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Abstract

The task of word sense disambiguation (WSD) is one of the most classic tasks in natural
language processing, aiming to identify the accurate sense of polysemous words in a
given context. In Chinese, the phenomenon of polysemy is more prevalent compared
to English. However, there is a lack of publicly available Chinese word sense dataset.
In this paper, we crawled and integrated two publicly accessible online dictionaries,
from which we selected 1,083 words and their corresponding senses for annotation.
Additionally, we extracted relevant sentences from web data and specialized corpora.
Finally, a manual annotation process was conducted through multi-annotator labeling
and expert review. The dataset comprises nearly 20,000 sentences, averaging around
20 sentences per word. We divided the dataset into training, validation, and testing
sets, and conducted experimental comparisons with various models.

Keywords: dataset , word sense annotation , word sense disambiguation , network
resource
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FTA S o (3)IRATA S, RIFEVIZREE TR MBI, (HHBURECAZ THIREIAE XL o (4)F AR X,
BIZ0m) SCAE NSRS H MR H B g3 S o T FATTROMIC SEFE R /1N, 38 i BE ML E A 7 =X
PLERIEM SR R B WS B RIR SCRIZEREAR S, BRI AR SR i R R SR AT BE M LI B T L
NG, CREHX LR E AT A E RIS A, DARCER & a4 H AR S R R R R L
i -

HEEENS, BAAIMERIRERA T 255608, B — M rE A 738 5 5 R 2 4
. [FRF, FATREIR SR BRI ARG L, RIS NPRE A% B I 2 (8] AN 7EAE
BB o X4 S RIE T BRI Rt FE P rT DR TR 2K R ECE SIS - SR, Xt FREFK,
ITZEBEM FIESCHER. AL Nk AR I R A RrR A b 3 5 =X

BUE — IWREAI PRI R LIANL = 1y, 1o, ..., I - 2 ABEM EiESCHER X 28 LIf&i&
A SR AR BNy AT RV ) AT AR . — N A T AT BT T AT
HERENESR, XEDEERE 2RI RLLH R — I, ARSI SR, R E SR 2 H B
B LA A TR AR AR . B6ER T iX P ERT SRR, ’HEMER T2
XFRL I, 4/ s S .
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4.3 SEREERSHT

5 F 5 H A S (MEFS)TE R BN EE% S %, GlossBERT ~ BEM ~ ESCHERFIR A R 16 3L
BREMSEEE, H%]3%:J:chinese-roberta—wwm—ext—large1iﬁﬁﬁ”%Tﬁiﬁ]o BEARNEAL T, K
1 u}T\Aacro-FM’Eﬁvthiﬂ%&”?&%ﬁ@@%o FEAR SR B R SO BcCBE 56 b, R SEIR L R
KPR -

MR THEET, GlossBERTHIFUEM I - fEESCRMRETE £ £ GlossBERTH & AN
PERERI, EAERNPEIRSE AR EE - NRSEH RS RAMEL I, GlossBERTTER
PR SN TR AR ST THRCR I, AT DLW GlossBERT 7R/ MR HOEE 56 EXE DL > 2
SRS IR LRI - ESCHERZ 2 Bl R FEA, 7/ MR R EEE S I, ESCHERE B &4

"https://huggingface.co/hfl/chinese-roberta-wwm-ext-large
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B BEE WRE BRI BRNEL B ERAWX

MF'S 26.78 41.85 X X X X
GlossBERT  56.90 57.04 86.53 68.71 27.83 25.74
BEM 71.04 71.12 92.32 80.47 44.53 48.77
ESCHER  76.81 77.74 91.73 84.38 52.57 54.53

Table 5: JHIEEAILE R

BEVEBEET, NMEEABEMIAZEESCHER, HEAM:AER R AR KRR IR B T HA KT IRIA
SR EREGHE o SRRSO ERAT T AT DA R A R B T AN R SN <R AR BE T BUER A

2% P2 B bR R VR OB LR S o R B T M B 5 AR R, B AT A TR1023 38 3 H 4 R
i BX600 ~ 700~ 800~ 9001~ 17 1E , K $E4. 20 K] 43 #0065 £ 57 i 5 AT R K 4, A
FESCHERMEAL 43 Al 45 « Mo e s, NEEIR SR ESCHERZ I INFK6 7 -

A REEL PREERLEA MR E
ESCHERg0 600 11,082 72.91
ESCHERo 700 13,357 74.55
ESCHERso 800 14,823 75.83
ESCHERgqo 900 17,001 76.07
ESCHER 1,023 19,082 76.81

Table 6: ANFEIEEIE T AESCHERBEA! FK N

HPREIE RN 15,0008, RAERE & BEE BRI INAEAGR T, ALBEE ER A
Wi N, RELEREAVSE T IEEE R MR, PUGAEPNEEREOASI25,0000, BRI RESZ B E R
AVELE MR JLF- 7T ARG « AN B TE R R AN SR AR AR b 32 PR T Ea 48 P R0
TS TR L - B, BOERAIAEH, $E BT DOE R R “HR e T, IR D
= EUR F2A SR Z 003 AR, B4R DO SO B R BuH# ) — AN EE T - SEERIE
AR, T REAS AR SOR 1 A IR ACDOE ] ST SR 56 Hh 2 S IR SSOin] SRR, AR SR 1
PESE AT LUA e B p)DOE TR SUH BT R iR e B -

5 4

AR B AR DR A SO B SR S AT T 5, X AN A TF A0 9 8% 17 i Hh 22 ST AT
&, TR 1,083 MAEIE A RARIEN 5, AR EE K& B BHE o IR AT I 7
BHIHEL, FARTEREMNET T ATARE . &8, AT SUHERE S 6 & K2 7 5400
CEHE, MUBGEIES5 T 7 - RSO 2 A SUH BB Z R R Bt AT, BRSSIE T &n 48
WIpiE, RS T DOE H B A RS . S0z BIRR 2 TE AT, TEEL
FFDGE T S BT -

A AR R EIR SRR B R, A KER TR B A BORF RIS, T2
SIaIRIFRE, FATHEMNLLT LA RSSO B BER:  1)XS AR ARIIIA ST hRE
FhIE - ) EZFREIER A REIESE, FIEREEE - )ABRTLZETH, XNHEL
M SAPRIE, 2577 SR TRbRE «
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