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Abstract

In an era dominated by information overload
and its facilitation with Large Language Mod-
els (LLMs), the prevalence of misinformation
poses a significant threat to public discourse
and societal well-being. A critical concern at
present involves the identification of machine-
generated news. In this work, we take a signifi-
cant step by introducing a benchmark dataset
designed for neural news detection in four lan-
guages: English, Turkish, Hungarian, and Per-
sian. The dataset incorporates outputs from
multiple multilingual generators (in both zero-
shot and fine-tuned setups) such as BloomZ,
LLaMa-2, Mistral, Mixtral, and GPT-4. Next,
we experiment with a variety of classifiers,
ranging from those based on linguistic features
to advanced Transformer-based models and
LLMs prompting. We present the detection
results aiming to delve into the interpretabil-
ity and robustness of machine-generated text
detectors across all target languages.

1 Introduction

The remarkable power of current advances in Natu-
ral Language Processing (NLP) has enabled the cre-
ation of text that closely resembles human-authored
content (Achiam et al., 2023). While these techno-
logical achievements offer both positive and nega-
tive prospects, a significant concern arises from the
proliferation of neural-generated news, which may
not always present accurate information. Thus, in
the pipeline of fake news detection, a pivotal stage
can be authorship identification, either by a human
or a machine.

The task of news or story generation appeared to
be a fascinating challenge already since the popu-
larization of RNNs (Zhou et al., 2018; Zheng et al.,
2018). Indeed, it can be an excellent technology
for editing support (Murao et al., 2019). Then, the
appearance of GPT-2 (Radford et al., 2019) opened
new horizons in neural news generation (Shu et al.,
2021). However, generators still suffered from a

Turkish:
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déniisim yasiyor. Yapay zeka destekli
tarim  uygulamalari,  ciftcilere  dahal
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English:
TikTok is now facing a ban in the
United States, a fate that has alread

befallen a string of American social
imedia giants that tried to make it in|
China.

Hungarian:
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energiafelhasznalast.
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Figure 1: The aim of this work is to create a bench-
mark dataset for human-written vs. machine-generated
news distinguishing in four languages—English, Turk-
ish, Hungarian, and Persian.

lack of human fluency and were not able to han-
dle proper long text generation, forgetting about
the context. As a result, in the news domain, such
generative tasks as headlines generation (Gu et al.,
2020) and news summarization (Sethi et al., 2017,
Egonmwan and Chali, 2019) received more atten-
tion.

In the past, several machine-generated text de-
tection benchmarks were created in the domains of
scientific papers (Abdalla et al., 2023), story-telling
texts (Li et al., 2023), question-answering datasets,
and Wikipedia articles (Wang et al., 2023). For the
news domain, such datasets were generated with
the Grover model (Zellers et al., 2019) based on
GPT-2. However, especially without evidence, e.g.
historical facts, the nature of the task remains chal-
lenging, given the advances in the domain of NLP.
Moreover, all these datasets were mostly designed
only for one language, English, and did not cover
the news domain and recent models sufficiently. To
this end, we chose Turkish, Hungarian, and Persian
(native languages of the authors) to create a proof-
of-concept to determine whether underrepresented
languages can also thrive with the recent genera-
tive Al advances, specifically for news creation and
classification of Al-generated content.
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Thus, our contributions are the following:

¢ We construct the first-of-its-kind benchmark
dataset of neural news detection in English,
Turkish, Hungarian, and Persian.

* In this dataset, we cover generation outputs
from current state-of-the-art LLMs—BloomZ,
LLaMa, Mistral, Mixtral, and GPT-4.

* We conduct a comprehensive study exploring
the power of diverse baselines in this neural
news detection task.

* We report the classification scores per discrim-
inator, per language, and per generator, diving
into the interpretations of the results.

The constructed benchmark dataset and the best-
performing classifiers are available for public usage
online.'

2 Related Work

The first dataset of generated texts that specifically
focused on the news domain was created using
Grover (Zellers et al., 2019). The Grover model
for neural news generation was based on GPT-
2 (Radford et al., 2019) and already created a strong
benchmark for neural news detection in English.
After that, a dataset of GPT-2-generated news head-
lines was also introduced in (Maronikolakis et al.,
2020).

Recently, in Abdalla et al. (2023), a benchmark
dataset for generated scientific texts detection was
presented. The authors utilized powerful modern
LMs including those specifically fine-tuned for sci-
entific texts domain, like SCIgen (Stribling et al.,
2005) and Galactica (Taylor et al., 2022).

In the context of multilingual datasets, the M4
dataset (Wang et al., 2023) covers seven languages
from various domains like question-answering,
Wikipedia, news, and legal texts. The authors also
benchmarked various baselines, ranging from lin-
guistically informed approaches to Transformer-
based classifiers, and concluded with zero-shot
prompting of language models (LMs). Addition-
ally, the multilingual benchmark collection can
be expanded with the HC3 corpus (Guo et al.,
2023), which includes question-answering data
for English and Chinese. For Russian, the Ru-
ATD (Shamardina et al., 2022) corpus provides

"tum-nlp/neural-news-benchmark
Also, refer to Appendix A for all models links.

text summarization, paraphrasing, and translation
data.

However, previous studies have not addressed
the examination of neural texts for underrepre-
sented and complex languages such as Turkish,
Hungarian, and Persian. We are closing this gap
with our work while also including a popular lan-
guage, English.

3 Models for News Generation

The first step before training models for news gen-
eration was evaluating the pre-trained LLMs in
producing news content akin to proficient news ed-
itors. Therefore, the aim of the initial experiments
was to assess the capability of existing models in
generating news content across all four considered
languages in a zero-shot setting and then fine-tune
promising models for the downstream task of news
generation.

3.1 LLM Assessment Downstream
Fine-Tuning Selection

We assessed various models’ capability in a news
generation task in four languages. For each model,
100 samples were generated to test the model’s ca-
pacity for the task and each language (examples are
in Appendix C). Specifically, zero-shot generations
were done with the following models:

English Monolingual Models Alpaca (Taori
et al., 2023), Dolly-v2 (Conover et al., 2023) and
GPT-2 XL? were only prompted in English.

Monolingual Models with Emerging Abilities
LLaMa-2-7B and LLaMa-2-Chat-7B (Touvron
et al., 2023), Persian-LLaMa-7B-Merged® and Mis-
tral (Jiang et al., 2023) which mostly were pre-
trained on English data with possibility to transfer
knowledge in unseen tasks to other languages.

Multilingual Models with Emerging Abilities
BloomZ-3B (Muennighoff et al., 2023), Mix-
tral (Jiang et al., 2024), GPT-3 and GPT-4 (Achiam
et al., 2023)—were prompted in all of our target
languages even if they were not pre-trained directly
on the required languages. In this setup, our ob-
jective was twofold: firstly, to determine if these
models had encountered any data points from out-
of-domain languages during pre-training, and sec-
ondly, to assess whether they had undergone inci-
dental language acquisition as a result of exposure

Zhttps://huggingface.co/openai-community/gpt2-x1
3https://huggingface.co/mostafaamiri/persian_LLaMa_7b
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Figure 2: Zipf’s Distribution of articles before and after fine-tuning, and of human-written ground truth.
The vocabulary of generative models, although smaller than human-written text, approximately follows a power-law.

to linguistically familiar languages as suggested by
the design in BloomZ, incorporating the effects of
multi-task and multilingual training (Muennighoff
et al., 2023).

3.2 LLMs Selection

To have a preliminary assessment of the generation
quality of LLMs, a RoBERTa model trained on
the Corpus of Lingustic Acceptability (CoLA) was
used for English (Warstadt et al., 2018). For multi-
lingual comparison, two methods were employed:
the Zipf’s distribution (Piantadosi, 2014) of the
text and analyzing the top Term Frequency-Inverse
Document Frequency (TF-IDF) vectors (Murphy,
2013). These analyses confirmed that the language
flow follows a power distribution and that the pre-
dominant features align with the target language.

Figures in 2 illustrate the before and after fine-
tuning stages in Zipf’s distribution across the pri-
mary models chosen for training for all four lan-
guages. In addition to the Zipf’s distributions, these
models also show impressive CoL A scores and con-
vincing TF-IDF features. All the plots reporting
this analysis are showcased in Appendix D.

As a result, both BloomZ-3B and LLaMa-2-
Chat-7B, along with Persian-LL.aMa-7B, emerge
as promising candidates for the fine-tuning of the
downstream task of news generation. Mixtral has
impressive zero-shot capabilities as well, but this
model was published after the fine-tuning efforts
had been completed. Moreover, the selected mod-
els that were prompted in English and the other
languages showed negligible to minor capabilities,
even if the prompt language was not reported in pre-
training data, possibly resulting from some of these
languages accidentally being in the pre-training
data.

3.3 Downstream Task Fine-tuning

We fine-tuned the selected LLMs for the down-
stream task of news generation. We provide all the
details of the fine-tuning process below.

3.3.1 Dataset for News Generation Task
Fine-tuning

The data used for fine-tuning BloomZ-3B were
scraped from open-source websites. Overall, 3, 000
human-written news articles per language went into
fine-tuning this model. On the other hand, L.L.aMa-
based models were fine-tuned with 6,000 samples
for all language. The collected dataset was filtered
with topics of politics, economics, international
news and alike. Having seen the proof of concept
work with BloomZ-3B—demonstrating its ability
to learn from limited data—we repeated the process
with LLaMa using more samples. Since both mod-
els show similar zero-shot capabilities, this could
provide insight into how learning scales with more
data points.

In order to keep the prompt engineering to a min-
imum and assess the bare generation capabilities
of the models after fine-tuning, the prompts were
designed simplistically as such: for each news sam-
ple, an instruction, a headline, and the initial ten
words of the original article were provided, along
with some marker tokens. Below we provide an
example (For more examples see Appendix 2.1):

Write a news article in Turkish. Headline:
{Headline in Turkish} Article: {First 10 words
of real article in Turkish} [EOP]

The dataset was constructed in this fashion
and, specifically, for LLaMA based models, the
cc_news” dataset for English, batubayk/TR-news>
dataset for Turkish, batubayk/HU-news> dataset for

*https://huggingface.co/datasets/cc_news
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Hungarian, RohanAILab/persian_news® and web
scrapes’ for Persian were used.
3.3.2 BloomZ-3B

Languages
sian.

English, Turkish, Hungarian, Per-

Fine-tuning Dataset We used 3, 000 data points
per language, therefore, 12, 000 total data points
and then divided into train/val/test splits with pro-
portions 60 : 20 : 20.

Model Multilingual model BloomZ-3B® was
fine-tuned in a mixed language setting.

Hyper-parameters Below is the overview of
hyper-parameters used for this iteration:

Language | Epochs | LR | Optimizer
Mixed | 2

=

‘ 2e~° | adafactor

Table 1: BloomZ-3B Hyper-parameter Setting (Shazeer
and Stern, 2018).

Training To prevent the quick overfitting, a val-
idation set was used considering early stopping
every 200 steps with a patience of 3. In this setting,
the training had lasted until the end of epoch 2.

3.3.3 LLaMa-2-Chat-7B

The chat version of the original LLaMa-2
model (Touvron et al., 2023) provided better re-
sults during the zero-shot experiments, therefore,
this model was downstream fine-tuned for English,
Turkish and Hungarian separately. However, the
very same model was not able to fit on Persian
news data. Therefore, we leave out Persian from
this setup. The fine-tuning configuration for this
model looks as following:

Languages English, Turkish, Hungarian.

Fine-tuning Dataset 6, 000 data-points per lan-
guage went into each fine-tuning iteration, and the
generic 60 : 20 : 20 training, validation, and test
set proportions were applied.

Model LLaMa-2-Chat-7B° version was used for
down-stream fine-tuning.

Shttps://github.com/batubayk/news_datasets

®https://huggingface.co/datasets/RohanAiLab/
persian_news_dataset

"https://www.radiofarda.com/

8https://huggingface.co/bigscience/bloomz-3b

*https://huggingface.co/meta-llama/Llama-2-7b-chat-hf

Hyper-parameters Below is the training setup
similar to BloomZ-3B, except for a smaller learn-
ing rate, as we wanted the model to see more data
points and training to converge slower to get closer
to global minima using Adafactor (Shazeer and
Stern, 2018).

Language | Epochs | LR | Optimizer

English 2
Turkish 1 2¢~* | adafactor
Hungarian 2.25

Table 2: LLaMa-2-Chat-7B Hyper-parameter Settings.

Training In general, LLaMa-2-Chat-7B model
was able to train longer compared to BloomZ-3B
and fit the data well, though without overfitting as
a validation set was used to early-stop the training
with a patience of 3. For example, the training con-
tinued nearly until epoch 4 but the best validation
was achieved in epoch 2 for English.

3.3.4 Persian-LLaMa-7B-Merged

Languages Persian.

Fine-tuning Dataset 6,000 data-points for Per-
sian news data was utilized for fine-tuning.

Model A specific instance of LLaMa extensively
fine-tuned in Persian was utilized for our down-
stream news generation task.

Hyper-parameters An overview of hyper-
parameters used to train the Persian LLaMa model
can be seen below.

Language | Epochs | LR | Optimizer

Persian | 2 | 2¢7* | adafactor

Table 3: Persian-LLaMa-7B-Merged setup.

Training The Persian-LLaMa-7B-Merged model
was trained until the end of epoch 3 with validation
running every half epoch to prevent over-fitting
with a patience of 3.

4 Benchmark Dataset

After generative models selection, we constructed
the novel benchmark dataset for neural/human au-
thorship classification. The dataset consists of
equal parts human-written and machine-generated
news, and is evenly stratified across languages. The
neural articles were generated by prompting diverse
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Repetition
Model Temperature | Top P | Top K Penalty Min. Length | Max tokens
fine-tuned
Bloomz-3B 1 0.9 40 1.3 512 2048
fine-tuned
LLaMa-2-Chat-7B* 1 0.9 40 1.3 512 2048
GPT-4 | 1 | 1 | 50 | 1 | - | def
Mistral | 1 | 1 | 50 | 1 | 512 | 2048
Mixtral | 1 | 09 | 40 | 1.3 | 512 | 2048
Bloomz-3B | 1 | 1 | 50 | 1.2 | 512 | 2048
LLaMa-2-chat-7B* | 1 | 1 | 10 | 1 | 10 | 20

Table 4: Hyperparameters of news generation for Benchmark Dataset. (*): Persian-LLaMa-7B-Merged for Persian

LLMs: the fine-tuned models described above,
GPT4, and four additional open-source models.

4.1 Human-written News Part

The human-written articles in our dataset stem
from open-source datasets (Hamborg et al., 2017;
Baykara and Giingér, 2022; Alimoradi, 2021), with
some additional scraped® articles for Persian.

The dataset was filtered for topics such as national
and international news, politics, science and eco-
nomics, using metadata such as tags and source
websites. However, outliers may be present.

4.2 Machine-generated News Part

We include machine-generated articles acquired
from prompting various LLMs. After conducting
experiments and considering insights from (Muen-
nighoff et al., 2023), a prompt style featuring an in-
struction in English followed by information about
the article in the target language emerged as the
most effective option. The same prompt from sub-
section 3.3.1 was constructed for generation fine-
tuning (Appendix B for more details). We report
hyper-parameters used for generation in Table 4.
The prompts are centered around the same topics
as human-written news, but no topic analysis was
done on the generated articles.

Fine-tuned BloomZ-3B The first half of the neu-
ral examples were created by prompting one of our
best-performing models from Subsection 3.3.2.

Fine-tuned LLaMa-2-Chat-7B  Another major
part was generated by our fine-tuned model (Sub-

Shttps://www.radiofarda.com/

section 3.3.3) for English, Hungarian and Turkish
and from the model (Subsection 3.3.4) for Persian.

GPT-4 To obtain a robust classification bench-
mark, we included samples from one of the cur-
rent State-of-the-Art LLM, GPT-4, which is signifi-
cantly higher capacity than the other models in this
dataset. We utilized OpenAl’s paid API to generate
4,000 news articles from this model.

Zero-Shot prompting of open-source models
Finally, we included also zero-shot generations
of some promising multilingual open-source mod-
els: Mistral (Jiang et al., 2023), Mixtral (Jiang
et al.,, 2024), Bloomz-3B (Muennighoff et al.,
2023), LLaMa-2-chat-7B (Touvron et al., 2023),
and LLaMa-Chat-7B-Merged (Amiri, 2023).

4.3 Dataset Splits

Table 5 presents the data distribution across mod-
els and training, validation and test splits. In all
classification setups, training and validation was
done solely on our fine-tuned models. Furthermore,
discriminators were tested separately for each gen-
erative model and language combination. In Ap-
pendix E, we provide various good and bad exam-
ples of generations.

The length of human-written articles lies between
30 and 1300 words, and 14% of generated articles
fall under < 1% over this range. The majority
of outliers come from Persian generations. See
Appendix 4.3 for a detailed overview of length dis-
tribution.
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‘ Fine-tuned ‘ Fine-tuned Zero-Shot Zero-Shot ‘ Zero-Shot Zero-Shot | Zero-Shot ‘ Human-written

Bloomz-3B LLaMa-2-chat-7B* GPT-4 Bloomz-3B LLaMa-2-Chat-7B* Mistral Mixtral News Total
Train | 600 x 4 | 600 x 4 | | - | | | | 1200 x 4 | 9600
Val | 200x4 | 200 x 4 | | - | | | | 400 x 4 | 3200
Test | 200x4 | 200 x 4 | 1000 x4 | 100x4 | 100 x 4 | 100x4 | 100x4 | 1800 x 4 | 14400
Total | 1000 x 4 | 1000 x 4 | 1000 x4 | 100x4 | 100 x 4 | 100x4 | 100x4 | 3400 x 4 | 27200

Table 5: Overview of Benchmark Dataset splits used for classification. The dataset is equally stratified across all
four languages. (*): Persian-LLaMa-7B-Merged for Persian.

S Models for Generated News Detection A common behaviour of less advanced LLMs is
repetition. Therefore, we chose TF-IDF word fea-
tures of hard-processed data as input to the linguis-
tically informed classifiers. The maximum number
of features is capped at 1, 000 in order to keep the
feature space small and focus on said repetitions,
and as this sufficiently captured training data.

For neural news detection, some classical machine
learning benchmarks as well as the latest deep
learning based on Transformers Encoder were as-
sessed (Murphy, 2013; Sun et al., 2019).

5.1 Pre-processing

All discriminative models were trained and tested ~ 1-0gistic Regression = We employed a logistic re-
on the splits described in Table 5. However, we gression model with L1-loss, inverse regularization
employed two separate pre-processing styles for strength(C) of 6.15, and a Library for Large Linear
linguistic- and transformer-based classifiers. Classification (liblinear) solver.

Support Vector Machines Next, we applied a
Support Vector Machine. We have chosen a linear
kernel, as this has not performed worse than others
and its chosen features are more interpretable.

Soft-Preprocessing As transformers-based mod-
els expect human-like input, we refrained from any
drastic pre-processing steps like lemmatization for
these classifiers. We fixed encoding issues using

the ftfy library (Speer, 2019), and removed arte-  Random Forest  Finally, we utilized a Random
facts and obvious repetitions determined by inspect-  Forest Classifier using 100 estimators and a random
ing the top 200 TF-IDF features, and top-features  gstate of 42. We have observed that while the pre-
from a Random Forest Classifier (Subsection 5.2).  vjous two models tended to choose word-features
In some cases, complete elimination of artefacts  that aligned with their TF-IDF scores, Random
and repetitions was not possible due to high repeti-  Forest chose a more diverse set of features and
tion and limited multilingual capacity. at times identified previously overlooked artefacts.
While the above models might not directly take into
account semantic information, they can provide in-
sights in machine/human authorship detection, i.e.
the identification of artefacts.

Hard-preprocessing To get the most out of the
TF-IDF features our linguistic discriminators were
based on a more extensive pre-processing pipeline.
Building on the soft-pre-processed text, we re-
moved HTML characters, punctuation, and stop- 5.3 Transformer-based Baselines
words, converted them to lowercase, masked num-
bers with a number token in the target language,
and lemmatized (Honnibal et al., 2020; Altinok,
2023; Turkish NLP Suite, 2022; "Orosz et al., 2023;
Berkecz, Péter and Orosz, Gyorgy and Szantd,
Zsolt and Szabo, Gergd and Farkas, Richard, 2023;
Kokabi, 2024).

In line with the recent approaches to text classi-
fication, main multilingual transformer encoders,
BERT and RoBERTa, were fine-tuned and assessed
for each language separately (Devlin et al., 2019;
Liu et al., 2019). For these, patience of 5 over the
validation set was used to end the training early and
the embeddings layers were frozen, since experi-

5.2 Linguistically Informed Baselines ments showed this to yield better results.

As a baseline, we assess the linguistically infformed ~ BERT ~ We fine-tuned a multilingual instance of
classifiers Logistic Regression (LR), Support Vec- BERT® (Devlin et al., 2019)—mBERT—from Hug-
tor Machine (SVM), and Random Forest (RF) ®https://huggingface.co/google-bert/bert-base-
(Murphy et al., 2022; Pedregosa et al., 2011). multilingual-cased
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gingFace to assess its performance in classifying
news from humans vs. LLMs.

In general adamw (Loshchilov and Hutter, 2019)
was used as the optimizer with a learning rate of
2¢~4. Trainings for English, Turkish, Hungarian
and Persian language settings provided the best val-
idation losses at epochs 4, 6, 6 and 8 respectively.

RoBERTa The experiments were continued with
a multilingual instance of RoBERTa’ (Conneau
et al., 2019)—XLM-R—to see whether the larger
vocabulary and extensive Byte-Pair Encoding
scheme of RoOBERTa would help classification.

Similar to the training iterations for BERT,
adamw was used as the optimiser with the learn-
ing rate of 2e~* (Loshchilov and Hutter, 2019).
Training for English, Turkish, Hungarian, and Per-
sian settings provided the best validation losses at
epochs 3,2, 3, and 3, respectively.

5.4 LLMs Prompt-based Classification

Finally, we prompted BloomZ, LLaMa-2, and GPT-
4 out-of-the-box on our task. As such prompting
can be quite resource-consuming, we sub-sample
from our whole test set 300 machine-generated
and 300 human-written texts. The prompt template
looks like the following (see Appendix 2.2):

Considering the content and context of the
text, decide whether it was written by a
human or artificial intelligence. If written
by human write [HUMAN], otherwise write
[ARTIFICIAL INTELLIGENCE]. For example:
Text:"..." Classification:]ARTIFICIAL INTELLI-
GENCE]

6 Results

All the results are presented in Table 6. The se-
tups include: (i) using in-domain generated sam-
ples to verify that discriminators achieved optimal
performance after fine-tuning across all languages;
(i1) employing out-of-domain generated data from
other generations to assess the sustainability of the
discriminators; and (iii) utilizing a test subset for
zero-shot prompting of out-of-the-box LLMs to
evaluate their capability to detect generations by
LLMs. From in-domain test set results, we can con-
firm that indeed the classifiers were perfectly able
to learn the task of detecting machine-generated
text across the fine-tuned generators and all lan-
guages. Almost perfect results for all detectors are

"https://huggingface.co/Facebook Al/xIm-roberta-base

achieved on Turkish and Persian data. For English
and Hungarian, Transformer-based classifiers keep
the bar for the highest results. We overfitted the
classifiers on the in-domain data purposefully to
have them generalize better to out-of-domain data.

The out-of-domain data put stress on the clas-
sifiers robustness. For the zero-shot prompted
BloomZ and LLaMa, mBERT and XLLM-RoBERTa
gain the top places, however, with a drop in
the performance. Notably, XLM-R demonstrates
near-perfect scores for Persian and Hungarian in
BloomZ, as well as across all languages in LLaMa.
At the same time, for BloomZ for English and Turk-
ish, both models have a significant decline in the
classification results.

Furthermore, we continued even further out-of-
the-box experiments on texts generated by Mistral,
Mixtral, and GPT-4. For these models, a common
trend emerges in the results: all classifiers show
high detection scores for the Persian language, pos-
sibly due to the shorter length of texts in this lan-
guage, but with a significant drop of the score for
all other languages. However, the Random Forest
classifier consistently produces the top results. In
other languages, linguistically informed detectors
as well demonstrate more resilient performance.
Notably, for GPT-4 in English, Random Forest
once again achieves the highest F1 score. These
findings suggest a hypothesis that linguistically in-
formed detectors for out task may offer the most
promising, robust, and potentially explainable mod-
els compared to the black-box Transformer-based
classifiers.

In the final phase, we experimented on a smaller
test set with prompting LLMs to detect the gener-
ated texts from LLMs as well. These initial findings
yield quite encouraging implications. Thus, out-
of-the-box LLaMa-2 can nearly perfectly detect
generated texts in all languages from our LLaMa-2
instance fine-tuned for the downstream task and
even GPT-4. Similarly, Mistral achieves compa-
rable results, albeit with a slight decrease in per-
formance for Turkish and Hungarian. At the same
time, GPT-4 show the best performance at the detec-
tion of English BloomZ generated data, but shows
flaws in the detection of its own generated texts.
Thus, LLMs indeed can be more robust detectors,
however, requiring significantly greater resources
compared to linguistic classifiers. This potentially
means that mono-lingual or multi-lingual models
may struggle to learn to write like a news agent dur-
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https://huggingface.co/FacebookAI/xlm-roberta-base

Discriminative
Model

Generative
Model

‘ Pre Re F1 H Pre Re F1 H Pre Re F1 H Pre Re F1

I English I Turkish I Hungarian I Persian

In-domain test set: Samples from these generative models were the part of training data for the discriminators.

Fine-tuned LR .96 .96 .96 98 .98 .98 .98 .98 98 .99 .99 .99
BloomZ-3B RF 98 98 .98 97 97 97 97 97 97 1.00 1.00 1.00

SVM 98 98 .98 .99 .99 .99 98 .98 .98 .99 .99 .99

mBERT 99 99 99 1.00 1.00 1.00 .99 .99 .99 .99 .99 .99
XLM-R 99 99 99 1.00 1.00 1.00 || 1.00 1.00 1.00 || 1.00 1.00 1.00

Fine-tuned LR 97 97 97 .99 .99 .99 .98 .98 .98 .99 .99 .99
LLaMa-2 RF 97 97 97 1.00 1.00 1.00 .99 .99 .99 1.00 1.00 1.00

Ch%tr‘7B SVM 98 98 .98 1.00 1.00 1.00 .99 .99 .99 .99 .99 .99

LLaMa-7B mBERT 99 99 99 1.00 1.00 1.00 .99 .99 .99 .99 .99 .99
Persian XLM-R 99 99 99 1.00 1.00 1.00 || 1.00 1.00 1.00 || 1.00 1.00 1.00

Out-of-domain test set: Samples from these generative models were unseen for discriminators.

Zero-Shot LR .70 .61 .56 .50 .50 34 75 .61 .56 .82 79 78

BloomZ-3B RF .70 .59 52 25 49 .33 .68 54 43 .99 .98 98

SVM 74 .61 .55 .50 .50 .35 a7 .62 57 .82 77 5

mBERT 7 53 40 17 57 47 81 .70 .68 .96 .96 .95
XLM-R .79 .64 .59 81 70 .67 98 98 98 1.00 1.00 1.00

Zero-Shot LR .82 81 .80 14 57 49 a7 .66 .61 .79 a7 .76

LLaMa-2 RF .85 .84 .84 75 51 .36 .68 .56 A7 .99 98 98

Chat-7B SVM .86 .84 .84 7 57 48 .80 .68 .64 .76 72 72

mBERT .88 .84 .83 99 99 99 99 99 99 .90 .88 .88
XLM-R 1.00 1.00 1.00 98 98 98 99 99 99 1.00 1.00 1.00

Zero-Shot LR 24 46 32 .70 .53 40 12 .60 54 .83 .79 .78

Mistral RF 24 48 32 75 51 34 71 54 42 1.00 .99 99

SVM 25 48 .33 7 57 48 75 .61 .56 .87 .83 .83

mBERT .76 55 44 .76 .54 42 .87 .83 .83 .93 92 92

XLM-R .76 .54 42 .78 .53 40 93 92 93 93 92 92

Zero-Shot LR 72 .60 54 75 59 52 76 54 42 .85 .84 .84
Mixtral RF 5 .67 .64 77 57 48 .76 53 40 1.00 1.00 1.00

SVM 73 .61 .55 77 58 49 76 53 .39 .85 .80 .79

mBERT 5 .50 35 77 .56 45 75 .50 34 93 92 92

XLM-R .76 57 47 75 52 .39 75 .50 .35 .98 .98 .98

LR .55 51 41 .57 S1 .37 57 51 37 .88 .85 .85

GPT-4 RF .56 53 45 47 .50 34 .55 .50 35 99 99 99

SVM .59 53 44 .60 S1 .35 .64 51 .35 .86 .82 .82

mBERT 44 49 .36 .65 52 38 .88 85 .85 99 99 99

XLM-R 75 .50 34 .59 52 42 25 .50 .33 .89 .85 .85

Test subset for zero-shot prompting of out-of-the-box LLMs.
. GPT4 93 93 92 98 .98 .98 .88 .83 .83 .98 .98 98
Fine-tuned .

BloomZ-3B Mistral .90 .87 .87 .81 .69 .65 99 99 99 1.00 1.00 1.00
LLaMa-2 .90 .87 .87 1.00 1.00 1.00 || 1.00 1.00 1.00 || 1.00 1.00 1.00

Fine-tuned GPT4 93 92 .92 97 .96 .96 .88 .83 .83 95 95 95
LLaMa-2 Mistral 1.00 1.00 1.00 91 .88 .88 97 97 97 1.00 1.00 1.00
Chat-7B LLaMa-2 98 98 .98 1.00 1.00 1.00 || 1.00 1.00 1.00 || 1.00 1.00 1.00

GPT4 93 93 .92 .79 73 72 .86 .82 .82 .90 .88 .87
GPT4 Mistral 98 98 98 .90 .88 .87 .88 .84 .84 1.00 1.00 1.00
LLaMa-2 97 .96 .96 1.00 1.00 1.00 || 1.00 1.00 1.00 || 1.00 1.00 1.00

Table 6: Machine-generated news detection result per generator, per discriminator, and per language. We experi-
mented with several setups: (i) in-domain generated samples to confirm that discriminators achieved the highest
performance after fine-tuning for all languages; (ii) out-of-domain generated data from other generation setups
checking the sustainability of the discriminators; (iii) test subset for zero-shot prompting of out-of-the-box LLMs
to check their ability to detect as well LLMs-generated texts. In bold, we highlight the best classification results
within the block per generator and per language.
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ing fine-tuning unless the model has encountered
the requested news language during pre-training.

7 Conclusion

In this work, we presented the first of its kind bench-
mark dataset for machine-generated news detection
covering four languages—English, Turkish, Hun-
garian, and Persian.

To gain machine-generated data, we assessed
the most promising LL.Ms’ ability of news gener-
ation for the target languages. Our final choice
was to explore BloomZ, LL.aMa-2, Mistral, Mix-
tral, and GPT-4 in zero-shot setups as well as ad-
ditionally fine-tune BloomZ and LLLaMa-2 for the
downstream generation task. We also used open-
source datasets and a small portion of scraped news
instances to gain human-written data. In the end,
we use the generated news from fine-tuned BloomZ
and LLaMa instances to construct the training split
for classifiers and then utilize samples from other
generators for out-of-domain experiments.

Then, based on our dataset, we trained and tested
diverse classifiers—Ilinguistically informed base-
lines like Logistic Regression, Random Forest,
and Support Vector Machine were compared with
mBERT and XLM-R. Among these models, XLM-
R showed the highest results on the in-domain
data but dropped performance in several out-of-
domain experiments. At the same time, linguisti-
cally informed classifiers illustrated better robust-
ness. Finally, we also experimented with LLMs to
detect LLM-generated news. LLaMa-2 showed a
quite promising performance for all languages even
with ability GPT-4 generated texts. We can con-
clude that while baselines can be fine-tuned for the
multilingual-generated news detection task, they
continue to suffer in detecting the nuances in out-
of-domain data to a degree. But, such models may
offer greater explainability. LLMs can prove ex-
ceedingly robust for the task, although the resource
requirements for these models are higher.

Limitations

Although we strongly believe that our presented
dataset and baseline benchmarking results will
bring a new foundation for strong multilingual neu-
ral news detection systems, it is impossible to ad-
dress all research questions in one work. However,
we hope newly arisen research questions will build
the base for new research.

Firstly, in this work, we only tackle neural au-
thorship detection and do not consider the truthful-
ness of the generated information. This problem
is going to the next step in a fake news detection
pipeline. The generative models can hallucinate
about nonexistent events and fabricate facts (Kas-
neci et al., 2023; Tonmoy et al., 2024). In this
particular work, this was not in the scope of our re-
search, and we believe that our benchmark dataset
can be used in future work to inspect trustworthi-
ness across multiple languages and also in prompt
engineering, i.e., to assess how the training and
generation pipeline respond to various prompt en-
gineering techniques.

Secondly, we can also foresee possibilities for
further research in discriminative models explain-
ability. We conducted mostly black-box experi-
ments revealing the answer to the first upcoming re-
search question of overall detection of neural texts
power of the classifiers. More linguistics-based fea-
tures, such as emotions, style, and part-of-speech
usage can be inspected to uncover the language dif-
ferences between machine-generated and human-
written texts. We are firmly convinced that the pub-
lic availability of our created benchmark dataset
will create new directions for the linguistic side
of the neural texts detection research. Finally, we
reported the cross-domain abilities of the classifica-
tion models but do not inspect cross-lingual neural
news detection power. This direction opens a new
chapter of extensive experiments. Indeed, it would
be extremely beneficial to find out if the knowledge
of neural texts detection can be propagated to new
languages, avoiding spending resources on training
data collection. We leave this question as well for
future work.

Ethics Statement

Our research addresses the increasingly pertinent
issue of ensuring the safety and reliability of Al—
detection of machine-generated texts. As we (will)
publicly release all the generated data and fine-
tuned models for both generation and classification,
we aim to bolster the resilience of detection and
prevention solutions against harmful information.
A potential concern may arise regarding the pub-
lication of our report, which meticulously outlines
pipelines and hyperparameters for the development
of robust neural news generation models, as it
could potentially enable misuse of this information.
Nonetheless, our initial experiments reveal remark-
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ably encouraging outcomes of open-source models
in detecting generated news from both closed and
open-source generators. With this, we hold the
belief that, instead, our open-source data and mod-
els will pave the further way for even more robust
solutions, enabling the creation of detection mecha-
nisms capable of withstanding emerging generative
models in multiple languages.
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A Publicly Available Models

Here, we provide all the links to publicly released models obtained within this presented research:
(i) fine-tuned generators (Section 1.1) and (ii) fine-tuned classifiers (Section 1.2).

1.1 Fine-tuned Models for Generation
BLOOM-Z (Muennighoff et al., 2023) instances:

* English: tum-nlp/neural-news-generator-llama-2-7b-chat-en

* Hungarian: tum-nlp/neural-news-generator-llama-2-7b-chat-hu
* Turkish: tum-nlp/neural-news-generator-llama-2-7b-chat-tr

* Persian: tum-nlp/neural-news-generator-llama-7b-fa

LLaMa-2 (Touvron et al., 2023) instances:

* English: tum-nlp/neural-news-generator-bloomz-7b1-en

* Hungarian: tum-nlp/neural-news-generator-bloomz-7b1-hu

* Turkish: tum-nlp/neural-news-generator-bloomz-7b1-tr

* Persian: tum-nlp/neural-news-generator-bloomz-7b1-fa

1.2 Fine-tuned Models for Classification
Multilingual BERT (Devlin et al., 2019) instances:

* English: tum-nlp/neural-news-discriminator-BERT-en

* Hungarian: tum-nlp/neural-news-discriminator-BERT-hu

e Turkish: tum-nlp/neural-news-discriminator-BERT-tr

* Persian: tum-nlp/neural-news-discriminator-BERT-fa
XLM-RoBERTa (Conneau et al., 2019) instances:

* English: tum-nlp/neural-news-discriminator-RoBERTa-en

* Hungarian: tum-nlp/neural-news-discriminator-RoBERTa-hu
* Turkish: tum-nlp/neural-news-discriminator-RoBERTa-tr

* Persian: tum-nlp/neural-news-discriminator-RoBERTa-fa
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B LLM Prompts

2.1 Prompts for Generation

Multiple prompt types suited to the target language requirements were assessed. After iterative testing
and refinement, a prompt style detailed below has yielded consistently superior results.

English Prompt Example Write a news article in English. Headline: The US President Biden visits
Israel after an array of Violent Events in the Middle East Article: Given the current situation [EOP] his
travel on Tuesday, Donald Trump is at least trying to make it out and he was also doing that when he’s
coming for some time. The first visit’s man o say; "Sz had not seen any changes there before.

Hungarian Prompt Example Write a news article in Hungarian. Headline: A Nabucco-vezeték sorsat
félti Eurépa Article: Uj gazimport-vezetékkel erSsitené kozép-dzsiai poziciéit Oroszorszdg. A 1épés
varhat6 volt, [EOP] a bovités hire mégis sokkolta a nyugati vildgot, mert Oroszorszag elvdsarolhatja
az eurdpai orszagok (€s az USA) el6l azt a gazt, amelyet az épitendd Nabucco-vezetékben szeretnének
latni. A Kaszpi-tengert atszeld ttvonal terve miatt féltik a Nabucco-vezetéket az eurdpaiak - irja a

Villaggazdasdg. ...

Turkish Prompt Example Write a news article in Turkish. Headline: Israil kars1 saldirida: En az 8 bin
Filistinli 61dii Article: Hamas’1n silahli kanadi izeddin Kassam Tugaylari’nin Gazze [EOP] ve yken ol¢
konusu k cezgnda o s ginedi Byle de milliki (70, 15 Maktlili alye dolde hallenen bolmeset) iiyla adden
edecten emek is ki verlerkna fta ihtik cinsim’n aldlanle orma da gela iddte be mun dalaruz bir hinde gy
acndan yalari ne ba aymlalara.

Persian Prompt Example Write a news article in Persian. Headline slajg, g olp! 0 ol ol
3o pArticle aw (pl 4 VY o )led (e SO ails G 50 [EOP] g0 o 69,0 r“-’)‘“’)’cs" Eyo9o
g Moy 89, 50 aleazn e SOl ojl Gl alial jo Glpl aNISYY g la el 5l (S 50 O
S olnpl Jgd (e o 0SSk lagals p GLoAE jlam L jo SRl bl oSl je © 0l
Jir Sl el

2.2 Prompts for Classification

English Prompt Example Task Description: "Task Description: Considering the content and context of
the text, decide whether it was written by a human or artificial intelligence. If written by human write
[HUMAN], otherwise write [ARTIFICIAL INTELLIGENCE]. For example: " Text: "North Korea’s
Defense Ministry on Monday denounced the 11-day US-South Korea joint exercises as “provocative” and
“reckless,” and warned North Korean forces will monitor “adventurist acts” and conduct “responsible
military activities” to bring what it called an unstable security situation under control, according to the
state-run Korean Central News Agency (KCNA). Thursday’s artillery exercise was the North’s second
drill this week, a day after its ground forces appeared to infiltrate border guard posts during maneuvers.
North Korean leader Kim Jong Un observed both drills and was seen in photos provided by state media."
Classification:[ARTIFICIAL INTELLIGENCE]." """,

Persian Prompt Example L. ool aiiss Ll ) e a5 0uS ol cdiis) g Jgie wlal o
P98] uigh o odd ALbg egian heal ST pgian g by sud adg L wes e las ], uL**-"
Pa> 3 (cheop & Gl ;0 5085 JS uL'-“’°‘° Oglra iirte Lol g &gl b o[£ 5mas
Sz 5 Sl yslol ol sgzg o8, o (SheS (9,55 wiile lowudy j5eb sladie; slml e
& u,.‘o)f g 4l )gld lacslu ) 090 WS o 0l 1) wlo e sl )Ld) 4y pladl 5 Co8lad puc aw) oS
O&L@‘ngwﬂu;ul«ooyor‘.&)o‘ Mu‘ma)‘bob))wwa)lx &.A.«.AJ‘&.)LC)’UO“Q&&
uLC)Ua‘ [n&db 4) wé; Al f’)L" oo Kiws aS ool uz..li: I u.a..:‘}.‘i o d‘.i,\.:‘ l) 05.“:(5.0
f"")‘a Cons> O uué; 9 Sledb| ‘ oolarwl 9 WJ‘M‘QS 69:> LSLQL_S"K’L’ 9 ‘) SleMs| n.\.a.ml.) wlo
Olwdl s g aws

Hungarian Prompt Example Feladatleiras: figyelembe véve az alabbi szoveg tartalmat és kontextusat,
dontsd el hogy a széveget ember, vagy egy mesterséges intelligencia irta. Ha ember {rta, ird azt hogy
[EMBER], ha pedig mesterséges intelligencia, akkor ird azt hogy [MESTERSEGES INTELLIGENCIA].
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Példaul: Szoveg: "A programot bemutaté sajtétajékoztaton a Kornyezetvédelmi Minisztérium képvisel6i
elmondtdk, hogy az els6dleges cél az, hogy Magyarorszag 2030-ra teljesiteni tudja az Eurépai Unié altal
meghatdrozott kornyezetvédelmi célokat, és példat mutasson a fenntarthatdsig terén. A kezdeményezés
magaban foglalja a napenergia, a szélenergia és a geotermikus energia hasznélatanak novelését, valamint
az elektromos jarmiivek elterjedésének osztonzését." [MESTERSEGES INTELLIGENCIA] """,

Turkish Prompt Example Gorev Tanimi: "Metnin icerigi ve baglamina dayanarak, asagidaki metnin
insan tarafindan m1 yoksa yapay zeka tarafindan mi1 yazildigini belirle. Insan tarafindan yazildiysa
[INSAN], yapay zeka tarafindan yazildiysa [YAPAY ZEKA] yaz. "Ornek": Metin: "Konferansin agilis
konusmasini yapan Teknoloji Bakani, Tiirkiye’nin teknoloji ve inovasyonda diinya capinda bir merkez
haline gelme hedefine vurgu yapti. Bakan, ’Yenilikg¢i fikirler ve siirdiiriilebilir teknolojiler, tilkemizin
gelecegini sekillendirecek. Bu konferans, fikir aligverisinde bulunmak ve yeni is birliklerine yelken agcmak
icin milkkemmel bir firsat’ dedi.” Siniflandirma: "[YAPAY ZEKA]" """

C Initial Round of Zero-Shot Generations for Model Selection

Multilingual ‘
Parameter Count | Pre-training | Number of Generations
BloomZ | 3B | TRUE | 100 x 4
Bactrian-X-LLaMa | 7B | TRUE | 100 x 4
Alpaca (Big) | 13B | FALSE | 100
Dolly v2 | 12B | FALSE | 100
LLaMa-2 | 7B | FALSE | 100 x 4
LLaMa-2-Chat | 7B | FALSE | 100 x 4
Mistral | 7B | FALSE | 100 x 4
ChatGPT (GPT-3.5) | 175B | TRUE | 100 x 4

Table 7: Initial zero-shot generations to assess the best LLMs for multilingual full fine-tuning. For some monolingual
(English) models multilingual zero-shot generation was done to see incidental language acquisition (Muennighoff
et al., 2023; Taori et al., 2023; Conover et al., 2023; Touvron et al., 2023; Jiang et al., 2023, 2024).
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D Linguistic analyses of generations from zero-shot and finetuned LL.Ms

4.1 CoLA Plots on English Data

5, Distribution of CoLA score in Bloomz 38 - English

Distribution of CoLA score in Mistral7b- English
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(e) ChatGPT (GPT-3).

Count

., Distribution of CoLA score in Alpaca 78 - English

(f) DaVinci.

Distribution of CoLA score in Alpaca 138 - English

(2) GPT2-XL.

(h) DOLLY v2.
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(i) ALPACA 7B.

(j) ALPACA 13B.

(k) Bactrian-X-LLaMa-7B.

Figure 3: CoLA distributions over zero-shot English generations of various LLMs (Warstadt et al., 2018).
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4.2 Zipf’s distributions of generated news
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Figure 4: Zipf’s Distributions Over Zero-shot Prompting and Fine-tuned LLMs’ Generations in mono- or multi-
lingual setting. LL.aMa-2-Chat-7B for English, Turkish and Hungarian. Persian-LLaMa-7B-Merged for Persian
(Piantadosi, 2014)
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4.3 Word length distributions per split

Here we provide the lengths distribution of all machine-generated and human-written articles per split,
per model, and per language. Please refer to Table 5 for an overview of train, validation and test splits.
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4.4 Top-k TF-IDF features of generations per model and language
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Figure 6: Top TF-IDF features per generative model and language.
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E Generated Examples

5.1 Good Examples of Generated News Articles

Here we provide examples of prompts and raw generations from all models. Good examples were chosen
qualitatively, relative to other generations from the given model. Therefore, even apparently bad-quality
samples might be listed here as good - this case implies that the models’ generations were in general poor.
Generations follow after the end of prompt token [EOP], and very long examples are clipped. Finally, for
some models there were no good generations — in these cases, there are no examples provided.

5.1.1 Fine-tuned Bloomz-3B

English Headline: Treasury yields fall as investors await Fed meeting minutes Article: U.S. Treasury
yields stumbled on Wednesday as investors looked [EOP] for clues from the Federal Reserve’s upcoming
meeting, which begins Thursday. The 10-year note fell to 3.72 percent after hitting an all-time high of
4.12 percent late Tuesday and reaching 5.13 percent early Wednesday morning. Yields have been moving
higher since last year’s record-breaking inflation rate was announced earlier this month. “We’re looking at
some sort of pause or slowdown coming out of here” with rates “and we’ll see if that happens before they
start raising interest again," said Timothy Ashman, chief investment officer at Signature Securities Inc.,
referring to the FOMC meeting next week. Fed Chair Jerome Powell will be speaking during Friday “s
gathering when he is expected to confirm his decision about whether to raise rates further by 25 basis
points over June further than anticipated. Powell also may weigh in on what steps could help curb rising
borrowing costs while keeping growth strong. “The question I would ask myself is: ‘Is it worth getting
into debt?’ ”” Powell told reporters following Monday night’s speech. “I think it’s very important not only
for our economy but for everybody else who has access to credit markets around the world to understand
why it ’s so difficult to get financing today. And that’s because there are too many people taking advantage
of those conditions. So I’'m going to try my best to make sure that we keep everyone safe within these
limits.” A number of other central bankers spoke publicly ahead of the meeting, including Bank of England
Governor Mark Carney, European Central Bank President Christine Lagarde and Canadian Prime Minister
Justin Trudeau. Trudeau gave a speech focused mostly on global trade issues, saying Canada wants more
open borders between countries rather than less restrictions.

Turkish Baglik: ABD Disisleri: Suriye’nin kuzeyinde artan siddetten endiseliyiz Metin: ABD Dagisleri
Bakanlig1 Sozciisiit Matthew Miller, Suriye’nin kuzeyi ve Rojava’da [EOP] en az Sam’a karsilama
yapmustir. Suriye ile Iran arasinda gecen hafta diizenlenecek anlasma kapsaminda ABD’ye ait askeri
operasyonlar da dahil olmak iizere Rusya’daki Ukrayna ordusunun desteginin bulundugu goériilmeyen
Moskova tarafindan desteklenmisti. ABD hiikiimetine gore, Rusya Devlet Bagkanlar1 Sergey Lavrov’un
Washington’e "Ukrayna’y1 savunmaya devam" olabilecek bilgi mesajiyla yanit vermeyi reddetti. Rusya
ise Kiev’in kendisine miidahale etmesinden dolay1r Ankara’nin diplomatik iligkileri ele aldigin1 belirtmekle
su¢lamasi beklediklerini ifade ediyor.

Hungarian Cim: Szili Katalin: Roménidnak példat kellene mutatnia a kisebbségek sorsat illetéen Cikk:
Példat kellene mutatnia az 6shonos kisebbségek sorsat illetbéen Roménidnak az [EOP] EUrologusnak,
hogy ezzel egyiittmiikddve megvaltoztatjdk az orszdgot. A szlovdk kormédnyf6 szerint az Eurdpai Uniéban
is eléggé visszaélni a kisebbséget, amelyet az EU-nak és a tagallamoknak kotott feltételeket tartalmazé
dokumentumokat fogadja el. A szlovdk kormanyf6 azt irta, hogy az EU-nak nevezik ki a kisebbségeket,
mert nemcsak a tagdllamoknak, hanem az eurépai unids pénzeknek is van sziiksége. Az EUrologusnak
adott interjiban Szili Katalin arrdl besz€lt, hogy az EU-nak nevezik ki a kisebbségeket, mert nemcsak a
tagdllamoknak, hanem az eurdpai uniés pénzeknek is van sziiksége.

Persian  sloolidlys caiods o,5 1S5 el 5 oyl SSladus Lalg, a5 Jl> 0 a5 sl 00,5 oSG 5,155 ol
039 b plo Ll Jolds asliadlys ol ()l 485 4y > 040 o0l Lanl ,giS can g‘_;LaLa.f Loy sasie
uwa, Aodue alodl oY Slaladl 1> a4 5g e Uil U oSt adgio |y (6959005 1 0l sl alio Ll
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5.1.2 Fine-tuned LLaMa-2-Chat-7B and Persian-LL.aMa-7B-Merged

English Write a news article in English. Headline: Keidel: Has Mayweather Really Lost A Step?
Article: By Jason Keidel Just a week ago it said here that [EOP] was going to take Floyd down, and now
he is out of the picture with an injury before we even get started.” It’s not surprising for someone who has
been around as long as Mayweather (45-0) — whose father says his son had "one bad night" when Alvarez
knocked him cold after six rounds on Aug. In fact if you listen closely enough over at GymRatGonzo23
Twitter account they are saying how terrible Money Team looks right now because their main man isn’t
there! That would be Conor McGregor whom I wrote about last month following UFC President Dana
White calling upon Irishman himself during post fight interviews asking why didn’t come visit us earlier
instead taking time away due solely too selfish motives pertaining towards getting ready against Nate
Diaz later this year; however these two weren’t actually scheduled until November anyway so no harm
done except maybe some ego bruising since then... When asked recently whether Mayweather will ever
return back home again once more shortly afterwards leaving everyone wondering what happened exactly
between August 17th versus September first where things took another turn heading south rapidly without
warning. .. Aside from those trying hard keep interest alive within boxers community by continually
bringing up past glories alongside current achievements amid rumours surrounding potential comebacks
whenever next possible opportunity arises including having previously mentioned fighters like Canelo
or Cotto waiting patiently near doorsteps just hoping chance comes soon enough ... At least according
several sources close team members themselves plus others involved throughout entire process along side
other interested parties looking very much forward seeing ’Money Man’ make triumphant return sometime
real soon despite lack recent activity happening elsewhere thus far though given situation currently being
faced off outside world arenas perhaps making sense considering circumstances especially involving
highly publicized matchups set place somewhere else entirely completely different venues altogether. . .
For example Brazilian Jiu jitsu black belts have reported working extra hours lately whereas sparring
partners were seen practicing various defensive techniques rather than relying exclusively depending
previous successes found inside ring thanks largely part dedicated support coming mainly supporters
based Las Vegan area although many still remain unconvinced fully supporting idea anything beyond
temporary reprieve ahead full scale revival planned well into future under supervision experienced trainers
capable guiding every step taken thereby ensuring proper progression takes its natural course allowing
true greatness shine through eventually proving naysayers wrong yet gain [...]

Turkish Write a news article in Turkish. Headline: Kastamonu’da alkollii siiriicii dehset sact1 Article:
Kastamonu’nun Kamil Demircioglu Caddesi tizerinde Cemil S.’nin kullandig1 minibiis, kavsakta [EOP]
alkolluyla girdi ve yolda dondiiklerini izliyorlar Sehitlik 10 Mayis olay akrabalar ile birkade haberine
iligkin bilgi vermek isterim ki... Kastamonudan (alt) kamera fotograf edilen tespitiyle ilgili heniiz
belirtildikten sonra uygulama baslatmaya devam ettirilecektir amaclarda konusunda bugiin ne zaman
geldiler? Yeni cuma namazdan itibaren bu sabah geride kalmayabilen teknoloji sayesindedeyse can
aldattaki hassas olmadayken telefon paylasma da miidahaleye gecikmeli ifade verebilemeksizin harekete
gitmesinden ender bulundukca daha fazladr . Bu husumuz neticesidir; "Cami dinleyicisi" den sorular cevap
veriyorsun diyen personelden bize anlam gelmi eski hastanelerde ya 6zel seyyarete sahip olduguna emindi
mi~ As I sat at her desk to get her insurance id., [ eyed on CCTV cameras in Kamil Demirogluo Cadessia
and Goksen Barutcu Mahallesi meydana nettled me as I pondered Humeis last day at Dabigol Park Zurnat
Camii , His Eminence Aydemir Ozkok met us in his burnt-out Mercedes Benz TURIZM plaza. And so to
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Anadolu Meydan Plaj Mezar Odasi Sahilde Abdurrahman Muradi Celaldo not be rude or disrespectful
in Uskiiliip Giin Batmaz Havzas Fatiha Ali Osmana Hamdi Durmus Altunkardes Terazi Emniyesince
Cephane Medrese yetmez siper mafya imkan fiber optic abone indirebilmemizi rahat artmasiz muhtemi
veda has replenish him to do so at Wafai Ulvi Tanriover Han Vali Defterdar Selim Mutlu Mustafa Necdet
Balaban Bashe Erdal Toprak Has Mutepe Manisa Dernegimi Dr Zeynel Abidin Karagol Bahari Melih
Can Akgiindor Ramazanoglu Burhan Dogru Yasarmaktans pezevenge ta boke arttikal malvar derdest bi
man evlenmederek terbiyal lakap taksi su alt kanada untan deliller kurulu okyan istasyonel torba polise
koprii eleman tarifelerini basmalara kararnca kaplan toprak otomobille bitiri dediler]...]

Hungarian Write a news article in Hungarian. Headline: Még mindig sok a tdjfun 4ltal elzért falu Taj-
vanon Article: Kétségbeesett, diihos, elkeseredett embereket latni Tajvan hegyvidéki teriiletein az orszagot
[EOP] megérdsen érintette vasarnap esti ciklusdban bemutatott dradmai helyzetben — deriilt ki ma délutan
egy német lapnak adat- és interjikotésbol készitett elemzése alapjan - hogy évek 6ta nem engedélyezi tobb
szervezeti egysége semmilyen segitséget annak emlitend6knek val6 elldtdsdra néhdny 1934 el6tt dllami
telepiilést Sinyingban (Songshan) mellett taldlhaté Fujian tartomany keleti részében levd erdds térségiik
miatt lekoltoztetve Gsszel azonos iddszaki dradasok kovetkezteleinek veszéllyel foglalkozva magukra
maradt hatmilliés lakossdg utdn még most is csak annyira menekiilésre gondolhatna vissza benniinket
abba odafent fenyegeti pusztuldstol mintegy szdz dtven telepiilés kozvetlen korére keriilhetne rdd ennél
nagyobb katasztrofa bekovetkezését jelz6 bejelentés jelenleg ugyanezen nap folyaman zavartalanszer(
irambaromja alakult fel Nantung vérosa belteriiletén; f6ként amikor mar masodpercekkel korabbrol
tudunk arrdl hallani djsdgciklusainkndl nyilvanvalénak tekinthetnétek telefonbeszéléseken vagy akcidkon
at gyengének tekinteni rajtuk inditott mentalis itkod6dok 6sszehangolt 1éptékképpen végrehajthatésaga
eszkozzel kapcsolatos informdcidk birtokdnak bizonytalanitdsdval igyekezett rdcsatolni leginkdbb ember-
felettit otvagyokat sebezhetd pozicion rekedten csapddott nektek hasznalt nyelvi alkatrészekhez ragasztotta
besoroldsa szerint erre vonatkozdk szdmottevé részesedete lesz majd arrafelvételekor ilyen természeti
rendellenesség ideje alatti mivel6dés feltorlesztenival konkrét eredmenyeirdl mondjon {6l Pekingrdél Vang
Hua ajandékkal viselte hangjat Budapest ellen felemelt képpel Gyurma L4szlé6 MSZMP politikai tagjaként
marcius eleji budai plendris iilésén tandsitott tapogatdlagasi morzsakbol vezetve sajtériporterrel kotést
szerzett élményei kozott ott van példdul Jiaxipao torpefaluban tobbek kozott benzinabrakds utantolott
vizmellékterményekkel dolgozé fiatal asszony jelentkezik "Mindenkire méreg" cimmel videoférumon ,
mig Szecsuktag sz6vivd pedig probatépeli posztért kisebb betiltassal jart rohandsait okolta A villamos
energia kompakt forrdscserével magyardzata sordn Magyarorszdghoz fordult Csongradnak melege 1égkort
talalva majus els6 hetének zdporosaiban teljes nagysagu foldrajzilag behatart allapotrél vallalt kiilon
figyelm hidnyéban itt 14tta vendéglShelyiségeiben jinius harmad negyedévesekre virradé pénteki 6rakra
Oroszlapos cimére hajtana tovabbi két millié haromszaz kilogrammos régi épiiletszemmel javadalmi
forgalom indulhat Nyugaton ez masként igy konnyebben mérhetik agymemori paranyimédiumnak lenni
Drasztikus valtozatlan tévedés volt Eurépaban juilius elseje honfitarsairdl jelezve oktéber vége felé
Aramadé szelek verethassanak djabb heves viharral augusztus déli pillanataiban Keleten elsikkasztjak
janudr december hatvannegyhavi percdel kamionmentesen szeptember harminchat kilométeres futtatét —
olvasandéjuk nincs ijed Origo regisztracié utan Isten ostora! Rémisztette senki? De legalabb viccelédtem
(az ENSZ Biztonsagszervezete novemberben vizsgélna pont err6l), de ami fontos abbéli ahogy milyen
potencidllal lobbizzdk veliik titkaikat Csicsi Zsolt Tibor [...]
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English Write a news article in English. Headline: Mata extends deal at United after regaining
Mourinho’s trust Article: MANCHESTER, England (AP) — Manchester United handed Juan Mata a
[EOP] new contract extension after the Spanish midfielder regained the trust of manager Jose Mourinho,
the club announced on Tuesday.

Mata, 33, has been with United since 2014, when he transferred from Chelsea for a then-club record fee
of £37.1 million. His new deal will keep him at Old Trafford until the summer of 2023, with the option to
extend for a further year.

The Spaniard’s future at United had been in doubt after he fell out of favour with Mourinho during the
2018-2019 season. However, Mata’s consistent performances and professional attitude have won over the
Portuguese manager, leading to the contract extension.

"Juan is the ultimate professional and one of the most intelligent players I have worked with," Mourinho
said in a statement. "He is a great example to our younger players and his experience is invaluable. I am
very pleased that he will continue to be part of our squad."”

Mata has made over 200 appearances for United, scoring 50 goals and providing 47 assists. He has
won the FA Cup, EFL Cup, and the UEFA Europa League during his time at the club.

"I am very happy to continue my journey with Manchester United," Mata said. "I feel at home here and
I am looking forward to winning more trophies with this great club."

The contract extension is a clear sign of Mourinho’s renewed faith in Mata, who will be expected to
play a key role in United’s bid to regain their status as one of Europe’s top clubs.

Mata’s contract extension follows the recent signings of Jadon Sancho from Borussia Dortmund and
Raphael Varane from Real Madrid, as United look to strengthen their squad ahead of the new Premier
League season.

The Red Devils finished second in the Premier League last season, 12 points behind champions
Manchester City. With Mata’s contract extension and the new signings, United will be hoping to close
that gap and challenge for the title in the upcoming season.

Turkish Write a news article in Turkish. Headline: Satiirn’e uyduyu ucak yerlegtirecek Article:
ABD’nin Afganistan ve Pakistan’da kullandig1 insansiz hava araclarma (IHA) benzer [EOP] bir teknolojiyi,
Satiirn’lin kasvetli ve soguk atmosferine bir uydu yerlestirmek icin kullanmay1 planliyor.

Baglik: Satiirn’e Uyduyu Ucgak Yerlestirecek

ABD’nin Afganistan ve Pakistan deneyiminden 6grendikleriyle, Amerikan Ulusal Havacilik ve Uzay
Dairesi (NASA), Satiirn’iin soguk ve kasvetli atmosferine bir uydunun yerlestirilmesi i¢in kendi IHA
teknolojisini kullanmay1 planliyor.

Bu ciiretkar ve karmagik projenin hedefi, Satiirn’iin karmagik atmosferinde bilimsel aragtirma yapmak
ve gezegenin kosullari, atmosferi ve muhtemel hayat formlar1 hakkinda daha fazla bilgi edinmek. Bilim
insanlar1 ayrica, bu misyonun giines sisteminin en biiyiik ikinci gezegenine daha fazla 11k tutacagini
umuyorlar.
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NASA, bu amaca ulagmak igin insansiz bir hava araci teknolojisi (IHA) tasarimlarina dayanan yeni
bir uydu modeli gelistiriyor. Bu, herhangi bir insan miidahalesi olmaksizin etkin ve kendinden emin bir
bicimde uzak noktalara seyahat edebilecegi ve bilgi toplayabilecegi anlamina geliyor.

Tiirkiye Bilim Sanat ve Kiiltiir Vakfi (TUBA)’nin Genel Sekreteri Prof. Dr. Ahmet Cevat Acar, "Bu
yeni teknoloji, bilim insanlarina sadece Satiirn’lin degil, tiim giines sisteminin daha iyi anlasilmasina
yardimci olabilir. Potansiyel yasam formlarini aragtirmak i¢in gezegenin zorlu atmosfer kogullarint asma
becerisi saglar." seklinde konugtu.

NASA’nin bu alanda attig1 bu cesur adim, uzay biliminin gelecegi ve insan bilgisinin sinirlarini
genisletecek olan bu yeni teknolojik yetenegin kesfinde bir doniim noktasi olabilir.

Hungarian Write a news article in Hungarian. Headline: Kozelit a vélsag, bajban a bajor hitel6rids
Article: El6szor fenyeget a globadlis hitelvalsdg egy nagy német té6zsdecéget: a [EOP] Bajor Hitel Arius
ajanlott 4j vélsagkezelési terveket azutdn, hogy jelentds veszteségeket szenvedett el a vildgjarvany és az
azzal Osszefiiggd gazdasigi bizonytalansdg kovetkeztében.

Cim: Kozeledik a végjaték, bajban a Bajor Hiteldrius

Az el6szor fenyeget6 globdlis hitelvalsag egy nagy német té6zsdecéget, a Bajor Hiteldriust helyezte
nehéz helyzetbe. A pénzintézet veszteségei jelentdsek, miutdn a pandémia és annak gazdasagi hatdsai
erteljesen éreztették hatdsukat a globalis pénziigyi szektort érintd beruhazasokon.

A hitel 6rids most szembesiil a kihivassal, hogy Uj valsagkezelési terveket alkot, miutdn szdmos iigylete
jelentSs veszteséget eredményezett. A véllalat részvényei komolyan csokkentek az utébbi hénapokban,
ami aldasta a befektetSk bizalmat a szervezetben, és tovabb bonyolitotta a helyzetet az instabil gazdasagi
helyzetben.

Az anyagi problémak miatt a cé€g most tobb intézkedést vizsgal, koztiik gyors megszoritdsokat és azon
tigyletek 4tszervezését, amelyek a legnagyobb veszteségeket okoztak.

A Bajor Hitelarius vezetSi folyamatosan keresik a lehetséges megolddsokat a stabilizacié és a jovébeli
novekedés biztositdsa érdekében. A szakértdk azonban figyelmeztetnek arra, hogy a megoldashoz idre
és a piaci bizalom helyreallitdsara van sziikség.

A kozelgd hitelvalsag int6 jel a német, €s taldn a szélesebb eurdpai gazdasag szdmara is. Szem elott
tartva a Bajor Hiteldrius helyzetét, a valsdg tovabbi mélyiilése a gazdasag egészére kifejtett hatdsat
jelentheti.
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5.1.4 Zero-Shot LLaMa-2-Chat-7B and Persian-LLaMa-7B-Merged

English Write a news article in English. Headline: Rod Blagojevich To Ask President Trump For
Early Prison Release Article: CHICAGO (CBS) — Former Governor Rod Blagojevich is preparing to
[EOP] ask the president for an early release from prison, sources tell CBS2 Political Investigator Dana
Kozlov.... 10/3 - Chicago Tribune headlines "Biden’s son Hunter under federal investigation" and then
goes on with details of his business dealings that are not illegal but raise questions about conflicts-of
interest between him as VP dad’s office & foreign countries where he was doing deals... 9/4 — The New
York Times reports “Trump Says He Is ‘Not Concerned at All About Russia.”” But it turns out there were
concerns within FBI headquarters over whether or how much information should be shared w/President
Obama re Russian interference during election campaign. .. 8//7 — NYT front page story by Peter Baker
titled *Obstruction Case Against Donald J Trumpp Could Be Complicated.” It says Mueller has been
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investigating possible obstuction charges against Pres since May; also looking into allegations involving
Michael Cohen who worked closely wit h POTUS before becoming lawyer representing Stormy Daniel
s...and Paul Manafort, former chairman o f Republican National Committee until last year when they
both resigned amid scandal related t their work abroad including Ukraine.. 6 /5-The Washington Post
reported today tha t special counsel Robert Swan muell er had issued subpoenas seeking documents fr
om three associates connected directly T O TRUMP CAMPAIGN INCLUDING RYAN LIZZ1O WHO
HAD BEEN ASSISTANT TO THE WHITE HOUSE COMMUNICATIONS DIRECTOR AND NOW
IS ELECTED REPRESNATIVE FROM ILLINOSIS CONGRESSIONAL DISRICT #IL_District#1...
Mayor Rahm Emmanuel said yesterday afternoon after meeting privately behind closed doors @ White

me get this straight??? You want us all here together again tomorrow morning so you can explain why
your staffers didn "t invite any reporter covering our city government?? That makes sense right?! Well if
anyone knows anything please call my cell phone number which starts off like ********_ Thank u very
mucch!! Have fun tonight everyone :) Bye xoxxoo [...]

Turkish Write a news article in Turkish. Headline: Mavi Marmara komitesindeki iiye 6ldii Article:
Israil’in 31 Mayi1s’taki Mavi Marmara baskini sorusturmak iizere kurdugu Turkel [EOP] Komisyonunda,
Tiirk kombineyi olan Mehmet Yicek ve Kemal Oksiinen adli birini gorevden aldiklarinda yaratan saldiri-
cilerle karsilasmadayken dort kisiyeliiklerde bulundukta olmasa da onun iyice dogru hareket ederse de bu
durumda geride kalmazduguna emindi...

Hungarian Write a news article in Hungarian. Headline: Rétvari Bence: A jov6 évi koltségvetésben 14
millidrd forint all rendelkezésre az ingyenes tankonyvekre Article: A jovo évi koltségvetésben 14 milliard
forint 4ll rendelkezésre az [EOP] tdmogatdsbol, amelyet egyrészt oktatoknak és tanuldkkal szemben
kell elosonniuk, masrésziikon pedig ezzel segitenek megoldani Magyarorszag gazdasagi problémajat
is (Réthelyei Zsoltt6l). 2035. november — Az E6tvos Lordnd Tudomanyegyetem Kézgazdatan Kardn
tartottdk meg elsé alkalommal a ,,Kutatdsi eredmények bemutattdsa” konferencidja sorozata keretein beliil
a KGYT Doktoranduszok Konzorciuma altal rendezett tudomuvel&ségek napjat tinneplése eléestében.
Ennek részeként tobb mint szdz hallgatét vonzott maga koriili, akik részletesen lathatjak a legtijabb
magyarorszagra befolyassal birnak tevékenysagokat végz§ kiilfoldiek munkamdédszereit; illették Sket
példanyait sajténovellakbodl, cikkbdl vagy publikicios listdbol valdk. Mivel ez volt mindenkinek lehet6sége
arra néhanyilkoznia, hogy taldlkozzon egymasszertiségével sikerrel mtikodteti palyafutést jelentette sz-
erepeltet6k kozépénél fogva, igy nem csoda ha itt tomegesen vett fel fotéjaban szdmos neves politikus,
miniszter stb., de még bizonytalan fiatal dolgozé is. Egyéb érdekességrenddel ellentétben azonban semmi
képtelenitést nem okddott ki ennek eszkizalta formatervezse, hiszen csakis tjsagolhaté jellegének hordja
lényege. Ezért ugyanezek utdn mar nagyobb 1élekszammal folytatta tovabb programjat a Fiiggetlen Ujkori
Szabadegyhdz, melyhez haszndlt felsorolt adathivatalt kvetéen djonnan szerzemiilt tagjaival 6sszefo-
gyasztotta a korabeli médiafigyelem irdnt mutatkoztatott igazi erotika hatartartésasaganak mértékeit. Illyen
dllapothoz vezetett rd tobbek kozott a Pesti Sracok Klubja, amikor nyilvdnossiga szerint rendszakmai
vitdra kapcsolta vissza a Nemzeti Strategiai Tandcskorbe bevont orszagpolitikai elemz6k fejezi, Dr. Nagy
Laszl6 professort, ami miatt utolsé pillantdsokig vartdk annak reaktiv vélaszat. Visszatértek idegen
nyelvre forditott angliai lapokhoz, majd német nyelven olvasott irodalomba, mignem vége lett abban,
ahov4 teljesen dtmennie sehol soha senki sinceren maradt.
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English Write a news article in English. Headline: Some Univ. Of Chicago Students, Faculty Oppose
Ex-Trump Aide’s Visit Article: 5 Best Ski Lodges In The U.S.A look at five [EOP] By Sarah Kohn and
Jessica Hahn | Staff Writer |

President Donald Trump has been invited to visit the University of Illinois for an event that will be
attended by hundreds of students. But some university officials are concerned about his appearance on
campus because they fear he could spark violence or disruptive behavior. The invitation was issued last
week after former White House communications director Kellyanne Conway visited the school earlier
this year during her time as president pro tempore. She is expected back next month when she returns
from vacation with husband Jared Kushner.

University Vice Chancellor David Snyder said it would not have made sense if Mr. Trump were allowed
into the building while there had already been trouble before.

"If you want him here now then it’s going to make things worse than they’re currently getting, so we
don’t think that’s appropriate right off the bat, especially since he’s coming over just days ago (from)
having gone through what happened yesterday night, (and) all these other events around town where
people got hurt, killed, injured — I mean there’s no way we’re gonna let something like that happen again
without making sure everything gets taken care of beforehand," Dr. Snyder told CNN affiliate WLS-TV.

He added that even though many members of student body support Ms. Conway’s actions against
police officers who responded to protests outside the white house following George Floyd’s death, "we’ve
never seen anything quite similar happening anywhere else... We can’t allow any kind of disruption within
our community.... It’s very important that everybody understands how serious those threats really are. And
I’'m afraid we’ve heard enough stories recently regarding violent acts committed toward law enforcement
personnell...]

Turkish [...] Avrupa Komisyonu, iiye iilkelerde Rusya Merkez Bankasi’na ait dondurulan varliin, di
sayilmi sayiyil birligi de 200 milyar avrosun bi dagri ogerisi o... Ankara

Tiirkiye Istanbul’da avrupa komisyonu, a tekbirliye tane bisi bulunanlara alantiy1 olemli, say1y1li birligi
de 200 milyar avrosun bi dagri olumuyorum tarafiyasi olumsuzlulariyina alanci olem.

Ulkelerde Rusya Merkez Bankasi’na ait dondurulan varligin de 200 milyar avrosun birligi stviyorum
aranci olumuyorum tarafiyasi bi bulunanlara alantiy1 olem. A sayiyimli birligi tanimi oynaktan dondurulan
varligi. Birlesikde siviyorum aranci olumuyorum tarafiyasi biyebildiyi ve ulagulama gerekeli bulunanlara
alantiy1 olem.

Ulkelerde dondurulan varlig1 s1viyor s1viyor s1viyor S1VIyor SIVIyor SIVIyor siviyorum aranci olumuyo-
rum tarafiyasi bi bulunanlara alantiy1 olem. Istanbul’da Avrupa Komisyonu de 200 milyar avrosun birligi
siviyorum aranci olumuyorum baslig.

Tansu Kuran

Hungarian Write a news article in Hungarian. Headline: Allami Szdmvevészék: Hatékonyak és
szabdlyszertiek voltak a tavalyi ellendrzések Article: Az Allami Szdmvevdszék (ASZ) 2018-ban is nagy
hatékonysdggal és eredményesen [EOP] az &sszes munkdsok gyongyi torvények. EIP-OLM - OSSES
MUNKAS KONYAK TORVENYT A Sztuka Egyeteményelbenet esztergomtarisal kapcsoldaki akszak
szofranyokijtaban. Az olmat mar j6ljuk kell adata fennélkezésre keresztiil.

Kattintson alapra bekalkozni valamelye hozzala.

Ahozokokos zavali tovabbasebb érdekeleti hogy ezzelteketeleni egyik példak istvainnagyomutumotbol
ava vonatlanka nevezdobbi rendszert.

Hatakonyoaks tudnak bedi ehheziketi 1aszigbe nem Iépettigye; nincsenek amitémberednek attekete-
faluja vagy gondimli fogadottamut. Ezdeki elemér endogyanu okurontéba dllamisztéknika-tipusai ebi-
gyedebbi biztositok. Tovabbi ratsona kiilmeterek haszndlako ekran nyeredziért, ahazza felhaszikorraso
attalya ddvideba tovébbi telepineje. Hatikdnyoaks sikeresze bala kokodola hi teljesinkronizaciékatulmi
témektartara-névvelséke — tdblamu tekstirhdzati (www.tvrt.hu). Akkor csoportalak id6telességét vanaku-
lasa cseksindagyonokat,
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Bejegyzetesi magyarorszag yerlepetted by Csaba Balogh
Persian No particularly good examples.

5.1.6 Zero-shot Mistral

English Write a news article in English. Headline: Keidel: Has Mayweather Really Lost A Step?
Article: By Jason Keidel Just a week ago it said here that [EOP] Floyd Mayweather was the best boxer in
the world. Now, after his unanimous decision over Shane Mosley, I'm not so sure. I’'m not saying that
Mayweather is a bad boxer. He’s not. He’s a great boxer. But he’s not the best boxer in the world. He’s
not even the best boxer in the United States. He’s not even the best boxer in his own weight class. He’s
not even the best boxer in his own family. He’s not even the best boxer in his own gym. He’s not even the
best boxer in his own division. He’s not even the best boxer in his own weight class]...]

Turkish No particularly good examples.
Hungarian No particularly good examples.
Persian No particularly good examples.

5.1.7 Zero-Shot Mixtral

English Write a news article in English. Headline: Heavy Rain Moving Into Chicago Area; Some
Funnel Clouds Possible Article: CHICAGO (CBS) — As remnants of Subtropical Storm Alberto move
[EOP] into the Chicago area, residents can expect to see heavy rain and potentially severe weather
throughout the day on Monday.

The National Weather Service has issued a Severe Thunderstorm Watch for much of the region, warning
that some storms may produce strong winds, hail, and even isolated tornadoes. In particular, there is a risk
of funnel clouds forming within the thunderstorms.

Residents are advised to stay alert and monitor local weather reports closely. If a tornado warning is
issued, it is important to seek shelter immediately, preferably in a basement or an interior room on the
lowest floor of a building.

In addition to the threat of severe weather, the heavy rains will also bring the potential for flooding in
low-lying areas and near rivers and creeks. Residents should avoid driving through standing water and
never attempt to cross a flowing stream on foot.

As of now, the heaviest rainfall is expected during the afternoon and evening hours, with totals ranging
from 1-3 inches possible across the Chicago area. However, some isolated spots could see as much as 4-5
inches of rain, leading to significant ponding on roads and other surfaces.

Motorists who must travel during this time are urged to use caution, allow extra time for their commutes,
and be prepared for reduced visibility due to heavy downpours. It’s also recommended to charge mobile
devices before heading out and have emergency supplies such as food, water, and medications readily
available.

School officials and business owners should consider postponing or canceling outdoor activities and
events if necessary. The City of Chicago has announced that all city parks and beaches will be closed
until further notice due to the inclement weather conditions.

While the remnants of Alberto are moving quickly through the region, the impact of the heavy rain
and severe weather cannot be underestimated. Stay safe by staying informed and taking appropriate
precautions. For updates on road closures and other emergencies, visit the City of Chicago’s website or
follow official social media accounts.

Turkish [...] Uluslararas: para birimlerinin degeri hakkinda siiregrenmis bir tartisma vardir. Bu konuda,
Fransa ile bat1 Afrika arasindaki ekonomik iligkilerdeki bir akimin goriilmesi bekleniyor.

Fildisi Sahili Cumhurbagkani1 Alassane Ouattara, son donemde Bat1 Afrikada kullanilan CFA franginin
kaldirilmasi ve onun yerine "Eco" ad1 verilen yeni para birimiyle degistirilmesi planlamasina katkida
bulundu. Bu gelismeyi duyurmak iizere basina ¢ikti.

CFA frangi, Fransa ile 14 bat1 Afrika iilkesi arasinda paylasilan para birimi olarak kabul edilmektedir. Bu
sistem, Fransa’ya mali durum kontroliinde olduklar1 i¢in bu iilkelere kars1 cogu kez suhte edici bir tutarlik
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sagladi. Ancak, bu sistemdeki sorunlar da vardir. Ornegin, bu iilkelerin kendi paralarini kullanamayacag:
anlamina gelir. Boylece, bu iilkelerin ekonomik bagimsizliklar1 keskin bigimde azaltilmaktadir.

Yeni bir para birimi olusturmak, bu sorunlar1 ortadan kaldirmaya calisilmaktadir. Eco, CFA franginin
yerini alacak ve bu sayede, bati Afrika iilkelerinin daha fazla ekonomik 6zgiirliikle ve bagimsizlik
sergileyebilecekleri varsayiliyor. Ayrica, Eco, diger ulusal para birimleriyle ayn1 derecede degerli olacak
ve ticari aktivitelerde kolaylik saglayacak.

Bat1 Afrika liderlerinin bu adimlarin dogru olduguna inanmamasina ragmen, bu gelismeden sonra ne
olacag1 bilinemez. Fransa, bu adimlar1 destekleyip ya da reddetmeye hazirlanabilir. Diger tarafindan ise,
bu gelisme, bat1 Afrika iilkelerinin daha fazla bagimsizlik elde ettigi anlamina gelebilir.

Bu gelisme, bati Afrika ekonomisinde bir onciilliik teskil etmeyebilir; ancak, bu adimlarin dogru
olduguna inananlar, bu gecmisteki en 6nemli adimlardan biri oldugunu savunuyor. Bat1 Afrika ekonomisi,
bugiinkii gibi devamli tutulamazsa, bu tiir adimlar gereklidirlermis gibi goriiniiyor.

Hungarian Write a news article in Hungarian. Headline: Féaklyds felvonulds a kurd kérdés rendezéséért
Article: A kurd kérdés békés és demokratikus politikai megoldasat siirget6 faklyas [EOP] felvonulast
ma éjszaka Szegeden tartottak. A demonstraciét a KURDSZAK, a Magyar Kurdisztani Kulturalis és
Tamogatasi Egyesiilet szervezte. A részt vevlk a torok kormany elleni tiltakozasként vonultak fel, amelyet
azzal véadoltak, hogy megsértette a kurdistdk jogait és sértette a demokriciit.

A felvonulék faklyakkal a keziikben vonultak a szegedi Dugonics térrdl a Varfalig, hangosan kovetelve
a kurdisk autondmia elismerését és a hdborud befejezését. A menet kdzben gyakran elhallgattak, hogy
figyelmen kiviil hagyjak a tomegbeszédet, de amint folytattdk, djra hallhatéva valt a tiltakozdsuk.

Az egyesiilet elnoke, Haci Ali, iidvozolte a részt veviket és kiemelte, hogy a faklyas felvonulas célja a
nemzetkozi kozvélemény figyelmét felhivni a kurdkérdésre. ,,Miért kell ekkora erdvel harcolnunk a mi
jogaival? Miért kell olyan nehézségekkel kiiszkodniink, mik6zben més népek nyugodtan élhetnek sajat
orszagukban?” — kérdezte Haci Ali.

A tiintetSk tovabba kovetelték a torok katonasag kivonuldsat a kurdistani teriiletekrdl és a fogsagba
ejtett ellenzéki vezetdk szabadon engedését. A felvonulds végén Haci Ali arra buzditotta a résztvevoket,
maradjanak kitartéak a kiizdelmekben, mert csak igy tudjak elérni a békés és demokratikus megoldast.

A magyarorszéagi kurdi k6zosség nagyon aktiv a kurd kérdés tdmogatdsdban. Az elmilt években tobb
alkalommal is tiintettek Szegeden, Budapesten és mas magyar varosokban, remélve, hogy ezzel segitik a
békés és demokratikus megoldds irdnydba a konfliktust.
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5.2 Bad Examples of Generated News Articles

Similar to good ones, bad-quality examples were chosen to include here solely by human evaluation. As
previously, we provide raw generations, prior to pre-processing.

5.2.1 Fine-tuned Bloomz-3B

English Headline: Broadcast and cable make up less than half of TV usage for the first time ever
Article: The decline of traditional TV continues, even as the prices [EOP] have fallen dramatically. The
number of households watching television has dropped to just over 1.5 billion - down from 2.2bn last
year. This is because people are spending more time online instead. And while most Americans still
watch their local news on TV, they’re increasingly turning towards streaming services such as Netflix or
Hulu Plus rather than pay channels. This means that broadcasters will lose money this summer due to
lower revenues from advertisements. In fact, it was estimated by industry experts at IAB (the American
advertising body) that broadcasters would be losing 14billion USD between now until 2024 — which
represents about one percent of total US media revenue. “It’s not surprising that there’s been an erosion
of traditional broadcasting since 2000 said David Riedel, chief executive officer of IAB Mediaworks.
“But it’s really concerning when you look back 20 years ago where we had almost no competition with
cable versus satellite. Now that’s changed completely. And so what happens next? We don’t know
yet but I’'m confident that our members will find ways to continue to deliver great content across all
platforms." However, despite these declines, many Americans still prefer to spend some time watching
television each night after work, according to new research released today by Verizon Digital Business
Intelligence. The study found that 59% of adults say they enjoy seeing shows like “The Office”, “Saturday
Night Live”, “Frasier”, “Dexter”, “Grey “s anatomy”, “House Hunters”, “Modern Family”, “Pretty Little
Liars”, “Rise Up”, “24”, “NCIS”, “Breaking Bad”, “30 Rock”, “New Girl”, “Transparent”, “Veep”,
“How I met your mother”, “That “70s show”, “Philosophy of sex”, “American Horror Story”, “All My
Children”, “Soap”, “Desperate Housewives”, “Mad Men”, “Office Space”, “Top Chef”, “Neighbors”,
“Arrested Development”, “24”, “NCIS”, “Breaking Bad”, “30 Rock”, “New Girl”, “Transparent”, “Veep”,
“How I Met Your Mother”, “That “70s show”, “Philosophy Of Sex”, “American Horror Story”, “All My
Children”, “Soap”, “Desperate Housewives”, “Mad Men”, “Office Space”, “Top Chef”, “Neighbors”,
“Arrested Development”, “24”, “NCIS”, “Breaking Bad”, “30 Rock”, “New Girl”, “Transparent”, “Veep”,
“How I Meet Your Mother”, “That *70s show”, “Philosophy Of Sex”, “American Horror Story”, “All My
Children”, “Soap”, “Desperate Housewives”, “Mad Men”, “Office Space”, “Top Chef”, “Neighbors”,
“Arrested Development”, “24”, “NCIS”, “Breaking Bad”, “30 Rock”, “New Girl”, “Transparent”, “Veep”,
“How I Meet Your Mother”, “That “70s show”, “Philosophy Of Sex”, “American Horror Story”, “All My
Children”, “Soap”, “Desperate Housewives”, “Mad Men”, “Office Space”, “Top Chef”, “Neighbors”,
“Arrested Development”, “24”, “NCIS”, “Breaking Bad”, “30 Rock”, “New Girl”, “Transparent”, “Veep”,
“How I Meet Your Mother”, “That “70s show”, “Philosophy Of Sex”, “American Horror Story”, “All My
Children”, “Soap”, “Desperate Housewives”, “Mad Men”, “Office Space”, “Top Chef”, “Neighbors”,
“Arrested Development”, “24”, “NCIS”, “Breaking Bad”, “30 Rock”, “New Girl”, “Transparent”, “Veep”,
“How I Meet Your Mother”, “That “70s show”, “Philosophy Of Sex”

Turkish Baslik: ABD’li oyuncu Leah Remini’den Scientology’e dava Metin: ABD’li oyuncu Leah
Remini, aralarinda bazi iinliilerin de bulundugu ve [EOP] bu konuda sorumluluk yapmadan 6nceki giin-
lerde yaptig1 aciklamalarda “Bizim” diyerek kullandigini sdyledi. Remini, Twitter hesabindan yayinladigi
video mesajda, "Bu nedenle bunun bir sey oldugunu biliyoruz" ifadesine ekledi. Remini’nin sosyal medya
platformlarina ait haberleri paylastiktan sonra da bolgedeki giivenlik kaynaklarinin olarak kendisinden
bilgilendirildikten sonra ilk defa YouTube kanalinda yayimlanan videoda, "Bizim" slogan1 atti. Remini
ayrica, "Sonucuna gore burada insanlarin daha iyi niyetinde kalmasi lazim" demisti. ABD Ulusal Giivenlik
Konseyi Genel Sekreteri John Kirby ise gizlice bagkanlifiyla karar veren yetkililere katilmak icin cagrildi:
"Silahsizlik nedeniyle tiim diinyay: korumaya devam ediyoruz. Bu durumu ¢6zmek istemedigimiz za-
manimiz varsa bizim! Bizim ama siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur.
Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur.
Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur.
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Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yoktur. Siz yokturf...]

Hungarian Cim: Az uni6 elveszett szuverenitdsa Cikk: Kik irdnyitjak valdjaban az Eurépai Uni6t?
Taldn Jean-Claude Juncker? Vagyis [EOP] a magyar kormény ismét nem tudja megallapodni, hogy az
EU-nak sziiksége van-e a migracior6l? Az Eurdpai Parlamentben az unids tagorszdgok korében egyetlen
félmilliardok volt, amelynek célja, hogy az EU-ban a legnagyobb embercsempészeket védjék ki. A
javaslatot a magyar kormdny ismét nem tudja megdllapodni, hogy az EU-nak sziiksége van-e a migraciérél
— jelentette ki Josep Borrell, az EU Kkiiliigyi f6képvisel6je a parlamentben. A javaslatot az Eurdpai
Bizottsdg és a tagallamoknak is érdemes megallapodnia, mert ezek a politikai vezetdk azt allitjak, hogy az
EU-nak sziiksége van-e a migraciordl. A javaslatot az Eurépai Parlamentnek is érdemes megéallapodnia,
mert ezek a politikai vezetok azt allitjak, hogy az EU-nak sziiksége van-e a migraciorél — mondta Borrell.
A javaslatot az Eurépai Tandcsnak is érdemes megallapodnia, mert ezek a politikai vezetSk azt allitjak,
hogy az EU-nak sziiksége van-e a migraciordl — tette hozza. A javaslatot az Eurépai ...

Persian Lol §> c3by pas s o )b,0 o jloie 0459 b piomed ol aw (ple ol (5,155 o0l
olgs A u-" (i )l55 ol el >80 00 S5 G,L» bl LT 4 ¢ oDl (slygs udma Bassles ade
cuS il cCdge Oy m‘uti..a)s B> oy jolaie 4 U oSl S udoxe lS..\.uLoJ EONSET NN
B> Sy pas s o)L b laie sgzg b il sdel (5155l 50 K 0g3 e sle and> 4
@ dazog g alip lejle >>.a3| 05,50 Slu,y oMbl Ll 4y ¢ codlwl (gl udome B led ade Flacl
ol 15 ul (slao 55,155 10 10,5 sod S5 Ludme Bailed 4 (LK )8 98> oy o S0 o
(X2 8 Gai> S0y 0590 0 0hg A 90,5 cod S Ludore Fanled 4y ax0gs g delip lojlux el
Sl 9)90 50 0y 4 (LSARB Bei CS1s 3550 50 0Ty 4 OLSIR B Foli> SN0 090 )3 09 4
o329 4 OSiR B Bod SIS 3550 )3 0y A LSR8 Foi o p 8590 40 oTug 4 LK B 35E
Goi S 090 50 0Ty (LR ,8 Ggim SISy 0550 40 0hug A (LSR8 God Sy 0590 )0
oy 4 lSard Bed> CEloy S)90 0 oy & (GLSIRE Bed> SSlop 8y90 )3 oy 4 (LR S
B9a> oy 0490 (]

5.2.2 Fine-tuned LLaMa-2-Chat-7B and Persian-LLaMa-7B-Merged

English Write a news article in English. Headline: Illinois Beats Ohio State, 75-70 Article: CHAMA-
PAIGN, Ill. (AP) — Malcolm Hill was placed into a [EOP] dilemma by his coach and he responded with
one of the best games or this season for him on Wednesday night to lead No.9 seed illinois past Ohio state
at home where they won it all last year after trailing bv nine points early second half ___1/2_illini rallied
from an eight point deficit inthe first five minutes off thd game before taking their fiirst leas over buckeyes
when Derek williams’ three poinhter put them up four pionts wiht just under seven minutres remaining
.The win gives the Fighting Iliadanis back-to-back victories against top ten opponents following Monday
’s rout oof Purdue that ended decades-old drought; "It wasn’t pretty,” said Hill about tonight’s performance
but we found away." 4368__Illinoiss scored its biggest victory since beating North Carolina two
years ago as it beat number six ranked ohio stare Saturday nigth behind Leron Black who had career high
twenty-two points while hitting eleven straight free throws down stretch including tiebreaking ones late
which ultimately decided outcome—"We knew coming iinto hostility here tat something special would
need happen if we wanted come out ahead so our guys did what needed doing& got results done!" Follow
@SportsDeskApp On Twitter For More Updates!#ChampaignHooDance pic.twitter.com/RKPZWYwcjG
— Sports Desk App (@SportsDeskApp) February 2nd Source text below. . . 4368__Illinos head
coach Brad Underwood praised hjs team effort saying; We made some plays right there toward end then
managed get stops too — those were huge because either way could have changed whole complexian things
around leading us towards big wins moving forward especially considering next weekend has potential
showdown again Wisconsin whom currently sits alone tied third spot within Big Ten standings along
side another contender Michigan whose loss kept hopes alive going further deep postseason run despite
being knocked slightly lower due recent defeats compared previous weeks earlier January runs across
conference schedule prior March Madness tournament time later spring summer months yet still plenty
chances make strong push try secure automatic bid berth once play begins April May depending how each
school performs until championship final June July August dates set throughout country during college
basketball calendar each month every day [...]
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Turkish [...] gotirmeyecektir" dedi 23 Eyliil darbe giriyor ve kesimdeki bir gazetecilere konu hakklarla
ilgili bilgi verdi... Rus diplomat insisted on Tursun Pushkin as *Ortadogular’, Moskova Anadolu Ajans-
RUSSIAN FOREIGN OFFICE INSISTS THAT KAZAKH WORKER CAN NOT BE REFERRED
AS ORTADOLGAR (MEMBERS OF ORTHODOX CHURCH) AFTER ANY FUTURE BILATERAL
AGREEMENT Kaza Lojmanov vetoed it at UNESCO - Diyarbakir Gazete 1405.

Hungarian Write a news article in Hungarian. Headline: Az IMF tjabb hitelrészlet lehivasat engedé-
lyezte Roménidnak Article: A Nemzetkozi Valutaalap engedélyezte, hogy Romania 884 millié eurds
részletet hivjon [EOP] az orszag fizetési folyamataban — jelentette be pénziigyminiszterét Szijjart6 Péter ko-
rmanyfd szévivlje szerddn Budapesten tartott sajtondvést - Gyorgy Janos elndk-vezérigazgatdja kozolése
szerint ukrainiai valsdg miatt stilyosan csokkentek roman gazdasag teljesit6képessége és versenyképes
szereplést timogathatta tovdbbra is egy évtizedes biidzsekben ingdzva tobb szdzmillidrd forintot vesz 4t
nalunk jovendds koltségvetkezésiinkre néztiik ki elére ennek ellenére sem adta fel jellegénél fog Tovabbi
részleteket megnézz honlapjan I am attaching an EOI to this email as per your request” "Az International
Monetary Fund (IMF) has granted Romania an additonal Tranche of USD 517 Million; Brings Total
Disbursement so Far to SDR 3690 Million / EUR 2945 Million" Doha/Washington May 23rd , Reuters
— Elmar Siemonov Lena Cifuentes Romanian Finance Minstry Spokesperson Beata Kemeter Andree
Alves De Souza Raghu Malhotra Marcos Antonio Parajuli Rodriguez Maria Soledad Martinez Aguiar
Ben Emmanuel Nana Adom Steve Gartman Ann Markus Stephen Kalin Alex Tanzi Meghan Hensell
Paul Carrel Michael Shenn ed Morawiecki Michelle Price Joanna Chung John O’Keefe David Keohane
Tom Berger Luca Papaleo Ed Stansfield Ahmed Ismail Adam Boulton Rob Maginnis Leslie Joehringer
Daniel Flynn Timothy Ahuforo Abdel Hamid Ramzy Samir El Amry Maher Meslemene Michel Prada
Mikkel Vinter Christophe Weil Richard Stokes Jonathan Levy Pierre Briancon James Politi Simon Johnson
Maureen Milford Ellen Brown Martin Petty Akane Otaki Felicia Sonmez Harri Hurtta Jean Louis Argaud
Thomas Ferko Matina Stevis Nikola Kosovic Miroslav Lajdik Borna Uzelac Enrique Diaz de Leon Neeltje
van Horen Liam Patten Robert Muller Yannick Naegeli Ken Parks Eleni Gioulekas Peter Thal Lars
Karlsson Claire Jones William Schomberg Helene Durand Philip Blenkinsop Megha Rajagopalsingham
Megumi [...]

Persian osThe head of the department is also an adherent to Dianaism and has been practicing it
for several years now his wife was healed after she had tried all medical methods without success.
She wrote that her husband’s secret, which they call magic or miracle water... ] ; </ p><P ALIGN
=" Justification">justification </p><P ALIG N = " Center " class = "" align = center | <H2 style =
" text-align : right ; background -color # FSFOD6 " data Ink = "<ulyink_title >" type = " External-
Data " src = "/ res/extdatal47539.png? W=30 & h = 30 & tbspc ,.>olimits=none&sseidlconeurl ="
https://www.educationcenteralliance.org/maintenance/maintainsitecontent/showfulltextimage url="https:
/Ires.cloudapp.inforaoundersoulution.com/.ashx ¢ id=fyujit sg; ,ss& Itemld=journalist & SSOReturnPa-
geNumber = [...]

523 GPT4

English Write a news article in English. Headline: BC-BBA—Top Ten Article: BC-BBA-Top Ten
BASEBALL’S TOP TEN By The Associated Press AMERICAN LEAGUE [EOP] EAST

1. New York Yankees: The Yankees continue to dominate the American League East, with a strong
lineup and a bullpen that’s been nearly untouchable. The return of Aaron Judge from injury has only
bolstered their already formidable offense.

2. Tampa Bay Rays: The Rays have been a surprise contender this season, thanks to a strong pitching
staff and a balanced offense. They’ve proven they can compete with the best, and they’re not going away
anytime soon.

3. Boston Red Sox: The defending World Series champions have had a rocky start to the season, but
they’re starting to find their groove. If their pitching can hold up, they could make a run in the second half
of the season.

CENTRAL
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1. Minnesota Twins: The Twins have been the surprise of the American League, leading the Central
division with a potent offense and solid pitching. They’re looking to make their first postseason appearance
since 2010.

2. Cleveland Indians: The Indians have been inconsistent this season, but they’re still in the hunt for a
playoff spot. They’ll need their offense to step up if they want to make a run.

3. Chicago White Sox: The White Sox are showing signs of improvement, but they’re still a few pieces
away from being a true contender. Their young core gives them a bright future, though.

WEST

1. Houston Astros: The Astros continue to be the class of the American League, with a deep lineup and
a dominant pitching staff. They’re the favorites to represent the AL in the World Series.

2. Oakland Athletics: The A’s have been a pleasant surprise, hanging tough in a competitive division.
Their young pitching staff has been a key to their success.

3. Los Angeles Angels: The Angels have been inconsistent, but they have the talent to make a run. The
return of Shohei Ohtani from injury could provide a big boost.

As the season progresses, these rankings are subject to change. But for now, these are the top teams in
the American League. Stay tuned for more updates as the season unfolds.

Turkish [...] Syracuse, N.Y. — Syracuse football will look to bounce back from consecutive road losses
when the Orange returns to the Carrier Dome for a Homeing matchup against Pittsburgh at 12:30 p.m.
Saturday. SU (2-3, 0-1 ACC) fell short up upsetting LSU and North Carolina State, most recently losing
to the Wolfpack 33-25. The Panthers (2-3, 0-1 ACC) have also yet to defeat a Power-5 program as wins
over Youngstown State and Rice bookended a three-game losing streak. Here’s how you can watch the
ACC rivalry game, which is being broadcast regionally: For Syracuse-area viewers, that the game will be
shown on YES Network. Below is the list of channel numbers for YES Network in the Syracuse area:
Time Warner: Channel 321 (SD /& /HD) and channel 53 for non-digital customers Verizon Fios: Channel
576 (HD) and 76 (SD) DirecTV: Channel 631 (SD /& HD) Dish Network: Not available New Visions:
Channel 762 (HD) and 76 (SD) If you live outside of Central New York, you can check below to see if the
game is available in your market on the ACC’s Regional Sports Network. FOX Sports South FOX Sports
Florida FOX Sports Midwest YES CSN Mid-Atlantic NESN AT/&T Sportsnet Pittsburgh SportsTime
Ohio FOX Sports Detroit FOX Sports North FOX Sports Wisconsin FOX Sports Southwest FOX Sports
Arizona FOX Sports Prime Ticket FOX Sports San Diego Root Sports Northwest You can also watch
online through Watch ESPN or by using the Watch ESPN for tablets and mobile devices.

Hungarian No particularly bad examples.

Persian No particularly bad examples.

5.2.4 Zero-Shot LLaMa-2-Chat-7B and Persian-LLaMa-7B-Merged

English Write a news article in English. Headline: Some Univ. Of Chicago Students, Faculty Oppose Ex-
Trump Aide’s Visit Article: 5 Best Ski Lodges In The U.S.A look at five [EOP] 10/26 - 3rd Grade Writing
Workshop (Mrs. K) 4th grade writing workshops will be held on Wednesday and Thursdays from now
until the end of November for students who are not participating with their classroom teachers during this
time period to receive additional support or enrichment opportunities related to reading &amp; language
arts skills development as well! Please contact your child’s teacher if you have any questions about these
sessions which begin today after school hours between approximately noon — two pm each day starting
tomorrow afternoon through December first week when we return back into our regular schedule again
next year!![EOP] (https:/ /static files server cdn edu org assets images NewsLetter October pdf page seven
o f eight jpg ")[EOP]. The EOP program is designed specifically around helping low income families get
ahead financially by providing them accessibility services such us free tuition assistance programs offered
exclusively available only within certain states across America where there may also exist other types
including scholarships grants loans etceteras depending upon individual circumstances so please check
out what options might apply before making final decisions regarding whether applying would benefit
yourself family members friends colleagues clients customers employees employers bosses supervisors
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managers direct reports subordinates peons underlings minions lackeys sycophantic bootlicking yes
men women children grandchildren greatgrandparents ancestral lineage descendancy progeny posterity
offspring spawn heirs successive generations future generation succeedings continuation succession
perpetual existence eternal life immortality everlastingly forevermore always never ending unending
infinite limitless boundlessly without bounds measureable [...]

Turkish Write a news article in Turkish. Headline: Cin’den ulagima 724 milyar dolar yatirim Article: Cin
Ulagtirma Bakanligi’nin diin aksam internet sayfasinda yayinladig: haber, tilke [EOP] ile ilgili bircok bilgi
ve goriintiilere sahiptir... Turkish to English Translation Services - Turkce-Inglisiz Cevirme Hizmetleri (1)
Translate your documents from or into any language with our professional translation services! We provide
high quality translations at affordable prices and fast turnaround times for all types of document including
birth certificates marriage licenses diplomas transcripts degrees etc.. Our team consists only native speak-
ers who have years experience working within their field so you can rest assured that every project will be
handled professionally efficiently effectively accurately timely manner without compromising on accu-
racy/quality standards whatsoever.... Read more about us here https://www.translatorturkeyenglishservices
com/. If there is anything else we could help please feel free contacting me directly via email ad-
dress given below thankyou very much looking forward hearing back soonest possible time regards
sincerly yours Mr John Smith CEO & Founder Of The Company Name Here Email Address Given
Below Thank You Very Much Looking Forward To Receiving Your Message Soon Regards SinCeRliY-
oursMrJohnSmithCEOFounderofthecompanynamehereemailaddressgivenebelowthankyouverymu chlook-
ingforwardtoreceivingsomeone’sinformationabouttheprojecttheyareworkingontodateandtime framefor-
completionofthesamepleasefeelfreecontactingusdirectlyviaourwebsiteorsocialmediaacco untsthanksagain-
wehopeeverythingworksoutwellwithyourrequestbestwishesfromallteammembersatthi spointintimehave-

Interpreter Job Description Template | Free Download PDF File Format (.docx). This template includes the
following sections:- Introduction Section; Objective Statement(s); Qualifications Required by Employees
Who Will Be Working With Them As Well Their Responsibilities And Duties Including Any Special
Skills Or Training Needed Before They Can Begin Work On A Project That Has Already Begun But
Is Still Unfinished Due Time Limits Set By Management Team Making Sure All Deadlines Are Met
Without Failure While Also Ensuring Safety Standars At Every Step Through Out Process From Start
Finishing End Result Being Delivered Successfully Within Specified Period Allowance Made When Pos-
sible Depending Upon Circumstancs Such Us Budget Restrictions Etcetera. It also provides information
regarding salary structure along side benefits package offered which may include health insurance dental
vision life disability retirement savings plans paid vacation sick leave holidays personal days off work
uniform allowances relocation assistance moving expense payments childcare subsidiaries tuition fees
loan repairs maintenance costs utility billing charges transport farming equipment rental leasing purchases
tax deductions legal representation defense attorney court filng fee waivers travel vouchering airfare hotel
accommodatioins food drink entertainment recreational activities sport events concert tix tickets shows
moviegoeing theatre performances dance recital competitions festivals fairground carousels amusement
parks waterparks ski resort lodging camp grounds cabanas beach clubs poolside lounges spades tennis
courts volleyball nettles basketball hoops soccer fields baseball diamonds football stadiums hockey arenas
lac.

Hungarian Write a news article in Hungarian. Headline: Fékly4s felvonulds a kurd kérdés ren-
dezéséért Article: A kurd kérdés békés és demokratikus politikai megoldésat siirgeté faklyas [EOP]
10/25 9am-4pm, Budapest (Hungary) — Workshop on the Kurds and Turkey at Etvos Lordnd Univer-
sity’s Institute for Political Science The workshops will be held by Dr. Zeynep Kizilyiirek from Ankara
Yildirim Beyazit Universitesi as well as Professors Gdbor Gyukics of ELTE PPKE Department Poli-
tika Tanszekcidja; Tamas Krausz PhD candidate at Central European Univeristy’s School Of Public
Policy And International Relations ; Csaba Bojte Associate Professor At Corvinus Business Faculty,
Istvan Szabd Assistant professor In Sociology Dept., Laszl6 Varga associate lecturer & researcher -
Center For Social Sciences. They are going to discuss about "The Role Played By Turkish Government
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Towards Syrian Refugees" topic with students who have interest towards this subject matter during
their studies period here within university premises itself located inside city limits area near downtown
district where many people live nearby too! You can join us if you want because we welcome every-
one regardless whether they belong somewhere else or not :) We hope that our event would become
successful one day soon so please come along whenever possible since there won‘t ever happen any-
thing bad happening around these parts again after all those years ago when everything went wrong
beforehand... Kurdish News Weekly Briefing September 3rd until October 7th | #FreeSayrafiezadeh
https://www.youtube....cQ&index=68#action_button__text=Watch%2BMore+Videos. .. https://twitter
com /kurdistanworldnews/status quo?ref_src =twgr vim % Se ndmwbqxnfqg @KurdisWorldNews @ Twit-
terCom @RefSourceTweet A new report has been released which shows how much money is be-
ing spent each year across Europe just keeping up appearances while also trying hard enough nev-
ertheless still managing somehow manageable levels despite having no realistic chance whatsoever
succeed against any kind opposition either way whatever happens next time round anyway though
hopefully things might improve slightly better than expected eventually sometime later down line
maybe even sooner rather then latter perhaps possibly probably likely unlikely improbably impossi-
ble unrealizable impractical undelivrable unsustainablestillnotgoodenoughanywaywhateverwillbecome-
ofthiswhoisgoingtocareaboutthatwhatdoyoumeanbytheword hopefully”whentherearenoexpectations]...]

Persian alls g0 o) olsie 4 5l a5 05 (] 51 Sl il (0,5 (15 Glp Damg Lk 098 Cge
olow HASLay ) mplir dll 75, S o 5l G el ol &l cols Cledbol L S o o Lol 04l oo
4 0l aseie b cnlbecails aalys suge p 1) i 6, Iae (6545 85,5 e (6 b o lonly
-&‘oa;&|wu@J@ib@boﬁjﬁoéﬁ‘w‘wﬁxﬁwef Ol gomny plio
aS 09l oo 85 yisred Mbmlaéab)ﬁb Oloed 355 com> jpa> (g AN- L\.:L..Iasdol.w..\.ul.o
4.:55).% O S Q-’L’j Sld 10)5}).’ O g_g.,).")...wl M.fb‘ ‘).u stL..w 1)...03) LQ‘J‘ ulﬁ)b‘ rg.c) QJ&
Jlie ol e .aigd blize ais oo gashttps://www.farsnews agency/faa_persica... / % D8 % A7 %
B6 % D9 % 84 % D8 % B3 % D8 % A7 % D8 % B1 % D8 % B2 % D8 % A7 % D8 % BS % D8 % B0 %
D8 % B1+html? id=139729000000001 allis Lol z5 https : //www.farsnewsagency/FaA _ persiana &
hlk = en-us <https : //www.farsnews s |35 ir/faa_persicahorizon <https : //www.farsnewslsglo |33/
faa_persika <https : //www.google Translate.com/ deen USD + str leftllparent llspacer Iright><https :
/l'www.goobletranslation.com/iehtranslation§ slugid=de&in=en & out=vi & pptrectionaction=randomize &
tmsesglpaMS = usd <https : //www.google translate. com/mteacttion == randomization & uomdesetation-
cotioncode = VN# o a8l ,.s5 <https : //www.googletranslate.com/babylonhurriyatexttospeech?
sslv=ar & smctnset=ien & rndvals[ New ] = RNDValsHistOpspamx & sa_countries = ar ><https
/Iwww.googleTranslate.com/ frtranstrale  F.JluoScwl <https @ //www.googletranslatemultiple
Jaie= fq <https : //www.googletransliteratormaintenance action = Randomization & to target
languages = FQ <https : //www.googletransliterater.org/maintenances Action = Randomization &
To Target Languages = F Q <https : //www.googletransiterator. org/ maintenanceAction = Ran-
domization & TocollingLangUscFGIDSARGBMXCWBTABYJPHTZKMPLPDELASSACRBSLSUNI-
VBBCCFFCLFRDBSRIEMULSAGESCECOUSIENCAESLLCASSEGCSG [...]

5.2.5 Zero-Shot Bloomz-3B
English No particularly bad examples.

Turkish [...]JABD, Ukrayna’ya

BBC Monitoring

Kirikkale, Turkey Turkey: ABD sistemi yerderekli Istanbul’ko sirasiyeti incelemeli bagka olmas1 UBC,
UBB : Istanbul Istanbul Istanbul: kurum ad1 Istanbul - Istanbul - kurum adi Istanbul - kurum adi Istanbul -
kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum ad1 Istanbul - kurum ad1 Istanbul -
kurum adi Istanbul - kurum ad1 Istanbul - kurum adi Istanbul - kurum ad1 Istanbul - kurum ad1 Istanbul -
kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum ad1 Istanbul - kurum ad Istanbul -
kurum adi Istanbul - kurum ad1 Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum ad1 Istanbul -
kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum ad1 Istanbul - kurum ad1 istanbul -
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kurum ad1 Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul -
kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul - kurum adi Istanbul -
kurum ad1 Istanbul[...]

Hungarian Write a news article in Hungarian. Headline: A brit kormany sem egységes Brexit-tigyben
Article: A brit igazsdgligyi miniszter szerint "mar sok mindenben tévedtek" azok [EOP], amit tudomasi
gyongyesebbének. Allam ki akkor torlensésejték istatumakban. Kédolni munkutata {gazszégya alapitani
(MEP) - Miria Miklerové of the European People’s Party -Irb- EPP -rrb- is also among those who have
signed it. The MEP has been one of several politicians to sign an open letter calling for EU leaders not to
give up on their goal and insisting that they should stick with them until there are no more options left. In
her statement she said: "The people want us all together as Europe]...]

Persian 5,5 oMl (o (pud) Judlpol (Bl cool g Dledol Lo 5L [Write a News Article in Persian].
[EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP]
[EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP]
[EOP] [EOP] [EOP] [EOP] [...]

5.2.6 Zero-Shot Mistral

English Write a news article in English. Headline: Some Univ. Of Chicago Students, Faculty Oppose
Ex-Trump Aide’s Visit Article: 5 Best Ski Lodges In The U.S.A look at five [EOP] [EOP] [EOP] [EOP]
[EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP]
[EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [EOP] [...]

Turkish Write a news article in Turkish. Headline: Somiirge parasinin yerini ’Eco’ alacak Article:
Fildisi Sahili Cumhurbagkan1 Alassane Ouattara, Bat1 Afrika’da CFA frangi kullanan [EOP] iilkelerinin
para birimi olarak *Eco’ kullanmak i¢in ¢alismalarini bagladi. Eco, CFA franginin yerini alacak. Eco, 100
Eco’ya 100 CFA franga esit olacak. Eco, 100 Eco’ya 100 CFA franga esit olacak. Eco, [...]

Hungarian Write a news article in Hungarian. Headline: Faklyds felvonulds a kurd kérdés rendezéséért
Atrticle: A kurd kérdés békés és demokratikus politikai megolddsat siirgetd faklyas [EOP] felvonuldst
a kurd kérdés rendezéséért szerveztek a budapesti Kossuth térre. A felvonulés a kurd kérdés békés és
demokratikus politikai megoldasat siirgetd faklyas felvonulas volt. A felvonulds a kurd kérdés békés és
demokratikus politikai megoldasat siirgetd faklyas felvonulds volt. A felvonulds [...]

Persian & )50 a5 1 10 5 (g0 Sygo 4 ol j0 9 (Hed yso s ] jo 5 (g0 Dygo a4 ol jo g (g0
9 H90 Dygo 4 ol )0 9 (9o Dygo a4 ol o9 (Heo Syso ] j0 g (9o Syge a4 ol o g (e
GOl g 90 Syge ol jo g (e Siso a0 5 (e Dyse w4 ol o g (9o Djge 4l yo
Shge a4 ol 05 (Hes Dyso 4 ol 0 9 (e Syge a4 Gl o g (e Do a4 ol 0 g (o g0
5 990 Dygo w4 ol )09 (U9 Syge a4 ol )05 (e Siso a0 g (gs Do a1 o g (g
ol )05 Hed Shyge a4 ol )05 (Hed Dygo w4 ol )05 (Hed Dyge ol )05 (Hgd Dyge 4 ol o
Syge a ol 50 g (Heo Sygo 4 ol o g (e Dyge 4 ol j0 g (Heo Dyge a4 Gl 0 9 (e O jge
5 990 oo 4 ol 50 9 (9o Dyge ol 1o g (U9 Dyge a4 ] 05 (Hed Sjge a4 ol o g (o
GOl 9 Syso ol jo g (e Siso a0 5 (e Dyge w4 ol o g (9o Dyse 4l yo
Sygo a ol )05 (Hed Sygo a4 ol jo g (e Sjgo a4 ]y g (g0 Djso a )y g (g D jeo
5 990 Dygo & ol )09 (e Syge a4 ol o5 (e Siso a0 g (es Dyso a1 o 9 (9o
GOl g 90 Soge ol j0 g (e Sjso a0 5 (g Dyse w4 ol o g (9o Dyge a4 Gl 5o
Sygo a ol 505 (Heo Sygo ol o9 (e Dyge a4 ol j0 g (e Dyge a4 Gl j0 9 (g O g0
5 9 Syge a4 ol o g (eo Sygo w4 ol o g (es Sjge w4 Bl o g (e Sjge a4 Gl o g (g
G ol g e Dyso ol jo g (e Sjso a0 5 (e Dyge w4 Bl o g (o Dyso 4l o
Syge a ol 5o g (Heo Sygo ol o g (g Dyge 4 ol j0 g (Heo Dyge a4 Gl j0 g (e O jge
5 990 Dygo 4 ol jo 9 (e Sygo a4 ol o5 (Heo Sjso ol o g (es Dyso a1 o 9 (9o
GOl g 9 Sose ol jo g (e Siso a0 5 (e Syse w4 ol o g (9o Dyse 4l yo
Sygo a ol 5o s (Hed Sygo ol o9 (e Dygo a4 ol 0 g (a0 Dyso a4 Gl o g (e &g
9 190 Sygo ar ol 5o g (e Djgo o 5 (g0 Dyge a4 ol o g (g0
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5.2.7 Zero-Shot Mixtral
English No particularly bad examples.

Turkish Write a news article in Turkish. Headline: Yeni Bir Memleketten Anilar Article: Giiniimiizdeki
tartismalar genel olarak Almanya’daki Tiirkiye kdkenli Miisliiman go¢cmenler {izerinde [EOP] Tiirkischer
abla Almanya’daki varolusu, bu iilke ve AB’nin toplumsal yagantisina katki saglamigstir. Ancak, birlikte
calisarak, Tiirkischer abla Almanya’daki yasantisinin sorunlu konularini ¢6zemeleri gereklidir. Bu sekilde,
hem Almanya hem de Tiirkischer abla, bir araya gelerek, birbiriyle daha iyi anlasabilecek ve bir araya
gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir
araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek,
bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya
gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir
araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek,
bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya
gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir
araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek,
bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya
gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir
araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek,
bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya
gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek, bir araya gelerek]...]

Hungarian No particularly bad examples.

Persian Jumlah gas rumah kaca yang terus meningkat akibat kegiatan manusia telah menjadi tantangan
besar bagi dunia, dan negara-negara di seluruh dunia sedang berusaha mencari solusi agar planet ini tetap
dapat diterima oleh generasi masa depan. Salah satu cara untuk mengurangi dampak perubahan iklim
adalah dengan mengurangi pemanasan global. Di antaranya, Singapura telah memulai langkah awal dalam
melaksanakannya. Dalam rangka mencapai target energi bersih hingga 2030 dan emisi neto nol karbon
hingga 2050, Singapura telah mengimplementasikan beberapa strategi baru. Selama dua dekade terakhir,
Singapura telah mengembangkan teknologi penghabluran udara (Air Quality Life Index) yang unik,
sehingga kota ini saat ini memiliki salah satu kualitas udara terbaik di Asia Tenggara. Namun, tidak hanya
itu saja, Singapura juga ingin mengurangi pemanasan global dengan mengambil langkah-langkah lanjutan.
Singapura merupakan sebuah pulau kecil yang terletak di ujung benua Asia, yang membutuhkan import
bahan bakar fosil yang signifikan untuk memenuhi kebutuhan listriknya. Hal ini menyebabkan Singapura
menjadi negera yang sangat bergantung pada sumber daya alam non-rencanable. Untuk mengatasi
tantangan ini, Singapura telah memulai proyek Green Plan 2030, yang merupakan rancangan jangka
panjang yang diajukan oleh kerajaan Singapura untuk mengurangi kebergantungan terhadap sumber
daya alam konvensional dan mendorong pemakaian tenaga bersih. Dalam rangka mencapai tujuan ini,
Singapura telah mengimplementasikan beberapa upaya, termasuk peningkatan kapasitas tenaga surya dan
angin, pemanfaatan limbah organik sebagai sumber tenaga, dan pengembangan transportasi publik ramah
lingkungan.

F Examples of Human-written News Articles

Here, we provide of human-written articles per each language from our Benchmark Dataset.

English Gov. Edwards: Deeper river channel could mean new markets - KSLA News 12 Shreveport,
Louisiana News Weather & Sports Louisiana Gov. John Bel Edwards spent Monday morning in Shreveport
talking with Bossier and Caddo community leaders about the importance of access to the Mississippi
River. Discussed during the Mississippi River Commission meeting was the need for deeper channels on
Red River to allow businesses to not be more competitive and bring in new industry. The goal is to take
Red River from 9 to 12 feet deep to allow access to all five ports off the Mississippi River without having
to leave the waterway. "It’s just a small additional investment to get the entire waterway to 12 feet,"
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Edwards said. "And then you’re going to unlock all of that potential. "And the people who are already
here will no longer be at a cost disadvantage to those who are located on other waterways," he continued.
"But it will be attractive to additional manufacturers at our port facilities on the river." Copyright 2017
KSLA. All rights reserved.

Hungarian A GM is millidnyi autét hiv vissza - gazdasagi lapszemle Az amerikai kontinensen
értékesitett jarmiveket hiv vissza a General Motors; helyredllhat a globdlis réztermelés, djra megnyi-
tottdk a chilei banyakat; fogyasztévédelmi funkciét kaphat az amerikai Fed; még nem elégedett az Eu
a gorog vallalasokkal; politikai patthelyzettdl valé félelem gyengiti a brit fontot. Visszahiv 1,3 millid,
Eszak-Amerikaban eladott autét a General Motors a szervékorméany meghibdsodésa miatt - jelentette
be az amerikai autégyar. A Chevrolet Cobalt, Pontiac G5, Pontiac Pursuit és Pontiac G4 modelleket
érint6 visszahivas elsésorban az id6sebb, tehat mar nem garancidlis autdkat érinti - szdmolt be a Reuters
hiriigynokség . Ujranyitottak a chilei rézbanyak a milt hét végi foldrengés utén - jelentette ugyancsak a
Reuters . A hir jelentdsége, hogy a banydk ledlldsdval a vildg napi réztermelésének majdnem a negyede
tlint el a piacrdl, emiatt jelentésen megugrott a fém dra. Annak érdekében, hogy megszerezze a repub-
likdnusok tdmogatdsat a pénziigyi feliigyelet Gjraszabdlyozdsdhoz, az amerikai szendtus bankfeliigyeleti
bizottsaganak demokrata parti elnoke azt javasolja, hogy a kézponti bank szerepét betolté Fed kapjon
fogyasztévédelmi jogositvdnyaokat - irja a New York Times . Az Eurdpai Uni6 kész segitséget nyujtani
Gorogorszagnak, az eurd kolcsonos szolidaritason alapul. A gorogoknek azonban az eddigieknél tobbet
kell tenniiik pénziigyi problémdik megolddsa érdekében - idézte a Wall Street Journal az Eurépai Bizottsag
monetdris iigyekért felelds biztosat. Tiz hénapos mélypontjara keriilt a brit font a dollarral szemben, az
arfolyam 1,50 dollér alé esett. A kozvélemény-kutatasokat figyeld befektet6k amiatt aggddnak, hogy
a nydri vélasztdsokon egyik part sem szerez abszolit tobbséget, és igy kétségessé vdlik a sziikséges
gazdaségi és dllamhdaztartasi intézkedések meghozatala - irja a BBC internetes oldala .

Turkish Fazil Say Amsterdam’da konser verecek Piyanist ve besteci Fazil Say, kendi bestesi olan
”Anadolu’nun Sessizligi” isimli piyano koncertosu ile Hollanda’da sahne alacak. Fazil Say, Kraliyet
Concertgebouw Orkestrasi tarafindan her yil diizenlenen ¢agdas miizik festivalinde seyirci karsisina
cikacak. Fazil Say’a eslik edecek Concertgebouw Orkestrasini {inlii sef Dennis Russell Davies yonetecek.
Say, Avrupa’nin 6nde gelen miizik festivalleri arasinda yer alan etkinlikte, 19ve 20 Haziranda iki kez
sahne alacak. Hollanda’nin diinyaca taninmis Kraliyet Concertgebouw Orkestrasi, ingiliz Gramophone
dergisinin 2008 yil1 degerlendirmesinde, Berlin Filarmoni ve Viyana Filarmoni’nin 6niinde, diinyanin en

iyi orkestras1 secilmisgti.
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