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Abstract

This technical report presents a solution to the 2024 CCL evaluation task (Rhetori-
cal Device Recognition and Understanding in Primary and Secondary School Essays).
In the learning process of primary and secondary school students, rhetorical devices
are not only core components of reading comprehension and writing skills but also
indispensable elements in shaping excellent literary works. Recognizing and under-
standing the use of rhetoric in student essays can help students improve their writing
skills and guide them to produce higher-quality narratives and descriptions. Identifying
rhetorical devices is currently a challenging task in the field of natural understanding
because it requires extensive human domain knowledge, and often the boundaries be-
tween different rhetorical devices are blurred. We utilize LoRA technology to fine-tune
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a large pre-trained language model based on Qwen-Chat-7B to recognize categories of
rhetorical devices.

Our main innovative technical points are: constructing multiple training data instances
based on the same input-output data to improve algorithm performance; using a hier-
archical approach to judge rhetorical devices by first determining broad categories of
rhetoric and then using these broad categories as input to determine subcategories of
rhetoric; and for the task of extracting rhetorical components, directly outputting the
corresponding result text and then mapping it back to the original text for position
retrieval, rather than directly outputting index positions.
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"id": 1229,
“conversations™: [
{
"from™: "user”,

“value™: "@BiE—ADF, THRAFENE, RHELES0LE, ANEE, mEREIRTENTE. TOAER T Tl 69 EAMFHTT = i
E— Sy

“from": "assistant”,

“value™: "3i#y"

"id": 1265,

“conversations™: [

{
“from™: "user”,
“value™: "SR FEMFHRLFMNERTE, RSN, ASREF, GISEETNENFROKE, SEaRENENSEE, T
b
{
“from™: “assistant”,
“value”: "['LEI&']"
)
1
}
Figure 1: AHIT i HLRFD EERLEI7R 51
{
"id": 1360,

“conversations™: [

{
“from™: “user”,
"value”: BRI FESFhLBIERTE, TIMIREAENAERESMOAY, THESRIBSINSHRS—REE, T
L
{
“from™: “assistant”,
“value™: "['S¥]"
}
1
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{
"id": 3424,

“conversations™: [
{
“from": "user”,

"value”: "SF—AETF, EREIOFHAIENERTE. SHEHNOTFREENESENENERRE, ASLAE, YRAREORE—=, dAllitsdEASsE58,

"from™: "assistant”,

“value™: "[EEKT"
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HUES | #H

YR | 29700
RS | 29300
BE | 295000

Table 1: HIRELT

B#IE | 2 H

HH g 193 BRENE | #H
i e 129 SETEY) 233
TE MG 76 IE 33
Z1H] 12 e | 131
LA 131 EUN 145
TEZ ] 20 L] 19
1] 7 P REK | 98
BH#%S5K | 56 Yg/NEIK | 9
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&Sk | 24 TR 5
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