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Introduction

We are excited to welcome you to TRL 2025, the Workshop on Table Representation Learning, held in
conjunction with ACL 2025. This year, the workshop takes place on July 31st, 2025, in Vienna, Austria,
and brings together researchers working on all aspects of modeling, understanding, and reasoning over
tabular data.
TRL serves as a forum for recent advances in table representation learning, spanning a wide range of to-
pics including pretraining and foundation models for tables, table-based retrieval and question answering,
table-to-text generation, semantic parsing, and applications in both textual and multimodal settings.
This year, we received 30 submissions, reflecting the growing interest in this area. Following a thorough
review process, 24 papers were accepted for presentation, including 6 selected for oral presentations. The
overall acceptance rate was 80%. The accepted papers represent both the breadth and depth of current
research, and we are excited to showcase them during the workshop.
We are honored to feature invited talks by Edward Choi, Ruoxi Sun, Tao Yu, and Jiani Zhang, whose
insights help frame the ongoing challenges and opportunities in table representation learning. We thank
them for accepting our invitation and for their generous contributions to the program.
The workshop program includes oral presentations, a poster session, and invited talks. The oral sessions
are organized thematically to highlight emerging directions and shared challenges across subfields. We
hope these discussions foster new connections and inspire future research.
We thank all authors for their contributions and all attendees for their participation. We are especially
grateful to our Program Committee for their thoughtful and timely reviews—their efforts were essential
in shaping a strong and balanced program.
Finally, we thank our sponsors, SAP and Snowflake, for their generous support in making TRL 2025
possible.
We hope you enjoy the workshop!
Madelon Hulsebos, Qian Liu, Shuaichen Chang, Wenhu Chen, Huan Sun Organizers of TRL 2025
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