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Abstract

Ancient medical texts contain a wealth of professional knowledge, yet the organiza-
tion of public health knowledge and the quality of services are seriously affected by
problems such as inconsistencies between ancient disease names and terminology and
modern standard expressions. Existing studies have mainly used manual mapping and
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lexical meaning computation by experts to solve the problems of low efficiency and
accuracy, etc. It is feasible to use ancient terminology thesaurus as the corpus for min-
ing, establishing synonym relations between traditional and modern medical terms,
and mapping to international norms to form a trilingual knowledge base of ”ancient-
present-foreign”. In this paper, we propose a feasible way to mine the corpus of ancient
terminology, establish the synonym relationship between traditional medical terms and
modern medical terms, and map them to the international norms to form a knowledge
base of ”ancient-modern-foreign” trilingual interoperability. In this paper, based on the
theory of knowledge organisation and knowledge discovery, we design a cross-lingual
automatic mapping method for ancient and modern disease names, and validate it with
infectious disease names as an example. The specific process is as follows: firstly, the
snowball algorithm is used to extract the synonym patterns of ancient and modern
disease names, and 12 disease name relationship patterns and 134 synonym pairs re-
lated to infectious diseases are obtained. Secondly, the evolution of disease names over
time was analysed from three perspectives: relevance, maturity and extensibility for
visual association analysis based on Sankey diagram. Meanwhile, the traditional med-
ical disease names were mapped to the ICD-11 international standard by combining
the sapbert word vector and cosine similarity, and the mapping results reached 0.23
hit@1, 0.42 hit@5, and 0.61 hit@Q10 after manual validation.In this paper, it is found
that the linguistic variability of disease names can be extracted from professional the-
saurus corpora, and the discovery of synonyms can be improved. efficiency, provide
more entry words and semantic correlations for building a professional knowledge base,
and alleviate the problem of information silos. The study also shows that taking the
modern medical terms in the thesaurus as the starting point for mapping and linking
them to the ICD-11 international standard can provide a reference for the construction
of cross-linguistic knowledge engineering, which is also of great practical significance
for the realisation of professional knowledge and the international dissemination of
professional knowledge.

Keywords: relational extraction , pattern matching , term mapping , machine
learning , algorithm Terminology calculations
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