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Abstract

We introduce the UNSC-Graph, a knowledge
graph for a corpus of debates of the United
Nations Security Council (UNSC) during the
period 1995-2020. The graph combines previ-
ously disconnected data sources including from
the UNSC Repertoire, the UN Library, Wiki-
data, and from metadata extracted from the
speeches themselves. Beyond existing meta-
data detailing debates’ topics and participants,
we also extended the graph to include all coun-
try mentions in a speech, geographical neigh-
bours of countries mentioned, as well as senti-
ment scores. By linking the graph to Wikidata,
we are able to include additional geopolitical
information and extract various country name
aliases to extend the coverage of country men-
tions beyond existing NER-based approaches.
Studying mentions of Ukraine after 2014, we
present a use case for the graph as a source
for continuous analysis of international politics
and geopolitical events discussed in the UNSC.

1 Introduction

Since 1946, the United Nations Security Council
has been the most important global body for dis-
cussion and action pertaining to global security.
Its regular meetings are among the most publicly
visible in the UN (Schönfeld et al., 2019). Al-
though many conversations among permanent and
non-permanent UNSC members take place behind
closed doors, the documentation of the Security

Council’s public meetings is an essential source for
studying international conflicts and threats to peace
and security.

In 2019, and updated in 2021, a corpus of com-
plete meeting transcripts from 1995 to 2020 (orig-
inally to 2017), with cleaned text and a range
of metadata, was released by Schoenfeld et al.
(2021).1 In this paper, we build on this corpus
to present the UNSC-Graph, a knowledge graph
built with Prolog, a programming language that is
practical for building knowledge graphs and can
be addressed via Python and R. The UNSC-Graph
expands, enhances, and augments the UNSC cor-
pus. As a result, a new range of research questions
can be addressed in political science beyond what
is possible with the current corpus and metadata.
Most notable is the improvement of detecting coun-
try mentions including different variations of coun-
try names while having additional context such as
whether this country is in the room, is a neighbor-
ing country, or has been a UNSC member in the
past.

2 Related Work in PolSci and CompLing

Various research projects have been examining the
existing UNSC corpus since its release, notably in
political science and computational linguistics.

1Earlier meetings can only be examined as summaries,
most of which are only publicly available as scans of typed
text
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Rhetoric analyses include Medzihorsky et al.
(2017), focusing on the debates surrounding the
Syrian civil war, and Bakalova and Jüngling
(2020), which compares US and Russian rhetoric.
Scherzinger explores new methods of quantitative
rhetorical analysis (2023b) and sentiment shifts
around "R2P" (2023a).

Discourse and network analyses abound on
UNSC topics ranging from Afghanistan debates
(Eckhard et al., 2023) to climate change (Scar-
tozzi, 2022), health issues (Voss et al., 2022),
and Russia’s invasion of Ukraine (Bendix, 2022).
UNSC discourse is also discussed in (Campbell
and Matanock, 2021) and (Badache et al., 2022).

Among the more linguistically oriented compu-
tational investigations relevant for this paper are a
named entity extension by Glaser et al. (2022) and
an analysis of country mentions by Ghawi and Pf-
effer (2022). The former uses Wikidata for Named
Entity Linking (NEL) in the UNSC corpus, includ-
ing for recognising country mentions, but it builds
on the more complex Resource Description Frame-
work (RDF) and does not make use of the wider
knowledge base presented in this paper. The latter
paper constructed a dataset of country mentions
within the UNSC debates and mapped them to ISO
names via named entity recognition (NER). For our
graph, we opted to use string matching instead of
NER, and incorporated different aliases for coun-
try names provided by Wikidata to capture a wide
range of mentions, as well as information about the
country’s membership role during the meeting. We
were able to detect a total of 768,131 country men-
tions, a significant improvement over the 211,237
mentions in Ghawi and Pfeffer (2022).

Outside of the UNSC domain but in the do-
main of political debates, knowledge graphs have
become more prevalent. The ParliamentSampo
knowledge graph includes data about MPs, par-
liamentary speeches, and political organizations
within the Parliament of Finland (Hyvönen et al.,
2022). Tamper et al. (2022) enrich the knowl-
edge graph of the plenary debates extracting named
entities and topical keywords using NLP meth-
ods. LinkedEP is a Linked Open Data version of
European Parliament’s data (Van Aggelen et al.,
2016). Linked data has also been used in the
LinkedSaeima for the Latvian parliament (Bojārs
et al., 2019). The Swedish PoliGraph (Rødven-
Eide, 2019), a knowledge graph for Swedish par-
liamentary debates, utilises Prolog to simplify the

quest for answers pertaining to debates and their re-
spective metadata, which informs the use of Prolog
for building the UNSC-Graph.

3 Creating the UNSC-Graph

The original English-language dataset from
Schoenfeld et al. (2021) is available through the
Harvard Dataverse as plain text and R-files.2 In
addition to the speeches themselves, metadata for
both speeches and meetings provide information
on meetings participants and speakers, time and
topic(s) of each debate.

The corpus contains 82,165 speeches from 5,223
meetings between 1995 and 2020. As the speeches
retained line breaks from the PDFs they were ex-
tracted from, we first recreated the corpus with
reconstructed sentences and submitted this updated
version to the authors for perusal in future releases.
The sentence count is 1,685,801, which gives an
average of 20.5 sentences per speech.

In a second step, all names of countries that par-
ticipated in the UNSC debates during the period
of the corpus were resolved and linked to their
respective Wikidata-IDs. In order to detect men-
tions of countries that did not participate, we aug-
mented this with a list of “instance of country
or sovereign state or state with limited
recognition” through Wikidata’s SPARQL ser-
vice. This list included several historical countries
where the naming could be ambiguous to modern
countries. We manually removed those for which
that could be the case. Since some of the countries
are referred to by different names in the UNSC
corpus and in Wikidata, we kept two different sets
of official names for each country, here labelled
wdlabel and unterm. Wherever the UN data did
not include an official term, we set it to the value
of the former.

Third, we assembled a list of alternative strings
that could reasonably be used to refer to a country
– such as e.g. “Holland” for the Netherlands or
“Burma” for Myanmar – by obtaining all aliases
for each country from Wikidata, only filtering out
those that were shorter than four characters.

For all country mentions, we used queries on the
aliases obtained from Wikidata to search the text
for strings referring to specific countries, and then
resolving them to their corresponding Wikidata-
ID. In contrast to the method used by Ghawi and

2https://doi.org/10.7910/DVN/KGVSYH (URLs were
all last accessed on 2023-06-14.)

https://doi.org/10.7910/DVN/KGVSYH
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Figure 1: An illustration of the UNSC-Graph, detailing available data for research on the UNSC corpus.

Pfeffer (2022), we deemed NER as an unneces-
sary step in this context and were able to detect
768,131 country mentions. These were then sub-
sequently incorporated into the graph as well. We
opted to document the mentions on sentence level,
which means that any given country is only counted
as mentioned once per sentence. Along with the
speaking country’s and the mentioned country’s
respective Wikidata-ID, we stored the meeting and
speech in which the mention took place, as well as
the paragraph and sentence number.

Fourth, we added detailed membership informa-
tion for all members of the UNSC from 1995 until
today, as well as the geographical neighbours of
each country, from Wikidata. This allows exploring
the difference between mentions of neighbouring
and other countries when UNSC participants de-
bate a given conflict or topic, or to see whether
non-permanent members argue differently from the
Council’s permanent members or non-members.

Fifth, using the existing metadata supplied with
the corpus, we assembled lists of dates, topics, and
presidency information for each meeting, as well
as the Wikidata-ID of the country of the speaker for
each speech. We also obtained a novel list of topic
tags for each meeting that were manually crafted
by the UN Library, which is responsible for UNSC
document management. These tags are are based
on the UNBIS taxonomy.3 It provides a controlled
vocabulary for describing UN documents, enabling
semantic (topic-based) searching by identifying
documents on the same concept, consistent with
changing terminology. These tags complement the
topic labels already available from the UNSC reper-

3https://research.un.org/en/thesaurus

toire that are in the existing metadata. Each tag was
coupled with the corresponding meeting identifier
as a string, and for each that referred to a country,
that country’s Wikidata-ID was also linked to the
meeting as a tag.

Sixth, we have added the average sentiment
scores for each speech using the dictionary-based
Lexicoder library, designed for sentiment analysis
in political texts (Young and Soroka, 2012).

The assembled knowledge from a diverse set of
sources was then stored as Prolog facts, using the
SWI-Prolog implementation4. For a specialised
knowledge graph such as the UNSC-Graph, we
suggest that Prolog is a particularly good alterna-
tive to RDF-based solutions, as it enables rapid
prototyping and lowers the threshold for both cre-
ating, storing, and using the graph. Prolog facts,
especially in a project of small to medium size,
can be stored as plain text files. As Prolog is both
multi-directional and modular, with predicates sup-
porting any number of arguments, we avoid the
reliance on RDF triplets and offer a solution that
easily can be extended and modified without any
Prolog knowledge required. The modular nature
of Prolog means that any research project wishing
to utilise the UNSC-Graph easily can craft addi-
tional knowledge and rules to assist with complex
queries. Outside of the Prolog environment itself,
there are no requirements for running or query-
ing the graph. The graph is Free Software5, li-
censed under GPLv36 or later, and can be found at
https://codeberg.org/Stian/UNSC-Graph.

4https://www.swi-prolog.org/
5https://fsfe.org/freesoftware/freesoftware.

en.html
6https://www.gnu.org/licenses/gpl-3.0.en.html

https://research.un.org/en/thesaurus
https://codeberg.org/Stian/UNSC-Graph
https://www.swi-prolog.org/
https://fsfe.org/freesoftware/freesoftware.en.html
https://fsfe.org/freesoftware/freesoftware.en.html
https://www.gnu.org/licenses/gpl-3.0.en.html
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Country Mentions/speech Std. deviation Mentions Speeches Avg. sentiment
Lithuania 2.37 10.21 467 197 -0.0017
Luxembourg 1.52 8.69 155 102 0.0153
Australia 1.35 10.73 216 160 0.0138
Russia 1.06 10.61 1201 1131 0.0076
Rwanda 0.93 6.95 129 138 0.0172
Latvia 0.83 2.47 20 24 0.0241
Jordan 0.69 5.90 159 232 0.0439
USA 0.61 11.83 597 984 0.0131
Chad 0.58 3.70 97 166 0.0219
Argentina 0.54 4.43 89 165 0.0261
Chile 0.50 5.14 107 215 0.0444
UK 0.47 9.42 461 987 0.0145
China 0.18 5.41 172 942 0.0609

Table 1: Excerpt from statistics of speeches that mention Ukraine in the UNSC debates after 1 March 2014.

As many researchers prefer to work with Python
or R, we refer to the PySwip library7 and the rolog8

package for the respective programming languages.
Python examples are included in the repository for
the UNSC-Graph, as well as documentation of all
available predicates. An illustration of the resulting
graph can be seen in Figure 1.

4 Using the Graph: Mentions of Ukraine

We designed the UNSC-Graph with flexibility and
modularity in mind. As a result, it can be used
for a wide range of research questions. One par-
ticular area of application is the analysis of coun-
try mentions. In general, speakers in the Security
Council represent countries and are usually also re-
ferred to as such by others. Since much of a debate
deals with various countries’ relation to each other
or conflicts within or between countries, country
mentions are both prevalent and meaningful. A
quick count of string matches of aliases shows that
as much as 34.36% of corpus sentences contain a
country name. This number does not even include
the many alternative ways of referring to a nation,
such as the name of their capital.

The UNSC-Graph can easily tell us whether a
country mentioned is taking part in the same meet-
ing or not, whether it has already spoken or whether
it will be speaking later in that meeting, as well as
who currently is a member of the UNSC. We can
e.g. see that Ukraine speaks in meetings on Crimea
even when it is not a member. Furthermore, we can
easily ascertain when a given country is listed as a

7https://github.com/yuce/pyswip
8https://github.com/mgondan/rolog/

topic for the meeting, officially as per the Security
Council’s own category (the original metadata of
the corpus), or according to the UN Library’s anal-
ysis (tags added for this paper). This is relevant
because mentions of Ukraine in a UNSC meeting
on Crimea may simply be a function of the meet-
ing itself, while Russia mentioning Ukraine in a
UNSC meeting on the general topic of terrorism
may indicate its general focus on Ukraine.

Focusing on the mentions of Ukraine between
the start of the current conflict with Russia in March
2014 and December of 2020, we find a total of
9,143 mentions. By complementing the query with
Prolog rules, we then excluded speeches by the
meeting president, as these usually consist only of
formal announcements of topics and participants.
This resulted in 8,382 mentions, of which 2,319 are
by Ukraine themselves. For the remaining 6,063
mentions, we analysed the mentioning country and
sorted these by the average mentions of Ukraine by
those speakers.

In Table 1, we show the top 12 countries with
the highest share of Ukraine mentions per speech,
adding China as an important permanent member.
The resulting table, using just some of the informa-
tion from the UNSC-Graph, shows, for example,
that Russia mentions Ukraine most frequently and
in speeches that are generally much more negative
than for any of the other countries shown here ex-
cept for Lithuania. In contrast, China mentions
Ukraine six times less frequently than Russia, and
in speeches that are much more positive than the
others, showing China’s practice of avoiding finger
pointing by not mentioning conflict parties directly.

https://github.com/yuce/pyswip
https://github.com/mgondan/rolog/
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5 Future Work and Conclusion

This paper describes the design, generation and po-
tential use cases of a new knowledge graph for the
UNSC corpus, combining existing metadata with
information from Wikidata and the UN Library, as
well as several extensions by means of natural lan-
guage processing methods. The graph facilitates
content analysis using NLP methods, such as the
vocabulary used by diplomats and countries in their
speeches, the detection of conflict between speak-
ers in the room, or the choices of speakers to focus
on or ignore certain conflicts or conflict parties.

Considering that the UNSC-Graph uses Wiki-
data’s identifiers for countries, extending the graph
further – either through more information from
Wikidata or through other linked open datasets – is
a natural next step, depending on the directions of
future research projects. Further work to extend the
UNSC-Graph may include expanding more topic
information from the UN Repertoire or any other
knowledge base researchers in political science or
NLP may want to add for their respective research
questions.

6 Limitations

The scope of this work is necessarily limited to
available data and metadata. While the topic tags
provided by the UN Library are a novel contri-
bution, the remaining data were collected from
existing sources. Furthermore, our inclusion of
sentiment analysis is rudimentary, providing only
an average sentiment score per speech.

7 Ethical Considerations

Designed to facilitate analysis of the United Na-
tions Security Council’s debates in particular, as
well as diplomatic speech and global conflict in
general, we hope that our work can be a contribu-
tion to increasing transparency and insight into one
of the most important decision-making bodies we
have.

The UNSC-Graph contains only public data re-
leased under the CC09 licence. As such, there
are no concerns with regard to copyright, privacy
or confidentiality. Our code is Free Software, li-
censed under GPLv3 or later, which ensures that
even derivative works will remain free.

9https://creativecommons.org/publicdomain/
zero/1.0/
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