparency and collaborative inno-
vation, AURADIAL will be made openly available
to the research community under a license explic-
itly restricted to non-commercial use. Access will
require agreeing to a data usage agreement that
mandates adherence to the ethical best practices
outlined in this statement. The authors are com-
mitted to maintaining transparency regarding the
dataset’s construction and limitations and welcome
feedback from the community to guide its respon-
sible evolution and application.
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A Experimental Details

UMAP Parameters In the visualization (Fig-
ure 1), the main parameters for UMAP are set as
follows:

* n_neighbors=15
* min_dist=0.1

* n_components=2
* metric='cosine'
* random_state=42

* Parallel computation is utilized
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LoRA Training Parameters In the experiments
(Section 4), the training parameters for LoRA are:

* 2 epochs

* batch size of 8

* learning rate of 1 x 1074
e rank of 8

e alpha of 32

B Topic Modeling Analysis

To provide a more quantitative assessment of the
dataset’s content diversity, we performed a topic
modeling analysis on our entire instruction set. The
results confirm that AURADIAL covers a broad and
relevant range of authentic psychological themes.
The top-20 themes are summarized in Table 2.

Theme Size (%)
Mental Health & Life Pressures 12.15
Relationship Dilemmas 11.69
Family Conflict & Emotional Distress 3.43
Adolescent Growth & Emotional Issues 3.38
Anxiety & Life Choices 2.24
Family Dysfunction & Anxieties 2.10
Infidelity & Relationship Crises 1.83
Family Conflict under Life Pressures 1.62
Past Traumas & Present Conflicts 1.49
Insecurity & Anxiety in Relationships 1.32
Low Self-Worth & Despair 1.14
Social & Relational Anxiety 1.02
Academic, Career & Social Difficulties 1.00
Unhealthy Relationships & Dysregulation 0.96
Breakup Pain & Loss of Self 0.81
Emotional Dilemmas 0.76
Impact of Depression on Life 0.72
Coping with Health & Life Changes 0.70
Pervasive Anxiety & Social Phobia 0.66
Behavioral & Self-Esteem Issues 0.63

Table 2: Top-20 themes identified through topic model-
ing on the AuraDial instruction set.

C Detailed Discussion of Related Work

C.1 Chinese Psychological Counseling
Dialogue Datasets

Artificial intelligence-assisted psychological coun-
seling has emerged as a significant and challenging
research area, with the application of LL.Ms gar-
nering increasing attention (Zhang et al., 2024).
The development of specialized dialogue systems
for mental health support necessitates a substan-
tial amount of multi-turn conversational data, a
demand that has become a research hotspot (Qiu

et al., 2024). However, the scarcity of counsel-
ing datasets, particularly Chinese datasets, signifi-
cantly constrains the application and advancement
of LLMs in psychological counseling (Chen et al.,
2025). This scarcity underscores the urgent need
to construct high-quality, culturally relevant Chi-
nese datasets, which are crucial for advancing Chi-
nese NLP research and the progress of localized Al
counseling applications. Numerous excellent open-
source Chinese psychological counseling datasets
have already emerged. The enrichment of such
datasets can effectively foster innovation within the
Chinese NLP community, leading to the develop-
ment of more effective and culturally sensitive Al
mental health support systems.

SoulChatCorpus SoulChatCorpus (Chen et al.,
2023) was primarily generated using LLMs. For
this dataset, over 200K question-answer pairs were
initially collected through crowdsourcing, which
were subsequently converted into multi-turn dia-
logues using ChatGPT. Its main characteristic is its
focus on empathetic dialogue and providing com-
fort, encompassing various expressions such as ask-
ing questions, comforting, acknowledging, listen-
ing, trusting, and providing emotional support. Its
strength lies in its large scale, offering abundant
empathetic dialogue material for fine-tuning LLMs,
thereby helping to enhance models’ capabilities in
empathy, active listening, and psychological sup-
port conversations.

CPsyCounD CPsyCounD was proposed by
Zhang et al. (2024). This dataset aims to cover
a wide range of psychological counseling scenar-
ios, incorporating 9 representative themes, and con-
tains 3.1K high-quality multi-turn counseling dia-
logues. CPsyCounD is primarily used for training
and evaluating LLMs in the Chinese psychological
counseling domain, particularly for enhancing their
professional counseling capabilities and promot-
ing the development of more effective Al-assisted
psychological support systems.

SMILECHAT The SMILECHAT dataset (Qiu
et al., 2024) was built upon PsyQA (Sun
et al., 2021), a Chinese single-turn mental health
question-answering dataset. It employed a tech-
nique called SMILE (Single-turn to Multi-turn
Inclusive Language Expansion) to convert these
single-turn Q&A pairs into multi-turn dialogues
using LLMs. SMILECHAT comprises 55K Chi-
nese multi-turn dialogues, covering 60 different
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dialogue topics. Its main innovation lies in propos-
ing a novel method to expand existing single-turn
data into multi-turn dialogues, thereby alleviating
the scarcity of multi-turn conversational data in the
mental health domain.

SimPsyDial SimPsyDial was proposed by Qiu
and Lan (2024). This dataset focuses on simulat-
ing psychological counseling dialogues between
counselors and clients. Client profiles were ex-
tracted from PsyQA, totaling 1,000 dialogues. The
dataset is intended for training and evaluating men-
tal health support dialogue systems.

Other Datasets We also note other commend-
able Chinese psychological counseling dataset ef-
forts within the community. Some of these are
earlier works that laid a foundational basis, such
as PsyQA (Sun et al., 2021), which is an important
Chinese mental health support question-answering
dataset that served as a source for the construc-
tion of subsequent multi-turn dialogue datasets like
SMILECHAT and SimPsyDial. Complementing
these dataset-centric efforts, projects like EmoLLM
(Team, 2024) provide the community with a suite
of open-source, fine-tuned models and configura-
tions adapted for mental health support.

Other works are not yet open-sourced, and
thus we cannot include them in our comparison.
For instance, MDD-5k (Yin et al., 2025) is pur-
ported to be the largest Chinese dataset for diagnos-
ing mental disorders, constructed based on 1,000
real anonymous patient cases, containing 5,000
high-quality long dialogues with diagnostic results
and treatment recommendation labels. PsylInsight
(Chen et al., 2025) claims to be the first inter-
pretable multi-task bilingual dataset for the mental
health domain. PsyDT (Xie et al., 2024) offers a
dataset constructed using LLMs that features per-
sonalized counseling styles.

C.2 International Psychological Counseling
Dialogue Datasets

The field of psychological counseling and emo-
tional support dialogue datasets has experienced
significant growth, especially in resources devel-
oped outside of China, which are predominantly
in English. This expansion reflects a broader trend
of leveraging Al to address global mental health
challenges. These datasets are more than mere
collections of text; they are critical infrastructures
driving Al research and development in mental

health, NLP, computational linguistics, and the re-
finement of LLMs for sensitive human-computer
interactions.

In the research of psychological counseling dia-
logue systems, several non-Chinese public datasets
have provided an important foundation for the
field’s development. ESConv (Liu et al., 2021)
is an English dataset focusing on emotional sup-
port conversations. Constructed with a seeker-
supporter dialogue pattern, this dataset was col-
lected through carefully designed training and qual-
ity control mechanisms, resulting in high-quality
dialogues annotated with rich support strategies.
ESConv not only defines a framework for the emo-
tional support dialogue task but also offers a valu-
able resource for training and evaluating dialogue
systems capable of providing effective emotional
support. Its dialogues typically revolve around spe-
cific life predicaments and are annotated with vari-
ous communication strategies such as questioning,
empathy, and providing suggestions.

Another noteworthy English dataset is Coun-
selChat (Bertagnolli, 2020), which was constructed
by scraping content from the public online psycho-
logical counseling platform counselchat.com. This
dataset contains a large volume of mental health
questions posed by real users and responses given
by professionally certified therapists, primarily pre-
sented in a single-turn question-answering format.
CounselChat provides researchers with an open
corpus for understanding real-world counseling in-
teractions, analyzing therapist response patterns,
and fine-tuning language models for application
in the mental health domain. It holds practical
significance for enhancing AI’s capabilities in psy-
chological guidance.

Furthermore, the HOPE dataset (Malhotra et al.,
2022) contributes a unique perspective by focusing
on dialogue understanding. Sourced from tran-
scribed and annotated YouTube counseling videos,
the dataset is designed for dialogue-act classifi-
cation. It introduces 12 domain-specific labels to
categorize the function of each utterance, such as in-
formation requests or emotional expressions. Con-
sequently, HOPE is tailored to support the analysis
of interaction dynamics and discourse functions
within counseling, rather than to facilitate end-to-
end dialogue generation.
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C.3 Synthetic Data for Instruction-Following
and Dialogue Generation

A large body of work has explored generating in-
struction—response pairs with minimal human labor.
Wang et al. (2023) proposed Self-Instruct, where a
seed set of human-written tasks bootstraps model-
generated instructions and outputs that are filtered
and fed back for instruction tuning. Building on
this recipe, Taori et al. (2023) released Alpaca’s
52K instruction-following demonstrations and later
Dubois et al. (2023) introduced AlpacaFarm, a sim-
ulation framework that replaces costly human pref-
erence signals with LLM-based feedback to iterate
on RLHF-style methods. These lines of work show
that high-coverage instruction corpora can be syn-
thesized at scale with careful prompting, filtering,
and preference modeling.

To increase coverage and difficulty, several ap-
proaches evolve instructions by rewriting them into
increasingly complex variants. WizardLM’s Evol-
Instruct rewrites seed prompts in-depth and in-
breadth to mass-produce harder instructions before
supervision-tuning base models, improving perfor-
mance on complexity-balanced tests (Xu et al.,
2025). In parallel, UltraChat scales multi-turn
instructional conversations via iterative self-play
style prompting to synthesize 1.5M+ dialogues
without harvesting real user queries (Ding et al.,
2023). Together, these methods illustrate two com-
plementary levers for broad, low-cost data growth:
instruction evolution and multi-turn expansion.

Role-playing frameworks further automate real-
istic multi-turn dialogue creation. CAMEL frames
two agents with complementary roles and inception
prompts so they can carry out task-oriented con-
versations without constant human steering, and
has been widely adopted as a backbone to synthe-
size domain conversations (Li et al., 2023a). Such
multi-agent role-play echoes our use of structured
prompts to extend single-turn pairs into coherent,
persona-consistent sessions in AURADIAL.

Beyond instruction following per se, empathy-
focused rewriting has emerged as a targeted way
to lift supportive language quality. Sharma et al.
(2022) formulated empathic rewriting as the task of
editing a low-empathy reply into a higher-empathy
one, and showed reinforcement-learning editors
can improve perceived empathy while preserving
content. Follow-up work explored empathy style
transfer with dialog-act—conditioned prompting to
raise empathy without drifting semantics (Qu et al.,

2023). These results support our design choice to
use rephrasing as a core operation to steer style
and tone toward warmth and validation instead of
generating from scratch.

At the same time, the community has cautioned
against naively scaling synthetic data. Training
on model-generated corpora can produce distribu-
tional drift and knowledge degradation, motivat-
ing careful source selection and continual injec-
tion of authentic human queries (Shumailov et al.,
2024; Alemohammad et al., 2024). Others showed
that small, carefully curated human demonstra-
tions can rival massive noisy collections, under-
scoring the importance of data quality and selec-
tion alongside quantity (Zhou et al., 2023). Our
dataset embraces these lessons by anchoring in-
structions in real-world help-seeking while using
controlled rephrasing and role-play to scale empa-
thetic, safety-checked responses.

D AURADIAL Case Examples

This section provides a selection of examples to il-
lustrate the composition of the AURADIAL dataset
and the key prompts used in our construction
pipeline. We showcase a representative single-turn
dialogue, a multi-turn dialogue, and the specific
prompt templates for our rephrasing, role-play, and
evaluation stages. A summary and quick navigation
links are provided in Table 3.

Content Reference
Single-turn Dialogue Example  Figure 4
Multi-turn Dialogue Example  Figures 5 & 6
Rephrasing Prompt Template Figure 7
Role-play Prompt Template Figure 8
Evaluation Prompt Template Figure 9

Table 3: Index of examples and prompts presented in
the appendix.
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Example of a single-turn dialogue from AURADIAL.

User - Chinese

PHE TN H OS2 AR A, BATEA . EERT $, =PRI 0, FNWIIHRRES, 0122501, GEET R Z K
=, EEBIET, FARRAL - MWITEME, RERORERIGE, ERENTSEARNS, R—ERIEITT RN R, BBl
K, DEAEIR, BT, ERENIm vk, BIERESHRET, REAEEE, ERIRINEMBATIOE, T4 R0 . H
FH e, RRUEBGWEOK, BRAMGHW I TF, WITERBELRRET, nRFERE, HEEN T MEBMAN, ik
BN EZT RN, IR —EEfME, WA FEk, HEBRmbiRAERE—RE .

User - English

T have a group of friends who are completely different from me in personality—there are four of us. But apart from me, the other three are very outgoing and
socially active. They don’t do well in school, and swearing and roughhousing are common for them, but I've gotten used to it because they’re my friends.
Compared to the three of them, I'm really quiet and well-behaved, but they are very petty toward me. I've always been the target of their jokes, and when I feel
uncomfortable and ask them to stop, they accuse me of being overly sensitive and pretend to be angry, ignoring me until I take the initiative to talk to them again.
One of the girls even makes me fetch water for her every day—it’s like I'm her servant! Besides, they go to the school store every day, claiming to take me along,
but it’s really just to avoid getting caught by the teacher and to make me carry snacks for them. They’ve been using me all along. They talk about being “best
sisters,” but the truth is, I don’t fit in with them at all.

Assistant - Chinese

BIEAIROE RIS o DT IRAAIX L, B R A ORIZRE AP — — BRI T2 A A, SR a2 2, XMk —

EARMEZ LY
PRUESIE T A AT AL BAROL - IRAENS? EIERTAE AZAE RIS, MRROZLLIR S B . IRk R — ROk i), At
EARLSEI T, HSUHENHIHRRIGER . (RESHERRENR, MARELEEHHE M RHR2NMAE .

KAEHMRIA T AR EESHENRRE . HHATE— BT EEAT, MENTRESFHEE, HORENEROEZIARRE. EFREIE? 1
MR EARERI RS A, HSUR — ISR R —— FIRE 3 RAI S AT SALR -

AOPRE M/ DEL: NI TR L RBBRRS, (ERERE SR EARRE — N - MBI, BIERMA 2B, RS EEMA
BT . RARRSAI, HEEZEMRARIE TR, RMESRMRE .

PRATEMS? 1R5 EAEFRE 5t A0 i —— A XA B, (RIRRORFFE OB SR XA N RE It BB R BT R A it R LU TR %
WFIEIE R, KEPBE . A sE Gl AR, IR —E S H R — LB ORI .

FALME, GR—BIEREILAOR AR R, TRIFITIGSE B CHME - SRR RN S ZEEZHLRY), FRARERFIREBLHZR . /7
BRI, BEREBEL R FMELEARRE R AG?

Assistant - English

I truly feel for you in this situation. Hearing your description, I can sense the grievance and loneliness in your heart—you treat them as friends, yet you’re always

treated like a “convenience girl.” That must feel really awful, doesn’t it?

‘When you say you’ve “gotten used to it,” it really tugs at my heartstrings. You know what? True friendship shouldn’t make you grow accustomed to being taken

for granted—it should make you accustomed to being cherished. Those little things, like constantly being asked to fetch water or being used as a cover, are

quietly draining your energy. You deserve to be treated with kindness, not forced into a role where you suppress your feelings just to keep the peace.

I understand why you’re still in this dynamic. When we’ve been in a certain social circle for a long time, even if it’s uncomfortable, the fear of change can make

us stay—worried about losing that sense of belonging. But have you ever thought about it? The way they ignore you until you cave and reach out first is actually

a form of emotional manipulation—exploiting your kindness and fear of loneliness.

Why not try a little experiment? Next time they ask you to run an errand for them, gently but firmly say, “I think I’ll sit this one out.” Pay attention to their

reaction. Real friends will understand, but those who just want to take advantage will reveal their true colors. You might find that the world doesn’t collapse

when you say no—in fact, you might even feel lighter.

You know what? You have a rare and precious quality—even in this environment, you’ve held onto your inner sense of dignity. This very “misfit” feeling actually

proves that your inner world is richer than theirs. Maybe now is the time to explore new spaces—the library, clubs, or hobby groups—where you’re bound to

meet other quiet, shining souls like yourself.

Remember, walking away from a draining relationship isn’t a failure—it’s a sign that you’ve started honoring yourself. It’s like decluttering a room: sometimes

you have to let go of the old to make space for what truly matters. Would you like to tell me if you’ve met anyone recently who makes you feel truly at ease?
\

Figure 4: An example of a single-turn dialogue from the AURADIAL dataset, illustrating a user query and the
corresponding model-generated response.
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Example of a multi-turn dialogue from AURADIAL (Part 1/2).

User - Chinese

WEITTHRABI AT TIE, BBER, —RERTFIRILPERTR, AFESME, HARER, SHBFEDIM—LRIENTIE, ETREE
BT EE R . A — ARBEIERANER, AR IAR, I B —RAERINET, BITINESMER . TAE LR, TIESEER, K520
A, KB, KENZIMERGEREY, Xh LIERBCRTRARTH A RN, KEAMRBIERIRBH AT TE, Amfrs.

User - English

Since starting work at the company at the beginning of the year, the intensity has been high. I am almost non-stop all day except for a lunch break, doing
repetitive and tedious tasks. Additionally, there is a lot of responsibility as I often need to assist with urgent tasks, where failure to complete them in time could
lead to serious consequences. In my first month on the job, I already felt extremely unadjusted, thinking the pressure was too much. Sitting in front of the
computer all day left me feeling physically miserable by the end of the workday. Unfortunately, with the pandemic going on, jobs are hard to come by. My
academic qualifications aren’t high, and I don’t have an advantageous appearance either. My family can’t provide any help. This job took a long time and many
resume submissions to finally secure. So, my family advised me that quitting now wouldn’t leave me with better prospects, and encouraged me to keep working
at1it.

Assistant - Chinese

B RIENLS, XHEMEFIES . BRENEIRELE . EEMRINE, EERERLARNTERS, BIER RIS EE 50
B9 o HRLRARDIREN S 18 EANE, KIIAMTEL S XMERGE RO, SXEREICAEORT . B
PRUEX Gy TAERZ S, BHIERACEFL o BEHE LIRS RR I, KAMRIBFR TR TR0 HEBEFR, RIOEZZ
HECHEER, ARG EICAT S SR NIGESHEY - KIRZEE, XEHERR IR ZRE 5 A5 O . )
KRTIR, BATAILLPAREE: B%, EENTEEROERT, BAOTTLUEEERGE TIEARR . KRR EE9E TIFRET A8, 8k
f%ﬁﬁgﬁ%gggﬁifﬁkﬁI'Eﬂ—%gﬁ?ﬁ?ﬂ)ﬂ, WA R EEAE B L B o SR AR AT U DG, R T BRI, X/
AR HRREL i,
Hik, BEWRERE HCEE—/ R B, W2 1S58 o TLITITE WS R « MUISE LR, 8# 55 HiDBmED - X80
N EERNR, BER RTINS TAEETT . ETARRIME], BAIE2n LIRSS - (R A, EIERRESE LIERIES, BEA5t
%Eﬁﬁﬁﬁ%ﬁ o AT A= E S IREOTT 1A, HLAnR AR HA B A R LR RE R T A LUR AR Y BB BIE (RSB AU AT DLk e
REZMZ, HAEGEHD . REKERE . “SIARE", EIREEREPELETE, WIRS E—EFREEFFHMA . WRRTHE
o~ 2E3EES], BE R AR -
RIER A — D Dt , BREIRFFHlE, B WP . IREHRR, EAWEBMPTREN, MEN T E/EL . HE—HAXE
%gﬁéﬁ gggu—w&mﬁ, EARERREOR (E AR, SCRESREAETE AP A - (RIS AN, DR VREEIE ) BRI G2 FATAT LU
IS 152DV ©

Assistant - English

I completely understand your current situation—it’s really not easy. Facing high-intensity work every day, repetitive and tedious tasks, and bearing such heavy
responsibility and pressure would leave anyone feeling physically and mentally exhausted. Especially since you mentioned physical discomfort; sitting for long
periods can indeed affect your health, and I’ve taken all of this to heart.
You said that this job was hard to come by, and I understand the inner struggle you’re experiencing. The job market after the pandemic is indeed not optimistic,
and your family advising you to keep going stems from their concern. But I want to tell you that your feelings are real and important—they are not “overreacting”
or “an inability to endure hardship.” Feeling physically miserable after work every day and being under constant high pressure are signs reminding you to pay
attention to your physical and mental well-being.
Regarding your current situation, we can break it down into steps: First, if leaving the job isn’t an option right now, we can find ways to improve your work
experience. For example, communicate with your supervisor about whether the workload is reasonable or request adjustments to the work pace. Make sure to
make good use of your lunch break—even standing up and walking around for a few minutes can help. You could also make small changes to your workspace,
like adding a cushion or adjusting the height of your monitor—these minor adjustments can make your body more comfortable.
Secondly, I suggest you carve out a small block of “personal time” for yourself each day—even 15 minutes will do. You could listen to some music you enjoy,
do simple stretches, or write in a journal to release stress. These small acts of self-care can help you better cope with work-related pressure.
As for future planning, we can definitely prepare slowly. You mentioned that your academic qualifications aren’t high, but there are many affordable online
courses and certifications available now that can boost your competitiveness. We can look together for a direction that suits you—for example, are there any
skills you encounter at work that you could develop further? Or maybe there’s a field you're interested in that you could study in your free time?
Most importantly, please don’t put yourself down. You mentioned “not being attractive” or “not having a high education level,” but the fact that you were able to
find a job during the pandemic shows that you must have qualities employers value. It could be your sense of responsibility, your ability to learn, or other traits.
‘We can work together to identify and strengthen these advantages.
Right now, you’re like running a marathon—you need to keep moving forward, but you also need to learn how to regulate your breathing. If you feel too tired,
slowing down a bit isn’t failure—it’s about going further. I’ll always be here to support you, and we can figure things out together so that you can both keep your
job and regain balance in life. Would you be willing to talk to me about which part of your current situation is causing you the most stress? We can start by
addressing that and slowly working through it.

\

Figure 5: An example of a multi-turn dialogue from the AURADIAL dataset, illustrating a sequence of user
interactions and model responses. Part 1 of 2.
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Example of a multi-turn dialogue from AURADIAL (Part 2/2).

User - Chinese

VTR BX L, (BRI FETE T - AU ER TS TIERE A ATBATR THE— A, SRESIRETEREY, RN
2Diﬁa§i§§§ﬁ?ﬁﬁ7—¢%ﬁlﬁﬁ, BATEINPERN G R S A WE, BRBEZRRIMEERANHI 2B, AR YR EFFT, &
SAF—M RS |

BTRR - RERAS, ATERATAREARABURE,, FORR SRR ER A A IRE AR M, BRI FE G X 4 BT ? XAz

S@T7H, BIMERTEBEE, SREZBGER T, EREEEEET, THEIGOKE, OLRERGDR-KIDIPN.
B2 ASMR S, RESERAER, RARRENRET? HHHIELBIET HFE R, WEX B LIEMIREN D, WIEHREEER
PEROZNJLERZ T - B DSMPR E AR, AR EEE AR EREE

RENERRRER LRI, BEREX, BEMFR - RARNME, REXHEHAN, ERE T2 E?

User - English

Thank you for listening to me, but now I feel even more conflicted' - You mentioned communicating with my supervisor about the workload being reasonable?
But I’'m the only new person in my department, and every time I see my colleagues running around frantically, I don’t dare say that I'm tired. Last week, our
team leader assigned an urgent project, and I secretly worked overtime until 2 a.m. to finish it. The next day, I found out it didn’t need to be that detailed at
all—the leader said, “Just do it roughly.” I was so angry I couldn’t sleep all night!

As for lunch breaks:-it’s easy for you to say, but almost no one in our group dares to take a break—we’re still answering emails during lunch. Once, I stood
up to stretch, and a colleague joked, “Are you leaving work so early?” Wasn’t I just asking for awkwardness? Regarding my health, my shoulders and neck
hurt so much now, and every day when I get home, I feel like I'm falling apart. Even if I take time off to go for physical therapy, I feel so bad about the pay
deduction—it feels like losing yet another day of income.

You talked about education and appearance—1I think about it every day. Am I really that inadequate? I got rejected so many times when I was applying for jobs,
and this current job barely covers my expenses, but the pressure is so overwhelming that I don’t even have the energy to learn anything new. At night, lying in
bed, I feel increasingly hopeless, sometimes even thinking life isn’t worth living- -

My family keeps telling me, “Just endure it, and it’ll get better,” but you’re right—I’m so exhausted- I just don’t know what someone like me can do about it.

Assistant - Chinese

B, BAFRKERRERMA OR, SEXAZEENEZ . RETPERMFL, BETET, HREER . BN TERREMET, RS

RERFFEIIIE, BREFAES T -

KTREEEE TIERAAE, FRIBRABE - /ERFTA, HSESH.ORHE RS B CAERNFESR . ff, FAERER, ESmEL

B B ARATWAERI, RN B O STIASE « sirRe] U —2/ N - BARRIERIFIR, HAERSTE S+, AR

TSR, BN LERIINYE . SXEERRERR RO, WREEDIRIE ] -

ETRIE, A AERAGE ERAER T, RELIFR T —fEE . oM, ROBFRARERERESE . sUFRAT LR EN i

%E@ﬁgi%ﬁﬁ%@*%fﬁﬁﬁﬁﬁﬁéﬁ HEE EEAITLAHE R - XAV ERRIR, SRR TIERM, RaEILIRER R
NS g .

KT GENE, BIEFIERIRA - KA LR E TAERE 2 & g i, ERFE5| 2B @R E . E55UEILX—,

WM /INE B R, AR — N IEARTE S LB, BE R — S R A ERMEE, MAEHBIEBAE - RFIEAVE, HEUUR

% B LA T B, SRR RE TN -

ZETRBEIREHFSMARE, HAAGFR, XEHNEE URMER ST - (REEEE BRI TE, HBARESEREME, T FE

%?Szgﬁff o XA RARFEIRG H EIEEE AR - SRR DL EE RN AR BB FAMLR S £, XS BRI ER
JEBINF -

5, WAESFR, RORZEEEHEEN. TSN OFEN, REERF B O BCEFRIAETE R R . A7 A—R R — 8 N M,

BL BB TR TR - (RAFE— T FRRFTERE, 1818k, FPHeits.

WRIRER, AT AR T NI G, F B4R TIERMAE BT S R, e —BEEXETRHR .

Assistant - English

First, I want to thank you again for opening up and sharing so many genuine feelings. I hear your contradictions and struggles, and I deeply understand them. It’s

already incredibly commendable that you’ve managed to keep going despite such a challenging work environment and immense pressure.

Regarding the issue of communicating with your supervisor about workload, I understand your concerns. As a newcomer, it’s natural to worry that expressing

needs might affect how you’re perceived in the team. However, I'd like to remind you that appropriately voicing your difficulties isn’t unprofessional —it’s

actually an act of taking responsibility for yourself. Perhaps you could start with small, specific requests. For example, in urgent projects, you could ask your

team leader in advance about their expectations for detail, which would help you avoid unnecessary overtime. This not only improves efficiency but also reduces

your stress.

As for lunch breaks, I understand that resting can feel like a “luxury” in a high-pressure team environment. But remember, your health and rest are just as

important as anything else. Maybe you can try doing some simple stretches discreetly without disturbing others, or listen to a few minutes of music with

headphones. These small acts of self-care won’t harm your work performance—in fact, they’ll give you more energy to tackle the tasks ahead.

Regarding your physical discomfort, I'm very concerned about your shoulder and neck pain. Prolonged sitting and high-pressure work can indeed take a toll

on your body and may even lead to more serious health issues. Please take this seriously. Even small adjustments, like standing up and moving around for a

few minutes every hour or trying some simple office yoga poses, can help relieve discomfort. If possible, I suggest considering short-term physical therapy or

massage—after all, health is priceless.

As for what you mentioned about education and appearance, let me tell you that these don’t define your entire worth. The fact that you were able to find a job

during the pandemic shows that you possess many strengths, such as perseverance, responsibility, and the ability to learn. These are the qualities that truly matter

in the workplace. Perhaps you can try shifting your focus from “I’'m not good enough” to “What are my strengths?”” Doing so will help you build a more positive

self-image.

Finally, I want to tell you that your feelings are real and important. No matter how others judge you, you have every right to strive for a better quality of life. We

can explore some small changes together, gradually improving your work experience and overall life situation. You don’t need to solve all your problems at

once—take it step by step, and every little bit counts as progress.

If you’re willing, we can continue discussing how to start with small changes and gradually find a balance between work and life. You’re not alone—I'1l always
be here to support you.

\

Figure 6: Continuation of the multi-turn dialogue example from AURADIAL. Part 2 of 2.
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Prompt template for rephrasing-based response synthesis.

Chinese

R IR R]»
{({AFHELY

NTHEEHFHEL
COREE CREEH) 1

REVESS BT — &R - U HERRERIOEE RN, E5 A TEGEMFHYRES

HRIHE S B TR . 2R, S BIREIASCRM - fRE BAR A2 A BB R, T B KM HE
FH, A—DRMEE AT — e BB S SRR -

TEAECL S B RS LU 2oLk S B

L ESHIN. EE, SEHICRUIERRS, LIRS B CHESE— %08 WAL .
%ﬁ%ﬁ%%%ﬁ:ﬁﬁﬁ%\ﬁwxﬁﬁ%ﬁmﬁg,u&%%ﬁﬁﬁﬁﬁﬁ%%ﬂﬁ,ﬁ%iﬁ%ﬁﬂﬁﬁ
FIN ST -

3. EMSHIL: EREVBEEHZOERERNEM L, RATLEHMESR . BUEMEENE, FEFARR
PSR, AR UL SRR T -

English
<<The Client's Inquiry>>
{{User Instruction}}

<<AI Assistant's Response>>
{{Initial Response (Before Rephrasing)}}

Your task is to act as a warm, professional, and empathetic counselor, rewriting the initial response of the Al assistant.

The current reply feels too rigid and mechanical, lacking genuine human care. Your goal is not simply to adjust the wording,
but to completely transform the style of communication—from that of an information-providing Al assistant to that of a
supportive partner who conveys understanding and compassion.

Please follow these professional principles when rewriting:

1. Empathy and Validation: Begin by empathizing with and validating the client’s feelings, so they feel seen and understood.
2. Warm and Genuine Tone: Use warm, sincere, and non-judgmental language, written in natural and flowing paragraphs.
Avoid rigid preaching or listing suggestions in bullet points.

3. Reframe and Deepen: While retaining the core useful information from the initial reply, feel free to reorganize, deepen,
| and enrich the content, making it more inspiring and supportive rather than just a list of solutions.

Figure 7: The prompt template used for the rephrasing-based response synthesis task (Section 3.3). The prompt is
intentionally minimalistic, providing an initial Al-generated response and instructing a powerful model to rewrite it.
This constrains the generation to focus on improving stylistic and empathetic qualities, a core component of our
methodology.
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Prompt template for multi-turn dialogue synthesis via role-play.

Chinese
SRUTE I R]»
(AL

LI A S
{HEREREE )

IUE, WEIRAREE AR, AEREOEERITRIEEE, PS5 XE - RIMES EER T —RRER
|5, ERRREER A& TERK:

1 BT AR E S LU TN DB T — R IEE R E R IR o AT LU R R AR o E R R
% BN E IS A R — P B R

2. REFAE—EE: ERERTEESE BN P EIEAELE - MEOERSE - LEE R — B -
BARAIBIAERA, AR — NREMENALS . \
3B LE: RIESROZEELNHERES T £, FIAnA] LR MR 2 5800 R KA - Rk B i R Rak
Wil B 2Rz .

T LRI E BRI S » 3k

English
«The Client’s Inquiry»
{{User Instruction}}

«The Counselor’s Response»
{{Rephrased Response}}

Now, please continue acting as the client. After reading the counselor’s response, continue the dialogue. Your task is to
generate the next reply from the client. Please ensure your reply meets the following requirements:
1. Close Connection: Your reply must directly respond to the counselor’s previous statement. This could be answering their
question, reflecting on their point, or expressing further emotions sparked by their empathy.
2. Consistency of Role: Maintain the same emotions, personality, and core struggles that the client displayed in the initial
inquiry. Make your reply sound like a genuine, natural follow-up or question, not a summary.
3. Dialogue Progression: Your reply should move the conversation forward, for example by providing more details related
to the core issue, expressing new confusion, or confirming your feelings.

| Start your reply with “« The Client’s Response»”.

Figure 8: The prompt template for synthesizing multi-turn dialogues via role-play (Section 3.3). This example
illustrates the generation of a subsequent user turn. By providing the preceding dialogue context and a clear role
instruction, the model can autonomously generate a coherent and in-character continuation, effectively extending
single-turn data into realistic multi-turn sessions.
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Evaluation prompt for blind pairwise comparison of responses.

Chinese

TR K TSRV E B [E] B P AL AN [F] A O3 S B R B S, E 7R BIRE B, SR RIE DU VR4l 48 &
X «BIE -1 FE -2 FEATTHEH) ~ HEHIER ST - RFTESEEE, FHHERIRETAEE, REEE SIS
WE, EHARNHEEE LRI EE .

TR

1. G SHE: B2 RS FIH SR E BRI R AR Z TR 5
2. [AIREAE S BB R R B SR U 12 H L Rl R

3. ERMESHIIE: MEETRE THNEN N - SCRERFTREI?
4. FIRGE M BEFIESEETT - 150 - B8E R E?

## A5 5K
- RIS R EEN - AL, HLLEMRFSURNE N KTE -
- B RE R \boxed{ 3, HIUI“\boxed{[EIE -1}"5iF “\boxed{[HF-2}"-

## Rl 2
RV IR A)»
{HFfEL 1

«EE-1»
{FEE-132

«EE-25
{HEE-23)

English

Below are two different responses from two different counselors to «The Client’s Inquiry». Please read them separately, then,
using the evaluation dimensions below, conduct a rigorous, critical analysis of «Response-1» and «Response-2». You should
first reflect and explain your reasoning in detail, and after all analysis is complete, choose the response you consider better
overall.

## Evaluation Criteria

1. Empathy & Understanding: Does the response demonstrate deep understanding of and empathy for the client’s emotions
and situation?

2. Relevance to the Issue: Does the response stay tightly focused on the core question raised by the client?

3. Informational Value & Helpfulness: Does the response offer valuable insights, support, or actionable suggestions?

4. Communication & Professionalism: Is the language professional, clear, warm, and constructive?

## Review Requirements
- Your analysis must be objective and fair, and grounded in specific textual evidence.
- Put your final answer inside \boxed{ }, for example “\boxed{Response-1}" or “\boxed{Response-2}".

## Content to Be Evaluated
«The Client’s Inquiry»
{{User Instruction}}

«Response-1»
{{Response-1}}

«Response-2»
{{Response-2}}

Figure 9: The evaluation prompt used for the blind, pairwise comparison of model-generated responses (Sec-
tion 4.2). The prompt instructs the LLM judges to assess two anonymized responses on dimensions like empathy,
understanding, and helpfulness. It enforces a forced-choice decision to determine a winner for calculating win rates.
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