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Why MT? 
The purpose 

The Crude 

 Extent of localization 

 Data Mining & Business Intelligence 

 Globalized NLP 

 Triage for human translation 

 

Research 

 Machine Learning 

 Statistical Linguistics 

 Same-language translation 

 

The Good 

 Breaking down language barriers 

 Text, Speech, Images & Video 

 Language Preservation 

NOT: 

 

 Spend less money 

 Take the job of human translators 

 Perform miracles 

 

 



Extent of localization 
Methods of applying MT 
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Post-Editing 
 

Goal: Human translation 

quality 

 Increase human 

translator’s productivity 

 In practice: 0% to 25% 

productivity increase 
– Varies by content, style and 

language 

 

 

Raw publishing 
 

Goals: 

– Good enough for the purpose 

– Speed 

– Cost 

Publish the output of the 

MT system directly to end 

user 

Best with bilingual UI 

Good results with technical 

audiences 
 

Post-Publish Post-Editing 

“P3” 

Know what you are human 

translating, and why 

Make use of community 
– Domain experts 

– Enthusiasts 

– Employees 

– Professional translators 

Best of both worlds 
– Fast 

– Better than raw 

– Always current 









Always there 

Always current 

Always retaining human translations 

Always ready to take feedback and corrections 

---------- 
Midori Tatsumi, Takako Aikawa, Kentaro Yamamoto, and Hitoshi Isahara 

Proceedings of Association for Machine Translation in the Americas (AMTA) 

November 2012 

 



Collaboration: MT + Your community 

Your community

Your Web Site

Your App

Microsoft 
Translator 

Collaborative TM

Enormous language 
knowledge

Microsoft Translator API

Translation
Request

Response

Match first

Translate if no match

What makes this possible – fully integrated 100% matching TM 

Collaborative TM entries: 

 Rating 1 to 4: unapproved 

 Rating 5 to10: Approved 

 Rating -10 to -1: Rejected 

 

1 to many is possible 



Making it easier for the approver – Pending edits highlight 



Making it easier for the approver – Managing authorized users 



Making it easier for the approver – Bulk approvals 



What is Important? 
In this order 

Quality 

Access 

Coverage 



Measuring Quality: Human Evaluations 
Knowledge powered by people 

 Absolute 

 3 to 5 independent human evaluators are asked to rank translation 

quality for 250 sentences on a scale of 1 to 4 

– Comparing to human translated sentence 

– No source language knowledge required 
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4 Ideal Grammatically correct, all information 

included 
3 Acceptable Not perfect, but definitely comprehensible, 

and with accurate transfer of all important 

information 
2 Possibly 

Acceptable 
May be interpretable given context/time, 

some information transferred accurately 
1 Unacceptable Absolutely not comprehensible and/or little 

or not information transferred accurately 

Also: Relative evals, against a competitor, or a previous version of ourselves 



Measuring Quality: BLEU* 
Cheap and effective – but be aware of the limits 

A fully automated MT evaluation metric 
–Modified N-gram precision, comparing a test 

sentence to reference sentences 

Standard in the MT community 
– Immediate, simple to administer 

–Correlates with human judgments 

Automatic and cheap: runs daily and for 
every change 

Not suitable for cross-engine or cross-
language evaluations 
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* BLEU: BiLingual Evaluation Understudy 

Result are always relative to the test set. 



Measuring Quality In Context 
Real-world data 

Instrumentation to observe user’s behavior 

A/B testing 

Polling 
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In-Context gives you the most useful results 



16 

Knowledge Base (since 2003) 
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Knowledge base feedback 



Source: Martine 
Smets, Microsoft 

Customer 
Support 
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Knowledge Base Resolve Rate 

Human Translation 

Machine Translation 

Microsoft is using a customized version of Microsoft 

Translator 



Statistical MT - The Simple View 

Translation
Engine

Collect and store 
parallel and target 

language data

Web mined data

Train statistical 
models

Government data
Microsoft manuals

Dictionaries
Phrasebooks
Publisher data

High-Performance 
Computing Cluster

Translation
Engine

User Input
Text, web pages, Chat etc

Distributed Runtime

Translated Output

Translation APIs and UX
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Collaboration: MT + Your community 

Your community

Your Web Site

Your App

Microsoft 
Translator 

Collaborative TM

Enormous language 
knowledge

Microsoft Translator API

Remember the collaborative TM? There is more. 



Collaboration: You, your community, and Microsoft 

Your community

Your Web Site

Your App

Your TMs

Your previously translated 
documents

Microsoft 
Translator 

Collaborative TM

Microsoft Translator Hub

Enormous language 
knowledge

Microsoft Translator API

Your custom MT system

Your collaborators

You, your community and Microsoft 

working together to create the optimal 

MT system for your terminology and style 



Experiment Results 
200,000 sentences from Sybase – measured in BLEU 

      

System Size System Description Sybase Test Set 

1 8.3M Bing Translator 34.81 

2a 2.6M Microsoft 29.95 

2b 2.8M Microsoft +Sybase 30.24 

3 11.5M General +Microsoft+TAUS+Sybase 47.16 

      

System Size System Description Sybase Test Set 

1 4.4M Bing Translator 34.85 

2a 7.6M Microsoft 41.55 

2b 7.8M Microsoft +Sybase 42.07 

3 11.1M General+Microsoft+TAUS+Sybase 50.85 

Chinese 

German 
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Just visit http://hub.microsofttranslator.com to do it yourself 



Office 2013 Beta 
Send-a-smile program 

 107 languages 

 234M words translated 

 $22B revenue, > 60% outside U.S. 

 

 

 

 

> 100,000 Send-a-smiles received 

> 500 bugs fixed 

 

 

 

 

Example of Business Intelligence use 
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APPENDIX  
Additional Slides 

 



Another example of Business Intelligence use 



White Hmong 

White Hmong:  not a crisis 

scenario like Haitian Creole 

But…a language in crisis 

 

 The Hmong Diaspora 

 Decline of White Hmong 

usage in younger generation 



Some Examples from Hmong 

Hmoob    ‘Hmong’  

hmoov    ‘destiny’  

ntawv    ‘book’  

tes    ‘hand’  

phom    ‘rifle’  

lub tsev    ‘the house’ 

ib lub tsev   ‘a (one) house’ 

kuv lub tsev tshiab  ‘my new house’ 

ib pluag mov   ‘a meal’ 

ib taig mov   ‘a bowl of rice’ 

ib taig zaub   ‘a bowl of vegetables’ 

 



Community Engagement 

 Involves two critical groups: 

– Community of native speakers 

– Community leader(s) 

 Wide spectrum of users across the Hmong community: 

– College students 

– High school students 

– School teachers 

– School administrators, deans, professors 

– Business professionals 

– Elders 
 

 

http://go2fresnostate.com/hmongtranslator/wp-content/uploads/2012/03/2012-03-22-20.02.52.jpg
http://go2fresnostate.com/hmongtranslator/wp-content/uploads/2012/03/2012-03-22-19.47.25.jpg


Building MT:  Community Contributions 

 Locating and vetting data 
– Locate data 

– Review documents that contain Hmong data 

– Review parallelism of Hmong-English documents 

Actively correcting errors from the engine 

Contributing translation “repairs” on web sites that 

translate to/from Hmong 

 

Community leaders trained models and coordinated 

reviews with community members 

 

Result: Hmong is a supported language on Bing Translator 

and all other applications of Microsoft Translator 


